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David A. Kenny's pioneering contribution 
takes a social relations approach to basic 
questions of person perception in social inter­
action . Enlightening and provocative, this 
volume provides a comprehensive theoretical 
overview of "interpersonal perception ," a field 
of research that holds great promise for 
shedding light on social behavior. Blending 
meticulous analysis with thoughtful inter­
pretation , the book demonstrates how 
interpersonal perception enhances the tradi­
tional study of person perception by capturing 
the richness of social behavior. 

To introduce the topic, Kenny clearly expli­
cates the differences between person percep­
tion and interpersonal perception , showing 
that while the traditional paradigm is guided 
by descriptions of hypothetical people, inter­
personal perception takes into account the 
bidirectional reality of dyadiC interaction. The 
book addresses three fundamentally different 
types of perceptions: 

• How we see other people 
• How we see ourselves 
• How we think we are seen by olhers 

Nine different questions are based on the rela­
tionships among these perceptions. To answer 
these questions, the author sets forth the 
Social Relations Model, a research paradigm 
that posits people as both perceivers and tar­
gets. The model is flexible in that it allows for 
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the possibility of meta- and self-perception, 
and it considers the impact of particular inter­
actions with another on an individual's behav­
ioral changes. The collection, interpretation, 
analysis, and summary of data are covered 
here in depth. 

The main body of the work examines specific 
theoretical issues within interpersonal percep­
tion. Devoting one chapter to each issue­
labeled assimilation, consensus, uniqueness, 
reciprocity, target accuracy, assumed reciproci­
ty, meta-accuracy, assumed similarity, and 
self-other agreement- Kenny presents the rel­
evant research evidence for each one. The 
book concludes with a synthesis of the major 
issues, an examination of the links between 
behavior and perception, and a discussion of 
the insights the available evidence can yield 
about social relations. 

This unique volume is invaluable reading for 
all social scientists interested in person per­
ception. Offering the first available overview 
of this Significant new field of research , 
Interpersonal Perception is also an important 
text for courses on the subject. 
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SERIES EDITORS' NOTE 

We believe that psychology is entering an exciting period. In­
creasingly, scholars in social, personality, developmental, 
cognitive, and other areas of psychology are moving away 

from investigating limited phenomena and issues constrained by dis­
ciplinary boundaries and toward the examination of basic psycholog­
ical principles. This renewed interest in basic principles at multiple levels 
of analysis can serve to reunite the field of psychology. In addition, 
psychologists of all disciplines, both researchers and practitioners, can 
directly benefit from an understanding of the psychological principles 
being explored by their colleagues in other areas. It is the goal of the 
new Guilford series, "Distinguished Contributions in Psychology," to 
identify scholars whose unique perspective on a basic psychological 
principle makes their ideas essential reading to a broad range of other 
scholars in psychology and related fields. 

This book by David Kenny represents an auspicious beginning 
to our new series. It presents an original and coherent statement on 
the nature of interpersonal perception in social interaction. The mes­
sage is clear and powerful. The perspective is unique and insightful. 
The contribution is fundamental and potentially of historical sig­
nificance. We are very pleased to have David Kenny's Interpersonal 
Perception launch what promises to be an exciting enterprise. 

Kurt W. Fischer 
E. Tory Higgins 
Lawrence A. Pervin 
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FOREWORD 

In the early days of contemporary social psychology, person percep­
tion was one of the emerging discipline's core phenomena. Those 
pioneering researchers knew that there was something special about 

ways in which we come to know about other persons, and that this 
"something special" distinguished our perception of people from our 
perception of objects. This may be one of those instances in which, 
to amend the biologist Ernst Haeckel's time-honored axiom, episte­
mology recapitulates ontogeny. One of the first cognitive challenges 
that newborn babies master is the ability to discriminate people from 
other objects in the environment. Later on, of course, this task be-

~ comes more complex. People can be characterized on more dimensions 
than Heinz has varieties and Baskin-Robbins has flavors. The task of 
the social perceiver is to create sensible, stable, personally useful, and 
(possibly) accurate representations of others, especially of those who 
occupy prominent roles in our lives. In other words, our beliefs about 
others, be they right or wrong, have important implications for social 
interaction. 

Interpersonal perception, as David Kenny refers to it, grew out 
of social psychology's durable tradition of person perception research. 
To appreciate the novelty and insightfulness of his approach, the reader 
needs to understand its roots. Person perception research evolved out 
of psychology's fascination with an intrinsically compelling question: 
Can a person accurately perceive another person's traits, abilities, and 
emotions? Not surprisingly, this question did not yield simple answers. 
Perhaps as a result, researchers like Solomon Asch and Fritz Heider 
took a different and less direct tack, one that predominates to this day. 
They investigated the processes by which people form impressions of 
others, presumably anticipating that by identifying these processes, the 
sources of accuracy and inaccuracy ultimately would be illuminated. 

A focus on process, together with the experimentalist's passion 
for control over relevant variables, underlies the extensive existing 
literature. Although much of this research uses vignettes-which, as 
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viii Foreword 

Kenny aptly notes, bypass most of the richness and complexity inher­
ent in everyday person perception-we should not overlook the tangi­
ble benefits that this approach has generated during the past half century 
of scholarly activity. Every introductory social psychology textbook 
summarizes an elaborate and bountiful store of empirical findings and 
theoretical models characterizing the manner in which people form im­
pressions of others, as well as the many diverse factors that influence 
these judgments. Nevertheless, it is time for a model that is truly in­
terpersonal, interactive, and reflective. This book describes such a 
model. 

Other researchers persevered on questions of accuracy and inac­
curacy, notably Lee Cronbach, who, in a seminal 1955 paper, showed 
that accuracy was not a simple matter of computing a difference score 
between a subject's standing on some trait (say, intelligence) and a 
judge's rating of that subject on that trait. Cronbach's paper showed 
that thoughtful analysis, mixed with a little bit of mathematics, goes 
a long way (thereby verifying the homilies many of us endured in high­
school algebra). That is, he demonstrated that accuracy judgments of 
this sort were actually an imprecise conglomeration of four indepen­
dent components, which he labeled elevation, differential elevation, 
stereotype accuracy, and differential accuracy. (Kenny explains these 
four components far better than I can, and I refer eager readers to Chap­
ter 7.) If not identified and assessed, these four components combine 
in unknown and potentially countervailing ways, yielding scores with 
obscure meaning and studies with ambiguous findings. 

Cronbach's paper marked a watershed in the history of person 
perception research-indeed, it was recently honored as one of "top 
10" most cited papers in 40 years of one of psychology's most presti­
gious journals, Psychological Bulletin. Unfortunately, Cronbach's cri­
tique, far from pointing researchers in the right direction, appears to 
have scared them off. The reasons for this departure are not clear, but 
complexity is probably one of them. (A historical irony is that, three 
years later, Cronbach disavowed some of the new indices that he pro­
posed. The substance of his critique nevertheless remains valid.) To 
our enduring good fortune, not everyone was daunted by Cronbach's 
analysis; some, including David Kenny, took it as a clarion call to find 
new and better ways of studying such fundamental questions. This 
exciting new book is the result of Kenny's two-decade-Iong pursuit of 
these phel;.lomena. If my hunch is correct, it will provide the beacon 
that entices researchers to the mainland of interpersonal perception 
research. 

Readers must ask two questions when evaluating the significance 
of any new contribution to the literature. The first is, why does the 
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Foreword ix 

subject of this book, interpersonal perception, matter? Second, what 
is novel and important about this particular approach to interpersonal 
perception? Answering the first question is easy. Interpersonal percep­
tion is indisputedly a central issue in social psychology. This is not 
merely a coincidence of history and tradition; it directly reflects the 
impact of interpersonal perception on virtually the entire panoply of 
phenomena in which social psychologists are interested. Consider, for 
example, the first two sections of the Journal of Personality and So­
cial Psychology, the field's preeminent outlet for empirical research. 
One is entitled "attitudes and social cognition," the other is "interper­
sonal relations and group processes." The substance of interpersonal 
perception provides a conceptual bridge between these two outposts 
of our discipline. 

We might also gauge the centrality of interpersonal perception to 
sacial psychology by imagining the list of topics and processes that 
cannot be fully understood without recourse to basic principles of in­
terpersonal perception. One thinks readily of stereotypes, first impres­
sions, interpersonal attraction, behavioral confirmation, attributions, 
social identity, self-perception and reflected appraisal, intimacy and 
responsiveness, social comparison, nonverbal communication, meta­
communication, conformity and social influence, and leadership, to 
name some obvious examples. If interpersonal perception was not al­
ready a major heading in the social psychological catalog, we would 
surely have to go out and invent it! 

Readers would better appreciate my comments on the second above 
question as an epilogue to this volume, not a foreword. Nevertheless, 
because it is often easier to begin a journey with a few visible mile­
stones, I offer a few general thoughts here. Kenny's Social Relations 
Model (SRM) approach is the only research strategy available to per­
son perception researchers that is explicitly designed to capitalize on 
two fundamental facts of social life: that interaction is always bidirec­
tional, and that people refle.ct on their in~cti0':ls. That is, while Person 
A is busy sizing up Person B, B is at the same moment assessing A. 
Furthermore, while thinking about the other, both persons are likely 
to be wondering what the other is thinking about them. (As Bette 
Midler once said, "That's enough talk about me. Let's talk about you. 
What do you think of me?") In the past, researchers usually had to 
ignore these all-important considerations, not because they were un­
aware of them (our scholarly foreparents were too smart for that!), 
but because they lacked an unimpeachable means for addressing such 
complexities. SRM provides such a tool, and the result is described 
in this book. 

The architect Ludwig Mies van der Rohe is reputed to have said, 
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"God is in the details." Social relations analysis is not only about get­
ting the details; it is about getting them right. This is evident in the 
systematic and painstaking way in whiCh Kenny poses, frames, and 
then examines nine basic questions of interpersonal perception. Con­
sider reciprocity, a phenomenon in which researchers from many dis­
ciplines have long been interested. Social relations analysis instructs 
us that reciprocity is not one question, but two: "Do A and B see each 
other similarly?" is distinct from "Does A think B sees A in the same 
way A sees B?" Moreover, social relations analysis further informs us 
that answering the first question is (alas) not a simple matter of ask­
ing A and B how they perceive each other, and correlating their 
responses. That is because, as the reader will discover in Chapter 2, 
each of these ratings incorporates three systematic sources of variance: 
perceiver effects, target effects, and relationship effects. Failing to 
separate these components provides data that are inherently confound­
ed, and findings that are in all likelihood destined to be ambiguous. 
That is why it is so important to regard interpersonal perception in 
the degree of detail that Kenny proposes. 

Or consider the accuracy question with which this field got its 
start, more than a half century ago. Kenny's analysis indicates that 
what we naively think of as a single construct, accuracy, is actually 
a series of questions, each describing one particular kind of accuracy. 
For example, there is generalized target accuracy, knowing how another 
persons typically behaves. And there is also dyadic target accuracy, 
knowing how another person is likely to behave with oneself. Exist­
ing paradigms have not only kept us from discriminating these ques­
tions empirically, incidentally, but have, more consequentially, kept 
our theorizing in conceptual blinders. Our scholarship has for the most 
part tended to merge these phenomena. Not that we should not have 
known better, of course: In real life, we all know someone who is gener­
ally shy and aloof, but open and friendly with ourselves. Sorting out 
these distinctions is what the social relations approach is all about. 

A great strength of this book is that it systematically pulls together 
existing studies that take a social relations approach to these nine basic 
questions of interpersonal perception. By posing and beginning to an­
swer these vital questions, Kenny's synthesis will surely benefit the field. 
A potentially greater contribution is the method itself. The social re­
lations model offers a rigorous and innovative method for studying 
most, if not all, interpersonal phenomena. Researchers who study the 
diverse phenomena of attraction, communication, interaction, and rela­
tionships have lacked paradigms for identifying and isolating the var­
ious components that contribute to a given observation. Consider a 
single data point: Jack loves Jill. Is this because Jack generally loves 
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others? Is it because people generally love Jill? Or is it because there 
is something about Jack's feelings for Jill that transcends his usuallov­
ingness and her typicallovability? A moment's reflection reveals that 
the conceptual implications of this distinction are more significant than 
mere methodological refinements would be. That is, substantive con­
clusions about this data point will vary markedly, depending on which 
interpretation is the right one. 

Thus, one model that Kenny describes in this book should have 
widespread appeal across various substantive interests and disciplinary 
boundaries. The method can enhance the internal and ecological va­
lidity of interpersonal research, a considerable contribution in itself. 
Interpersonal researchers sometimes feel compelled to choose between 
drawing cautious, scientifically valid inferences on one hand, and study­
ing natUral, involving, and contextually embedded behavior on the 
other. Much as for the ancient Greek sailors who found themselves 
between Scylla the rock and Charibdis the whirlpool, either emphasis 
may heighten vulnerability to the other danger. This is of course not 
a very satisfactory state of affairs as we enter the second half century 
of research. Fortunately, methods are emerging that obviate the need 
for such choices, and social relations analysis is one of the best of them. 

I am reluctant to taint this innovative and thoughtful work (in 
the eyes of some) by describing it as a new "research method." The 
methodological label sometimes carries the unfortunate connotation 
of a focus on technique and procedure, rather than concepts, theories 
and substance-that it is, in simpler language, "technical fussing." Such 
an inference would be short sighted; misleading, and just plain wrong. 
This "method" is based on a sophisticated understanding of how so­
cial behavior derives from an intricate synthesis of reaction and inter­
action. It is a tool capable of unraveling complex phenomena and 
providing genuinely new insights into social perception and behavior. 
The method is about asking better questions of our data, and obtain­
ing more precise knowledge from our investigations. Surely our mis­
sion as researchers demands no less. 

As Asch pointed out nearly a half century ago, "this remarkable 
capacity we possess to understand something of the character of another 
person ... is a precondition of social life" (1946, p. 258). Past research 
has taught us much about the manner in which people perceive one 
another, and the implications of interpersonal perception for a host 
of social psychological phenomena. The research summarized in this 
book provides a major stepping stone toward the next generation of 
studies. It also has potential applications that even Kenny himself may 
not have realized. In the Terminator movi~s, cyborgs come equipped 
with a complex sensing system that allows them to instantaneously 
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{
assess various characteristics of the persons they encounter. I have a 
strong hunch that the central components of these systems are a 21st­
century update of the model of interpersonal perception that David 
Kenny describes herein. This is just conjecture, however; what is cer-
tain is that readers will find intellectual challenge and excitement in 
the pages that follow. 

Harry T. Reis 
University of Rochester 
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Chapter I 

INTRODUCTION 

People all have beliefs about the other people that they know. A 
woman might believe that her parents are harsh, that her lover 
is kind, and that her friend is intelligent. These beliefs guide people 

in various ways. They help people predict and explain the behavior 
of others. A man may believe that because his girlfriend is intelligent, 
she can do complicated crossword puzzles. Beliefs about others are 
also useful when one person has to describe another person to a third 
party. However, their primary utility lies in helping people guide their 
interactions with others. Beliefs about others tell people whom they 
should avoid, with whom they should leave their car when they go 
on a long trip, whom they should date, and whom they should ask 
for advice when they have a personal problem. So people's beliefs about 
others have important consequences in their everyday lives. 

Within social psychology, the study of the beliefs that people have 
about others is called "person perception." Technically, many beliefs 
that a person has about another are not perceptions, but rather are 
inferences or the result of communication from others. For instance, 
people may infer that because someone is young, he or she is adven­
turous. Adventurousness is not perceived; rather, it is inferred. Also, 
if John tells Mary that Scott is intelligent, Mary's belief that Scott is 
intelligent is not a perception because it is not based on direct obser­
vation. Nonetheless, the tradition within social psychology is to refer 
to these beliefs as "person perceptions." 

Person perception is fundamentally different from object percep­
tion in at least four ways. First, person perception is reciprocal. A person 
may perceive a chair as soft, brown, and maybe even friendly (in the 
sense of comfortable), but the chair does not perceive the person back. 
Object perception is one-sided: A person perceives the object, but the 
object does not perceive the person. Person perception is generally two­
sided: People perceive each other. The two-sided nature of person per­
ception means that people are simultaneously "checking each other out." 
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A second difference between person and object perception is as 
follows: When I encounter another person, not only is the other per­
ceiving me; I also know that the other is doing so, and I wonder how 
he or she sees me. People spend a great deal of their time trying to 
read other people's minds. This is particularly salient during a job in­
terview or a first date. Even when people are engaged in ordinary, every­
day interactions, they often say to themselves, "I wonder if he took 
that the wrong way?" or "I must have looked really stupid." Very often, 
people also care strongly about whether other persons really like them. 
If people believe that other persons do not like them, they may adjust 
their behavior accordingly. 

Another way in which person perception differs from object per­
ception is that person perception is directly tied to self-perception, 
whereas in object perception, self-perception is much less important. 
In perceiving others, people may imagine others as similar to them­
something not usually done in object perception. Moreover, how people 
think that others see them is probably directly tied to self-perception. 
So self-perception is closely linked to person perception, and it is not 
as closely linked to object perception.! 

Finally, person perception differs from object perception because 
people change much more than physical objects do. Generally, the color, 
shape, and size of a physical object are very stable. But the behavior 
of people is quite variable and changeable. An individual's behavior 
changes when he or she is with different interaction partners. A child 
may be quiet and obedient when with a parent, but wild and aggres­
sive when with peers. Characteristics of objects are generally perma­
nent, whereas people are quite variable. Although it is true that people 
often do not seem to recognize the fact that others are quite variable 
(something called "correspondence bias" or the "fundamental error of 
attribution"), it is still essential that models of interpersonal percep­
tion allow for the possibility of change. 

The Traditional Research Paradigm 

Traditionally, person perception research in social psychology has treat­
ed people much as if they were physical objects. Social psychologists 
typically study person perception by presenting people with little stories, 
called "vignettes," about a hypothetical person and then asking them 
what they think about the person in the vignette. For instance, a sub­
ject in an experiment might receive the following vignette: "Zelda Brown 
is a librarian at the local high school. She likes to go dancing at night, 
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and she favors many very conservative political positions." Often these 
vignettes are presented in a very skeletal form: "Zelda Brown: librari­
an, party animal, politically conservative." 

Social psychologists use vignettes, as opposed to having research 
participants actually interact, for two reasons. First, with a vignette 
the exact information that a person receives from the interaction partner 
can be controlled. For instance, if researchers want to know the effect 
of physical appearance on person perception, they can present people 
with information about hair color and weight and see how that infor­
mation affects judgments. In this way, the researchers know exactly 
what information people get when they "observe" the other. There is 
no need to worry about the people paying attention to other "irrele­
vant information" such as age, because age information is not given. 
Second, a researcher can present a person with many (e.g., 20) of these 
vignettes in an hour, whereas it would be impossible to have the per­
son interact with that many people in an hour. So vignette research 
allows for greater control of stimulus information and is more effi­
cient than research that permits the person to interact with the other. 
For these reasons, the use of vignettes has been the norm in person 
perception research. 2 

Although the field of social psychology has learned much from 
vignette research, this type of research fails to capture the important 
richness of everyday person perception. Person perception in vignette 
research is one-sided: The research participant perceives the target in 
the vignette, but the target does not perceive the perceiver. Also, the 
perceiver does not engage in mind reading. He or she does not wonder 
how the target in the vignette sees him or her. (Interestingly, participants 
in research do play mind games with the experimenter. They are very 
concerned about how the experimenter evaluates them.) 

I use the term "interpersonal perception" to distinguish it from 
the usual person perception in vignette research. In interpersonal per­
ception research, the perceiver and the target are allowed to interact 
with each other. Moreover, the two form impressions about each other. 
In addition to these impressions, self-perceptions and perceptions about 
how a person thinks others see him or her are often measured. Inter­
personal perception research captures the richness of perceiving other 
people. More details are given about interpersonal perception research 
in this and the next chapter. 

Compared with the traditional paradigm, interpersonal percep­
tion research does result in a loss of control of important variables. 
It cannot stand alone. It must be complemented by research that uses 
the traditional paradigm. 
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Types of Perceptions 

Consider two people interacting: Zelda and Heidi are sitting in a doc­
tor's waiting room, and they begin a conversation. There are three 
different types of perceptions: other-perception, meta-perception, and 
self-perception. First, they can perceive each other: Heidi may see Zelda 
as a relaxed, intelligent woman, whereas Zelda may see Heidi as bor­
ing and conventional. These are called "other-perceptions" or simply 
"perceptions." (The term "other-perception" is somewhat awkward, 
but a term is needed to distinguish ordinary perception of others from 
different types of perceptions. "Other-perception" should be read as 
"the perception of the other.") The two women may also engage in 
mind reading, and each may attempt to discern how she is seen by 
the other. For example, Zelda may wonder whether Heidi thinks that 
she is fat and old. These perceptions are called "reflected appraisals" 
or "meta-perceptions." There is a third type of perception: Zelda and 
Heidi engage in "self-perceptions." For instance, Heidi may see her­
self as witty and charming. 

In interpersonal perception, there is a "perceiver" who rates a "tar­
get" on a given "trait." So if Heidi thinks that Zelda is lazy, Heidi is 
the perceiver, Zelda is the target, and the trait is laziness. As a second 
example, if Paul thinks that Ron is friendly, then Paul is the perceiver, 
Ron is the target, and the trait is friendliness. For self-perception, the 
perceiver and target are the same person. For meta-perception, mat­
ters are more complicated: If Zelda thinks that Heidi thinks that Zel­
da is intelligent, Zelda is the perceiver, Heidi is the target, and the 
trait is reflected intelligence. One might think that Heidi is the per­
ceiver, but the person who has the perception is Zelda and not Heidi. 
Heidi is the target, in that the focus is her perception of Zelda. So for 
meta-perception, the perceiver and target in the other-perception are 
reversed. As a second example, if Paul thinks that Tom thinks that 
Paul is crazy, then Paul is the perceiver, Tom is the target, and reflect­
ed craziness is the trait. 

The focus in this book is on the perception of traits such as friend­
liness, intelligence, and sociability. To what extent are traits impor­
tant in people's perceptions of others? There are two sources of evidence 
that point to the importance of traits. First, if people are asked to 
describe people that they know, the bulk of their descriptions are traits. 
For instance, Fiske and Cox (1979) found thafthe dominant way in 
which people described others was with traits. So people spontane­
ously use traits in describing others. Second, when people observe the 
behavior of others but are not given a verbal trait label, therds strong 
evidence from memory data that they store the information about the 
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others as a trait (Winter & Uleman, 1984). So it is reasonable to be­
lieve that traits are useful ways in which people understand each other. 

It is helpful to develop a very simple notational system to capture 
the differences among other-perception, self-perception, and meta­
perception. Let me call Zelda Z and call Heidi H. The symbol Z(H) 
represents Zelda's perception of Heidi; in other words, the person out­
side the parentheses is the perceiver, and the person inside the paren­
theses is the target. As another example, H(Z) represents Heidi's 
perception of Zelda. Reflected appraisal or meta-perception is given 
by Z(H(Z)), which represents Zelda's perception of Heidi's perception 
of Zelda. In self-perception, the perceiver and the target are the same 
persons, so the symbol of Heidi's perception of herself is H(H). With 
this notation, it is possible to represent what a person thinks another 
thinks of a third person-Z(H(C))-and how a person thinks another 
person views himself or herself-Z(H(H)). But this book concentrates 
on the meta-perception of what person Z thinks that another thinks 
about person Z, or Z(H(Z)). 

A final symbol is needed that reflects the person's actual standing 
on the trait. Say there is an interest in how intelligent Zelda is. The 
symbol Z with no parentheses denotes Zelda's actual standing on the 
trait. To summarize, the basic symbols are as follows: 

Other-perception: 
Meta-perception: 
Self-perception: 
Actual standing: 

Z(H) and H(Z) 
Z(H(Z)) and H(Z(H)) 
Z(Z) and H(H) 
Z and H 

Basic Questions in Interpersonal Perception 

Now that symbols have been developed for the different types of per­
ceptions that people can have, the issue is how these perceptions are 
interrelated. The relationships among these perceptions give rise to the 
nine fundamental questions of interpersonal perception. 

These nine fundamental questions are listed in Table 1.1. (Read­
ers should refer to this table as necessary throughout the book.) I origi­
nally developed this list (Kenny, 1988), but it was based on the pioneer­
ing work of the social psychologists Tagiuri, Bruner, and Blake (1958); 
the psychoanalyst Laing (Laing, Phillipson, & Lee, 1966); the sociol­
ogist Scheff (1967); and the communication scientists McLeod and 
Chaffee (1973). The study of interpersonal perception is truly an in­
terdisciplinary effort. Seven of the nine basic questions are my formu­
lation (Kenny, 1988); two were added by Malloy and Albright (1990). 
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TABLE 1 .1. Nine Basic Questions of Interpersonal Perception 

Question 

Assimilation 
Consensus 
Uniqueness 

Reciprocity 
Target accuracy 
Assumed 

reciprocity 
Meta-accuracy 
Assumed similarity 
Self-other 

agreement 

Statement 

Does Z see others as alike? 
Is H seen the same way by others? 
Does Z see H idiosyncratically? 

Do Z and H see each other similarly? 
Is Z's view of H correct? 
Does Z think others see her as she 

sees them? 
Does Z know how she is seen? 
Does Z see others as she sees herself? 
Do others see Z as she sees herself? 

Symbol 

Z(H) = Z(C) 
Z(H) = C(H) 
Z(H) < > Z(C) 
Z(H) <> C(H) 
Z(H) = H(Z) 
Z(H) = H 
Z(H(Z)) = Z(H) 

Z(H(Z)) = H(Z) 
Z(Z) = Z(H) 
Z(Z) = H(Z) 

Note. The symbols, Z, H, and C stand for persons. The equal sign is meant to symbolize 
some correspondence and not exact agreement, and the symbol "< >" means "not equal." 
The table has been adapted from Kenny (1988). Copyright 1988 by Sage Publications, Ltd. 
Adapted by permission. 

Although Table 1.1 provides a beneficial summary of the basic ques­
tions in person perception, it is quite dense. A complete explication 
of the questions requires reading the entire book. 

Imagine three people, Zelda, Heidi, and Carol, who are denoted 
as Z, H, and C, respectively. Consider their perceptions of lazine$s. 
The first question presented in Table 1.1 is "assimilation." Does Zel­
da think that both Heidi and Carol are lazy? Assimilation means that 
a perceiver sees two targets as similar. The second question is "con­
sensus": Do Zelda and Carol agree a-bout how lazy Heidi is? Consen­
sus concerns whether two perceivers agree when they judge a common 
target. The third question is "uniqueness": If Zelda's perception of 
Heidi show neither assimilation nor consensus effects, it can be said 
that Zelda's perception of Heidi is unique. Uniqueness concerns the 
extent to which a perceiver views a target idiosyncratically. The fourth 
question is "reciprocity": Do Heidi and Zelda see each other in the 
same way? So if Zelda thinks that Heidi is lazy, does Heidi think that 
Zelda is lazy? The first four questions- assimilation, consensus, unique­
ness, and reciprocity-concern the degree of similarity or lack thereof 
between two other-perceptions. 

The traditional accuracy question in person perception concerns 
the validity of other-perception. That is, if Zelda thinks that Heidi is 
lazy, is Heidi actually a lazy person? The validity of other-perception 
is called "target accuracy." 

The next two questions, "assumed reciprocity" and "meta-
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accuracy," concern the degree of similarity between other-perception 
and meta-perception. Assumed reciprocity concerns the following ques­
tion: If Zelda thinks that Heidi is lazy, does Zelda think that Heidi 
sees her as lazy? So do people think that others see them as they see 
others? The meta-accuracy question concerns the extent to which people 
are good mind readers: Does Zelda know that Heidi thinks that Zel­
da is a lazy person? Do people know what others think of them? 

The last two questions, "assumed similarity" and "self-other agree­
ment," concern the relationship between self-perception and other­
perception. Assumed similarity concerns the relationship between how 
a person sees others and how the person sees himself or herself: Does 
Zelda think that people are similar to her? Self-other agreement refers 
to the correspondence between how others see a person and how that 
person sees himself or herself: If Heidi thinks that Zelda is lazy, does 
Zelda also see herself as lazy? 

These are the nine fundamental questions in interpersonal per­
ception. The purpose of this book is to present the best available evi­
dence concerning these nine questions. These questions certainly do 
not exhaust the extent of possible questions in interpersonal percep­
tion. For instance, it can be asked to what degree meta-perceptions 
correspond to self-perceptions. But the line must be drawn somewhere, 
and so in this book the focus is on the nine questions; only occasion­
ally does the book examine other questions when they provide infor­
mation relevant to the nine basic questions. 

It should also be realized that the questions are not independent. 
Sometimes the existence of one phenomenon precludes the existence 
of another. For instance, if there is perfect consensus, then there can 
be neither assimilation nor uniqueness. In other cases, the presence 
of certain phenomena implies others. For instance, if there are reciproci­
ty and assumed reciprocity, there must be meta-accuracy. Finally, some 
phenomena require the existence of others. For instance, self-other 
agreement requires the existence of consensus. 

The terms that are used in this book are somewhat arbitrary. For 
instance, assumed reciprocity has been called "congruence," and as­
sumed similarity has been called "false-consensus bias." However, to 
avoid confusion, I exclusively use the terms in Table 1.1. 

Research Evidence 

Earlier, the typical research study in person perception - the vignette 
study-has been discussed. In this type of study, information about 
a fictitious person is presented to perceivers, who are asked to make 
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judgments about the target. To study interpersonal perception, a differ­
ent research paradigm must be used. First, people must serve as both 
perceivers and targets. Second, there must be an allowance for the pos­
sibility of meta-perception. Third, besides other-perception, self­
perception must also be measured. Fourth, it should be taken into ac­
count that a person's behavior changes as a person interacts with differ­
ent others. A paradigm called the "Social Relations Model" (SRM), 
which can accomplish these goals, is presented in Chapter 2. 

Levels of Acquaintance 

Typically, in studies of person perception, the target of perception is 
not a real person; it is a "paper person" defined by a list of traits or 
an actor in a videotape. Even if the target is a real person, the per­
ceiver and target generally have no interaction history. However, in 
the studies to be described in this book, the level of acquaintance may 
range from none whatever (i.e., the perceiver and target are strangers) 
to lifelong friendship. It is useful to make the following distinctions 
in terms of describing the degree of acquaintance between perceiver 
and target. 

First, there is zero acquaintance: The perceiver and target have 
never met, but the perceiver observes the target. For instance, a per­
son is sitting in a restaurant and sees another person sitting across the 
room. It is easy to imagine what kind of person he or she is. For zero 
acquaintance, perception is often one-sided: Zelda views Heidi, but 
Heid~ does not view Zelda. Although it is not interpersonal, zero ac­
quaintance serves as an important baseline in the measurement of in­
terpersonal perception. 

Second, there is short-term acquaintance, in which people inter­
act for a few minutes or hours. These interactions can be of two types: 
People may interact together in a group, or they may be separated into 
pairs and interact one-on-one, dyadically. 

Third, there is long-term acquaintance, in which people know each 
other for a long time-perhaps years. This type of acquaintance can 
be broken into group and one-on-one interactions, but usually it is 
mixed. That is, people interact one-on-one at times and in larger groups 
at times. A prototypical study of this type is a study of the perceptions 
of sorority and fraternity members. 

Trait Classification 

As stated earlier, people commonly structure their knowledge about 
people around traits. Typically, most studies in person perception ask 
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perceivers to rate the targets on scales. Rarely are perceivers asked to 
provide a free description of the target. Although free descriptions pro­
vide a rich source of data, it takes much longer to organize and ana­
lyze such data. Moreover, much (though not all) of the information 
from a free description can be much more economically obtained from 
trait rating scales. 

In most studies of person perception, a good many traits are meas­
ured. For instance, in one important study (Park & Judd, 1989), 68 
different traits were measured. Some way of collapsing results across 
traits is needed to make sense out of a mass of results. This book uses 
a classification system developed by Norman (1963), Goldberg (1990), 

. Costa and McCrae (1985), and many others. This system has become 
known as the "Big Five." Although there is debate about the number 
of factors that are needed to describe personality (Zuckerman, Kuhl­
man, Joireman, Teta, & Kraft, 1993), the Big Five is the most com­
mon formulation. 

Within the Big Five, both peer ratings and self-ratings of perso­
nality form five relatively independent factors: 

Extroversion: How outgoing and animated is the person? 
Agreeableness: How pleasant and positive is the person? 
Conscientiousness: How conventional and hard-working is the 

person? 
Emotional Stability: How relaxed and stable is the person? 
Culture: How intelligent and sophisticated is the person? 

Procedures for the classification of traits into the Big Five are present­
ed elsewhere (Kenny, Albright, Malloy, & Kashy, in press). 

Certainly the Big Five do not exhaust all the information about 
a person. But they do serve as a convenient way to categorize trait 
ratings. So a typical study that is considered in this book involves a 
group of people who meet, interact, and then rate one another on the 
Big Five factors. 

In addition to questions related to the Big Five, perceivers are also 
often asked how much they like each target. Liking or affect is an im­
portant part of person perception, and its role in interpersonal per­
ception is also considered. 

Overview of the Book 

A preview of each of the remaining nine chapters is presented here. 
Eight of the nine chapters concern theoretical issues, for which the rele­
vant research evidence is presented. 
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Chapter 2: Methodology 

Before a discussion of the nine questions is begun, it is necessary to 
present the general model that is used to answer the questions-the 
Social Relations Model (SRM). In this model, each perceiver rates mul­
tiple targets, and each target is rated by multiple perceivers. A key fea­
ture of the model is that it makes a distinction between two levels in 
person perception: the individual and the relationship. For instance, 
Zelda may think that Heidi is friendly because everyone sees Heidi 
that way (the person level), or because Zelda sees Heidi in a unique, 
idiosyncratic fashion (the relationship level). So Chapter 2 details is­
sues concerning what data are collected, how they are interpreted, how 
they are analyzed, and what statistical summaries are to be presented. 

Chapter 3: Assimilation 

The colloquial way in which the assimilation question can be phrased 
is "Do they all look alike?" There is very strong evidence that people 
tend to see other people as more similar than they really are. A key 
issue concerns whether this tendency has a psychological meaning or 
whether it merely reflects how people use numbers when they rate 
others. Evidence is presented in Chapter 3 to support the position that 
people do assimilate and that assimilation reflects the assumptions made 
by perceivers about targets. 

Assimilation reflects stereotypes that people have formed about 
other people. So if a person generally thinks that others are stupid (a 
stereotype), the person should rate people as low in intelligence. The 
stereotype develops from two different sources: significant others that 
the person has known in life, and the person's own self. Alternatively, 
assimilation effects can be viewed as reflections of more local stereo­
types that perceivers have formed about particular groups of people 
(e.g., professors, rock musicians). 

Chapter 4: Consensus 

Consensus concerns the question of whether two different perceivers 
of the same target agree about the standing of that target on a trait. 
As an example, do Zelda and Heidi agree in their perceptions of Carol's 
intelligence? Even if perceivers agree, this does not necessarily mean 
that they are accurate. 

Consensus is studied for different traits and different levels of ac-
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quaintance. Overall, the level of consensus is not very impressive. 
However, consensus is particularly high for the Big Five factor of Ex­
troversion. Also, consensus for Extroversion occurs very early in the 
acquaintance process, and there is relatively little change in the rating 
of a target on that trait. Surprisingly, the research evidence shows that 
increasing acquaintance does not result in greater consensus. A gener­
al model of perception, called the "Weighted-Average Model" (WAM), 
is developed that explains this surprising finding. 

Chapter 5: Uniqueness 

Perceivers can have rather idiosyncratic views of a target. In fact, 
uniqueness is a dominant component in other-perception. Uniqueness 
effects can be attributed to one of three sources. First, the informa­
tion that a perceiver uses to judge a target may be different from the 
information used by other perceivers. For instance, a wife's view of 
her husband should be relatively unique, because she is likely to have 
access to information that others do not. Second, two perceivers may 
see the same behavior, but they may attach different meanings to the 
same event. Third, a person may apply nonbehavioral information (e.g., 
his or her liking of the target) in the ratings. 

Ironically, it is argued that for very different reasons, both strangers 
and very close friends are more likely than acquaintances to show 
uniqueness effects, and so the relationship between acquaintance and 
uniqueness is complex. Also, uniqueness effects are nearly twice as large 
for measures of liking than they are for trait ratings. 

Chapter 6: Reciprocity and Assumed Reciprocity 

Reciprocity can be studied at two different levels: the individual and 
the dyad. At the individual level, the question is whether someone who 
sees others as hostile is seen by others as hostile. Except for ratings 
of the Big Five factor of Agreeableness, there is little or no evidence 
for reciprocity at the individual level. 

At the dyadic level, the question is whether in a relationship, if 
one person sees his or her partner as hostile, the partner sees him or 
her as hostile. Reciprocity effects at the dyadic level are generally very 
weak except for measures of liking: If one person likes the other, often 
that other person returns the liking. Moreover, liking shows increased 
dyadic reciprocity with increased acquaintance. 

Assumed reciprocity concerns the extent to which people think 
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others see them as they see others. So if Zelda thinks that Heidi is ar­
rogant, does Zelda think that Heidi sees her as arrogant? The answer 
to this question is that assumed reciprocity for other-perception is vir­
tually non-existent. However, for liking, assumed reciprocity is very 
high: A person thinks that if he or she likes someone, that person likes 
him or her back. Unrequited love may exist, but it is usually rather 
short-lived. 

Chapter 7: Target Accuracy 

Target accuracy concerns the ability of a perceiver to know the tar­
get's actual standing on the trait being rated. It is difficult to measure 
target accuracy because of the obstacle of ascertaining the person's ac­
tual standing on a trait. The most appropriate measure is a behavioral 
measure, but even behavioral data rely on judgments made by per­
ceivers. 

The analysis of the accuracy question requires a partitioning of 
accuracy into components. Two key types of target accuracy are gener­
alized and dyadic accuracy. Generalized accuracy concerns the ability 
to predict how a person behaves with others in general, whereas dyadic 
accuracy concerns the ability to predict how someone behaves with 
the person who made the predictions. 

There has been little research on these fundamental questions. The 
results from two recent studies that look at people's ability to predict 
behavior are presented. The first study concerns people's ability to know 
how much time they spend with particular others. The second, and 
more interesting, study concerns the validity of judgments about Ex- , 
troversion made at zero acquaintance. Both studies show that people 
are quite accurate in their perceptions. 

Chapter 8: Meta-Perception 

Meta-perception is the perception of another person's perception. It 
is shown in Chapter 8 that meta-perceptions are surprisingly consis­
tent: People mistakenly assume that nearly everyone sees them in the 
same way. 

Two different types of meta-accuracy are distinguished. Gener­
alized meta-accuracy concerns a person's ability to know how others 
in general see him or her. Dyadic meta-accuracy concerns people's abil­
ity to know who views them positively and who views them negative­
ly. Dyadic meta-accuracy is rather weak, whereas generalized meta-
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accuracy (given that there is consensus) tends to be rather strong. It 
is speculated that people use self-theories and self-perception, but not 
feedback from their partners, to achieve meta-accuracy. 

Chapter 9: Self-Perception 

The differences between self- and other-perception are highlighted in 
Chapter 9, and various theories and individual differences concerning 
self-perception are reviewed. Also, evidence is presented that people 
engage in self-enhancement: They see themselves as better than others. 

Assimilation may be related to self-perception, in that people may 
assume that others are similar to them. So if Zelda thinks that she is 
lazy, she may also think that other people are lazy. Alternatively, Zel­
da may think that if she is lazy, others are not very lazy. At issue is 
the source of assimilation effects: Do people use themselves as a stan­
dard in judging others? The bulk of the evidence seems to support the 
view that people tend to think that others are similar to them, espe­
cially for Agreeableness. Evidence from studies that vary the degree 
of acquaintance shows that the effects of assumed similarity increase 
with greater familiarity. 

A second issue in self-perception is whether people see a person 
the way the person sees himself or herself. The answer to this ques­
tion has important implications for social science theory. According 
to symbolic interactionists, the self arises from the perceptions that 
others have. The evidence shows that people do share others' concep­
tions of them, but it does not seem, at least for college students, that 
other people generally play an important role in shaping a person's 
self-conceptions. Rather, the self and other use the same information 
(the person's behavior), and this is what largely leads to agreement. 

If the self and other use similar information, a natural question 
is the relative validity of self- and other-perception. Evidence is presented 
that consensual other-perception is often more valid than self­
perception. Evidence is also presented that peers agree more with each 
other in rating a target than they agree with the target's self-rating. 

Chapter 10: Concluding Comments 

The general topics that cut across the nine basic questions are integrated 
in Chapter 10. An attempt is made to explain the interrelations among 
self-other agreement, assumed reciprocity, assumed similarity, and 
reciprocity. The major techniques used in the book are evaluated. Fi­
nally, the links between behavior and perception are explored. 
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Appendix A 

In the first appendix, there is a description of 45 different studies that 
are used as evidence to answer the nine basic questions of interper­
sonal perception. Appendix A serves as a general reference for details 
concerning the studies . Usually, when results from only one or two 
studies are presented in the text, I restate some details from the study. 
If, however, the results from many studies are presented, the reader 
should refer to Appendix A for details. 

Appendix B 

The second appendix presents the details concerning the statistics that 
are employed in this book. Most readers will not need to consult this 
appendix, but it should prove to be useful to those who seek to study 
interpersonal perception in greater depth. A fairly advanced level of 
statistical knowledge is required to understand Appendix B, but only 
an elementary level is needed for the text itself. 

Appendix C 

The third appendix presents an elaborate mathematical model of per­
ception that includes physical appearance, behavior, and other fac­
tors. This model, W AM, is introduced in Chapter 4 and is used 
throughout the book. 

Summary 

Person perception can be distinguished from object perception in four 
important ways. First, person perception is two-sided: Each person 
is both perceiver and target. Second, in person perception, perceivers 
attempt to read the minds of targets and engage in what is called "meta­
perception." Third, in person perception, unlike object perception, there 
is a close linkage between self- and other-perception. Fourth, in per­
son perception, people, unlike objects, change when they are with differ­
ent interaction partners. Traditional person perception research employs 
vignettes, which either do not allow for these possibilities or ignore 
them when they do occur. That is, traditional vignette research studies 
person perception as if it were no different from object perception. 

Interpersonal perception, the topic of this book, involves study-
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ing person perception in a context in which people are interacting. It 
does not use vignettes; rather, it uses real, interacting people who are 
both perceiving one another and are wondering how others perceive 
them. 

There are three fundamentally different types of perceptions: other­
perception, self-perception, and meta-perception. These three types of 
perceptions give rise to nine different questions in person perception: 
assimilation, consensus, uniqueness, reciprocity, target accuracy, as­
sumed reciprocity, meta-accuracy, assumed similarity, and self-other 
agreement. 

The remainder of the book presents a discussion of each of these 
nine questions. However, before these most interesting questions can 
be answered, SRM-a general framework that can be used to address 
the basic questions of interpersonal perception - must be considered. 

Notes 

1. It is interesting that when people start perceiving objects as people, others 
begin to think that they may be insane. If a person thinks that a chair is perceiving 
him or her, or the person thinks that the chair is similar to him or her, most ob­
servers would begin to question the person's grasp of reality. 

2. Social psychologists also use videotapes, audiotapes, and live confeder­
ates to convey information to perceivers. Although information in these media 
is usually richer than vignettes, they still retain the critical feature of a vignette: 
the controlled presentation of target information to the perceiver. 



A METHODOLOGY 
FOR THE STUDY 
OF INTERPERSONAL 
PERCEPTION 

Chapter 2 

T his chapter presents the Social Relations Model (SRM; Kenny 
& La Voie, 1984; Malloy & Kenny, 1986), which is used in 
this book to study interpersonal perception. This model treats 

interpersonal perception as a two-sided process. It also allows for both 
meta- and self-perception, and it recognizes that people may change 
when they interact with multiple partners. SRM is a general model 
of person, not object, perception. 

Although the model is highly statistical, one need not have an ad­
vanced understanding of statistics to be able to use it to study inter­
personal perception. What follows is a fairly nontechnical account of 
the model. The details of the statistical formulas are presented else­
where (Kenny, 1981; Kenny & La Voie, 1984; Warner, Kenny, & 
Stoto, 1979), as well as in Appendix B. 

Introduction to the Social Relations Model 

Consider two coworkers, Dave and Mary, who have known each other 
casually after working together for a few months. Dave and Mary have 
formed impressions of each other. Each can be asked whether he or 
she thinks that the other is intelligent, friendly, lazy, and anxious. Con­
sider, for instance, Dave's impression of Mary's intelligence, or D(M) 
according to the system of notation developed in Chapter 1. It is as­
sumed that Dave believes that Mary is a very intelligent person. The 
following questions can be asked: 

16 
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• Does Dave think that all people are intelligent? For instance, 
Dave may be somewhat dim-witted, and so everybody, compared to 
him, may seem rather bright. To the extent that some people think 
individuals are intelligent and other people think that individuals are 
not intelligent, there is what is called a "perceiver effect." 

• Does everybody else think that Mary is smart? If people agree 
about the standing of a target on a trait, there is what is called a "tar­
get effect." The issue is how others typically perceive Mary. 

In other formulations of SRM, the term "perceiver" is referred 
to as "actor," and the term "target" is called "partner." The terms "actor" 
and "partner" are generic terms that are used in SRM. (These terms 
are used later in this chapter when behavior is discussed.) Within the 
specific context of interpersonal perception, the terms "perceiver" and 
"target" are more appropriate. For affective data, the perceiver effect 
measures how much of a "liker" the person is, and the target effect 
measures how popular or likable a person is. 

Some way of symbolizing the perceiver and target effects is need­
ed. Both terms involve a theoretical average of the perception of many 
perceivers or targets. The symbol" ft " is used to denote this average 
or the typical person. So Dave's perceiver effect is symbolized by D( ft ), 
which denotes Dave's perception of others in general, and Mary's tar­
get effect is symbolized by ft (M), which denotes how Mary is viewed 
by others in general. 

Both perceiver effects and target effects are individual-level effects 
that refer to a person. Neither of these effects is relational. The third 
component in SRM, called the "relationship effect," is a dyadic effect. 
It measures how Dave uniquely perceives Mary. Say Dave is secretly 
in love with Mary, and he is infatuated by her. He may see her as a 
very intelligent woman, although others do not see her as intelligent 
and although he does not generally see others as intelligent. Relation­
ship effects emerge after the individual-level effects of perceiver and 
target are removed. To denote relationship effects, lower-case letters 
are used. Thus, the relationship effect of Dave toward Mary is sym­
bolized by d(m). 

The fourth component in SRM is the "constant effect." It represents 
the average or mean rating across all perceivers, targets, and relation­
ships. With the notation developed above, the average perception across 
all targets and perceivers can be symbolized by ft ( ft ). 

To summarize, SRM views perception as the sum of four com­
ponents: c~r:!~tant, perceiver, tar~, and relationshig. If the relation­
ship component of Dave's perception of Mary is denoted as d(m), then 
the SRM version of this perception can be written as follows: 
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D(M) = A 0) + DO) + A (M) + d(m) 

That is, Dave's perception of Mary is a function of how people typi­
cally see others, or A ( A ); how Dave sees others, or D( A ); how Mary 
is seen by others, or A (M); and finally how Dave uniquely sees Mary, 
or d(m). 

Table 2.1 presents the basic components of SRM for other­
perception. There are five terms in the model: constant, perceiver, tar­
get, relationship, and error. The last of these requires some addition­
al explanation. The relationship component has been defined as the 
unique perception that Dave has of Mary. However, if Dave's views 
of others are essentially random, he is uniquely perceiving Mary, but 
it is not possible to conclude that Dave is relating uniquely to Mary. 
As "relationship" has been defined so far, it contains both relation­
ship and error. A way is needed to separate the relationship effect from 
error. This can be accomplished by asking Dave how he feels about 
Mary at two or more times. If he is relating uniquely to Mary, then 
he should perceive her similarly across the different occasions. If he 
is responding randomly, then he should respond differently at each 
time. So, if Dave's view of Mary is obtained on two or more occa-

. sions, error can be separated from relationship. Of course, Dave's view 
of Mary may change over time. So a lack of stability in responding 
does not always imply a lack of a relationship. 

Table 2.2 presents a similar SRM decomposition of meta­
perception. For instance, Mary may wonder whether Dave sees her 
as intelligent, or according to the symbols of Chapter 1, M(D(M)). 

TABLE 2.1. Components of Other-Perception in SRM 

Component Symbol Definition 

Constant 

Perceiver 

Target 

Relationship 

Error 

A ( A ) The average level at which perceivers view targets 
on the trait 

D( A ) The extent to which a perceiver sees targets as 
high or low on the trait 

* (M) The extent to which a target is seen by perceivers 
as high or low on the trait 

d(m) The degree to which a given perceiver sees a 
given target as high or low on the trait, with per­
ceiver and target effects controlled 
Chance, inconsistent, or unstable aspects of the 
rating process 

Note. The symbol" * » represents the perceptions or behaviors of a large group of perceivers 
or targets. Lower-case letters symbolize relationship effects. D and M are two persons. 
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Component 

Constant 

Perceiver 

Target 

Relationship 

Error 
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TABLE 2.2. Components of Meta-Perception in SRM 

Symbol 

*(ftO)) 

M(ft(M)) 

ft (D( A)) 

m(d(m)) 

Definition 

The average level at which perceivers think they 
are viewed by targets on the trait 
The extent to which a perceiver thinks that 
targets view him or her as high or low on the 
trait 
The extent to which a target is seen by perceivers 
as perceiving others as high or low on the trait 
The degree to which a perceiver thinks that he or 
she is seen especially favorably or unfavorably by 
a target 
Chance, inconsistent, or unstable aspects of meta­
perception 

Note. See footnote to Table 2.1 for explanation of symbols. 

The perceiver effect in meta-perception, or M( * (M)), represents the 
extent to which a perceiver thinks that he or she makes the same im­
pression on all of his or her interaction partners. (Again, the symbol 
* is used to represent the average of perceptions given or received.) 

The target effect in meta-perception, or * (D( * )), represents the ex­
tent to which a target is seen as either a harsh or lenient judge of other 
people. The relationship effect, or m(d(m)), represents the extent to 
which a perceiver thinks that he or she makes an especially favorable 
or unfavorable impression on a target. The constant effect, or 
* ( * ( * )), represents the average meta-perception. The full model for 

the perception that Mary has of Dave's perception of her is as follows: 

M(D(M)) = * ( * ( *)) + M( * (M)) + * (D( * )) + m(d(m)) 

So if Mary is asked whether she thinks that Dave thinks she is 
intelligent, a positive perceiver effect would indicate that Mary thinks 
that others think she is intelligent. A low target effect would indicate 
that Dave is thought by others to see people as not very intelligent. 
A positive relationship effect would mean that Mary thinks that Dave 
views her as especially intelligent. Finally, like other-perceptions, meta­
perceptions contain an error component that represents chance, ran­
dom, and unstable aspects in meta-perceptions. 

Self-perceptions cannot be partitioned into perceiver, target, and 
relationship effects because they are not dyadic measures. I However, 
as shown later in the chapter, a self-perception can be correlated with 
the perceiver and target effects in other- and meta-perception. 
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Illustrations 

Perceptions of Laziness 

In the top portion of Table 2.3 are hypothetical ratings by five people 
of five other people on the trait of laziness; these ratings can range 
from 1 ("not lazy") to 9 ("lazy"). For instance, Sam rates Tim, or S{T), 
an 8 out of 9 on laziness-he sees him as a very lazy person. 

One way to gauge whether there are any perceiver effects is to 
average the ratings of each perceiver across the five targets. These means 
are presented in the last column of Table 2.3a. It can be seen that Tom 
views the targets as lazier than do all of the other perceivers, and that 
Joe views the targets as least lazy. To gauge the target effects, the 
column means (last row in Table 2.3a) can be examined. Abe is seen 
as the laziest target, and Cal is seen as the least lazy. 

The interest is not in knowing who in the group is seen as lazy, 
but whether there is any perceiver and target variance in the ratings. 

TABLE 2.3. Hypothetical Ratings of Laziness on a 9-Point Scale 

a. Scores and Means 
Target 

Perceiver Tim Abe Cal Dan Jon MeanQ 

Sam 8 7 2 7 5 5.8 
Jim 6 8 3 8 6 6.2 
Joe 5 7 1 5 4 4.4 
Bob 7 8 4 7 7 6.6 
Tom 5 9 5 9 7 7.0 

Meanb 6.2 7.8 3.0 7.2 5.8 6.0c 

b. Relationship Effects 
Target 

Perceiver Tim Abe Cal Dan Jon 

Sam 2.0 -.6 -.8 .0 -.6 
Jim -.4 .0 -.2 .6 .0 
Joe .4 .8 -.4 -.6 -.2 
Bob .2 -.4 .4 - .8 .6 
Tom -2.2 .2 1.0 .8 .2 

:~::~ ~~~ ::~~ i:;~:!~er. 
'Overall mean. 
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So the presence of target and perceiver effects can be indexed by the 
variance, or 52, of the target and perceiver means. The variance of the 
target means is 3.44, and the variance of the perceiver means is 1.0. 
The data indicate more target variance than perceiver variance. A var­
iance measure states how different people are from one another on 
that component. So if a measure has a great deal of perceiver vari­
ance, then that demonstrates that the perceivers differ quite a bit from 
one another on how they see others. The larger the variance, the more 
people differ from one another on that component. 

To estimate the relationship effect, the constant, perceiver, and 
target effects must be subtracted from the score. Table 2.3b presents 
the estimates of the relationship effects for the 25 ratings. It can be 
seen that Sam sees Tim as very lazy, but Tom sees Tim as not very 
lazy. The variance of the relationship effects is .95. So there is about 
as much relationship variance as there is perceiver variance, and there 
is roughly three times as much target variance. 2 The total variance 
(perceiver plus target plus relationship) is 5.39. Overall, 64% of the 
variance in the ratings is attibutable to target, about 19% to perceiver, 
and 18% to relationship. 

There are complications and adjustments in the estimation of per­
ceiver and target variances (to be discussed later in this chapter and 
in Appendix B), but the strategy is basically the same as used for the 
data in Table 2.3. Estimates of perceiver, target, and relationship ef­
fects are computed, and with these estimates the variances are 
computed. 

Variance Partitioning from Three Studies 

One major use of SRM is the partitioning of variance. Researchers 
find or create groups of people, and they ask these people to rate one 
another. The researchers then determine the proportion of variance 
that is attributable to perceiver, target, and relationship. Table 2.4 
presents the variance partitioning table for three variables. I have chosen 
an other-perception, a meta-perception, and an affect (liking). For il­
lustrative purposes, I have chosen striking examples; the data from 
most studies are not so clear-cut. 

The first example is taken from an unpublished study (Hallmark 
& Kenny, 1989). Groups of strangers, each consisting of five to six 
people, were formed. They sat in a circle, and an experimenter asked 
each person three different questions about what he or she would do 
in various situations. For instance, the subjects were asked what they 
would do if they saw another person ch~ating on an examination. 
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TABLE 2.4. Proportion of Variance for Three Variables 

Trait Perceiver Target Relationship Error 

Extroversion .06 .39 .27 .28 
Meta-perception .39 .00 .11 .50 
Liking .19 .07 .50 .24 

Note. See text for a description of studies. 

After the questions were all asked and answered, the subjects rated 
one another on a series of traits. The two traits discussed here were 
"outgoing-reserved" and "talkative-silent." These two measures were 
treated as indicators of an extroversion construct. 

The results (Table 2.4, first row) clearly show that the largest var­
iance component was target variance. Some people were rated as very 
extroverted, and others were rated as very introverted. There was also 
a fair amount of variance at the relationship level. 

The second example comes from a study conducted in Israel 
(Shechtman & Kenny, in press). The study involved meta-perceptions 
of college students. A total of 154 people in 22 human relations groups 
rated one another on oral communication, human interaction, and 
leadership; they also provided overall ratings. These four measures 
served as indicators of a competency construct. 

The results (Table 2.4, second row) show that the largest systemat­
ic source of variance in meta-perception was perceiver variance. Peo­
ple thought that they made basically the same impression on all of their 
interaction partners. Interestingly, because there was no target vari­
ance in the meta-perceptions, there is no evidence that some people 
were seen as harsh judges of others and others were seen as lenient 
judges of their peers. 

In the last example (Table 2.4, third row), affect was examined. 
Levine and Snyder (1980) observed two classes of 5- and 6-year-old 
children, each 25 in number. Each child rated how much he or she 
wanted to sit with, work with, and share with the others in the class. 
These three measures could be treated as replications, and so a sepa­
ration of relationship and error could be made. It can be seen that the 
largest portion of variance was at the relationship level. There were 
rather weak popularity effects, in that the target variance was only 
7%. There was some tendency for some children to like others and 
for others to dislike others, in that there was nearly 20% perceiver 
vanance. 
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Design and Analysis Considerations 

SRM concerns the consistency of perceptions across different targets 
and perceivers. So to study interpersonal perception within SRM, the 
person must be observed with multiple partners. If I am to understand 
how it is that Dave sees Mary, I must know how Dave sees Helen, 
Jane, and Betty; and I must also know how Frank, Tom, and Peter 
see Mary. No relationship can be studied in isolation. 

In SRM there are two basic designs: "round-robin" and "block" 
designs. These two designs are illustrated in Table 2.5. In both cases 
there are six people, numbered from 1 to 6, who are studied. In a round­
robin design, each person interacts with or rates everyone in the group. 
So if the research participants are members of a sorority, in a round­
robin design each member would be paired with every other member. 
As in Table 2.Sa, all six people rate the other five members in the 
group. The" X " indicates a rating, and a "-" indicates missing data. 
With interpersonal perception data, the" -" is a self-rating and usually 
would not be missing data. However, it is still set aside for further 

TABLE 2.5. Designs Used for SRM 

a. Round-Robin Design 

Target 

Perceiver 1 2 3 4 5 6 

1 x x x x x 
2 x x x x x 
3 x x x x x 
4 x x x x x 
5 x x x x x 
6 x x x x x 

h. Block Design 

Target 

Perceiver 1 2 3 4 5 6 

1 x x x 
2 x x x 
3 x x x 
4 x x x 
5 x x x 
6 x x x 
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analysis. The minimum requirement for the round-robin design is four 
people.3 

In a block design, a group of people is broken into two subgroups. 
Each person then rates everyone else in the other subgroup. As in Table 
2.5b, the six people are broken into two subgroups of three people 
each. The members of the first subgroup, persons 1 through 3, rate 
the other three people, persons 4 through 6. The minimum require­
ment for the block design is two people in each subgroup, four people 
total. 

One might wonder why a block design would ever be chosen over 
a round-robin design. There are two occasions in which a block de­
sign is more advantageous than a round-robin design. First, if the 
researcher wants each subject to interact with other subjects one at 
a time, a block design requires a minimum of two interaction part­
ners, whereas a round-robin design requires three partners. When there 
is not sufficient time for three interactions, the block design is prefer­
able. Second, some dyads are asymmetric, in the sense that the two 
persons are not interchangeable. For example, heterosexual couples 
are not interchangeable in that the partners can be distinguished by 
their sex, but gay couples are not asymmetric. Sometimes, when a 
researcher is interested in asymmetric dyads, certain dyads are not 
formed. For instance, it would probably be inappropriate to have par­
ents rate other parents or to have men go on "dates" with other men. 
So for asymmetric dyads, a block design may be more appropriate than 
a round-robin design. 

Sometimes only half the data are gathered from the block design. 
To return to Table 2.5b, in a "half-block" design, persons 1,2, and 
3 would serve only as perceivers, and persons 4, 5, and 6 would serve 
only as targets. In such a design, perceptions are not two-sided. A half­
block design is typical when the targets are presented on videotape or 
film. 

The block and round-robin designs can also be combined to form 
a single design. In the block-round-robin design, there are two groups 
of people, say men and women. In the round-robin part of the design, 
people rate members of their own sex. In the block part of the design, 
people rate members of the opposite sex. The block-round-r9bin de­
sign is especially useful for the study of intergroup relations. 

There are other designs, as well as variants on the designs that 
have been described. The reader should consult Kenny (1990) for fur­
ther elaboration. 

The details concerning the statistical analysis of data gathered from 
SRM designs are presented in Appendix B. Here, I present just a brief 
introduction to the approach that is taken. This approach can be viewed 
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as a two-way analysis of variance. The two factors are actor or per­
ceiver and partner or target. The model is a random-effects model; 
that is, the researcher seeks to learn about sources of variation, and 
not about specific perceivers and targets. To return to Table 2.5, the 
interest is not in whether target 3 has a high or low target effect, but 
rather in how much target variance there is. 

For a block design, one can obtain perceiver and target variance 
by using a simple two-way analysis of variance. With a round-robin 
design, complications arise. The complications concern missing data 
for the self (the diagonal of the matrix), and some terms are not in­
dependent. Appendix B presents solutions to these complications. 

Correlations within the Social Relations Model 

So far it has been shown how SRM partitions variance into perceiver, 
target, and relationship components. A second use of the model is to 
compute correlations. There are two types of correlations: correlations 
within the same variable, and correlations across two different varia­
bles. A correlation within a variable concerns questions of this sort: 
If Dave likes Mary, does Mary like Dave? Correlations between vari­
ables concern questions of this sort: If Dave thinks Mary is attractive, 
does Dave think that Mary is intelligent? 

Correlations within a Variable: Reciprocity 

One useful purpose of SRM is that it allows researchers to measure 
reciprocity . To return to Dave and Mary, this question can be asked: 
If Dave thinks that Mary is intelligent, or D(M), does Mary think that 
Dave is intelligent, or M(D)? Are their perceptions mirror images of 
each other? Sometimes perceptions are complementary: Dave thinks 
that Mary is intelligent, but Mary thinks that Dave is stupid. 

Within SRM, there are two types of reciprocity. First, there is 
"dyadic reciprocity ," or reciprocity at the dyadic level. Dave's relation­
ship effect toward Mary is correlated with Mary's relationship effect 
toward Dave. This is symbolized by d(m) = m(d). Second, there is 
"generalized reciprocity," or reciprocity at the individual level. For ex­
ample, Dave's perceiver effect, or D( * ), may be correlated with his 
target effect, or * (D). So it can be asked whether a person who tends 
to see others as intelligent tends to be seen by others as intelligent. 
This correlation is referred to as the "perceiver-target" correlation, 
and assesses generalized reciprocity. It is symbolized by D( * ) = * (D). 
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Correlations across Variables 

Within SRM, there is often an interest in the correlation between a 
pair of variables. For instance, the pair of variables may be other­
perceptions of intelligence and meta-perceptions of intelligence. Sur­
prisingly, there are six, not one, possible correlations between the two 
variables: four correlations can be computed at the individual level, 
and two at the dyadic level. Individual-level correlations involve the 
perceiver and target effects of SRM, and dyadic-level correlations in­
volve the relationship effect. 

Individual Level 

The four types of correlations between components at the individual 
level are "perceiver-perceiver," "perceiver-target," "target-perceiver," 
and "target-target." To follow the text more easily, readers will prob­
ably find it helpful to consult Tables 2.1 and 2.2. It is also helpful 
to realize that the symbol for the perceiver effect for Dave is D( * ), 
and that the symbol for the target effect is * (D). The four individual­
level correlations are defined as follows in terms of Dave's other- and 
meta-perceptions of intelligence: 

Perceiver-perceiver: D( * ) = D( * (D)). If D sees others as intelli­
gent, does D think that others see him as intelligent? 

Perceiver-target: D( * ) = * (D( * )). If D sees others as intelli­
gent, do others think that D sees them as intelligent? 

Target-perceiver: * (D) = D( * (D)). If D is seen by others as in­
telligent, does D think that others see him as intelligent? 

Target-target: * (D) = * (D( * )). If D is seen by others as intel­
ligent, do others think that D sees them as intelligent? 

As discussed later in this chapter, the middle two correlations assess 
meta-accuracy, and the first and last assess assumed reciprocity. 

Dyadic Level 

There are two types of correlations between relationship components: 
"intra personal" and "interpersonal" relationship correlations. These 
two correlations between other- and meta-perceptions of intelligence 
between Dave and Mary are as follows: 

Intrapersonal: d(m) = d(m(d)). If D thinks that M is especially 
intelligent, does D think that M sees him as especially intelligent? 
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Interpersonal: d(m) = m(d(m)). If D thinks that M is especially 
intelligent, does M think that D sees her as especially intelligent? 

As seen later, the first question assesses assumed reciprocity at the dyadic 
level; whereas the second assesses meta-accuracy. 

The first question is called "intrapersonal" because it concerns two 
thoughts that the same person (Dave) has about another (Mary). The 
second is called "interpersonal" because it concerns the association be­
tween the thought that a person has about another, and the latter per­
son's thought about the former person. Thus, in an interpersonal 
correlation the thoughts of two different people are correlated, whereas 
in an intra personal correlation the thoughts of the same person are 
correlated. 

The Social Relations Model 
and Interpersonal Perception 

I now consider the partitioning of other- and meta-perception into com­
ponents of SRM. Chapter 1 has presented nine fundamental questions 
in interpersonal perception. In this section, I show how these ques­
tions can be answered by using SRM. A summary of this section is 
presented in Table 2.6. This introductory presentation of the use of 
SRM to answer the nine fundamental questions is rather abstract; the 
questions are discussed in more concrete detail in subsequent chapters. 

The question of assimilation concerns variance in the perceiver 
effect, or D( ~ ). If some perceivers tend to view targets favorably and 
others tend to see targets unfavorably, then there is perceiver variance. 
Assimilation is measured by the amount of perceiver variance. Typical­
ly, what is computed is the relative amount of perceiver variance­
the perceiver variance divided by the sum of all sources of variance. 
If the symbols stand for variance, assimilation is indexed by 
D( ~ )/[D( ~ ) + ~ (D) + d(m)]. 

The question of consensus concerns variance in the target effect, 
or * (D). If perceivers agree about the standing of targets on a trait, 
then there is target variance. As with assimilation effects, the relative 
target variance is typically computed - the target variance divided by 
the total variance. If the symbols stand for variance, consensus is in­
dexed by * (D)/[D( * ) + * (D) + d(m)]. 

The question of uniqueness concerns variance in the relationship 
effect, or d(m). If interpersonal perception is unique, then relation­
ship variance can index that phenomenon. Often the relative relation­
ship variance is computed-relationship variance divided by the total 
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TABLE 2.6. Expression of Basic Questions Using SRM 

Effect 

Assimilation 
Consensus 
Uniqueness 

Reciprocity 

Target accuracy 

Assumed reciprocity 

Meta-accuracy 

Assumed similarity 
Self-other agreement 

Level Symbol 

Individual D( A ) 

Individual A (D) 
Dyadic d(m) 

Individual D( A ) = ft (D) 
Dyadic d(m) = m(d) 

Individual M( A ) = AM 
Individual ft (D) = D. 
Dyadic m(d) = dm 

Individual D( A ) = D( A (D)) 
Individual ft (M) = A (M( A )) 
Dyadic d(m) = d(m(d)) 

Individual A (D) = D( ft (D)) 
Individual M( ft ) = ft (M( ft )) 
Dyadic m(d) = d(m(d)) 

Individual D(D) = D( ft ) 
Indivdual D(D) = A (D) 

Note. See footnote to Table 2.1 for explanation of symbols. 

variance. To have a valid measure of uniqueness, there should be mul­
tiple measures of the variable. If there are not, then relationship vari­
ance also contains error variance. 

Reciprocity occurs at two levels. At the individual level, it is the 
perceiver-target correlation, or D( A ) = A (D). If some people see all 
targets as intelligent, are these people seen by others as intelligent? At 
the dyadic level, the reciprocity correlation is between relationship ef­
fects: d(m) = m(d). If Dave sees Mary as particularly intelligent, does 
Mary see Dave as particularly intelligent? Both are correlations wi­
thin a variable. The correlations to be discussed for the remaining five 
questions are across different variables. 

Target accuracy is the degree of correspondence between a per­
son's perception of a target person with that target's actual standing 
on the trait or D. The measurement of target accuracy depends on how 
the person's actual standing on the trait is measured. If the measure 
of actual standing is a single, global measure, then target accuracy is 
indexed by the correlation of the target effect in other-perception with 
the target's actual standing, or A (D) = D. 

However, the measure of a person's behavior may change for 
different interaction partners. A person may be cooperative with one 
person but not with another. If the target's behavior changes across 
interaction partners, the variance of the behavior can be partitioned 
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into three sources: actor, partner, and relationship. The actor effect 
for Dave is denoted as D* ; the partner effect for Mary is denoted as 
ftM; and how Dave particularly behaves when he is with Mary is 

denoted as dm• The actor effect, or D* , represents how the person be­
haves across all of his or her interaction partners. So, for example, 
is Dave cooperative with all of his interaction partners? The partner 
effect, or ftM' assesses the behavior that a person consistently elicits 
from others. So are people cooperative when they interact with Mary? 
Finally, the relationship effect, or dm , measures the way a person 
uniquely behaves with a given partner. So is Dave particularly cooper­
ative when he interacts with Mary? 

Each of these three components of behavior can be correlated with 
Mary's perception of Dave's level of cooperation. There are three differ­
ent measures of target accuracy. The target-actor correlation, or 

ft (D) = D*, assesses whether Dave, who is seen as cooperative by 
others, acts cooperatively with all of his interaction partners. The 
perceiver-partner correlation, or M( ft ) = ft M, assesses the extent to 
which Mary, who sees others as cooperative, elicits cooperative 
behavior from others. Finally, the relationship correlation, or 
m(d) = dm , assesses whether Mary, who sees Dave as especially 
cooperative, is correct in predicting Dave's level of cooperation when 
interacting with Mary. 

Assumed reciprocity can be measured in three ways: two at the 
individual level, and one at the dyadic level. The first measure of as­
sumed reciprocity at the individual level is the correlation between the 
perceiver effect in other-perception and the perceiver effect in reflect­
ed appraisal or meta-perception, or D( ft) = D( ft (D)). If Dave sees 
others as intelligent, does he think that others see him as intelligent? 
The second measure at the individual level is the correlation between 
the target effect in other-perception and the target effect in meta­
perception, or ft (M) = ft (M( ft )): If Mary is seen as intelligent, do 
people assume that she sees others as intelligent? The final assumed­
reciprocity correlation is between relationship effects, or 
d(m) = d(m(d)). If Dave sees Mary as especially intelligent, does Dave 
think that Mary sees him as especially intelligent? 

Meta-accuracy, like assumed reciprocity, is indexed by three differ­
ent correlations. The first correlation at the individual level is the corre­
lation between the target effect in other-perception and the perceiver 
effect in meta-perception, or ft (D) = D( ft (D)). If Dave is seen as in­
telligent by others, does Dave think that others see him as intelligent? 
The second correlation is the correlation between the perceiver effect 
in other-perception and the target effect in meta-perception, or 
M( ft ) = ft (M( ft )). If Mary thinks that other people are intelligent, 
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do others know that Mary sees people that way? The third correlation 
is at the level of the relationship, or m(d) = d(m(d)). If Mary sees Dave 
as particularly intelligent, does Dave know that Mary sees him that 
way? 

Assumed similarity is the correspondence between the perceiver 
effect in other-perception and the self-perception, or D(D) = D( ft ). 
If Dave thinks that he is intelligent, does he think that others are also 
intelligent? Self-other agreement is the correspondence between the 
target effect in other-perception with self-perception, or D(D) = ft (D). 
If Dave sees himself as intelligent, do others also see him as intelli­
gent? 

Basic Statistics 

Generally in the social sciences, the basic statistics that are reported 
are means. In this book, they are variances and correlations. Moreover, 
many variances and correlations that are reported in this book are de­
rived and not directly computed variances and correlations. In this sec­
tion, I describe these statistics so that they can be more easily understood 
when they are presented in subsequent chapters. 

Variance 

It is helpful to return to the example in Table 2.3. Recall that in this 
example, five people rate how lazy five different people are. To meas­
ure the target effect, the ratings of each target are averaged across the 
five perceivers. The measure of target variance is the variance of tar­
get means, which equals 3.44 for the data in Table 2.3a. 

The amount of variance in the target means depends on the num­
ber of perceivers over which the means are averaged. The greater the 
number of perceivers, the smaller the variance. For instance, if there 
were just two perceivers in Table 2.3 (i.e., if three were randomly dis­
carded), the t3:rget variance would increase to 3.725, an 8% increase. 
So the amount of variance in the target means depends on the number 
of perceivers that are used to compute the target means. Similarly, the 
variance in the perceiver means depends on the number of targets. 

Most researchers would prefer that the measure of target vari­
ance not depend on the number of perceivers. The strategy within SRM 
is to forecast what the target variance would be if there were many 
perceivers. This is accomplished by taking the variance of the targets 
and subtracting a correction term that is based on the number of per­
ceivers and the relationship variance. (See Appendix B for the exact 
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formulas.) So for instance, for the data in Table 2.3a the variance in 
the target means is 3.44, but the forecast of target variance, if there 
were an infinite number of perceivers, is 3.25. 

Consider what would happen if, to give another example, there 
were no target variance. There would still be variance in the target 
means, because people's perceptions would depend on the specific rela­
tionships that they had formed. So if there were ratings of intelligence 
and the targets did not differ in their perceived intelligence, some tar­
gets would appear a bit more intelligent than others, because they just 
happened to be rated by persons whose relationship effects toward them 
were positive. If the target means were computed across more per­
ceivers, there would be less variance. If there were an infinite number 
of perceivers, the variance in the target means would be zero. Of course, 
it is impossible to measure the target variance with an infinite number 
of perceivers. So within SRM, the perceiver and target variances are 
the best guesses of what the variance would be if there were an in­
finite number of perceivers. Thus, the estimate of target variance is 
a theoretical variance and not an actual variance of scores. 

Because both the target and perceiver variances are theoretical ex­
trapolations, they can be estimated as negative. If the true target vari­
ance were very small, then about half the time it would be estimated 
as negative. Negative variances, though impossible when using the or­
dinary formulas for variance, are possible in the computation of theo­
retical variances. When the variances are computed as negative, it is 
a common practice to report them as zero. Negative variances are quite 
anomalous, but they are the price that is paid to ensure that target 
variances do not depend on the number of perceivers and that per­
ceiver variances do not depend on the number of targets. 

Generally, as in Table 2.4, this text presents relative variances. 
For instance, the relative perceiver variance is the perceiver variance 
divided by the sum of all the variances in the model. A relative vari­
ance can be interpreted as if it were a correlation. For instance, the 
relative target variance is the predicted correlation between pairs of 
different raters judging the same set of targets. So, for instance, if there 
were 20 perceivers and 10 targets and each target was judged by two 
different perceivers, the relative target variance would be the correla­
tion between the two targets' judgments.4 

Similar adjustments are made to the variances when multiple meas­
ures are used. Recall that for the relationship variance to be separated 
from error, the perceiver must rate the target twice. Within SRM, if 
there are multiple measures, a variance is the best guess of what the 
variance would be if scores were averaged over an infinite number of 
measures. 



32 Chapter 2 

Correlation 

A correlation is a measure of linear association between a pair of vari­
ables. For a positive correlation, as one variable increases, so does the 
other. For instance, as children get older, they get taller, and so age 
and height are positively correlated. A negative correlation implies that 
as one variable increases, the other decreases. For instance, as an adult 
man gets older, he often has less hair. 

The preceding section has shown how having a finite number of 
perceivers artificially increases the variance in the target means. With­
in SRM, the variances are forecasts of what they would be if there 
were a large number of perceivers or targets. 

Variances are used in computing correlations: The correlation be­
tween variables X and Y is defined as the covariance between X and 
Y divided by the square root of the product of the variances of X and 
Y. (The covariance between X and Y is defined as 
~(X - Mx)(Y - My)/(n - 1).) Within SRM, the actual variances 
are not used, but the theoretical variances are used. The resulting corre­
lation is said to be "corrected for attenuation." Because the correla­
tions are divided by something smaller, the resulting correlations are 
larger than they would be if they were not corrected for attenuation. 

The ordinary correlations are smaller than they should be because 
people interact with a finite number of partners or the number of meas­
ures is finite. A correlation that is corrected for attenuation removes 
the artificial lowering of the correlation that results from the finite num­
ber of partners or measures. To express these dis attenuated correla­
tions and distinguish them from attenuated correlations, they are printed 
in this book in italics. So, for instance, .2 is used to represent an ordin­
ary correlation, and .2 is used to represent a disattenuated correlation. 

Also, many correlations within SRM are derived correlations. That 
is, the correlations have been mathematically adjusted for other corre­
lations. For instance, the perceiver-target correlation is not the sim­
ple correlation because the dyadic-reciprocity correlation is adjusted 
from it. Given that a correlation is derived, it can be larger than 1 
or smaller than - 1. The usual convention is followed by setting the 
out-of-range correlations to + 1 if they are positive and to - 1 if they 
are negative. 

Significance Tests 

Most of the results that are presented in this book are correlations. 
Recall that relative perceiver and target variances can be interpreted 
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as correlation coefficients. Unfortunately, these correlations cannot 
be tested in the usual way, because they use adjusted variances in their 
estimation. Significance testing within SRM is described in Appendix 
B. When presenting correlations and relative variances, I do not report 
whether the correlations are significant or not. If I were to report statisti­
cal significance, tables would be needlessly cluttered, and the reader 
would be distracted in trying to figure out why some correlations are 
significant and others are not. The reader should pay attention to the 
size of the correlations and the pattern. 

Summary 

The study of interpersonal perception requires a different research 
paradigm. The experimental paradigm in which artificially construct­
ed targets are presented to perceivers is not well suited to answer the 
basic questions of interpersonal perception posed in Chapter 1. SRM, 
however, is ideally suited to the study of person perception in an in­
terpersonal context. 

SRM partitions other-perception data into three major sources of 
variance: perceiver, target, and relationship. The perceiver effect 
represents how the perceiver generally sees others; the target effect 
represents how the target is generally seen by others; and the relation­
ship effect represents how a person uniquely sees a given target. 

Specific designs in which each perceiver rates multiple targets and 
each target is judged by multiple perceivers are required to estimate 
the parameters of SRM. To separate error from relationship, there must 
be multiple measures of the theoretical construct. The parameters of 
SRM can be estimated by a variant of two-way random-effects analy­
sis of variance: perceiver and target. 

The nine basic questions can be answered by using SRM. Three 
of the nine questions are answered using variances, one by a correla­
tion within a variable, and the remaining five by correlations between 
variables. Many questions can be addressed at both the individual and 
the dyadic levels. 

The basic statistics to be presented in this text are variances and 
correlations. The interpretation of these measures is discussed. It is 
pointed out that sometimes these values can be out of range; that is, 
variances can be negative, and correlations can be greater than 1. 
Although these anomalous values are not possible with ordinary vari­
ances and correlations, they happen within SRM because estimates are 
forecasts of variances and correlations based on an infinite number 
of perceivers, targets, and measures. 
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The stage is now set. The remaining chapters present the fascinat­
ing investigation into the nine basic questions of interpersonal per­
ception. 

Notes 

1. Error or unstable variance can be removed if there are multiple measures. 
2. The relationship variance is defined as the sum of the relationship effects 

squared, divided by the number of perceivers minus 1 times the number of targets 
minus 1. 

3. If it can be assumed that there is no dyadic reciprocity, then the group 
size can be as small as three. 

4. If the same perceivers rated all of the targets, that correlation would be 
estimated by the ratio of target variance to the sum of target plus relationship 
variance. 
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ASSIMILATION 

AI ssimilation" concerns the basic question of whether the same per­
ceiver sees two targets in essentially the same way. More col­
loquially, the assimilation question is "Do they all look alike?" 

If each perceiver were to give exactly the same rating to all targets, 
and the perceivers were to differ from one another in their ratings, 
assimilation effects would be at their highest. However, normally there 
is not perfect assimilation; at issue is the extent to which perceivers 
assimilate targets. As seen in Chapter 2, assimilation effects can be 
assessed by the amount of perceiver variance in the Social Relations 
Model (SRM). Note that assimilation refers to the variance in the per­
ceiver effect. If all perceivers see the targets in the same way, there 
is no perceiver variance, and consequently there is no assimilation. 1 

It seems obvious that people differ in the standards that they set 
for themselves in evaluating others. Some people expect the best from 
others, and these perceivers seem never to be satisfied. Professor Kings­
field, the fictional law professor in the movie and television series The 
Paper Chase, for example, holds particularly high expectations for 
others. For other perceivers, even the smallest level of a behavior is 
enough. An example of a perceiver who sees the best in people is Fred 
Rogers of the Mister Rogers' Neighborhood television show for 
preschoolers. 

It seems obvious that some perceivers are harsh and others are 
lenient, but the explanation of these differences is not so obvious. There 
are three major explanations of assimilation. In the first, assimilation 
is viewed as a methodological artifact; that is, assimilation reflects a 
response style and has no psychological meaning. In the second ex­
planation, the perceiver effect reflects the perceiver's view of the gener­
alized other; that is, the perceiver effect reflects how the person thinks 
people are in general. In the third explanation, the perceiver effect 
reflects the perceiver's view of the typical other in the group. That is, 
the perceiver effect reflects not a general view of how others are in 
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general, but rather a more local view of how others are in a particular 
group. These three different explanations of assimilation are consi­
dered in turn. 

The Response Set Interpretation of Assimilation 

The first explanation is purely methodological, although not very in­
teresting. It is possible that assimilation may not reflect any psycho­
logical process, but may be only a function of how the perceiver assigns 
numbers to targets. For instance, some perceivers may routinely use 
large numbers in rating targets, whereas other perceivers may use rela­
tively small numbers. The perceivers' reasons for doing so may reflect 
nothing very interesting psychologically, but only a measurement bias. 

Psychometricians have used the term "response set" to refer to a 
tendency for the responses of perceivers to reflect a response pattern 
and not something psychological. Whenever one analyzes rating data, 
it is important to realize that response set may be a factor. 

Research Evidence 

Perhaps because this explanation is methodological and not very ex­
citing, there has been little concerted effort to test the extent to which 
perceiver effects in interpersonal perception measure something more 
than response set. One important study was conducted by Crow and 
Hammond (1957, Study 2). They studied 72 medical students at the 
University of Colorado at three times: the beginning, middle, and end 
of the academic year. At each time point, the medical students rated 
a different set of 10 patients. Crow and Hammond found that those 
medical students who rated targets very favorably at one time also rated 
a different set of targets very favorably at the other two times. And 
those who rated targets unfavorably at the first time tended to rate 
the targets very unfavorably at the next two times. Recall that differ­
ent targets were being rated at each time. This study thus indicates 
that there is assimilation, but does not indicate its source. 

One way to determine whether response set is the only determinant 
of perceiver effects is to compute the correlation of perceiver effects 
across measures of different traits. If the perceiver correlation between 
the ratings of two traits (e.g., between perceivers' average ratings of 
intelligence and friendliness) is near 1, then that would be supportive 
of the response set interpretation. If the correlation is less than 1, then 
the nonoverlapping variance would be an indication that the perceiver 
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effect changes from trait to trait-something that is more difficult to 
explain purely in terms of response sets. It is important in carrying 
out such an analysis to make certain that the traits are conceptually 
distinct, so that they do not correlate because of content overlap. 

Such an analysis can be performed using data from a study (Al­
bright, Kenny, & Malloy, 1988, Study 3) in which perceivers rated 
five independent personality traits in a situation in which the targets 
were strangers. People rated three, four, or five other people on num­
bered 7-point scales on the traits "sociable," "good-natured," "respon­
sible," "calm," and "intellectual." The correlation of perceiver effects 
between pairs of traits was .55. This means that about half the per­
ceiver variance2 was stable from trait to trait. So it seems that it is not 
true that the tendency to use a particular part of the scale is the whole 
story for perceiver effects. Note that the .55 correlation is a disattenu­
ated correlation (see Chapter 2), and so it is larger than an ordinary 
product-moment correlation between the perceiver effects of the two 
traits. 

A second study that can be used to evaluate the unidimensionali­
ty of perceiver effects is that of Dantchik (1985). This study examined 
the ratings of targets who were members of the same sorority or frater­
nity, and so the perceivers and targets were relatively well acquaint­
ed. There were six traits: intelligence, likability, self-control, sociability, 
adjustment, and dominance. The average perceiver-perceiver corre­
lation among the six factors was .51. So, as with the unacquainted 
people, there is a substantial but not a perfect correlation between the 
perceiver effects of traits. 

The perceiver effect seems to have two different parts. There is 
a global, undifferentiated view of what the group members are like; 
this global part probably mainly consists of response set. Then there 
is a more differentiated view. This second component is probably not 
response set, but rather reflects real differences that the perceiver sees 
in all the targets on different traits. These two components of the per­
ceiver effect correspond closely, but not identically, to two compon­
ents of ratings posited by Cronbach (1955). He referred to the general 
view of others' standing on all the traits as "elevation," and he referred 
to how the targets differ on the traits as "stereotype." It seems that 
these two components, elevation and stereotype, explain about the same 
amount of variance. 

A second way to evaluate the response set hypothesis is to reverse 
the traits. The rating instrument is designed in the following fashion: 
For about half the traits, the larger numbers indicate more positive 
standing on the traits, and for the remaining traits, the smaller num­
bers indicate more positive standing. If numbers are not used, but rather 
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the perceiver checks a box, then for half the scales the positive end 
is on the right side of the page, and for the other half the positive end 
is placed on the left side of the page. 

At issue is the effect of reversal on the perceiver-perceiver corre­
lation between the positive and negative traits. A correlation of 1.00 
would indicate that response set is the tendency to use higher or lower 
numbers (or, if check marks are used, the tendency to respond on the 
left or right side of the page). However, a correlation near - 1.00 would 
indicate that response set reflects the general impression that the per­
ceiver has toward all the targets-that is, the tendency for the perceiver 
to view favorably or unfavorably all the targets in the group. As earli­
er discussed, the perceiver effect contains two components, each ex­
plaining about 50% of the variance. The correlations that are now 
considered are those from the general or common part of the perceiver 
effect, which is more likely to correspond to the response set. 

Results from three different studies are examined. The first is a 
study (Albright et aI., 1988, Study 1) that used the zero-acquaintance 
paradigm. As discussed in Chapter 1, in this paradigm perceivers ob­
serve the targets but do not interact with them. People rated one another 
on five scales, two of which were reversed. The correlation between 
the reversed and unreversed perceiver effects was -.87. This supports 
the view that perceiver effect reflects, in large part, the perceiver's overall 
evaluation of the targets. . 

The remaining two studies used check marks and not numerical 
ratings. These two studies also support the general-impression view 
of perceiver effects. The correlation from one study (Study 2 from Ken­
ny, Horner, Kashy, & Chu, 1992) was -1.00, and that from the other 
(Levesque, 1990) was - .94. Perceiver variance seems largely to reflect 
how a person generally views members of that group. 

In conclusion, it appears that there is a single variable that deter­
mines about half the variance in the perceiver effect for ratings of tar­
gets. However, this variable is not a pure measurement artifact. It seems 
to reflect how the perceiver evaluates the targets in the group; that 
is, it reflects how much the perceiver likes the people in the group. 
Thus, the pure response set interpretation receives little or no sup­
port. 3 Moreover, evidence presented later in this chapter on stereo­
types provides additional evidence that the perceiver effect represents 
something psychologically meaningful. 

Design Considerations 

There are ways of gathering data that may reduce or even eliminate 
the response set problem. One approach is to vary the rating format. 
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Research (Guilford, 1954, pp. 263-269) indicates that it is preferable 
to use blanks and not numbers. So, for instance, if the rating is on 
the dimension "active-passive," the rating form would look like this-

Active LI _-L_-L_--'-_--'-_---'-_---'-_----'I Passive 

instead of this: 

Active 1 2 3 4 5 6 7 Passive 

The use of check marks seems to reduce the amount of response set.4 

Another possible procedure to reduce response set is to have per­
ceivers rate one target at a time on all the traits, as opposed to having 
perceivers rate all the targets on each trait before moving on to the 
next trait. A colleague and I (Hallmark & Kenny, 1989) conducted 
a study to evaluate the effect of rating format on the amount of per­
ceiver variance. Our prediction was that having perceivers rate one 
target at a time would increase the amount of perceiver variance across 
traits. Quite surprisingly, there were no differences between the two 
different types of rating formats. Some evidence even pointed to the 
superiority of the person format approach (i.e., rating each target on 
all the traits before moving on to the next target) over the trait format. 

One way to eliminate the problem of response set is to ask the 
perceivers to rank-order the targets. For example, if there are eight 
targets, the perceivers assign numbers from 1 to 8 to the targets. Such 
a procedure totally eliminates the perceiver effect. One study (Zac­
caro, Foti, & Kenny, 1991) compared rankings and ratings of leader­
ship in three-person groups. The correlation of the extent to which 
the target was seen as a leader using rankings and ratings was .98. 
Another study (Chapdelaine, Kenny, & LaFontana, in press) used rank­
ings versus ratings to examine liking. The research participants were 
groups of five women who interacted one-on-one. That study found 
a perfect correlation between the target effects of the two methods. 
Thus, there is little or no difference between the two measurement 
methods. However, because the group size was only three in one study 
and five in the other, it is not known whether ran kings and ratings 
would be essentially equivalent with larger group sizes.5 

The use of rankings eliminates the perceiver effect, and so it is 
impossible to measure assimilation effects. So rankings should only 
be employed if a researcher has no interest in the perceiver effect. Rank­
ing forces perceivers to make discriminations between targets that may 
not really exist. Also, with many targets, ranking is a very burden­
some procedure. 
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Sometimes researchers force perceivers to use a particular distri­
bution in making their ratings. The Q-sort method (Nunnally, 1967), 
one such procedure, forces the perceiver to form a quasi-normal dis­
tribution of responses. Like ranking, the Q-sort eliminates the perceiver 
effect. 

Response set seems more likely to intrude into ratings when sub­
jects have little or no motivation to respond carefully. Whenever pos­
sible, it is important to reduce the burden on subjects by not giving 
them page after page of ratings. If extensive ratings must be made, 
then investigators should provide both incentives to increase the sub­
jects' motivation and rest periods. 

Stereotype Interpretations of Assimilation 

The Generalized-Other Interpretation 

Apparently there is evidence that a good deal of variance in perceiver 
effects reflects something beyond a measurement artifact. Recall that 
one early piece of evidence for assimilation was the study by Crow 
and Hammond (1957), which showed that medical students consis­
tently differed in how they viewed their patients. Some viewed patients 
very negatively, whereas others viewed patients very positively. These 
doctors-to-be differed in their patient stereotypes. 

The second interpretation of the perceiver effect is that it reflects 
a view of how a person sees other people in general. According to this 
view, people carry around in their heads a view of what the typical 
other person is like. Within this framework, the perceiver effect reflects 
people's phenomenology; that is, it reflects how people view their world. 

According to this view, the perceiver effect reflects a stereotype-a 
set of assumptions that a person makes about others. It is important 
to realize that these stereotypes, unlike racial and gender stereotypes, 
differ across perceivers. Some perceivers have positive views of others, 
whereas other perceivers have negative views of others. 

Over the years, numerous psychologists have proposed that peo­
ple view the world with a general expectancy about others. The per­
sonality psychologist George Kelly (1955) referred to "personal 
constructs," which are central dimensions on which people evaluate 
others. The social psychologists Higgins and Bargh (1987) have used 
the term "chronicity" to describe people's repeated use of the same 
dimension in evaluating others. Markus (1977) has proposed the related 
construct of being "schematic" versus "aschematic" on a trait. As an 
example of these concepts, it would seem that professors tend to use 
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the dimension of intelligence in evaluating others. Over three decades 
ago, Bronfenbrenner, Harding, and Gallwey (1958) suggested the term 
"generalized other," which was initially put forth in another context 
(see Chapter 8) by the philosopher George Herbert Mead (1934). The 
generalized other (the term to be used in this chapter) reflects a per­
son's view of human nature. 

The view of the typical other may change, depending on the rat­
ing context.6 First, there is people's view of what others are like. Se­
cond, there is people's view of what others are like when they interact 
with them. So a man may think that others are friendly and nice, but 
he may also believe that when people interact with him, they are hostile. 

Although it seems plausible that people's view of others in gener­
al and their view of others interacting with them may differ, there is 
little evidence concerning the difference between these two types of 
perceiver effects. In one study that did investigate the stability of the 
perceiver effect in dyadic and group interactions (Study 2 of Kenny 
et aI., 1992), the perceiver effect was measured during zero acquain­
tance and during a one-on-one interaction. Interestingly, the one fac­
tor of the Big Five (see Chapter 1) that showed the weakest correlation 
across situations was Agreeableness. So people who viewed others as 
agreeable did not necessarily see them as very agreeable when they in­
teracted with them. The perceiver effect may be very different in the 
perception of partners in dyadic interactions ("how others are with 
me") and in the general perception of others ("how others behave in 
general"). 

Assimilation and Acquaintance 

The stereotype explanation of the perceiver effect is that one person 
views another without any information. Therefore, the perceiver ef­
fect reflects the perceiver's ignorance. That is, it is a guess about what 
the typical other person is like. Presumably, as more information be­
comes available, this expectancy would be used less. So if Sally thought 
that others were generally friendly and warm, she would rate others 
that way, but once she got to know them, she would rely less on her 
stereotype (Locksley, Borgida, Brekke, & Hepburn, 1980). In this con­
text, I review three studies that examined changes in perceiver vari­
ance over time and one study that compared the ratings of friends and 
acquaintances. 

The first two studies examined the transition from zero acquain­
tance to acquaintance based on social interaction. In both studies, peo­
ple rated one another in face-to-face noninteractive settings, and then 
interacted. In one of these studies (Kenny et aI., 1992, Study 2), the 
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interactions were one-on-one; in the other (Albright et aI., 1988, Study 
1), the interactions were in a classroom situation. In the Albright et 
al. study, the students were remeasured at mid semester (wave 1) and 
at the end of the semester (wave 2). 

Table 3.1 presents the absolute amount of perceiver variance on 
each of the Big Five factors for both studies. It seems fairly clear that 
the level of perceiver variance declined from the zero acquaintance sit­
uation to the actual interaction situation. All five of the variances 
declined in the Kenny et al. study, and 7 of the 10 comparisons declined 
in the Albright et al. study. Moreover, two of the increases are attributa­
ble to the especially low levels of perceiver variance at zero acquain­
tance for the Emotional Stability factor in this study. From these results, 
it seems reasonable to conclude that perceiver variance does indeed 
decline as a function of acquaintance. 

The Albright et al. study can also be used to evaluate the decline 
in assimilation as a function of acquaintance for those who were more 
than minimally acquainted with the targets. In all five comparisons, 

. there was a decline in perceiver variance. Similar declines can also be 
seen in Study 1 of the Park and Judd (1989) study, although for some 
unknown reason assimilation effects appeared to rebound at the last 
seSSIOn. 

The rate of decline in these studies is rather substantial. For the 
two studies that used zero acquaintance as a baseline (Albright et al. 

TABLE 3.1. Absolute Perceiver Variance as a Function of Acquaintance 

Kenny, Horner, Kashy, & Chu (1992), Study 2 

Wave 0 Wave 1 

Extroversion .273 .068 
Agreeableness .250 .120 
Conscientiousness .497 .256 
Emotional Stability .386 .363 
Culture .380 .216 

Albright, Kenny, & Malloy (1988), Study 1 

Wave 0 Wave 1 Wave 2 

Extroversion .254 .082 .009 
Agreeableness .420 .781 .253 
Conscientiousness .403 .265 .130 
Emotional Stability .145 .478 .313 
Culture .477 .314 .146 

Park & Judd' (1989), Study 1 
Wave 1 Wave 2 Wave 3 Wave 4 

Median of 17 traits .358 .339 .213 .276 
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and Kenny et al.), about 54% of the initial perceiver variance persist­
ed. For the Park and Judd study of increasing acquaintance, about 77% 
of the variance persisted. These declines are even more impressive when 
one realizes that about 50% of the variance is attributable to response 
set, and that it is likely that response set variance does not decline. 

A further test of the hypothesis that assimilation declines as ac­
quaintance increases can be performed using the data from a study 
(Kenny & Kashy, in press) in which we compared the perceptions of 
friends versus acquaintances. If assimilation is more prevalent when 
less is known about the target, there should be less perceiver variance 
in the ratings of friends than in those of acquaintances. For three of 
the four variables examined in this study, there was less perceiver var­
iance in the ratings of friends versus acquaintances; across the four 
variables, the friend-to-acquaintance ratio in perceiver variance was 
.86. Thus, this study provides some support for the claim that assimi­
lation declines with increasing acquaintance. 

Across all the studies, it can be concluded that assimilation ef­
fects do decline as a function of acquaintance. Perceivers draw more 
heavily on their stereotype of the generalized other when they know 
little or nothing about the targets, but as they begin to know more 
about the targets, there is less assimilation. This seems especially true 
during the early stages of acquaintance. 

Origins of the Generalized Other 

There are two alternate theories concerning how a person's view of 
the generalized other is formed. The first view is that the perceiver 
effect reflects how a person sees himself or herself. The second view 
is that the perceiver effect reflects the person's view of significant 
others-in particular, the person's parents or close friends. 

Self. The view that how one sees others is related to how one 
sees oneself is the question of assumed similarity, which is a central 
focus in Chapter 9. It is also considered in Chapter 6 when the projec­
tion hypothesis is considered. Projection differs from assumed similarity 
as follows: In projection, perceivers see others as the perceivers really 
are, whereas in assumed similarity, perceivers see others as the per­
ceivers themselves think they are. 

But there is a less obvious way in which the perceiver effect may 
reflect self-perception-one that is quite different from both assumed 
similarity and projection: The self can be used to anchor the scale. 
If it is believed that people see themselves as average or typical (see 
Chapter 9 for a different view), they should put themselves at the 
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midpoint of the scale. So if a 7-point scale were used, they would give 
themselves a rating of 4. If self is used as an anchor, then people should 
be rating others in relation to their self-perceptions. Thus, if one per­
son were to see himself or herself as fairly high on a trait, that person 
would see most others as lower than him or her, and so would give 
them low numbers. Alternatively, if the person were to see himself or 
herself as low on the scale, he or she would view others favorably. 
Given this perspective, the perceiver effect would reflect the person's 
self-perception on the dimension being rated, but the perceiver effect 
would correlate negatively with the person's self-perception. It would 
seem that this hypothesis would be more likely for ratings of ability 
than of personality. 

One might argue that the model underlying the predicted nega­
tive self-perceiver correlation is invalid, because when people rate them­
selves on a scale, they rarely place themselves at the scale midpoint; 
rather, they typically place themselves above the scale midpoint (see 
Chapter 9). However, because self-ratings are often distorted by self­
presentational processes, they may not adequately reflect the person's 
true self-perception. One might make the bold argument that self­
perception may be best measured by the perceiver effect and not directly 
by the self-rating. 

Another argument against this hypothesis is that it would imply 
a negative correlation between self-rating and perceiver effect, but (as 
is seen in Chapter 9) the perceiver-self correlation is usually positive. 
However (as discussed in Chapter 10), the presence of response set 
in both the perceiver effect and the self-rating may bring about an ar­
tificially positive correlation between the two. 

Significant Others. The view that the generalized other reflects 
how the person sees significant others has its roots in clinical psychol­
ogy. The hypothesis that people have a very general view of others 
is contained in the work of Freud and other clinicians. Their view is 
that a person's basic interactions with his or her parents create a general 
view of what later interaction partners are like. 

Consider the case of a person whose parents were very abusive, 
both verbally and physically. It would not be very surprising to learn 
that such a person as an adult is suspicious and not very trusting of 
others. In essence, this person tends to think that all others are abu­
sive, as his or her parents were. Clinicians and self-help groups have 
theorized that children whose parents were alcoholics develop a par­
ticular view of others. These children as adults have a strong need to 
help and protect others; they also have difficulty with intimacy and 
closeness. 
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In a related vein, recent work on attachment style (Hazan & 
Shaver, 1987) emphasizes a similar theme. In this literature, interac­
tions with a caregiver very early in life shape a person's expectancies 
later in life concerning others, particularly romantic partners. 

Needed are data on how the parent treated the child and how the 
child (now an adult) sees others. The use of retrospective data from 
the adult child to measure prior parental behavior might contain the 
perceiver effect, and so it would be problematic. Thus, the measure­
ment of parental treatment of the child should not be obtained from 
the child. From such a study, one could correlate parental treatment 
of the child with the perceiver effect of the child as an adult. 

A more social-psychological notion is that the perceiver effect 
reflects the personality of one's close friends. That is, people tend to 
see others as they see their friends. According to this view, significant 
others serve to form a "floating average." The Kenny and Kashy (in 
press) study can be used to evaluate this hypothesis. We correlated the 
perceiver effect with how friends were seen by others. These correla­
tions were very weak, and so this study does not provide much sup­
port for the "close friend as generalized other" hypothesis. 

The Group Stereotype Interpretation 

Assimilation reflects the view that "they are all alike." However, the 
perceiver effect may not be a generalized expectancy that a person has 
for all others; rather, it may be a local expectancy for the group that 
the person is rating. If the targets share some common bond (e.g., all 
are members of the same sorority or athletic team), there may be a 
tendency for the perceiver to see them as similar. The assimilation ef­
fect reflects the different stereotypes that perceivers have formed for 
different groups. The stereotype of a perceiver changes when a differ­
ent group is being rated. In contrast, the generalized-other view is that 
the stereotype applies to all of humanity. 

It should be noted that if all perceivers share the same stereotype, 
then the perceiver effect does not reflect a person's stereotype of the 
group; the stereotype is reflected only in the group mean. The per­
ceiver effect reflects the stereotype that individuals have formed toward 
the group only when the stereotypes differ across individuals. 

Consider the following example. Imagine that 20 college profes­
sors rate the photographs of 20 rock musicians on how intelligent they 
are. So professors are the perceivers and musicians are the targets. If 
all of the professors are equally prejudiced against the musicians, this 
prejudice should reveal itself in a low mean rating that professors give 
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to musicians. However, if there are differences in the level of prejudice 
among the professors, these differences in stereotypes should reveal 
themselves in differences in the perceiver effect. Those with low per­
ceiver effects (i.e., those who see musicians as low in intelligence) should 
be more prejudiced against musicians. So if there are differences in 
the level of prejudice, the perceiver effect would reflect the person's 
stereotype about the group. Better put, a person's perceiver effect reflects 
how his or her stereotype differs from other people's stereotypes: 

If the measure is affective (e.g., how much the perceiver likes the 
target), then the perceiver effect reflects how much the person likes 
those who are in the group. Because "cohesiveness" can be defined as 
an individual's attraction to the group, the perceiver effect can be viewed 
as an individual-difference measure of cohesiveness. 

Evidence Supporting the Group Stereotype View 

There is strong evidence that a person's perceiver effect changes when 
different targets are being rated. Campbell, Miller, Lubetsky, and 
O'Connell (1964) examined the correlation of the perceiver effect in 
the ratings of college acquaintances with the perceiver effect in the rat­
ings of strangers' photographs. They found that the correlations tended 
to be very small and usually not significantly different from zero. Thus, 
their study provides convincing evidence that the perceiver effect is not 
global, but changes according to the type of target. 

A second piece of evidence is the over-time correlation of the per­
ceiver effect. If the stereotype reflects the general perception of others, 
then the stability should be very large. But if the stereotype is more 
local, then the stereotype of the group may change over time as the 
individual begins to see the group in different ways. Presumably, even 
if the local stereotype were to change, most of the change would oc­
cur early. 

Two studies can be used to investigate the stability of the per­
ceiver effect. In one (Kenny et aI., 1992, Study 2), people rated each 
other before interacting and after a one-on-one interaction. For those 
factors in which the perceiver accounted for at least 10% of the total 
variance, the average correlation of the perceiver effect over time was 
.64. These ratings took place within an hour. So there is evidence for 
changes in the perceiver effect. Montgomery (1984) examined students' 
ratings of leadership at three points during the semester. The 
perceiver-perceiver correlation between the first two times was .51, 
and the correlation between the last two times was. 81. So this study 
likewise shows changes in the perceiver effect, but it also demonstrates 
that eventually the perceiver effect stabilizes. 
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The results from these two studies, as well as the results from 
Campbell et al. (1964), do provide strong evidence for the group stereo­
type notion of the perceiver effect. If the generalized-other view of the 
perceiver effect were true, then the correlations should have been near 
1. Perhaps initially people apply a general stereotype to targets, and 
over time they acquire a particular stereotype for the group. 

Ingroup and Outgroup Perceptions 

Recenrly, social psychologists have given extensive attention to the ques­
tion of ingroup-outgroup perception. To return to the example of col­
lege professors and rock musicians, if a professor is perceiving another 
professor or if a musician is perceiving another musician, these per­
ceptions are "ingroup" perceptions. But if a person perceives a mem­
ber of the other group (a professor is perceiving a musician or a musician 
is perceiving a professor), the perception is an "outgroup" perception. 
If the perceiver effect reflects the group stereotype, there should be a 
negative correlation between the perceiver effect for ingroup targets 
and the perceiver effect for outgroup targets: A fair judge should give 
equal ratings to ingroup and outgroup members, whereas a prejudiced 
judge should evaluate ingroup members favorably and outgroup mem­
bers unfavorably. 

The most systematic attempt to look for such a negative correla­
tion was a study conducted by Kashy (1988). In a laboratory study, 
she created a four-person Red team and a four-person Green team, 
and these two teams competed in a trivia game. After the game was 
completed, subjects rated one another. Kashy obtained the usual in­
group favorability result: People evaluated ingroup members more 
favorably than they did outgroup members. However, the correlation 
in perceiver effects across groups was very positive, approaching 1.00. 
There was no evidence for the predicted negative correlation. Similar 
failures to find negative correlations were also obtained in more 
naturalistic studies of ingroup-outgroup perceptions (Whirley, 
Schofield, & Snyder, 1984; Yzerbyt, 1988). 

There are two explanations for the failure to find the predicted 
negative correlation. To obtain the negative correlation between the per­
ceiver effect for ingroup and outgroup members, there must be differen­
tial endorsement of the stereotype. If all members endorse the stereo­
type equally, then the correlation is not negative. Second, it seems likely 
(as noted earlier) that about 50% of the variance in perceiver effects can 
be accounted for by response set. If the same response set component 
is in both ingroup and outgroup ratings, the lowest that the ingroup­
outgroup perceiver correlation would be is zero, and not -1.00. 
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The ideal study would be one in which there is differential en­
dorsement of the stereotype and this endorsement of the stereotype 
is independently measured. The stereotype can then be correlated with 
the difference between ingroup and outgroup perceiver effects. 

In sum, despite the disappointing results from the 
ingroup-outgroup area, the bulk of the evidence supports the group 
stereotype explanation of the perceiver effect. The perceiver effect 
reflects the perceiver's stereotype of the particular group being rated. 

Conclusion 

There is the troubling worry that perceiver variance does not reflect 
how the perceiver sees others, but rather how the perceiver assigns num­
bers to people. Some perceivers may be more inclined to use large num­
bers and others small numbers. The problem of response set in the 
perceiver effect is reintroduced when reciprocity is discussed in Chap­
ter 6, and when assumed similarity is discussed in Chapter 9. 

Classically, assimilation has been viewed as a directional phenome­
non. If two targets, Z and H, are assimilated, one is the anchor and 
the other the object of assimilation. So the perception of Z is moved 
closer to the perception of the anchor, H. In this chapter, the perceiver 
effect represents a target that may be real, like the self or a significant 
other, or imagined, like the generalized other or a stereotype. It is this 
real or imagined other that serves as the anchor in the assimilation 
process. 

It appears that assimilation effects are more than artifacts that 
can be attributed to response set. The research evidence supports the 
view that the perceiver effect reflects an expectation or stereotype of 
what others are like. Supportive of this hypothesis is that assimilation 
effects appear to decline over time. 

There are two different approaches to the perceiver effect. First, 
it may reflect what others are typically like-the generalized other. The 
generalized other may reflect the self, or it may reflect an amalgam 
of perceptions of significant others in the person's life. Alternatively, 
assimilation effects may be less global and more local. They may be 
reflecting how one views a particular group. The evidence is more sup­
portive of the group stereotype model. 

The perceiver effect, which has received very limited study, deserves 
a more concentrated focus. Consider two recent and related examples. 
The health psychologist John Barefoot (1991) has theorized that the 
perceiver effect in the perception of hostility may lead to greater risk 
of heart disease. Research has shown that people who act in a very 
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hostile fashion are more susceptible to heart disease. Barefoot believes 
that differences in hostility can be attributed to expectations that peo­
ple have. That is, some people expect that others are going to treat 
them hostilely, and this expectation then creates its own reality. The 
expectation of hostility is nothing more than the perceiver effect of 
hostility. So the perceiver effect may well correlate with how people die! 

In related work, Dodge and Coie (1987) have shown that adoles­
cent boys who are labeled as aggressive by their peers are more likely 
to label the behaviors of others as aggressive. Thus, these boys have 
a perceiver effect, and they overestimate the aggressive intent of their 
peers. Thus, part of the reason for adolescent antisocial behavior is 
the perceiver effect. This example and the preceding one demonstrate 
that the perceiver effect has important life consequences for people. 

Notes 

1. Sometimes perceivers assume that the targets are very different from one 
another. In this case, perceivers are said to contrast the targets. Contrast effects 
are not generally found in rating data, but if they did exist they would be indicat­
ed by negative variance in perceiver effects. 

2. Because the correlation is between two measures of the same construct 
and so can be viewed as a reliability coefficient, there is no need to square the 
correlation to determine how much variance is explained. The variance explained 
is simply the correlation. 

3. Another possible source of response set is an anchoring-effect hypothesis. 
When subjects use a response scale, they place the first target rated near the mid­
point of the scale. So if subjects rate targets in a different order, that creates a 
pseudo-perceiver effect. Such a hypothesis can be tested by correlating a person's 
perceiver effect-with the target effect of the first target rated by the person. If the 
correlation is negative, there is support for the anchoring-effect interpretation of 
the perceiver effect. 

4. Guilford (1954) also recommended placing all the positive traits on the 
left side of the page. 

5. In both the Zaccaro et al. (1991) and the Chapdelaine et al. (in press) 
studies, some evidence suggested that the target variance (relative to the relation­
ship variance) may be enhanced by using ranks. Rankings may enhance consen­
sus, whereas ratings may enhance uniqueness. That is, rankings may distort the 
relationship effect in ratings. 

6. I am grateful to Patrick Sullivan, who first made this suggestion to me. 
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CONSENSUS 

A fundamental topic in social science is the extent to which two 
observers or perceivers agree with each other in their impres­
sions of a common target. Imagine two people, Mary and 

Susan, who are asked to judge on a 9-point scale how friendly Helen 
is. At issue is the extent to which Mary's rating of Helen agrees with 
Susan's rating of Helen or, using the notation developed in Chapter 
1, M(H) = S(H). This question is often called "agreement," but be­
cause people can agree about nonsocial objects, the term "consensus" 
is preferable. ("Consensus" has a different but related meaning in at­
tribution theory that is not intended in this book.) 

Quite clearly, the consensus question is closely related to the ac­
curacy question. It should, however, be realized that consensus does 
not necessarily imply accuracy. A father and a mother can agree that 
their newborn child will win a Nobel Prize, but the child is not likely 
to win that prize. Generally, however, accuracy implies consensus. At 
the limit, this must be the case; that is, if two people are both exactly 
accurate, they must be in consensus. In social perception, exact ac­
curacy is rare, and only partial accuracy is the norm (Kenny & Al­
bright, 1987). It is both theoretically (Hastie & Rasinski, 1988) and 
empirically (Kenrick & Stringfield, 1980) possible for two perceivers 
not to agree, with both being partially accurate. If there are two different 
factors that determine behavior to which the two perceivers have 
differential access, they can disagree, yet both can be partially accurate. 
So, technically, consensus is neither a necessary nor a sufficient con­
dition for accuracy. 

Some presentations of consensus mix "self-peer" agreement (agree­
ment between a person's view of a target and that target's view of him-

Parts of this chapter are adapted from Kenny (1991) and Kenny, Albright, Malloy, 
and Kashy (in press). Copyrights 1991 and 1994 by the American Psychological As­
sociation. Adapted by permission. 

50 



Consensus 51 

self or herself) with "peer-peer" agreement (agreement between two 
people about a third person). Although there are great similarities in 
the two sets of relationships, there are theoretical and empirical rea­
sons (John & Robins, 1993) to expect differences. Thus, in this chap­
ter, only peer-peer agreement is considered. Self-peer or self-other 
agreement is discussed in Chapter 9. 

This chapter is divided into five sections. In the first, I provide 
a historical review of consensus studies. In the second, I consider the 
measurement of consensus. In the third, I review the results from 32 
studies of consensus. In the fourth, I present a conceptual model of 
person perception that explains the different sources of consensus (Ken­
ny, 1991). Finally, in the fifth section, I attempt to explain the results 
from the empirical review using the conceptual model. The major fo­
cus in the empirical review is the relationship between consensus and 
acquaintance. 

Historical Review 

Historically, there are four interwoven traditions that have studied con­
sensus: research in social psychology, personality, observer ratings, 
and informant accuracy. These four research areas are briefly reviewed. 

Social Psychology 

Within social psychology, there has been considerable interest in the 
extent to which person perception is driven by the stimulus or driven 
by the perceiver's internal processes. This question has been described 
in various ways. For instance, researchers following Dornbusch, 
Hastorf, Richardson, Muzzy, and Vreeland (1965) have referred to 
the "eye of the beholder"; that is, perception reflects the beliefs and 
expectations of the perceiver, and not the characteristics of the target. 
Higgins and Bargh (1987) have discussed the issue of whether social 
perception is data-driven or theory-driven. Research in the area of con­
sensus has been very important in this debate. 

The most influential study in this area is that by Dornbusch et 
al. (1965). They studied an unspecified number of 9- to ll-year-old 
male residents of a summer camp, who had known each other for only 
2 to 3 weeks. Each child was asked to describe in words the other camp 
residents, and the responses were coded into 69 categories. Dornbusch 
et al. (1965) found very little consensus and concluded that "the most 
powerful influence on interpersonal description is the manner in which 
the perceiver structures his interpersonal world" (p. 440). 
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The Dornbusch et al. (1965) study was followed up by Bourne 
(1977) and Park (1986). Bourne, using only 17 people, replicated the 
Dornbusch et al. study. Instead of using relatively unacquainted chil­
dren, he used well-acquainted adults, and he used rating scales as well 
as free descriptions. Like Dornbusch et al., Bourne found low levels 
of consensus. Park (1986) examined consensus in a more controlled 
environment than previous studies had employed, and found higher 
levels of consensus than the earlier studies. 

Motivational factors seem to influence consensus. Work by Tou­
hey (1972) and Rozelle and Baxter (1981) showed that experimental 
instructions to increase the subject's motivation to be accurate also in­
creased consensus. 

Personality 

Researchers in personality have relied primarily on self-report inven­
tories to measure individual differences. However, as reviewed by Wig­
gins (1973), some researchers (e.g., Cattell) have supplemented 
self-report measures with peer ratings, and others (e.g., Norman) have 
primarily relied on peer-rating inventories. 

Over the last decade or so, there has been a virtual explosion of 
personality studies employing peer ratings (Kenrick & Funder, 1988). 
To a large extent, these studies have been undertaken in response to 
the attack on personality. For instance, Bourne (1977) claimed to show 
that there is little consensus and thus that personality does not exist. 
Subsequently, numerous personality researchers (Funder, 1987; Ken­
rick & Funder, 1988; Kenrick & Stringfield, 1980; Moskowitz & 
Schwarz, 1982) have argued that consensus exists in personality judg­
ments and that it demonstrates an empirical basis for individual 
differences. 

Observer Ratings 

Social scientists have long used observers to rate or code social behavior. 
As biologists use mass spectrometers and chemists use electron micro­
scopes, the most valued "instrument" used by social scientists is the 
human observer. 

Initially, classical test theory was applied to human observers, who 
were treated as if they were items on a test. It became clear that hu­
man observers were subject to leniency and halo biases that were less 
problematic with nonhuman methods. Models of the rating process 



Consensus 53 

were proposed by Guilford (1954) and Stanley (1961), and were in 
large part subsumed by Cronbach, GIeser, Nanda, and Rajaratnam's 
(1972) generalizability theory. 

A second tradition besides classical test theory is the 
multitrait-multimethod matrix (Campbell & Fiske, 1959), in which 
the perceiver is treated as a method of measurement. Consensus be­
tween a pair of perceivers is called "convergent validation" within this 
tradition. 

Researchers in areas other than personality have used peer rat­
ings as a basic measure. Developmental psychologists interested in 
popularity, social skills, and social withdrawal have used peer ratings. 
Also, in industrial psychology, performance appraisal often involves 
having more than one person evaluate a given target. 

Informant Accuracy 

Recently, anthropologists have become quite interested in consensus. 
In their research, they repeatedly ask informants how they feel about 
various issues. The assumption is made that when these local infor­
mants all give the same answer, there must exist a culture to which 
the informants belong. Romney, Weller, and Batchelder (1986) have 
proposed that consensus can be used to identify culture. 

In related work, Campbell (1961, 1979) has proposed that what 
creates a scientific culture is consensus. Interestingly, Campbell has 
compared scientists to tribe members and scientific leaders to chiefs. 

The Measurement of Consensus 

In the literature, there are three different approaches to the measure­
ment of consensus: discrepancy, correlation, and variance approaches. 
Each is considered below. 

Discrepancy 

By far the simplest measure of consensus (but, ironically, the most 
difficult to interpret) is the discrepancy score. A discrepancy score meas­
ures the extent to which two perceivers disagree in their ratings of a 
common target. So if John thinks that Mary is friendly and Peter does 
not, there is a discrepancy. For a dichotomous variable, discrepancy 
is the inverse of agreement, and so the two measures are interchange-
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able: Discrepancy implies a total lack of agreement. For a continuous 
variable, a discrepancy score does not indicate a total lack of agree­
ment, but rather some level of disagreement. 

A discrepancy measure can be defined as the absolute difference 
between the ratings by two perceivers of the same target. A discrepancy 
score can be computed across targets by summing across them. Alter­
natively, the discrepancies can be squared, then summed, and finally 
square-rooted to obtain a distance measure. ' 

One difficulty with the discrepancy measure is that there is no 
natural baseline to enable investigators to determine whether the level 
of consensus is above chance levels. Dornbusch et al. (1965) developed 
a creative baseline measure: They asked whether two perceivers agreed 
in their descriptions of the same target as often as two perceivers agreed 
in their descriptions of two different targets. The former measure is 
called "2-on-1" agreement, and the latter "2-on-2" agreement. They 
also proposed a "1-on-2" agreement measure: To what extent does 
the perceiver agree with himself or herself in rating two targets? Thus, 
1-on-2 agreement measures the extent to which a perceiver assimilates 
targets. The appropriate baseline for 2-on-1 agreement is 2-on-2. The 
2-on-1 versus 2-on-2 comparison assesses the extent to which perceivers 
agree at more than chance levels. The Dornbusch et al. 2-on-2 base­
line has been used by Touhey (1972), Bourne (1977), Rozelle and Bax­
ter (1981), and Park (1986). 

The primary problem with discrepancy scores is that they are in­
fluenced by response set. Because Cronbach (1955; Kenny & Albright, 
1987) has made this argument, it is only briefly restated here. Imagine 
two perceivers (A and B) who rate six targets (C through H) on an 
8-point scale. Person A's ratings of C through Hare 3, 5, 6,4,3, and 
4, respectively; B's ratings are 6, 8, 9, 7, 6, and 7, respectively. The 
average discrepancy score between perceivers A and B is 3.0. For the 
2-on-2 Dornbusch et aI. measure, the average discrepancy score is slight­
ly lower, 2.8. The 2-on-1 discrepancy is larger than the 2 on 2, and 
so the two perceivers appear to agree less than would be expected by 
chance. However, it can be seen that perceiver A's ratings are always 
3 points lower than B's. Once this adjustment is made, there is exact 
agreement. Because the mean level of a perceiver's ratings is often of 
little psychological interest, and because the discrepancy score is very 
sensitive to the mean difference between perceivers, the discrepancy 
measure of consensus can be very misleading. 

Correlation 

When a group of targets is rated by two or more perceivers, a correla­
tion can be used to index consensus. The correlational measure of con-
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sensus has the advantage of a natural baseline of zero, and be­
cause the perceivers' means are subtracted, response set does not 
affect it. Also, the interpretation of a correlation coefficient is rela­
tively straightforward: A correlation of 1 indicates exact relative agree­
ment, and a correlation of 0 indicates no agreement beyond chance 
levels. 

The correlational measure of consensus is used commonly by per­
sonality psychologists. An example of a study that used a correlation­
al measure of consensus is that by Woodruffe (1984), who had 66 
members of a class recruit 10 close acquaintances, each of whom rat­
ed the member who chose him or her. Thus, for each of the 66 class 
members there were 10 ratings, one from each acquaintance. The class 
members were the targets, and the acquaintances were the perceivers. 
Evidently, Woodruffe arbitrarily labeled the friends as perceivers 1 
through 10 and then intercorrelated the ratings with 10 variables, result­
ing in 45 correlations. The average of these correlations was used to 
measure consensus, and its value was .22. 

Although a correlational measure is greatly superior to a discrepan­
cy measure of consensus, it nonetheless has drawbacks. For example, 
note that for each target, Woodruffe (1984) arbitrarily assigned per­
ceivers to the positions 1 through 10. Any different assignIl!-ent pat­
tern would probably yield a different average between-perceiver 
correlation. An intraclass correlation, not an ordinary correlation, 
would have been more appropriate for this study. 

Variance 

The variance measure gives the amount of variation in the ratings that 
is determined by the target. For each target, the mean rating, aver­
aged across perceivers, is computed. If these means differ from target 
to target (i.e., if they vary), there is evidence of consensus. Perhaps 
the first use of a variance measure was in the Norman and Goldberg 
(1966) study. These researchers had perceivers rank-order the targets. 
They then computed the variance in the means for targets and sub­
tracted what the variance would have been if the perceivers had as­
signed ranks randomly. 

Generalizability theory (Cronbach et aI., 1972) can be used to 
develop a variance measure of consensus. Consider the case in which 
there are n perceivers and m different targets. To determine the vari­
ance that can be attributed to target, a two-way analysis of variance 
is computed in which the two factors are perceiver and target. From 
this analysis, one can compute the proportion of variance that is at­
tributable to target by dividing the estimated target variance by the 
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sum of the estimated perceiver variance, target variance, and perceiver 
x target variance. The ratio of target variance to total variance can 
be interpreted as a correlation: If one were to sample perceivers and 
targets randomly, the proportion of target variance would represent 
the correlation between two perceivers. 

Much of the research on social perception has employed a recipro­
cal design in which each person serves as both a perceiver and a tar­
get, whereas in the classical design a set of perceivers rates a set of 
targets, and the perceivers and the targets are different people (Kenny 
& Albright, 1987). When a reciprocal design is undertaken, compli­
cations arise in the computation of the variance components. First, 
there are missing data because people do not rate themselves; even if 
they do, those data should be set aside, because self-ratings may be 
qualitatively different from other ratings. Second, there is noninde­
pendence in the data (Kenny & Judd, 1986), because the level at 
which John rates Joe may well be correlated with the level at which 
Joe rates John. My colleagues and I have developed procedures for 
estimating the variance components for reciprocal designs (Kenny~ 
1981, 1988; Warner, Kenny, & Stoto, 1979), and these have been 
included in the Social Relations Model (SRM). Actually, SRM can be 
viewed as the application of generalizability theory to data gathered 
from reciprocal designs (Malloy & Kenny, 1986). A detailed descrip­
tion of the estimation of the variance components is presented in Ap­
pendix B. 

A variance measure is somewhat less interpretable than a correla­
tional measure. Fortunately, a variance can be converted into a corre­
lation. For instance, the target variance divided by the total variance 
estimates the correlation for a design in which each target is judged 
by a different pair of perceivers. 

A major disadvantage of the variance measure is that computa­
tional difficulties often require specialized computer software. There 
is also the possibility of anomalous values. Estimates of variance com­
ponents can be negative, but negative variance estimates usually indi­
cate small or no population variances. The advantages of a variability 
measure are that it generalizes across targets and perceivers and has 
a baseline of zero. Moreover, the proportion of variance that is at­
tributable to target can be viewed as a correlation. 

In this chapter, the proportion of variance that can be attributed 
t<? target is used as the measure of consensus. Such a statistic can be 
interpreted as the average correlation in ratings between two perceivers, 
given that each target is rated by a different pair of perceivers. It 
represents the percentage of the variance in an individual's rating that 
can be attributed to the target. 
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Empirical Review 

My colleagues and I (Kenny, Albright, Malloy, & Kashy, in press) 
conducted the most comprehensive survey of consensus to date. This 
section presents the results from our summary. We examined the 
level of consensus from 32 studies with 2934 subjects using 407 traits. 
Thirteen of the studies examined consensus over time. In each of these 
over-time studies, the results refer to the same set of people across 
time, and so any people who missed one or more times were elim­
inated.! 

To qualify for inclusion, a study had to meet several criteria. First, 
each perceiver had to evaluate multiple targets, and each target had 
to be judged by multiple perceivers. Twenty-three of the studies em­
ployed round-robin designs (see Chapter 2, Table 2.Sa); in such a de­
sign, each person judges everyone in the group. Other designs were 
also used (Kenny, 1990), and six of the remaining nine studies em­
ployed block designs (see Table 2.Sb). In a block design, the people 
are divided into two groups, and each person in one group rates all 
those who are in the other group. The second criterion for inclusion 
in this review was that for each study, the proportion of target vari­
ance had to be measured. A list of the 32 studies is presented in Table 
4.1, and a brief description of each is given in Appendix A. 

As throughout this text, the Big Five factor classification is used. 
Factor I is called Extroversion, Factor II is called Agreeableness, Fac­
tor III is called Conscientiousness, Factor IV is called Emotional Sta­
bility, and Factor V is called Culture. 

Besides trait type, a second variable considered in the summary 
of studies was the level of acquaintance between the perceiver and the 
target. Three different levels of acquaintance, as initially discussed in 
Chapter 1, were used. The first level is zero acquaintance (Albright 
et aI., 1988), in which the perceiver and target have no prior interac­
tion history. The second level of acquaintance is short-term acquain­
tance, in which the perceiver and target meet and interact for a brief 
time (usually no more than an hour). Either these interactions can be 
one-on-one with no one else present, or they can take place in a group. 
This category includes studies of classroom groups even if they met 
throughout the semester. The final level of acquaintance is long-term 
acquaintance, in which most of the people have known each other for 
years. A typical study of this type would involve a group of people 
living in a college sorority or fraternity. 

Using this classification system, we (Kenny et aI., in press) could 
classify each of the 32 studies into the different levels of acquaintance. 
In 13 of the studies, the perceivers rated the targets at more than one 
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TABLE 4.1. list of 32 Studies in Empirical Review 

Albright (1990) 
Albright, Kenny, & Malloy (1988), 

Study 1 
Albright, Kenny, & Malloy (1988), 

Study 2 
Albright, Kenny, & Malloy (1988), 

Study 3 
Albright-Malloy (1988) 
Anderson (1985) 
Campbell, Miller, Lubetsky, & 

O'Connell (1964) 
Dantchik (1985) 
DePaulo, Kenny, Hoover, Webb, & 

Oliver (1987) 
DiPilato (1990) 
Hallmark (1991) 
Hallmark & Kenny (1989) 
Kashy (1988) 
Kenny (1992) 
Kenny & Bernstein (1982) 

Kenny & DePaulo (1990), applicant 
Kenny & DePaulo (1990), interviewer 
Kenny, Homer, Kashy, & Chu 

(1992), Study 1 
Kenny, Homer, Kashy, & Chu 

(1992), Study 2 
Kenny, Homer, Kashy, & Chu 

(1992), Study 3 
Latane (1987) 
Levesque (1990) 
Malloy (1987a) 
Malloy & Albright (1990) 
McGillan (1980) 
Montgomery (1984) 
Oliver (1989) 
Park & Judd (1989) 
Reno & Kenny (1992) 
Rothbart & Singer (1988) 
Schill & Thomsen (1987) 
Yingling (1989) 

Note. For details on these studies, see Appendix A. Adapted from Kenny, Albright, Mal­
loy, and Kashy (in press). Copyright 1994 by the American Psychological Association. Adapted 
by permission. 

time, and these studies are called the "longitudinal" studies. Four of 
these studies were in two different classifications of acquaintance (gener­
ally zero and short-term group). Also, it is unclear what the proper 
classification of wave 1 of the Albright-Malloy (1988) study is (it be­
ing a mixture of zero and short-term group acquaintance); thus wave 
1 from that study is not included in the cross-sectional review, but is 
included in the longitudinal review. The review of the studies is divid­
ed into two sections: one for the cross-sectional results, and one for 
the longitudinal results. 

Cross-Sectional Results 

The review of the cross-sectional results is divided into four sections, 
covering studies of zero acquaintance; short-term acquaintance, one­
on-one interactions; short-term acquaintance, group interactions; and 
long-term acquaintance. For each study, the results of the variance par­
titioning are presented for the Big Five factors. 

To determine consensus for each of the five factors, the mean con­
sensus across traits was computed for each study, and medians across 
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studies were computed. Table 4.2 presents the levels of consensus for 
the Big Five factors by the four levels of acquaintance. 

Zero Acquaintance 

Table 4.2 presents the results of nine zero-acquaintance studies. In seven 
of the nine studies, the targets were physically present in the room with 
the perceiver; in one study, the targets were on videotape (Kenny, Hom­
er, Kashy, & Chu, 1992, Study 1); and in one study, the targets were 
photographed (Latane, 1987). 

The results for Factor I, Extroversion, show relatively high levels 
of consensus; nearly 30% of the variance in ratings of Extroversion 
is target-based. The factor with the next highest level of consensus is 
Conscientiousness, but its size is only half that of Extroversion. The 
factors of Emotional Stability and Culture show low levels of consen­
sus, and the factor of Agreeableness shows hardly any consensus at all. 

Short -Term Acquaintance, One-an-One Interactions 

Across nine studies of short-term acquaintance, one-on-one interac­
tions, the level of consensus for the factors is rather low. Averaging 
across the five factors, the level of consensus is only .070, and the 
highest level of consensus is only .083 for Extroversion. One-on-one 
interactions with strangers produce relatively low levels of consensus. 

In one-on-one interactions, the level of consensus is considerably 
lower for Extroversion and Conscientiousness than it is for those fac­
tors in the zero-acquaintance studies. So gathering more data about 

TABLE 4.2. Median Consensus Estimates (Proportions of Target Variance) 
for the Big Five Factors in the Cross-Sectional Studies 

na Nb II III IV V 

Zero acquaintance 9 798 .273 .032 .134 .085 .070 
Short-term acquaintance 

One-on-one 9 644 .083 .082 .034 .070 .079 
Group 13 1250 .320 .096 .156 .104 .141 

Long-term acquaintance 5 645 .286 .270 .265 .263 .290 

Note. Factor numbers: I, Extroversion; II, Agreeableness; III, Conscientiousness; IV, Emo· 
tional Stability; V, Culture. Adapted from Kenny et al. (in press). Copyright 1994 by the 
American Psychological Association. Adapted by permission. 
aThe number of studies. 
bThe number of perceivers. 
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a target appears to lower consensus for those two factors. Compared 
with the zero-acquaintance studies, there is virtually no change in con­
sensus for Emotional Stability or Culture, but Agreeableness does show 
an increase. If the source of consensus at zero acquaintance is a set 
of stereotypes, then the perception of targets in one-on-one interac­
tions is not based on stereotypes to the same extent as it is in zero ac­
quaintance. Perception is more individuated, but evidently target 
behaviors are not very consistent across interaction partners. 

Short- Term Acquaintance, Group 

In 13 short-term acquaintance studies, people interacted in groups. 
Extroversion shows the greatest level of consensus. Conscientiousness 
is a distant second, and close behind is Culture. Agreeableness and 
Emotional Stability both have consensus levels of about .10. The pat­
tern of results for these studies mirrors that for the zero-acquaintance 
studies, but consensus is somewhat higher in the short-term group 
studies. 

The similarity between the short-term group and zero-acquaintance 
results is not that surprising, because a short-term group study is not 
very different from a zero-acquaintance study. Participation may be 
the only cue added in many group studies. Dabbs and Ruback (1987) 
have shown that when individuals participate more equally in groups, 
there is less consensus in ratings. Because Extroversion information 
is picked up with minimal interaction, group interaction may add rela­
tively little information to perceivers' impressions of targets. 

In some studies, the situation was designed to provide particular 
information to the perceivers about the targets' standing on a trait. 
For instance, in both the DiPilato (1990) and Kashy (1988) studies, 
the subjects engaged in intellectual tasks. In both studies, there are rela­
tively high levels of consensus on Culture (.30). So, unless the situa­
tion provides a context to elicit information concerning a specific factor, 
the profile of consensus from a short-term group study is likely to resem­
ble closely the profile from a zero-acquaintance study. 

Long-Term Acquaintance 

Only five studies examined consensus among people who had known 
each other for an extended time. However, these studies had large sam­
ple sizes, involving a total of 645 people. 

The level of consensus from these studies is quite homogeneous, 
averaging to .275. We (Kenny et aI., in press) found, as did Paunonen 
(1989), that among well-acquainted individuals there is little differ-
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ence across the traits in the level of consensus. Interestingly, for Ex­
troversion the level of consensus is only slightly higher than it is at 
zero acquaintance, and less than the level of consensus in short-term 
groups. Increasing acquaintance does not appear to increase consen­
sus for Extroversion. 

Summary of Cross-Sectional Results 

Several general trends appear in Table 4.2. First, when there are differ­
ences in the factors for a given level of acquaintance, there is more 
consensus in the ratings of Extroversion than in those for any other 
factor. This is particularly true for zero-acquaintance and short-term 
group interactions. Second, and counterintuitively, social interaction 
does not always result in an increase in consensus, but can actually 
result in a decrease. This can be seen by comparing the short-term one­
on-one results to the zero-acquaintance results. Third, short-term group 
interactions result in greater levels of consensus than short-term one­
on-one interactions for all five factors. The most likely explanation 
is that there is greater overlap in stimulus information in group than 
in one-on-one interactions. In group studies perceivers are exposed to 
the same information, whereas in one-on-one studies perceivers are 
probably exposed to different information. Fourth, long-term acquain­
tance results in uniform but modest levels of consensus. Except for 
Extroversion, consensus is greatest with long-term acquaintance. The 
interpretation of the cross-sectional results is discussed in more detail 
later in this chapter. 

Longitudinal Results 

Now considered are the results of 12 over-time studies that measured 
consensus. Note that the Kenny and DePaulo (1990) interviewer study 
is not considered here, because the level of consensus was so low (the 
mean being .01) that there was no room for any temporal trends. 

Table 4.3 presents summary information about the patterns of 
change in these studies. For each factor, a linear trend (i.e., a measure 
of whether consensus increased or decreased) over time was comput­
ed. If the study included a zero-acquaintance condition, that wave was 
dropped because our purpose was to study the effect of acquaintance 
on consensus. 

To interpret the results in Table 4.3, recall that even if there were 
no trends over time, the expectation would be that 50% of the studies 
would show an increase. As can be seen in Table 4.3, there is a 
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TABLE 4.3. Summary of the Longitudinal Results 

% studies that 
Variable show increase 

Acquaintance level 
Laboratory studies 46 
Classroom studies 71 

Factor 
Extroversion 33 
Agreeableness 50 
Conscientiousness 56 
Emotional Stability 56 
Culture 62 

Note. Adapted from Kenny et al. (in press). Copyright 1994 
by the American Psychological Association. Adapted by per­
mission. 

Chapter 4 

tendency toward no increase in consensus over time in the laboratory 
studies, but there is a hint of an increase in consensus in classroom 
studies. (Because there was only one residentiaIlongitudinal study, it 
is not included in this part of the summary.) We (Kenny et aI., in press) 
have offered the following interpretation of the results from the labora­
tory studies: The degree of acquaintance was minimal in these studies, 
and so very limited information was gained about the target. Moreover, 
these laboratory situations did not provide much information about 
a person's personality besides Extroversion, and that information was 
picked up very quickly. The classroom situation did allow for inter­
action over a longer time. Moreover, people were not as constrained 
by the situation as they were in the laboratory, and so they probably 
interacted more naturally. The classroom situation also allowed per­
ceivers to gain information about Conscientiousness and Culture that 
could not be readily ascertained in the typical laboratory experiment. 
However, it should be noted that the level of acquaintance by the final 
waves may have been minimal even in these studies. For most of the 
classroom studies, people interacted for no more than 2 or 3 hours. 

Table 4.3 also presents the results separately for the five factors. 
The pattern is fairly clear: Extroversion and Agreeableness show no 
increase over time, whereas the other three factors do show an increase. 
So extended interaction with targets may well lead to increased con­
sensus for Conscientiousness, Emotional Stability, and Culture. 

Although the results in Table 4.3 are suggestive, it should be real­
ized that the longitudinal patterns are inconsistent (Kenny et aI., in 
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press). There is then little basis for concluding from these 12longitu­
dinal studies that increased acquaintance leads to an increase in con­
sensus. 

Before an attempt is made to interpret the longitudinal and cross­
sectional results, a general model is presented. This model can be used 
as a framework to understand the puzzling findings that have been 
encountered in the empirical summary. 

A General Model of Consensus: 
The Weighted-Average Model 

In this section, a comprehensive mathematical formulation of the var­
ious factors that determine the level of consensus is presented. The 
model, called the "Weighted-Average Model" (WAM; Kenny, 1991), 
has been developed in an attempt to clarify the anomalies found in 
the empirical review. W AM can be used to predict the level of consen­
sus as well as other aspects of interpersonal perception. It is also used 
in the discussion of uniqueness in Chapter 5, target accuracy in Chap­
ter 7, and self-other agreement in Chapter 9. The technical details of 
WAM (including two additional parameters not discussed here) are 
presented in Appendix C. 

It is important to differentiate W AM from SRM. W AM is a the­
oretical model that describes the processes by which trait impressions 
are formed. SRM is a statistical model that partitions variance into 
perceiver, target, and relationship. 

Model Parameters 

Before the formal model is presented, the nine factors that combine 
to determine consensus must be defined. Table 4.4 lists these 
parameters, and a brief description of each is presented below. 

• "Acquaintance," or n. Acquaintance is the sheer amount of in­
formation (i.e., number of behavioral acts) to which the perceiver is 
exposed. Presumably, the more behaviors observed, the more perceivers 
should agree. Acquaintance is viewed as a quantitative variable. 

• "Overlap," or q. To what extent do two perceivers observe the 
target simultaneously? That is, to what extent do the perceivers ob­
serve the same set of target behaviors? The overlap factor, which has 
been largely ignored, plays a pivotal role in determining the degree 
of consensus. 
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TABLE 4.4. Parameters of WAM 

Parameter Definition 

n Acquaintance (number of behavioral acts) 
q Overlap 
r1 Consistency 
r2 Similar meaning systems 

w Weight of physical-appearance stereotypes 
r3 Agreement about stereotypes 
r4 "Kernel of truth" in stereotypes 
k Weight of unique impression (extraneous information) 
a Communication 

Note. In Kenny (1991), w was set to 0, and rJ and '4 were not present. Ap­
pendix C presents a fuller version of the model, in which rJ and '4 as defined 
here are labeled differently (see Table C.1). 

• "Consistency," or rl. How consistent is the target's behavior? 
If the target is friendly in one situation, woule! the target be friendly 
in another situation? Historically, personality researchers have taken 
consensus to be a measure of the extent to which the target's behavior 
is consistent, but it is shown below that consensus can exist even when 
the target's behaviors are inconsistent. 

• "Similar meaning systems," or r2. To what extent is an act 
given the same meaning by two perceivers? That is, if two perceivers 
see a target engage in a behavior, to what extent do they label that 
behavior in the same way? 

• "Physical-appearance stereotypes," or w. To what extent do 
stereotypes about physical appearance (e.g., age, sex, ethnicity, vocal 
quality, physical attractiveness) influence impressions? It is well estab­
lished that first impressions are affected by such stereotypes. 

• "Agreement about stereotypes," or r3. To what extent do the 
perceivers agree with each other in their stereotypes about physical 
appearance? Presumably, stereotypes are largely culturally driven, and 
there is likely to be high levels of agreement. 

• "Validity of stereotypes," or r4. To what extent do the stereo­
types about physical appearance predict the behavior of the target be­
ing rated? In other words, is there a "kernel of truth" in those 
stereotypes? 

• "Unique impression," or k. To what extent does the perceiver 
rate the target based on extraneous information, that is, information 
not based on the target's acts or appearance? 

• "Communication," or a. To what extent do the perceivers share 
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with each other their impressions of the target? The ratings of two 
perceivers can be similar because they communicate their impressions 
to each other. 

It is possible to relate all nine of these factors in a single mathe­
matical model. A modified version of Anderson's (1981) weighted­
average model is used; hence the name of the present model, ''Weighted­
Average Model." First, a brief review of Anderson's weighted-average 
model is presented. Imagine that a perceiver knows three facts about 
a target: She is a librarian, she is politically conservative, and she likes 
to dance. The perceiver is asked to rate how extroverted the target 
is. According to Anderson's weighted-average model, each fact has a 
scale value. The scale value, symbolized by s, states the impression 
that the perceiver would have of the target if there were no other in­
formation. Presumably for Extroversion, "being a librarian" would 
have a negative scale value, whereas "liking to dance" would have a 
positive scale value. 

Also associated with each piece of information is a weight. The 
weights multiply the scale values and represent the importance or 
salience of the information. Anderson's weighted-average model states 
that the impression that a perceiver has of the target equals the sum 
of each scale value multiplied by a weight, and this sum is divided by 
the sum of the weights. This weighted-average model is now applied, 
in the form of W AM, to the measurement of consensus. 

W AM assumes that a target engages in a series of behavioral acts 
(which include both verbal and nonverbal behaviors). The acts are 
designated as A's, and the target's physical appearance as P. A per­
ceiver, who observes a subset of the A's and the target's P, is asked 
to judge that target on a given trait. Each act and the physical­
appearance information is given a meaning, or in terms of Anderson's 
(1981) model, a scale value. 

Two perceivers may attach different scale values to the same act 
and the same physical appearance. For instance, if they observe the 
same act (e.g., Dave losing his keys), one may infer that the act was 
disposition ally caused (Dave is forgetful), whereas the other may in­
fer that the act was situation ally caused (the keys fell out of Dave's 
pocket). 

The perceiver's impression of the target is also influenced by the 
"unique impression," which represents that part of the perceiver's im­
pression not caused by the target's acts or physical appearance. For 
instance, the perceiver may be favorably disposed toward the target 
because the perceiver is in a good mood that day or because the per­
ceiver believes that all targets tend to have a high standing on the trait. 
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The unique impression in W AM is a broader concept than the "initial 
impression" in Anderson's (1981) formulation. In WAM, the unique 
impression represents all the information that a perceiver uses that is 
not based on the target's behavior. In Anderson's model, the initial 
impression represents a perceiver'S impression of a target based on no 
information. The unique impression can change over time, whereas 
the initial impression cannot change. 

The perceiver's impression of the target is assumed to be a weighted 
average of the scale values for the behaviors that the perceiver observes, 
the scale value of physical appearance, and the unique impression. It 
is assumed that each act is equally weighted. The equal-weighting as­
sumption is made to simplify an already complex model. Ideally, fu­
ture work with W AM will relax the equal-weighting assumption. 

Figure 4.1 presents WAM in schematic form. There is one target 
who engages in three acts. Of course, real targets engage in many more 
acts in a few minutes, but for illustrative purposes only a few acts are 

. chosen. The acts are labeled At through A 3 • Two perceivers observe 
a subset of the target's acts. The first perceiver views acts At and A2 
and the second perceiver observes A2 and A 3• Both perceivers view the 
target's physical appearance, P. 

Each perceiver evaluates the target, and a meaning or a scale value 
s is attached to each act observed by each perceiver and to the target's 
physical appearance. Note that although both perceivers observe A2 , 

each attaches a different meaning to that act, and this is indicated by the 
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FIGURE 4.1. WAM. See text for details. 
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double subscripts. For example, S12 in Figure 4.1 is the scale value for 
A2 as observed by perceiver 1. Each perceiver also attaches a differ­
ent meaning, SIP or S2P, to the physical-appearance information, P. 
Also, each perceiver forms a unique impression of the target, denoted 
by SID for perceiver 1 and S20 for perceiver 2. The scale values for the 
acts observed by the perceiver (equally weighted), the physical­
appearance information, and the unique impression combine to form 
that perceiver's impression of a particular trait, I. The perceivers then 
communicate their impressions to each other, and they may thereby 
influence each other. This mutual influence is represented by the paths 
labeled a in Figure 4.1. The value of a can be negative; for instance, 
if the perceivers dislike each other, they might negatively influence one 
another. 

The correlation between two perceivers' impressions across a set 
of targets is a function of the nine parameters described earlier and pre­
sented in Table 4.4. First is n, the number of acts that each perceiver 
observes, which is assumed to be the same for each perceiver. Second 
is q, the proportion of acts for the two perceivers that overlap. So if 
n is 40 and q is .75, then the two perceivers see nq, or 30, of the same 
acts. In Figure 4.1, q is .5 because each perceiver sees two acts, one of 
which (A2) is the same. The third parameter is rl, the degree to which 
a target's behavior is consistent. It measures the extent to which the 
same perceiver assigns similar scale values to two different acts. In Figure 
4.1, it is the correlation between Sl1 and S12' Fourth is r2, the corre­
lation between two perceivers' scale values for the same act. This 
parameter measures the similarity between the two perceivers' mean­
ing systems. In Figure 4.1, it is the correlation between S12 and S22' 

There are three parameters that refer to the use of physical­
appearance stereotypes. First is w, the weight attached to these stereo­
types. Second is r3, the degree to which perceivers agree in their 
stereotypes. In Figure 4.1, it is the correlation between SIP and S2P' 

Third is r4, the degree to which the stereotype correlates with the per­
ception of behavior, In Figure 4.1, it is the correlation between SIP 

and Sl1' 

There are two final parameters in the model. First is k, the weight 
for the unique impression. Second is a, the degree to which the per­
ceivers influence each other. 

The equations that state the amount of consensus are presented 
in Appendix C. These equations express consensus, denoted as c, in 
terms of the nine parameters: acquaintance (n), overlap (q), consis­
tency (rl), similar meaning systems (r2), weight given to stereotypes 
(w), similar stereotypes (r3), validity of stereotypes (r4), weight of 
the unique impression (k), and communication (a).2 The equations 
are quite complex, but they have some important but nonobvious 
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implications for the study of consensus. In the remainder of this sec­
tion of the chapter, I explore these conclusions. 

Implications of the Model 

Before the implications of the model are considered, it is important 
to remember that the measure of consensus is the correlation between 
two perceivers' ratings across a set of targets. So if Zelda and Heidi 
rate 10 people whom they know in common, they would show con­
sensus if their ratings of a trait across the 10 targets were correlated. 
In keeping with the focus of the chapter, the primary emphasis is on 
the relationship between consensus and acquaintance. 

This section is quite difficult. Keeping track of nine parameters 
and what they each mean is not simple. To facilitate comprehension, 
the major conclusions of this section are printed in bold type. 

Considered first are the implications of the model if it is assumed 
that perception is not determined by the unique impression or physi­
cal appearance, and that there is no communication between perceivers. 
Thus k, w, and a are set to zero, and the impression is entirely at­
tributable to the perception of the target's behaviors. 

If physical-appearance and unique-impression effects are absent, 
and if there is some consistency but less than perfect overlap, greater 
acquaintance leads to greater consensus. Consensus increases because 
of the increased reliability in the perceivers' impressions. That is, with 
increased acquaintance, a perceiver samples more of the target's acts 
and so forms a more reliable impression. This increase in sample size 
results in an increase in consensus only if there is some consistency 
in the target's behaviors and the two perceivers sample different tar­
get behaviors (i.e., overlap is less than perfect). 

However, given high overlap, acquaintance does not always lead 
to increased consensus. The relationship between acquaintance and 
consensus as moderated by overlap is shown graphically in Figure 4.2. 
The following assumptions have been made: There is weak consisten­
cy (rl = .05) and moderately to very similar meaning systems 
(r2 = .5). (These hypothetical values are consistent with the empiri­
cal work of Park, DeKay, & Kraus, 1994.) The relationship between 
acquaintance, or n, and consensus, or c, is presented for three values 
of the overlap parameter, or q. When there is perfect overlap (q = 1), 
consensus does not increase as acquaintance does. When physical­
appearance and unique-impression effects are absent, perfect overlap 
results in consensus being unrelated to acquaintance. As overlap 
declines, acquaintance begins to have more of an effect on consensus. 
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FIGURE 4.2. Consensus (c) as a function of overlap (q) and acquaintance (n). 

The increase in consensus as a function of acquaintance can be attribut­
ed to the increased reliability because of the larger sample size of acts. 

If both the unique-impression and physical-appearance informa­
tion are added to the model, the relationship between acquaintance 
and consensus becomes much more complicated. At this stage, it is 
assumed that there is no "kernel of truth" (r4 = 0), and that there is 
no communication (a = 0). As in Figure 4.2, the assumptions of weak 
consistency (rl = .05) and moderately to strongly similar meaning 
systems (r2 = .5) have been made. 

Still yet another correlation needs to be defined here. It is the degree 
of consensus between two perceivers when the target is judged without 
reference to the behavior of the target. That correlation, to be called 
rs, can be shown to equal r3w2/(w2 + k2). Basically, rs captures the 
degree to which stereotypes about physical appearance determine the 
perceivers' impression and the degree to which those stereotypes are 
shared. 

Considered first is the case3 in which rs = r2 = .5. In this case, 
the nonbehavioral information is shared to the same degree as the be­
havioral information. As shown in Figure 4.3, when there is perfect 
overlap, there is no relationship between acquaintance and consen­
sus: The function is perfectly flat, as it is in Figure 4.2 when there is 
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FIGURE 4.3. Consensus (c) as a function of overlap (q), moderately consensual 
stereotypes ('5 = '2), and acquaintance (n). 

perfect overlap. As overlap declines, the function becomes increasing­
ly concave or bent: Consensus first declines and then later increases. 
The decline is caused by the fact that physical-appearance informa­
tion, which is shared, is given increasingly less weight. The increase 
is a result of the augmented reliability because of sample size. The degree 
of concavity in the function (i.e., the degree to which it is shaped like 
a bowl) depends on overlap: The less overlap, the greater the bend 
in the function. 

If physical-appearance information is not given much weight or 
it is not very consensual (r5 < r2), then the relationship between con­
sensus and acquaintance becomes stronger, as in Figure 4.4. As seen 
for all three values of the overlap parameter, the level of consensus 
increases as acquaintance increases. However, the increase is smaller 
when there is less overlap. High overlap dampens the relationship be­
tween acquaintance and consensus. 

However, if physical-appearance information is given great weight 
and is highly consensual (r5 > r2), the relationship becomes increas­
ingly concave, as in Figure 4.5. With very low acquaintance 
(1 < n < 35), there is even a negative relationship between acquain­
tance and consensus, but for more established relationships and low 
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FIGURE 4.4. Consensus (e) as a function of overJap (q), weakly consensual stereo­
types (r5 < r2), and acquaintance (n) . 
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FIGURE 4.5. Consensus (e) as a function of overlap (q), strongly consensual stereo­
types (r5 > r2), and acquaintance (n). 
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overlap, there is a slight positive relationship between acquaintance 
and consensus. Interestingly, with high overlap and strong physical­
appearance effects, consensus uniformly decreases with increasing ac­
quaintance. 

Figures 4.2 through 4.5 clearly show that the strength of the ef­
fect of acquaintance on consensus depends heavily on the overlap 
parameter (q). If there is high overlap, there is virtually no increase 
in consensus as acquaintance increases. Also, even if overlap is low, 
strong consensus about physical-appearance cues can lead to a rela­
tively flat relationship between consensus and acquaintance. These 
results, though not supported by common sense, are supported by the 
longitudinal studies reviewed earlier in this chapter. Those studies reveal 
little or no relationship between consensus and acquaintance. 

As acquaintance increases, the maximum limit of consensus, as­
suming no communication, is the degree to which meaning systems 
are shared. Whatever the number of acts, the limit for c is the correla­
tion between act scale values. To return to Figures 4.2 through 4.5, 
all of the curves asymptote at .5, the value of r2' 

Both overlap and similar meaning systems drive consensus. So far, 
the consistency parameter has not been varied. The effect of consistency 
on consensus depends heavily on overlap. If overlap is perfect, then 
the level of consistency has little or no effect on consensus. However, 
if either there is not perfect overlap or the unique impression has a 
weight other than zero (more technically, rs < r2), then as consisten­
cy increases, so does consensus. But if n is large and even if overlap 
is zero, consistency can be very small, yet consensus can be moderate. 

This is illustrated in the top panel of Figure 4.6. It has been as­
sumed that k, w, q, and a equal zero, and that r2 = .5. Presumably, 
perceivers sample many target acts - probably hundreds. So in Figure 
4.6, n varies from 1 to 500. Given the law oflarge numbers, low con­
sistency can lead to moderate consensus. Recall that, given no over­
lap as acquaintance increases, consensus approaches r2 (similar 
meaning systems) as long as there is some consistency. As consistency 
increases, consensus approaches r2 more rapidly. So in Figure 4.6, for 
both rl = .01 and .10, c approaches .5 (the value of r2), but it does 
so more rapidly when rl = .10. The model can then explain why 
studies of behavioral consistency at the act level show very low corre­
lations (often nonsignificant ones), whereas consensus between per­
ceivers appears to be moderate. Consistency can be extremely low, 
but because perceivers sample hundreds of acts, they can agree at a 
moderate level. 

In the bottom panel of Figure 4.6, the effects of unique impres­
sion and physical appearance are included in the model. It is assumed 
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that w = k = 5 and that r3 = .8, making rs = .4 and all other 
parameters as they are in the top panel. The presence of consensual 
physical-appearance information weakens the relationship between con­
sensus and acquaintance when overlap is low, and makes it concave 
or bowl-like. Interestingly, the curves for two levels of consistency are 
nearly parallel when the effects of physical appearance are added to 
the model. 

If acquaintance is high and there is no communication, then the 
other parameters have titde influence on the level of consensus. The 
value of c approaches r2, given that rl > O. If rl = 0, then for large 
n, consensus approaches qr2. Thus, given a high level of acquain­
tance, the level of consistency (as long as it is greater than zero) does 
not affect the level of consensus. Therefore, consensus is not deter­
mined very much by the level of consistency, especially for people who 
know each other well. 

The "kernel of truth" parameter, or r 4, has relatively litde effect 
on consensus. However, it has a dramatic effect on accuracy, which 
is discussed in Chapter 7. 

When the communication parameter is positive, consensus is en­
hanced. As the communication parameter increases, the consensus 
correlation approaches unity. Large communication effects may ob­
scure the effects of the other parameters. If, however, the communi­
cation parameter is negative (e.g., the perceivers dislike each other), 
then communication lowers consensus. It would seem that such 
"boomerang effects" (Abelson & Miller, 1967) are probably infrequent, 
because people are unlikely to communicate with those whom they 
dislike. 

Summary 

Under the condition of high overlap, there is little or no relationship 
between consensus and acquaintance. As overlap decreases, the rela­
tionship between consensus and acquaintance becomes more ·complex. 
If physical-appearance cues play an important role in perception and 
they are highly consensual, consensus initially declines in acquaintance 
and then later increases. If physical-appearance information is less im­
portant or its meaning is not consensual, then increasing acquaintance 
does lead to greater consensus. 

Assuming no communication and some consistency, the upper limit 
of consensus is the parameter of similar meaning systems. If there is 
no consistency, then the upper limit is overlap times similar meaning 
systems. Consistency increases consensus only when both overlap and 
acquaintance are low. In general, overlap and similar meaning sys-
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tems are more important parameters than are consistency and ac­
quaintance. 

General Discussion 

The Low Level of Consensus 

Commenting on essentially the same set of studies of consensus, Ross 
and Nisbett (1991) stated that the correlations "were not very high" 
(p. 99), whereas Kenrick and Funder (1988) asserted that "it is clear 
that the use of reliable rating scales leads to high agreement regarding 
a target's personality" (p. 25). Whether one considers the levels of con­
sensus in Table 4.2 as high or low has become a controversial issue. 

. Two things can be said about the level of agreement. First, judges 
do agree with one another, especially when they have information about 
the target. Second, judges also disagree with one another; well over 
two-thirds of the variance represents disagreement. This section dis­
cusses why judges disagree and considers factors that may have led 
to an underestimation of the level of consensus. 

Why Do Judges Disagree? 

In WAM (Kenny, 1991), there are three different sources of disagree­
ment in the rating of a target by two judges: nonoverlap, different mean­
ing systems, and unique impression. "Nonoverlap" refers to the fact 
that the two judges see different target behaviors, and that is why they 
disagree. As can be seen by comparing the second and third rows of 
Table 4.2 (the one-on-one vs. the group studies), nonoverlap does sub­
stantially reduce the level of consensus. However, even when the judges 
see identical information, the level of consensus is not very impres­
sive. Hence, the disagreement is probably attributable to other fac­
tors besides nonoverlap. 

The second source of disagreement in W AM is different meaning 
systems. When judges see the same behavior, they may attach differ­
ent meanings to it. Attribution theory emphasizes the fact that per­
ceivers often give different meanings to the same behavior. Therefore, 
the biases that judges have may be rather idiosyncratic, in that differ­
ent judges give very different meanings to the same behavior. 

The third source of disagreement, which is not stimulus-based, 
is the use of unique impression or irrelevant and unshared informa­
tion. For instance, a judge may be in a good mood, and so he or she 
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may rate the target favorably. Although evidently judges form unique 
impressions of targets, it is difficult to disentangle the irrelevant­
information explanation from the lack of shared meaning. 

Is the Level of Consensus Underestimated? 

Some might feel that the level of consensus has been seriously underes­
timated. Perhaps higher levels of consensus may appear in the litera­
ture because studies showing low levels of consensus are less likely to 
be published. Because all of the studies that could be located that met 
our strict methodological criteria were included in our review (Kenny 
et aI., in press), some of the studies are unpublished. Although the 
level of consensus in our review is lower than that found in some studies 
using different designs and analysis strategies (Paulhus & Bruce, 1992), 
it is consistent with results of many other studies (e.g., John & Robins, 
1993; Woodruffe, 1984). 

It is important to realize that our estimates of consensus are con­
servative. Because most of the measures that were studied were single­
item measures, they probably contained a great deal of error variance. 
In Chapter 5, it is estimated that about 45% of the variance in the 
ratings can be considered as error. Given such a value, the true levels 
of the proportion of target variance should be much larger when less 
error-laden measures are used. 

In addition, even though about a .2 level of consensus was found 
in many studies, that does not imply that only 20% of the variance 
in peer ratings is reliable. In some rating studies, the same judges evalu­
ate all the targets. With this design, the judge variance can be removed 
from the denominator. About 20% of the variance is judge variance 
(see Chapter 5), and so for this type of design, there would be about 
a 25% increase in consensus. Moreover, the percentage-of-target­
variance measure of consensus states the reliability of a single judge. 
Most rating studies use more than one rater. With the present meas­
ure of consensus, the Spearman-Brown prophecy formula (Nunnal­
ly, 1967) can be used to forecast the agreement between two groups 
of raters. For instance, if the proportion of target variance is .2, then 
the proportion of target variance of the mean averaged over four raters 
should be .5. So the proportion of target variance of a group of judges 
may be substantial. 

Finally, all of the studies included in our survey used college stu­
dents. It seems reasonable to believe that research using a less 
homogeneous, more representative sample would find larger levels of 
consensus. Support for this contention is provided by Borkenau and 
Liebler (1992), who found enhanced levels of consensus at zero ac­
quaintance when a community sample was used. 
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Greater Consensus for Extroversion 

The review has shown that Extroversion operates very differently from 
the other Big Five factors. Generally, Extroversion shows the highest 
level of consensus. Other studies have also pointed to greater consen­
sus in the rating of Extroversion as opposed to other traits (Funder 
& Dobroth, 1987; Park & Judd, 1989). The review indicates that Ex­
troversion information is picked up very quickly, in that consensus 
is relatively high at zero acquaintance. Alternatively, it could be ar­
gued that there exist strong cultural stereotypes that do have a "ker­
nel of truth." 

These early impressions of Extroversion are remarkably stable over 
time. Table 4.5 presents the over-time correlation from zero acquain­
tance to a postinteraction rating from four studies. The table clearly 
shows that there is high stability in the Extroversion judgments made 
at zero acquaintance. Not only are Extroversion judgments made at 
zero acquaintance stable, they are also valid. A recent study (Levesque 
& Kenny, 1993) indicates that consensual judgments made at zero ac­
quaintance predict subsequent behaviors of the target (see Chapter 7). 

Interestingly, consensus on Extroversion drops in one-on-one 
studies (see Table 4.2, and see Kenny et aI., 1992, Study 2). Extrover­
sion is revealed more clearly in group interactions than it is in dyadic 
interactions. A likely part of the reason for this is the norm for equal 
participation in two-person interactions. Extroversion may be more 
relevant for group than for dyadic interaction. 

What parameter within W AM leads to the higher levels of con­
sensus for Extroversion? There are two potential candidates. First, the 
parameter of similar meaning systems may be greater for Extrover­
sion than it is for other Big Five factors. Evidence that Extroversion 
is more observable than other factors (Funder & Dobroth, 1987; Park 
& Judd, 1989) is consistent with this point of view. Second, target 

TABLE 4.5. Stability of the Target Effect of 
Extroversion beyond Zero Acquaintance 

Study 

Kenny et al. (1992), Study 2 
Kenny et al. (1992), Study 3 
Alb£ight et al. (1988), Study 1 
Malloy (1987a) 

Stability 

.89 

.72 
.86a 

.69a 

Note. Adapted from Kenny et al. (in press). Copyright 1994 
by the American Psychological Association. Adapted by per­
mission. 
"Averaged across two times. 
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behavior may be more consistent for Extroversion than it is for the 
other factors. Surprisingly, Park et al. (1994) found no evidence that 
Extroversion had greater similar meaning systems or consistency than 
the other factors. However, Park et al. used written, not visual, stimuli. 

Consensus and Acquaintance 

The cross-sectional studies included in our review (Kenny et aI., in press) 
point to increased consensus with increased interaction for all factors 
except Extroversion. However, the longitudinal studies show little or 
no evidence of such a trend. The longitudinal results probably present 
a more realistic picture of the relationship between consensus and ac­
quaintance. There are three reasons why the longitudinal results may 
be more credible. 

First, it is well known that trends from cross-sectional studies can 
be very misleading. In a cross-sectional study, different groups of people 
are being compared on different variables with different formats in 
different settings. Longitudinal comparisons are typically (though not 
always) more valid than cross-sectional comparisons. 

In addition, in the cross-sectional studies reviewed, communica­
tion effects posited by W AM were probably stronger in the long-term 
acquaintance studies than in the short-term acquaintance studies, be­
cause in many of the latter there was no opportunity for communica­
tion. The strongest piece of evidence supporting a relationship between 
acquaintance and consensus is the comparison between short-term in­
teractions and long-term interactions. Except for Extroversion, there 
is impressive evidence of greater consensus among those who were ac­
quainted longer. But the long-term acquaintance results are probably 
biased by communication. Recall that all of the long-term acquain­
tance studies were residential; judges probably discussed with one 
another the personalities of mutual acquaintances, and that commu­
nication may well have led to greater consensus. We (Kenny & Kashy, 
in press) have found greater consensus between friends than acquain­
tances, a result that indicates a communication effect. However, the 
size of that effect is small. Although we need more controlled studies 
to measure the effect of communication on consensus, these recent 
results seem to indicate that communication may explain some of the 
increase in consensus from short-term to long-term acquaintance. 

Lastly, the heightened consensus in the long-term studies proba­
bly reflects qualitative differences in information available to the sub­
jects. Again, the long-term acquaintance studies were all residential 
studies, whereas the short-term acquaintance studies were laboratory 
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or classroom studies. Clearly, a person can obtain much more infor­
mation in a residential setting than in either of the other two settings. 
Thus, the laboratory and classroom settings may have constrained the 
targets' behavior, and that may be why there appears to be more con­
sensus in the long-term versus the short-term acquaintance studies. 

So what is the relationship between acquaintance and consensus? 
For Extroversion, there is no evidence that increasing acquaintance 
leads to greater consensus. For the other factors, there is some evi­
dence supporting the view that getting to know the target better does 
lead to greater consensus, though this evidence is not conclusive. As 
is predicted by W AM, even for these factors, there is not a strong rela­
tionship between consensus and acquaintance. 

Future Research 

Although a great many studies have been reviewed, there are nonetheless 
substantial gaps in the literature. Two different types of studies are 
essential. First, more residential studies are needed. The review in this 
chapter included just five such studies, and only one was longitudi­
nal. These studies should focus on non-Extroversion traits, and they 
should try to get measurements as early as possible in the acquain­
tance process. It may well be that after 1 week of interaction, the level 
of consensus will have peaked. Longitudinal studies of people living 
together deserve a high priority. 

Second, only 1 of the 32 studies was a longitudinal study across 
days of one-on-one interactions. A laboratory study that repeatedly 
brought people to interact in dyads would provide important infor­
mation. Because the interactions would be dyadic, communication ef­
fects and overlap effects would probably be eliminated. Traits studied 
should not be those for which there are strong consensual stereotypes. 
If there are stereotypes, then the likely shape of the relationship be­
tween consensus and acquaintance is concave, first decreasing and then 
increasing. 

Conclusion 

We (Kenny et aI., in press) have found the highest level of consensus 
for the following two conditions: when the factor is Extroversion, and 
when perceiver and target are highly acquainted. Research efforts need 
to concentrate on why perceivers agree so little with one another. Much 
of person perception is unique-a topic that is also discussed in 
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Chapters 5 and 10. A blending of laboratory studies in which the stimuli 
are under experimental control and non-laboratory studies is needed. 

Surprisingly, especially for Extroversion and Conscientiousness, 
there are nontrivial levels of agreement at zero acquaintance; this result 
is consistent with work by Ambady and Rosenthal (1992) and Berry 
(1990). Evidently the stereotypes about these factors are potent and 
consensual. 

The most surprising result is the weak increase in consensus as 
a function of acquaintance. The expectation of greater acquaintance 
leading to greater consensus received limited support in our review. 
This result is no longer surprising, given a theoretical model predict­
ing that consensus does not always increase with increased acquain­
tance. It is shown in Chapter 7 that although acquaintance may not 
lead to increased consensus, it should lead to increased target accuracy. 

This chapter has focused mainly on the relationship between con­
sensus and acquaintance. In the process other factors have been dis­
cussed, but the central focus has always been acquaintance and 
consensus. Many other questions about consensus could have been dis­
cussed. For example, John and Robins (1993) have examined whether' 
there is more or less consensus for socially desirable traits. The Kenny 
and Kashy (in press) study has looked at whether close friends share 
the same view of a target to a greater extent than acquaintances. Flink 
and Park (1991) have discussed whether increasing the specificity of 
the rating and the outcome dependency increases consensus. Unfor­
tunately, space and time are limited, and a full consideration of these 
consensus questions is just not possible. 

Consensus is not only intrinsically important, but it is a prereq­
uisite for many of the other questions in interpersonal perception. For 
instance, self-other agreement, to be discussed in Chapter 9, presumes 
consensus. Consensus is also presumed in the study of target accuracy 
(Chapter 7), meta-accuracy (Chapter 8), and reciprocity at the individu­
allevel of analysis (Chapter 6). Thus, the results from this chapter 
lay the groundwork for the analysis in subsequent chapters. 

Notes 

1. In one study (Kenny & DePaulo, 1990), the dyads were asymmetric: A 
group of three interviewers questioned three applicants one at a time. Because of 
the asymmetry in the dyads, it did not seem sensible to consider the research as 
a single study, and so it was separated into two different studies. There was also 
some overlap in one other study: The people in the three-wave Malloy (1987a) 
longitudinal study represented 24% of the people from Study 3 of Albright, Ken­
ny, and Malloy (1988). 
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2. As in Kenny (1991), it is assumed here that the correlation of perceiver 
l's scale value for Al with perceiver 2's scale value for Az is equal to 'I'Z. Also 
to simplify, the correlation of SIP with Szz is equal to '3'4. These assumptions are 
relaxed in Appendix C . 

. 3. For the case in which '5 = '2 (Figure 4.3), it is assumed that w = 2, 
k = 1, and '3 = .625, and so '5 = .5. For the case in which '5 < 'z (Figure 
4.4), it is assumed that w = .5, k = 2.179, and '3 = .6, and so '5 = .03. Fi­
nally, for the case in which '5 > '2 (Figure 4.5), it is assumed that w = 2.179, 
k = .5, and,.l = .75, and so '5 = .7125. In all cases, the combined weight of 
the physical-appearance information and the unique-impression information (i.e., 
w1 + kl) is 5. 
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UNIQUENESS 

A s reviewed in the past two chapters, within the Social Relations 
Model (SRM) there are two sources of individual differences 
in the perceptions of others: perceiver and target effects. 

However, there are clearly relational aspects in social perception. For 
instance, people view their lovers and their enemies in a way that no 
one else does. Uniqueness seems to be a major component in the per­
ception of people. This chapter considers the uniqueness, or, as it is 
referred to within SRM, the relationship effect in other-perception. 

The chapter begins by showing that uniqueness is an important 
component in other-perception. Considered next is the relationship be­
tween uniqueness in other-perception and affect. A discussion then fol­
lows of the sources or explanations of uniqueness in interpersonal 
perception: different information, different meaning, unique impres­
sion, arid mathematical specification. Finally, the relationship between 
uniqueness and acquaintance is considered. 

The "relationship effect" in SRM refers to the extent to which a 
perceiver's view of a target cannot be explained by perceiver and tar­
get effects. It represents what remains after the individual-level effects 
have been removed. The relationship effect consists of the "leftovers." 
In the rating process, as in any measurement process, there are ran­
dom, theoretically meaningless sources of variance that are referred 
to as "measurement errors." Because the relationship component is what 
remains after perceiver and target effects have been removed, meas­
urement error is contained in the relationship component. If there were 
only a single measure of a perception, then the relationship variance 
and hence uniqueness would be overstated, because error would be 
confounded. with relationship effects (Ingraham & Wright, 1986). 

To separate relationship from error, it is necessary to have multi­
ple measures of the trait being assessed. As an example, consider the 
measurement of Extroversion. Two possible measures of Extroversion 
might be how sociable and how outgoing the perceivers see the tar-

82 
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gets as being. With multiple measures, it is possible to correlate what 
is "left over" in both measures, and this correlation represents real rela­
tionship variance. (It would be an "intrapersonal relationship" corre­
lation as described in Chapter 2.) So in this chapter, to separate 
relationship from error, all measures of relationship variance employ 
multiple measures of the variable of interest. The requirement of mul­
tiple replications greatly reduces the number of studies that can be used, 
but it should substantially enhance the validity of the conclusions that 
are drawn. 

These multiple measures of the variable, or "replications," can 
be obtained either by employing different measures of the theoretical 
construct or by using the same measure at multiple time points. Each 
of these procedures has its own advantages and disadvantages. It seems 
likely that the use of different measures somewhat overstates the amount 
of relationship variance, in that the errors of measurement may be cor­
related across measures. Using over-time measures probably under­
states the amount of relationship variance, because change is treated 
as error. The ideal procedure is to use different measures over a very 
short time (i.e., a short enough time that change is unlikely to have 
occurred). However, this strategy is not generally practical. 

Uniqueness versus Assimilation and Consensus 

Table 5.1 presents the results from the variance partitioning in 10 
studies. These studies contain a range of acquaintance levels and types 
of variables. Presented for each study are the perceiver variances, or 
assimilation; the target variances, or consensus; and the relationship 
variances, or uniqueness. Not included in the table is the error vari­
ance, which equals 1 minus the sum of the three. 

Across the 10 studies, the amount of relationship variance aver­
ages to .197. There is more relationship variance than there is target 
variance, both on average and for 8 of the 10 studies. So the expecta­
tion is for greater relationship variance than target variance, and for 
nearly as much relationship variance as perceiver variance. 

Even more impressive than the average level of relationship vari­
ance is how stable it is. Note that uniqueness ranges from a low of 
.13 (a zero-acquaintance study) to a high of .29; target variances are 
much more variable. The last row of "Table 5.1 presents the standard 
deviation, which indexes variability; it clearly documents that unique­
ness does not vary all that much from study to study. Relationship 
variance is always present at a respectable level. 

The medians in Table 5.1 can be used to develop a general 
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TABLE 5.1. Variance Partitioning of Other-Perception 

Relative variance 

Study Assimilation Consensus Uniqueness 

Albright, Kenny, & Malloy (1988), .13 .08 .13 
Study 3 

Chapdelaine, Kenny, & LaFontana .16 .11 .18 
(in press) 

Kenny, Horner, Kashy, & Chu .25 .04 .22 
(1992), Study 2, wave 1 

Kenny et al. (1992), Study 3, wave 1 .25 .15 .18 
DePaulo, Kenny, Hoover, Webb, & .37 .07 .18 

Oliver (1987) 
Kenny & DePaulo (1990), applicant .19 .35 .15 
Hallmark & Kenny (1989) .20 .23 .29 
Levesque (1990) .18 .18 .20 
Malloy & Janowski (1992) .06 .45 .24 
Shechtman & Kenny (in press) .25 .11 .20 

Mean .20 .18 .20 
Median .19 .13 .19 
Standard deviation .08 .13 .04 

formulation of the sources of variance in other-perception. It suggests 
a "20-20 and 15-45" rule: The expectation is about 20% for perceiver 
variance, about 20% for relationship variance, about 15% for target 
variance, and about 45% for error variance. Of course, this is just 
a general rule, and specific cases may be very different. For instance, 
in Chapter 4 it has been found that Extroversion usually accounts for 
more than 20% of the variance. This 20-20 and 15-45 rule is again 
discussed in the final chapter of the book. In summary, unique­
ness is as important as assimilation, and more important than con­
sensus. 

Affect versus Other-Perception 

It would seem that affect, more so than other-perception, is primarily 
a relational phenomenon. The notion of "love at first sight," and the 
idea that liking is not so much a property of the target but rather reflects 
something between people, suggest that liking or affect is primarily 
relational. This section focuses on two questions. First, is there rela-
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tively more relationship variance in affect than there is in other­
perception? Second, what is the correlation between affect and other­
perception at the relationship level? The first question establishes the 
fact that affect is primarily relational, and the second concerns the rela­
tive independence of affect and other-perception. 

Common sense is not very helpful in establishing whether affect 
or liking is primarily relational. On the one hand, there is a sense that 
liking is very idiosyncratic; on the other, people believe that if they 
like someone, then everyone should like that person (Chapdelaine, Ken­
ny, & LaFontana, in press). How often are young people surprised 
that significant others (parents and best friends) do not like their 
boyfriends or girlfriends? 

In terms of human evolution, it would seem to be adaptive that 
affect is relational. If everyone wanted to be friends with the same per­
son, and if everyone wanted to have the same opposite-sex person for 
a spouse, conflict would be the rule of human relationships. If affect 
were relational (and, as is seen in the next chapter, also reciprocal), 
pair bonding would be facilitated, and conflict about mate and friend­
ship choice would be reduced. Although it is largely a matter of specu­
lation, there may be biological forces that incline humans to form 
idiosyncratic attractions. 

Table 5.2 presents the proportion of variance attributable to rela­
tionship in studies of traits and affect. The requirement of at least two 
measures of the trait and two of affect greatly limits the number of 
studies. Despite these limitations, Table 5.2 clearly shows that rela­
tionship variance is much greater for affect than for other-perception. 
As seen in the table, there is nearly twice as much relationship vari­
ance in affect as there is in trait ratings. 

Elsewhere (Kenny, 1994), looking only at affect, I also arrived 
at the conclusion that about 40% of affect is relational. Table 5.3 
presents that summary. The table shows that about 20% of the 

TABLE S.2. Trait and Affect Relationship Variance and Correlation 

Relative variance 

Study Trait Affect Correlation 

Kashy (1988) .21 .48 .48 

Malloy & Janowski (1992) .24 .32 .52 
Chapdelaine et al. (in press) .18 .38 .76 
Montgomery (1984) .22 .38 .84 

Mean .21 .39 .65 
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TABLE 5.3. Variance Partitioning for liking 

Study Perceiver Target Relationship 

First encounters: One-on-one 
Burleson (1983) .20 .28 .32 
Kenny & Bernstein (1982) .00 .05 .55 

First encounters: Groups 
Dabbs & Ruback (1987) .30 .13 .37 
Kashy (1988) .32 .06 .44 
Park & Flink (1989) .36 .11 .38 

Long-term acquaintance 
Burleson (1983) .17 .18 .30 
Curry & Emerson (1970) .15 .12 .41 
Malloy & Albright (1990) .10 .00 .50 
Newcomb (1961) a .41 .50 
Wright, Ingraham, & Blackmer (1985) .05 .16 .30 

Median .17 .13 .38 

Note. Adapted from Kenny (1994). Copyright 1994 by Lawrence Erlbaum Associates, Inc. 
Adapted by permision. 
aBecause ranks were used, perceiver variance cannot be computed. 

variance of liking is at the level of the perceiver, about 10% at the 
level of the target, and about 40% at the level of the relationship. 

Table 5.2 also presents the correlation between trait and affect 
at the relationship level. These correlations are consistently positive 
and average to about .65. ,The relationship is a disattenuated correla­
tion, and so it is a forecast of what the correlation would be if there 
were no error in the liking measure. If the view is taken that affect 
causes other-perception, then about 40% of the variance in trait rat­
ings at the relationship level is attributable to affect. A person's unique 
view of a target overlaps considerably with, but is different from, the 
feeling that the person has toward the target. 

Park and Flink (1989) showed that the correlation between af­
fect and trait judgments depends on the trait being judged. In their 
study, the correlation for Extroversion (their Factor 1) was .52, and 
for the other ,traits the correlation was. 78. Affect correlated more highly 
with less observable traits. 

Does the association between affect and trait judgments increase 
as the perceiver and target become more acquainted? The studies in 
Table 5.3 are ordered by how long the people knew each other. In­
terestingly, the r~s~lts clearly show that affect and trait judgments be­
come increasingly more positively correlated. Park and Flink (1989) 
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also reported over-time correlations between trait judgments and lik­
ing; they too found an increasing correlation over time. In one longi­
tudinal study, Albright-Malloy (1988) reported that affect and trait 
judgments became increasingly differentiated over time. However, 
Albright-Malloy did not have multiple measures of affect, and so her 
results are somewhat problematic. 

In conclusion, affect contains nearly twice as much uniqueness 
as trait ratings. In sum, the evidence supports the view that affect is 
closely linked to trait judgments at the level of the relationship, and 
that the association increases with acquaintance. Later in the chapter, 
I discuss the causal direction of the liking-cognition relationship. 

Interpretation of the Relationship Effect 

Although it hardly requires proof that there is uniqueness in social per­
ception data, it is not clear what the meaning of the relationship ef­
fect is. This section considers four different explanations of the 
relationship effect in other-perception. Three of these explanations draw 
on the Weighted-Average Model (WAM) presented in Chapter 4. In 
W AM, there are three reasons why two perceivers may disagree about 
the standing of a target on a trait: different information, different mean­
ing systems, and different unique impressions. The fourth explana­
tion of the relationship effect is mathematical: The mathematical model 
presumed by SRM is faulty. 

The Relationship Effect as Different Information 

Two perceivers may judge a target differently because the two per­
ceivers have been exposed to different information about the target. 
Murderers are seen as upright people by their own parents, but the 
parents of their victims see them as totally reprehensible. A murderer's 
parents saw the murderer as a helpless child, whereas the victim's par­
ents know only of the brutal act that brought about their child's death. 
Thus, these two sets of parents see the murderer differently because 
they draw on different sources of information when they evaluate him 
or her. 

Therefore;it is reasonable to expect that when people use differ­
ent information, there should be more relationship variance and less 
target variance. Evidence reported in Chapter 4 does indeed show that 
there is more target variance when people use different information, 
but is there less relationship variance? 
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Table 5.4 presents the absolute relationship variances from one 
of our studies (Study 2 by Kenny, Horner, Kashy, & Chu, 1992). That 
study compared group judgment to one-on-one judgments. However, 
it should be noted that the group judgments were made at zero ac­
quaintance, and so perceivers in the one-on-one context had more in­
formation. As seen in Table 5.4, relationship variances are larger after 
one-on-one interaction than at zero acquaintance. These results sup­
port the view that one source of relationship variance is different in­
formation. 

Not surprisingly, having different stimulus information results in 
greater uniqueness in perceptions. But this is, in some sense, a false 
uniqueness, in that the target's behavior is really different; this is why 
the two perceivers have very different impressions. The next two ex­
planations are much more interesting, because in these explanations 
the perceiver is exposed to the same set of target behaviors. 

The Relationship Effect as Different Meaning Systems 

Even when two perceivers observe exactly the same set of behaviors, 
they may interpret those behaviors quite differently. A person looks 
across the room and notices that a second person is staring back at 
him or her. In this situation, one person may think that the second 
person has friendly intentions, whereas another may think that the se­
cond person has evil intentions. Very often the same cue is given a 
different meaning by different people. A man's gentle squeeze of a wom­
an's hand may be seen as a sign of affection and caring by him and 
as a form of sexual harassment by her. 

There are three very different ways to understand how acts can 
be given different meanings: attribution, stories, and culture. All three 
of these explanations are interrelated, yet it is useful to separate them. 

TABLE 5.4. Relationship Variances for Group and Dyadic 
Judgments from Kenny et al. (1992), Study 2 

Factor Group Dyadic 

Extroversion .26 .47 
Agreeableness .23 .12 
Conscientiousness .10 .14 
Emotional Stability ;07 .24 
Culture .00 .14 

Mean .13 .22 
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Attribution 

Social psychologists have long known that people interpret the same 
information differently, and over the last 20 or so years, they have 
extensively studied the attribution process. The attribution question 
concerns, in part, when is it that behavior is seen as emanating from 
the person or from the situation. If different attributions are made, 
the same behavior is explained in different ways. A slap in the face 
can be viewed as a direct personal affront or as an unfortunate accident. 

Social psychologists have enumerated many factors that change 
people's attributions. Because standard books on person perception 
(jones, 1990; Schneider, Hastorf, & Ellsworth, 1979; Zebrowitz, 
1990) extensively detail these biases, only a few are discussed in this 
text. First, if a person is similar to a target, the target is seen as less 
responsible for his or her bad behaviors and more responsible for his 
or her good behaviors. This attributional bias, called "defensive attri­
bution" (Burger, 1981), implies that people tend to make more posi­
tive trait judgments about those who are similar to them. 

A second factor is "personalism" (jones, 1990). If an action af­
fects the perceiver, he or she is more likely to infer that the behavior 
is caused by the target. So if Heidi sees Zelda step on someone else's 
toe, Heidi may think it is an accident and not Zelda's fault. But if Zel­
da steps on Heidi's toe, then Heidi is likely to think that Zelda is clumsy 
and awkward. 

Social psychologists have studied a myriad of factors that lead peo­
ple to make different attributions. If the reason for uniqueness in other­
perception is attribution, then it must be that attributions are fundamen­
tally idiosyncratic. That is, although it is possible to catalog a myriad 
of factors that lead to attributions, people may make different attri­
butions spontaneously and without any clear reason. So if two people 
observe the same behavior, they may interpret the behavior very differ­
ently because they made different attributions. Contrary to current 
thinking in social psychology, the attributional process may not be a 
set of systematic biases, but rather a set of idiosyncratic biases. 

Stories or Narratives 

Person perception can be conceptualized as more than just a simple 
translation of behavioral information into trait judgments. Solomon 
Asch, generally recognized as the founder of the scientific study of per­
son perception, viewed person perception as a Gestalt or holistic 
process. According to Asch (1946), the perceiver does not combine 
behavioral information by using some mathematical function (e.g., as 
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is assumed by W AM); rather, the perceiver integrates the information 
in an active and complex manner. The perceiver tries to create a story 
or a narrative to explain behavioral information. If person perception 
is viewed from this Gestalt perspective, it is not surprising that differ­
ent perceivers give different meanings to the same information, because 
each perceiver concocts a different story. 

The task that a person faces in interpersonal perception can be 
viewed as similar to the task faced by a detective in solving a murder. 
The detective assembles the facts and develops a coherent story that 
connects those facts. As readers of murder mysteries know, the same 
facts often lend themselves to multiple versions. Pennington and Hastie 
(1991) have described the process by which juries come to a verdict 
as one of "collective story construction." Person perceivers may en­
gage in such a process. Recently, several researchers in person percep­
tion have begun to explore the story or narrative approach. Park, 
DeKay, and Kraus (1994) have used the term "person model"; Read 
and Miller (1993) have referred to "mental models"; and Fiske (1993) 
has discussed "narratives." 

This view of person perception requires a radical alteration of the 
model of perception proposed in Chapter 4, W AM. The story model 
implicitly assumes that people select a rather small set of behaviors 
to construct a theory about what the person is like. The remaining 
behaviors are assimilated into this image. From the point of view of 
W AM, in forming an impression, a perceiver places much more weight 
on some behaviors than on others. Because different perceivers pick 
different behaviors, the impressions of different perceivers are highly 
idiosyncratic. W AM could be modified to allow for differential weight­
ing of behavioral information, but still the story or narrative model 
is a qualitatively different model from W AM, with its piecemeal in­
tegration of information. 

Culture 

There is yet another way in which two perceivers may arrive at differ­
ent meanings: They may be members of different cultures. Culture by 
definition provides people with meaning systems, in that it provides 
a way of linking behaviors to particular trait judgments. The linkage 
structure between behaviors and traits may be quite different for mem­
bers of different cultures. As reviewed in Chapter 4, anthropologists 
have recently begun to conceptualize consensus as an index of culture. 

Culture also can be defined more narrowly than it usually is. For 
instance, Tannen (1990) suggests that men and women are members 
of different cultures. For instance, she argues that in conversation, wom­
en are interested in intimacy and men in power. SRM can be used to 
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document and quantify the extent to which different groups of people 
have different meaning systems. Procedures for doing so are to be dis­
cussed in the "Mathematical Specification" section of this chapter. 

The Relationship Effect as Idiosyncratic Perception 

In a third explanation, the uniqueness in the perception is entirely in 
the mind of the perceiver. In the model described in Chapter 4, the 
"unique impression" represents aspects of perception that are perceiver­
based and are not based on the behavior of the target. For instance, 
a woman may think that a man is intelligent not because of anything 
he has done, but because she is in love with him. 

As shown in Table 5.2, there is a strong correlation between af­
fect and other-perception at the relationship level. A person's unique 
views of others are colored by how much the person likes others. 1 

An alternate view is that affect is determined by how the target 
is viewed. That is, the correlation between affect and trait judgment 
reflects the influence of cognition on affect: If people know positive 
things about a target, they evaluate that target more favorably. The 
dominant theory of social attitudes, Fishbein and Ajzen's (1975) the­
ory of reasoned action, takes the point of view that beliefs lead to evalu­
ations and not vice versa. Alternatively, Zajonc (1980) has argued that 
affect is primary. Certainly causation can go both ways (from affect 
to cognition and vice versa), but currently there does not exist a defini­
tive study documenting the relative preponderance of causation in in­
terpersonal perception. 

Some traits are more affectively laden than others; for example, 
judgments of Extroversion are less tied to affect than are judgments 
of Conscientiousness, Culture, Emotional Stability, and that portion 
of Agreeableness not tied to sociability. It seems likely that Agreea­
bleness would be the factor most closely tied to affect. 

Other factors besides affect color the unique impression. In par­
ticular, the impression of a target may also be caused by mood. When 
people are in a good mood, they may evaluate targets more favorably 
than they do when they are in a bad mood. Actually, the interrelation 
between mood and person perception is quite complex (Forgas, 1992). 
Further research on the relationship between mood and person per­
ception is warranted. 

Mathematical Specification 

Pseudo-relationship effects can emerge if the combination of perceiver 
and target effects does not operate in a simple additive fashion, as is 
assumed by SRM. There are four particular types of nonadditivity that 
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are worrisome: the multiplicative functional form; the single-cue, 
differential-weight model; the multiple-cue, equal-weight model; and 
the multiple-cue, differential-weight model. Unfortunately, most of the 
material in this section is speculative. That is, there have not been sys­
tematic attempts to verify empirically these alternate mathematical 
speculations. 

Multiplicative Functional Form 

In the first possible mathematical specification, perceiver and target 
effects do not add together, as they are assumed to do in SRM~ rather, 
they multiply together. So the functional form is multiplicative and 
not additive. Consider, for instance, a measure of social acuity. The 
measure is how accurately perceiver A judges target B. It is probably 
more reasonable in this context to argue that perceiver and target ef­
fects do not add, but rather multiply. For instance, if either the per­
ceiver has no ability or the target does not provide sufficient inform­
ation, the perceiver must necessarily be inaccurate. Accuracy is the 
mathematical product of perceiver ability and target expressivity. The 
simple solution to the problem of multiplicative functional form is to 
employ a logarithmic transformation. If the model is multiplicative, 
then a logarithmic transformation turns the model into an additive 
modeU 

The next three mathematical models presume that interpersonal 
perception is not guided by the same process for all people. If a process 
is "nomological," all people operate by the same set of laws; if a process 
is "ipsative," different rules describe the behavior of different people. 
The three models to be discussed below view interpersonal perception 
from an ipsative perspective. People may use the same cues to make 
judgments about targets, but they may combine those cues in differ­
ent ways. In a sense, the models to be discussed represent a mathe­
matical specification of what is meant by "different meaning systems," 
particularly in connection with culture. In essence, these methods pro­
vide a way of discovering different "cultures" of perceivers. 

Single-Cue, Differential-Weight Model 

The simplest ipsative model is one in which people use the same in­
formation in making judgments, but some people weight that infor­
mation more heavily than do others. Some perceivers may be quite 
sensitive to the stimulus information, whereas other perceivers may 
not be. The expected pattern of results implied by this type of model 
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FIGURE 5.1. Single-cue, differential-weight model. Perceiver A is the most sen­
sitive, and C is the least sensitive. 

is illustrated in Figure 5.1. There are five targets and three perceivers 
in the figure. Perceiver Alex, or A, is quite sensitive; Bob, or B, is less 
so; and Carol, or C, has virtually no sensitivity. The personality psy­
chologist Douglas Jackson (1972) has postulated just such a model, 
which he has called a model of "inferential accuracy." 

Standard SRM assumes that all judges are equally sensitive. SRM 
requires that the three lines in Figure 5.1 be parallel. When the lines 
are not parallel as in Figure 5.1, there is, in essence, more target vari­
ance for perceiver A than for perceiver C. 

As reviewed in Chapter 3, numerous theorists have posited that 
some people use certain traits more than others. The personality psy­
chologist George Kelly (1955) referred to "personal constructs"; the 
social psychologists Higgins and Bargh (1987) have used the term "chro­
nicity"; and the social psychologist Markus (1977) has proposed the 
construct of being "schematic" versus "a schematic" on a trait. All these 
notions imply differential sensitivity. 

There are other ways of explaining the differences in slope that 
have nothing to do with "sensitivity." First, it may be that the more 
"sensitive" perceivers are engaging in more, not less, stereotyping (i.e., 
using physical-appearance information) than those who are less "sen­
sitive." Second, it may be that the more "sensitive" perceivers adopt 
a response set that involves using the entire range of possible response 
alternatives, whereas the less "sensitive" use a narrower range. Thus, 
researchers should not necessarily equate steeper slopes, as in Figure 
5.1, with greater social sensitivity. 
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Multiple-Cue. Equal-Weight Model 

A second ipsative model of person perception is the following: There 
are two cues, and some perceivers exclusively use one cue, whereas 
others use the second cue. 3 So perceivers can be grouped into discrete 
types. For instance, in judgments of physical attractiveness, some may 
exclusively examine the face, whereas others may examine the rest of 
the body. If different cues are used, then perceivers have different defi­
nitions for the trait. They are, in a sense, members of different cultures. 

If there is such a process, then it may be possible to uncover it 
by the following procedure. The researcher measures how similar the 
judgments are between every pair of perceivers. So there should be a 
measure of the consensus in the judgments of a common set of targets 
between each pair of perceivers. If there are two cultures, it follows 
that two groups or clusters of perceivers should emerge. If two per­
ceivers are members of the same culture, there should be a fair amount 
of agreement or consensus in their ratings. But if two members are 
in different cultures, there should be much less agreement. There ex­
ist several statistical methods (e.g., cluster analysis or Q factor analy­
sis) that can be used to discover the two rating groups. 

Once the researcher has classified perceivers into cultures, the 
researcher should examine the targets to learn what were the different 
cues that the two groups used. So, to return to the physical­
attractiveness example, one group of perceivers prefers targets with 
attractive faces and the other group prefers targets with attractive 
bodies. Basically, the researcher takes a cue variable (e.g., facial at­
tractiveness) and sees whether it differentially predicts the target ef­
fects of the two subgroups. If an SRM analysis is carried out separately 
on each of the two groups of perceivers, there should be much more 
target variance and less relationship variance (i.e., more consensus and 
less uniqueness) than if both groups of perceivers are combined in one 
analysis. 

Multiple-Cue. Differential-Weight Model 

The preceding model presupposes that the perceivers are using differ­
ent cues to judge behavior. An alternate view is that people use the 
same set of cues, but in somewhat different amounts. To use a 
metaphor, people may be using the same recipe in interpersonal per­
ception, but they combine the ingredients in somewhat different propor­
tions. Consider a case in which perceivers are asked to rate targets on 
aggressiveness. It seems likely that rated aggression depends on two 
important behavioral cues: verbal and physical aggression. Perceivers 
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may differ in how much these two factors are weighted. Some per­
ceivers may place greater weight on verbal aggression, whereas others 
may place more importance on physical aggression. 

Consider the graph in Figure 5.2. The horizontal axis represents 
how important a perceiver thinks physical aggression is. The vertical 
axis represents how important a perceiver thinks verbal aggression is. 
In the graph there are three different perceivers. John thinks that both 
physical and verbal aggressions are important; Michael thinks that phys­
ical aggression is more important than verbal aggression; and Philip 
thinks that verbal aggression is more important than physical aggres­
sion. When it is said that a perceiver "thinks" that one form of aggres­
sion is more important than another, this does not mean necessarily 
that the perceiver consciously knows that he thinks one is more im­
portant than the other, but that the pattern in his ratings implies that 
he implicitly thinks this way. 

To discover whether people differentially weight stimulus infor­
mation, the similarity between every pair of perceivers is first com­
puted. (A standard measure of profile similarity is the sum, across 
targets, of squared differences between a pair of perceivers. Before the 
difference is computed, the mean rating of each perceiver is usually 
subtracted.) Perceivers who use nearly identical weighting schemes 
should have very similar judgment profiles, and those who use differ­
ent weighting schemes should have very different profiles. Individual­
difference multidimensional scaling (INDSCAL; Jones, 1983) can be 
used to estimate these differences in importance. As with the model 
in the preceding section, it is necessary to examine the targets to un­
derstand the cues or features that are being differentially weighted. 
Park and Flink (1989) used a more conventional analysis strategy to 

Importance of 
Verbal 

Aggression 
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• 
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FIGURE 5.2. Differential importance of two cues in the rating process. 
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examine the differential weighting of two factors to determine affec­
tive judgments. 

Actually, the two previous models are special cases of the two­
cue, differential-weight model. If the one-cue, differential-weight model 
were correct, then the INDSCAL analysis would yield a single dimen­
sion on which individuals vary. If the two-cue, equal-weight model 
were true, then the INDSCAL analysis would yield two dimensions, 
but some people would use one and other people would use the se­
cond. So in Figure 5.2, there would be points for Philip and Michael 
and not for John. 

Summary of Explanations 

Four very different explanations have been put forth about the mean­
ing of the relationship effect in other-perception. First, there is the some­
what trivial point that uniqueness may result when two perceivers are 
exposed to different target behaviors. Second, and most likely, per­
ceivers may disagree because they attach different meanings to the tar­
get's behaviors. These different meaning systems may be related to 
differences in attributions, story construction, or culture. Third, the 
perceivers may disagree because they use nonbehavioral information 
(e.g., mood or liking) to evaluate the target. Fourth, different mathe­
matical specifications are possible. It may be that perceivers are using 
different cues in evaluating targets, or that they are using the same 
cues but weighting them in different ways. 

Acquaintance 

In this section, the relative level of uniqueness as a function of acquain­
tance is considered, as well as the stability of the relationship effect 
or the over-time correlation. 

Level of Uniqueness as a Function of Acquaintance 

It is not obvious what the association between acquaintance and unique­
ness should be .• One could argue that it takes time to create relation­
ships, and thus that with greater acquaintance there should be more 
relationship variance and so greater uniqueness. Alternatively, it could 
be argued that initial impressions are inadequate representations of 
the person, and that over time different people's impressions of a tar-
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get converge. That is, as people get to know a target, they begin to 
know the target's true personality. These two different approaches con­
ceptualize acquaintance in very different ways. The first approach looks 
at acquaintance as providing an opportunity for a deeper, closer rela­
tionship; thus acquaintance serves as a rough indicator for the quality 
of the relationship. The second approach treats acquaintance quan­
titatively: Getting to know a target resembles data analysis, and a per­
ceiver is merely "gathering more data" as he or she gets to know the 
target. 

So the qualitative model predicts increasing relationship variance 
as a function of acquaintance, whereas the quantitative model predicts 
decreasing relationship variance as a function of acquaintance. The 
two theories can be integrated as follows: The quantitative model is 
accurate during the early stages of acquaintance, and so with increas­
ing acquaintance there should be decreasing relationship variance. But 
as a perceiver and a target come to know each other well, there is a 
qualitative shift, and interpersonal perception becomes more idiosyn­
cratic. Thus, the relationship between acquaintance and uniqueness 
is curvilinear. 

Surprisingly, there is not much evidence that the relationship var­
iance changes to any great extent as a function of acquaintance. In 
fact, the two major studies of differences in relationship variance as 
a function of acquaintance found no confirming evidence. Park and 
Judd (1989) investigated college students who were initially strangers 
and who interviewed each other on four consecutive days; there was 
no evidence in this study of increasing uniqueness over time. We (Kenny 
& Kashy, in press) estimated relationship variance for friends and ac­
quaintances. Contrary to our expectations, there was no difference in 
relationship variance in the two groups. 

Although the evidence is skimpy, the following theoretical expla­
nation is offered. Perhaps the effects of the qualitative model (which 
predicts increasing relationship variance as a function of acquaintance) 
and the quantitative model (which predicts decreasing relationship var­
iance) operate simultaneously and not at different times, and so the 
net effect is to cancel each other out. This is one area where more 
research is clearly needed. 

Stability of the Relationship Effect over Time 

An important question is the stability of the relationship effect over 
time. Is Zelda's unique view of Heidi changeable or permanent? First 
considered is the transition from zero acquaintance to initial acquaint-
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TABLE 5.5. Stability of Relationship Effect from Zero Acquaintance 

Kenny et al. Kenny et al. 
(1992), (1992), Malloy 

Factor Study 2 Study 3 (1987a) 

Extroversion .23 .19 .22 

Agreeableness .54 .38 .16 

Conscientiousness -.01 ## ## 
Emotional Stability .12 .56 ## 
Culture ## ## ## 
Note. ## = insufficient variance to compute correlation. 

ance. Table 5.5 presents the stability correlations of the relation­
ship effect across three different studies. The correlation is computed 
only if the relationship effect explains at least 10% of the variance at 
both times. Across the three studies, it is seen that there is relatively 
little stability in the relationship effect. The average correlation is only 
.27. 

Once one has gotten to know the target, there is much greater 
stability in the relationship effect. For instance, in the Park and Judd 
(1989) study, the day-to-day stability is. 76. For Malloy (1987a), the 
correlation in the relationship effect from the middle to the end of the 
semester averages to .68. So there is not much stability in the rela­
tionship effect from zero acquaintance to initial interaction, but once 
the perceiver has an interaction history with the target, there is great­
er stability. 

There is strong evidence that the relationship component changes 
at a faster rate than the target effect. As can be determined from Table 
4.5 in Chapter 4, the stability of the target effect for Extroversion af­
ter zero acquaintance averages to. 79, which is much greater than the 
.27 stability for the relationship effect. In addition, the Park and Judd 
(1989) study shows that the stability of the relationship effect is .76, 
whereas the day-to-day stability of the target effect in that study is about 
.98. Malloy (1987a) shows a similar pattern. Idiosyncratic impressions 
seem to be more variable than are consensual impressions. Perhaps 
the old saying that "First impressions are lasting impressions" needs 
to be modified: "Consensual first impressions, but not idiosyncratic 
first impressions, are lasting impressions." The relatively changeable 
nature of relationship suggests that mood or another very transitory 
factor is in part responsible for uniqueness. 
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Summary 

Because in many studies uniqueness represents the largest source of 
variance, it deserves far greater attention in the study of interpersonal 
perception than it has received in the past. Compared to consensus, 
not very much is known about uniqueness. It is relatively easier for 
researchers to think about social perception as fundamentally a process 
that is individually based. Schemas, biases, and accuracy in interper­
sonal perception are relatively easy to understand, but it is more difficult 
to understand the relational aspect. The study of relationships is a 
science in its infancy. 

One possible explanation of relationship effects in interpersonal 
perception is that perceptions are closely tied to affect. This explana­
tion has considerable validity. Moreover, as the perceiver and target 
become better acquainted, affect becomes increasingly correlated with 
other-perception. 

Perhaps the most promising avenue of explanation is to examine 
the different meaning systems of perceivers. It may be that perceivers 
use fundamentally different rules to combine information in interper­
sonal perception. However, there currently exists little or no research 
on these important issues. 

In the next chapter, the investigation of the relationship effect in 
interpersonal perception proceeds. The topic of Chapter 6 is reciprocity, 
or the matching of people's perceptions of each other. It is the first 
topic in this book that truly captures the interpersonal nature of per­
son perception. 

Notes 

1. In the section on different meaning systems, affect is also discussed. There, 
affect that is based on target information leads to a different meaning or interpre­
tation of behavior. In this section, affect by itself without any behavioral infor­
mation leads to different trait judgments. 

2. For a multiplicative model of the form Y = a + bZ, the model is addi­
tive after transformation when a constant (i.e., a) is subtracted from Y. Thus, 
the standard logarithmic transformation assumes that the intercept is at the ori­
gin (i.e., the level of measurement is at the ratio level). 

3. Even if perceivers were using a combination of cues and not just a single 
cue, the model may still apply. What is crucial in the multiple-cue, equal-weight 
model is that all perceivers in one group use one set of rules, and all perceivers 
in the other group use a different set of rules. 



RECIPROCITY 
AND ASSUMED 
RECIPROCITY 

Chapter 6 

If Zelda sees Heidi as intelligent, does Heidi see Zelda as intelligent? 
Do people see each other as mirror images? In regard to affect, if 
Zelda likes Heidi, does Heidi like Zelda? The question of reciprocity 

in social perception is fundamental. Markus and Zajonc (1985), in 
their review of cognitive theories in social psychology, stated the fol­
lowing: "The properties of social perception and social cognition that 
make them distinct are reciprocity and intersubjectivity" (p. 213). 
Reciprocity is the first question discussed in this book that requires 
that perception be two-sided-in other words, that each person be both 
perceiver and target. 

Within the Social Relations Model (SRM), reciprocity can be sepa­
rated into reciprocity at the individual level and reciprocity at the dyadic 
level. At the individual level, the reciprocity is called "generalized." 
The question is whether people who are seen by others as possessing 
a given trait also see others as possessing that same trait. At the dyad­
ic level, the question conforms more closely to the usual reciprocity 
question: If Alice uniquely sees Betty as very intelligent, then does Betty 
uniquely see Alice as intelligent? In this chapter, reciprocity of trait 
judgments and affect is considered. Also considered in this chapter is 
the question of assumed reciprocity: If Joan likes Helen, does she think 
that Helen will like her? The chapter begins with a discussion of 
reciprocity of liking judgments, because, as will be seen, reciprocity 
is much greater for liking than it is for other-perception. 

Parts of this chapter are adapted from Kenny and DePaulo (1993). Copyright 1993 
by the American Psychological Association. Adapted by permission. 
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Reciprocity of Liking Judgments 

Reciprocity of attraction is a cultural truism. Gouldner (1960) even 
speculated that there may be a universal human norm of reciprocity. 
Berscheid and Walster (1978) organized their book on attraction by 
discussing exceptions to the general principle of reciprocity. Reciprocity 
seems obvious to both laypersons and social scientists. 

It came as quite a surprise that early studies of attraction revealed 
little or no reciprocity. Evidence was so dismal that in 1979 Theo­
dore Newcomb, then the dean of attraction researchers, published an 
article entitled "Reciprocity of Interpersonal Attraction: A Noncon­
firmation of a Plausible Hypothesis." 

As a graduate student in the early 1970s, I can remember my dis­
appointment in analyzing a data set in which I found little or no evi­
dence of reciprocity. It was this disappointment that in part led to the 
development of SRM. Once that model was developed, reciprocity of 
attraction was the first question that my colleagues and I investigated 
(Kenny & La Voie, 1982, 1984; Kenny & Nasby, 1980). 

Table 6.1 (adapted from Table 3 of Kenny, 1994) presents the 
generalized- and dyadic-reciprocity correlations from several studies. 
The generalized-reciprocity correlation assesses the extent to which peo­
ple who are liked by others (i.e., popular people) tend to like other 
people. The results in Table 6.1 for this type of reciprocity present 
an inconsistent pattern: Some generalized-reciprocity correlations are 
positive and others are negative. Two of these correlations have not 
even been computed because there is insufficient variance (less than 
10%) in either the perceiver or the target effect. The average of the 
generalized-reciprocity correlations that are computed is only .19. 

There is an explanation for why generalized reciprocity is virtu­
ally zero. We (Kenny & Nasby, 1980) speculated that there are two 
processes that bring about the perceiver-target correlation for liking. 
First, there is evidence that likers are liked (Folkes & Sears, 1977): 
People who like others may tend to be liked back. Second, there may 
be a negative causal path from the target effect to the perceiver effect. 
If people are liked by others, they can afford to be more choosy about 
whom they like. Given that the average perceiver-target correlation 
is near zero, it would appear that these two tendencies cancel out each 
other. 

For dyadic reciprocity, the picture is quite different. In Table 6.1, 
all the dyadic correlations are based on multiple replications, and so 
error variance has been removed. There is quite impressive evidence 
of dyadic reciprocity. If Art likes Bob especially, then Bob especially 
likes Art. The results in Table 6.1 also clearly reveal that dyadic 
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TABLE 6.1. Reciprocity Correlations for liking at the Generalized and Dyadic Levels 

Study Generalized Dyadic 

First encounters: One-on-one 
Burleson (1983) .27 .26, 
Chapdelaine, Kenny, & LaFontana (in press) .58 .42 
Kenny & Bernstein (1982) ## .29 

First encounters: Groups 

Dabbs & Ruback (1987) .36 .13 
Kashy (1988) .09 .28 
Park & Flink (1989) -.10 .18 

Long-term acquaintance 
Burleson (1983) .12 .49 
Curry & Emerson (1970) -.26 .48 
Malloy & Albright (1990) ##. .75 

Newcomb (1961) ~ 
a .58 

Wright, Ingraham, & Blackmer (1985) .49 .74 

Note. ## insufficient variance to compute the correlation. Adapted from Kenny (1994). 
Copyright 1994 by Lawrence ErIbaum Associates, Inc. Adapted by permission. 
aBecause ranks were used, perceiver variance cannot be computed. 

reciprocity tends to increase with acquaintance. The average reciprocity 
correlation in the short-term acquaintance studies is .26, and rises to 
.61 in the long-term acquaintance studies. So, from short- to long-term 
acquaintance, the dyadic-reciprocity correlation more than doubles. 

The results in Table 6.1 make clear why researchers who did not 
use SRM had difficulty finding reciprocity of attraction. The simple 
correlation of how much Alice likes Betty and how much Betty likes 
Alice contains a mix of the generalized and dyadic correlations (Ken­
ny & Nasby, 1980). Because the generalized correlations are so small, 
they dilute die level of reciprocity in dyadic relations. 

Although for some 10 years it has been known that reciprocity 
of liking increases with greater acquaintance, there is not a common­
ly accepted explanation of why such an increase exists. There are at 
least four possible explanations. 

Traditionally in social psychology, the dominant theoretical ex­
planation of interpersonal attraction has been "exchange theory." In 
exchange theory, the liking of another is presumed to be determined 
by the rewards that a person obtains from the interaction. So the rea­
son John likes Marsha is based on the rewards that he receives when 
he is with Marsha. The definition of rewards is never clear in exchange 
theory. 



Reciprocity and Assumed Reciprocity 103 

If liking is determined by the rewards obtained in the interaction, 
to explain reciprocity of liking it must be assumed that the rewards 
of interaction are reciprocal: If Alice feels rewarded in interacting with 
Betty, then Betty also feelsrewarded. If rewards are reciprocal (which 
seems plausible), if liking 'depends on the sheer number of rewards 
received in the relationship, and if relationships increasingly differ in 
the rewards received, then it would follow that there should be increases 
in reciprocity over time. Because it is difficult to measure rewards in 
interaction, this explanation of increasing reciprocity is not easily tested. 

Another explanation of the increased reciprocity can be taken from 
Bem's (1967) self-perception theory. When people try to decide how 
much they like someone, they examine thei.r own behavior to deter­
mine their liking. The cue that they use to infer their liking is frequen­
cy of interaction. Because frequency is itself reciprocal (Le., the more 
time that Alice is with Betty, the more time Betty is with Alice), then 
liking must be reciprocal if dyads differ in the amount of interaction. 
It must also be assumed that people know how much time they spend 
with others-something that they appear to know (see Kashy & Ken­
ny, 1990a, which is discussed in Chapter 7). So if people infer their 
liking from the cue of frequency of interaction, then liking should be 
reciprocal. 

It is important to realize not only that acquaintance leads to at­
traction, but also that attraction leads to acquaintance. Normally, peo­
ple wish to spend time with those they like. So a correlation between 
acquaintance and liking does not necessarily mean that acquaintance 
caused liking. 

The third explanation of reciprocity is based on meta-perception. 
First, as is explained later in this chapter, there is strong evidence for 
assumed reciprocity: If Jack likes Jill, Jack presumes that Jill likes him. 
Assumed-reciprocity correlations are some of the largest correlations 
in interpersonal perception. Second, this explanation assumes that peo­
ple's meta-perceptions of liking become increasingly accurate over time; 
that is, people know how others see them. The combination of as­
sumed reciprocity and meta-accuracy results in reciprocity. Basically, 
how much Alice likes Betty causes Betty's meta-perception of how much 
Alice likes Betty, and then this meta-perception determines how much 
Betty likes Alice. I know of no actual evidence that dyadic meta-accuracy 
increases with acquaintance. But if it does, the combination of assumed 
reciprocity and meta-accuracy necessarily leads to increased reciprocity. 
So reciprocity is a by-product of meta-accuracy and assumed reciprocity. 

The final explanation focuses on the effects of similarity on at­
traction. If actual similarity in attitudes, background, and values de­
termines attraction, and if it takes time for this effect to emerge, there 
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should be increasing reciprocity with increasing acquaintance. Byrne 
(1971) has considered the effects of similarity on attraction in great 
detail. 

Which of these four explanations explains the increase in reciproci­
ty as a function of acquaintance? It is likely that each plays a role, 
but currently the relative contribution of the four is unknown. 

Reciprocity of Trait Judgments: 
Generalized Reciprocity 

The question in this section is the correlation between a person's per­
ceiver and target effects. For example, if John is seen by his peers as 
intelligent, does John in turn see his peers as intelligent? Historically, 
the correlation between the perceiver effect and the target effect has 
been interpreted as a measure of projection. "Projection," a psychoana­
lytic concept, means that people see traits in others that they deny that 
they have. In projection, it is assumed that the actual standing causes 
the perceiver effect for some people. For instance, a person may be­
lieve that he or she has a homosexual orient~ion, but this belief cre­
ates so much anxiety and guilt that he or she "projects" this orientation 
onto others, while simultaneously denying that he or she is homosex­
ual. Thus, classical psychoanalytic projection does not necessarily imply 
a correlation between the perceiver and target effects.1 

There are three fundamentally different processes that can result 
in a linkage between perceiver and target effects: self-perception, com­
plementary projection, and misattribution. Interestingly, all three of 
these explanations presume that the target effect accurately reflects the 
person's behavior-in other words, that there is target accuracy (see 
Chapter 7). These three different theories are discussed, and then the 
research evidence concerning a perceiver-target correlation is reviewed. 

Self-Perception 

The topic in Chapter 9 is assumed similarity: Do people see others 
as they see themselves? If it is assumed that others see the persons as 
they view themselves (i.e., self-other agreement), then the combina­
tion of assumed similarity and self-other agreement implies that the 
perceiver aD(~ target effects are correlated. So if John thinks that he 
is stupid and so do other people, and if John thinks that others are 
like him (i.e., they are stupid), then there should be a correlation be­
tween the perceiver and target effects: John is seen by others as stupid, 
and he thinks that others are stupid. 
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Self-Perception 

Self C Perception 
Perceiver 

~ Effect 

Behavior __ ---;~~ Target 
Effect 

Complementary Projection 

Perceiver > Target 
Effect ----;~~ Behavior ----;,..~ Effect 

Misattribution 

Perceiver 

~Effect 

Behavior .............. 

.............. Target 
Effect 

FIGURE 6.1. Three models that imply a perceiver-target correlation. 
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This pattern is illustrated in the top panel of Figure 6.1. A per­
son's self-concept causes the person's perceiver effect. The self-concept 
is correlated with the person's behavior, and the behavior causes the 
target effect. 

Generally, it is assumed that a person sees others as he or she sees 
himself or herself. People assume that others are like them, not differ­
ent from them. Alternatively, there could be "assumed dissimilarity" 
or what has been called "contrast projection" (Campbell, Miller, Lu­
betsky, & O'Connell, 1964): People see others as different from them­
selves. For instance, if a person is not very intelligent, then that person 
may see others as very intelligent because he or she compares others 
to himself or herself. So, as discussed in Chapter 3, the self is used 
to anchor the scale, and people rate others in relation to themselves. 
Thus, if a person sees himself or herself the way others see him or her 
(there is self-other agreement), and if a person compares others to him­
self or herself (i.e., the self is used as a standard to judge others), then 
there should be negative perceiver-target correlations. According to 
Campbell et al. (1964), there is weak but consistent evidence support­
ing contrast projection. However, I have questioned this conclusion 
on statistical grounds (Kenny, 1981). Evidence about contrast and 
similarity projection is reviewed later in this chapter. 
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Complementary Projection 

In "complementary projection" people may adopt various person­
alities to fit into a world that they perceive. So if a person sees others 
as hostile, he or she may well adopt a hostile personality. Complemen­
tary projection predicts assumed similarity for some traits (Agreeable­
ness) and contrast for other traits (Extroversion). For still other traits, 
it predicts that a perceiver effect for one trait implies a target effect 
for another trait. So, for example, if a person thinks that others are 
incompetent, he or she will be bossy in his or her interactions. In com­
plementary projection, the direction of causation is from the perceiver 
effect to the target effect: A person's view of others changes how he 
or she behaves, and in turn changes others' perceptions of him or her. 
Note that it is assumed that behavior leads to accurate perception (target 
accuracy). 

The model assumed by complementary projection is presented in 
the middle panel of Figure 6.1. The perceiver effect causes the per­
son's behavior, and that behavior in turn causes the target effect. 

Campbell et al. (1964) also discussed the possibility that the tar­
get effect may cause the perceiver effect in a form of complementary 
projection. For example, people may view a certain person as hostile 
(a target effect). This person (the perceiver) may rationalize his or her 
hostile actions because he or she thinks that others are hostile. So the 
perceiver effect serves as a rationalization or an excuse for this per­
son's behavior. Again, the person's view of others complements his 
or her personality; however, in this case the causation goes from the 
person's behavior, which is indexed by the target effect, to the per­
ceiver effect. 

Misattribution 

It is a truism that a person's behavior affects the behavior of his or 
her interaction partner. If a person is friendly, the people with whom 
that person interacts will probably behave in a friendly fashion. Given 
that the target is veridic ally perceived (people who are seen as friendly 
behave in a friendly manner), then friendly people should tend to have 
friendly interaction partners. If people fail to realize the effect of their 
behavior on others, which is something they seem to do (Gilbert & 
Jones, 1986), then there should be a perceiver effect to match the tar­
get effect. Campbell et al. (1964) referred to this phenomenon as "reac­
tivity"; I prefer to use the more contemporary term of "misattribution." 
People fail to realize that they, not their partners, are the cause of their 
partners' behavior. 
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In the bottom panel of Figure 6.1, the misattribution model is 
presented. A person's behavior causes both the target and perceiver 
effect. It is interesting to note that all three models illustrated in Figure 
6.1 presume target accuracy: A person's behavior causes his or her 
target effect. 

Empirical Results 

What is the correlation between the perceiver and target effects? Table 
6.2 presents the perceiver-target correlations from 12 different studies. 
For each study I have computed the median perceiver-target correla­
tion. The average perceiver-target correlation is a paltry -.01. There 
is then not much evidence for a correlation between perceiver and tar­
get effects. 

An overall zero correlation could be a result of negative and positive 
correlations canceling each other out. To investigate this possibility, 
I have examined the perceiver-target correlations from the Park and 
Judd (1989) study. In that study there was no interaction, and people 
merely asked each other a standard set of questions. So in this study, 
the perceiver-target correlation could not reflect misattribution because 

TABLE 6.2. Generalized- and Dyadic-Reciprocity Correlations of Trait Judgments 

Study Generalized Dyadic 

Short-term acquaintance: One-on-one 

Chapdelaine et al. (in press) .18 .06 
Reno & Kenny (1992) .04 .01 

Oliver (1989) .16 .10 
Short-term acquaintance: group 

Levesque (1990) -.08 .04 

Rothbart & Singer (1988) .12 -,02 
Hallmark & Kenny (1989) -.00 -.01 

Kashy (1988) -.12 -.03 

Shechtman & Kenny (in press) .00 .04 

Long-term acquaintance 
Dantchik (1985) -.11 .01 
Malloy & Albright (1990) -.28 .16 

Albright, Kenny, & Malloy (1988) Study 1 -.02 .03 

Campbell, Miller, Lubetsky, & O'Connell (1964) .04 .11 

Mean -.01 .04 
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the two people did not interact with each other in the usual sense. Thus, 
the resulting perceiver-target correlation must be attributable to either 
complementary projection, assumed similarity, or contrast projection. 
I have divided the traits into the Big Five factors and computed the 
median perceiver-target correlation. 

Table 6.3 presents the results from this analysis. As seen in the 
table, there is evidence for a positive perceiver-target correlation for 
Agreeableness and negative correlations for Extroversion and Culture. 
What is the explanation for this pattern of results? The pattern is cer­
tainly not supportive of assumed similarity, in that for two of the five 
factors the correlation is negative. Though somewhat supportive of 
contrast projection, the positive correlation for Agreeableness under­
mines that explanation. Complementary projection would predict the 
positive correlation for Agreeableness, and the negative correlations 
for Extroversion and Culture are somewhat consistent with complemen­
tary projection. So there is some support for complementary projection. 

It should be realized that the correlations in Table 6.3 are rather 
small. Because all the models that attempt to explain the 
perceiver-target correlation presume that there is correspondence be­
tween how a person behaves and others' perceptions of that person, 
no doubt that correspondence is far from perfect. That is, low to moder­
ate target accuracy probably greatly diminishes the magnitude of the 
perceiver-target correlation. 

There is a test for misattribution through an examination of one­
on-one interactions with strangers. If Alice tends to behave in a friendly 
way, and Alice makes her partners also behave in that way, then perhaps 
Alice will see her partners as also friendly. Table 6.4 presents the 
perceiver-target correlations from two one-on-one studies. Table 6.4 
does provide evidence that there is misattribution for the factor Agree­
ableness. Note that it has the most positive correlation in both studies. 
Of course, the correlation for Agreeableness could be a resultl of other 
processes besides misattribution. 

TABLE 6.3. Median Generalized-Reciprocity Correlations Based 
on Data from the Park and Judd (1989) Study 

Factor Number of traits Correlation 

Extroversion 18 -.12 
Agreea6leness 16 .15 
Conscientiousness 8 -.00 
Emotional Stability 8 .03 
Culture 4 -.19 
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TABLE 6.4. Median Generalized-Reciprocity Correlations from 
Two One-on-One Studies 
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Factor Chapdelaine et al. (in press) Reno & Kenny (1992) 

Extroversion .09 

Agreeableness .49 

Conscientiousness .03 

Emotional Stability .14 

Culture .11 

.15 

.23 
-.48 

.03 

-.22 

Overall, there is very little evidence for a perceiver-target corre­
lation. There is some weak evidence for complementary projection in 
the Park and Judd (1989) study, and there is evidence for misattribu­
tiOI;t of Agreeableness in two one-on-one studies. The one consistent 
result is a correlation for Agreeableness. 

Reciprocity of Trait Perception: Dyadic Reciprocity 

The question of dyadic reciprocity of traits is as follows: If John sees 
Henry as particularly intelligent, does Henry see John as particularly 
intelligent? Why would there be any expectation of dyadic reciprocity 
for traits? Considered here are two explanations of dyadic reciprocity 
of other-perception, each of which relies on reciprocity at another level. 
First, it is reasonable to believe that some behaviors are reciprocal (Cap­
pella, 1981). Most likely, prosocial and antisocial behaviors are like­
ly to be reciprocal. If I smile when I interact with you, you will probably 
smile too. Simply put, if Alice is nice to Betty, then Betty is likely to 
be nice to Alice. (Actually, research has provided stronger evidence 
for the converse: If Alice is nasty to Betty, Betty is likely to be nasty 
to Alice. See Kelley & Stahelski, 1970.) If there is reciprocity in be­
havior between interaction partners and if trait perception is tied to 
behavior, then there should be some reciprocity in perceptions. 

Second, given that trait perceptions are at least in part driven by 
affect, and given that there is reciprocity in affective judgments, then 
there should be a. reciprocity in trait judgments. Because it is known 
that the correlation between affect and liking is about .65 (see Chap­
ter 5, Table 5.1), and that, at least among well-acquainted people, the 
level of dyadic reciprocity is about .6 (see Table 6.1), then statistical­
ly the expectation is for a correlation of about .4 (.65 x .6) for dyad­
ic reciprocity for trait perception. If it is assumed that about one-half 
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of the relationship variance is error variance (see Table 5.1), then a 
good guess for the dyadic-reciprocity correlation would be about .20. 

In Table 6.2 above, the dyadic-reciprocity correlations across 12 
studies have been presented. As seen in the table, there is little or no 
evidence of reciprocity of perceptions in trait judgments, the average 
of the 12 correlations being only .04. If the focus is only on the well­
acquainted dyads, there is a somewhat higher correlation of .08, but 
it is still much lower than the predicted correlation of .20. 

What happens when the dyadic correlations are broken down by 
trait type? Because both the reciprocal-behavior theory and the liking 
theory imply a dyadic correlation for Agreeableness, that factor should 
evidence dyadic reciprocity. Table 6.5 presents the correlations from 
two one-on-one studies that should have large amounts of relation­
ship variance. The results in the table show that there is very little 
reciprocity in trait perceptions. The only trait with a hint of a correla­
tion is Extroversion, but that correlation is very smalU 

The weak dyadic-reciprocity correlations of trait perceptions sug­
gest that trait perception and affect are fairly independent: Affect is 
reciprocal and trait judgments are not. However, as Chapter 5 has 
clearly shown, affect and trait perceptions are strongly correlated. It 
is a puzzle that currently has no definitive solution. Consider the im­
plications of the contradiction for the direction of the affect-cognition 
causal effects. 

If the assumption is that affect causes trait judgments, there is the 
problem that there should be a more positive correlation between trait 
judgments. The only way to offset the correlation is to assume that 
the behavioral correlation is negative. Although negative correlations 
for Extroversion make some sense, it seems unlikely that the other fac­
tors have negative correlations. 

Alternatively, if the correlation goes from trait judgment to af­
fect, then it is necessary to supplement the reciprocity in affect. This 
is less problematic. It need only be assumed that once trait effects are 

TABLE 6.5. Median Dyadic-Reciprocity Correlations from Two One-cn-One Studies 

Factor Chapdelaine et al. (in press) Reno & Kenny (1992) 

Extroversion .19 .08 
Agreeableness - .04 - .06 
Conscientiousness 

Emotional Stability 

Culture 

.01 

.06 

.06 

-.04 

.07 
-.01 
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controlled, the dyadic-reciprocity correlation for affect is very large, 
approaching 1. Because this is more plausible than negative behavioral 
reciprocity, there is support for the idea that trait judgment causes af­
fect more than affect causes trait judgment. Clearly, more re~earch is 
needed to explore the linkages between trait judgments and affect. 

Assumed Reciprocity 

Perceivers realize that their targets are perceiving them. Consequent­
ly, people often engage in meta-perception: They try to perceive another 
person's perception of them. In this section, two different topics con­
cerning the reciprocity of meta-perceptions are discussed. In the first, 
Jack attempts to perceive how others perceive him; in the second, Jack 
perceives how two different people see each other. In discussing these 
two topics, I rely on another analysis (Kenny & DePaulo, 1993) and 
a recent study (Chapdelaine, Kenny, & LaFontana, in press), respec­
tively. 

Meta-Perceptions of the Self 

People may assume that there is reciprocity in people's liking for each 
other and in their evaluation of each other's traits. If Jack sees Jill as 
good-natured, he may simply assume that Jill will also see him as good­
natured. He may do so without" even bothering to look at Jill to see 
whether she seems to be regarding him as good-natured. 

We (Kenny & DePaulo, 1993) analyzed eight studies to evaluate 
perceived and actual reciprocity in perception. To evaluate the assumed­
reciprocity hypothesis, it must be 'determined whether people really 
do assume reciprocity and whether reciprocity does in fact exist. Table 
6.6 presents the correlations for both the actual dyadic reciprocity of 
impressions (if Jack sees Jill as sociable, does Jill see Jack as sociable?) 
and the assumed reciprocity between meta-perception and the impres­
sion (if Jack sees Jill as sociable, does he think that Jill sees him as 
sociable?). When relationship and error variance can be separated be­
cause there are multiple measures, and there is sufficient relationship 
variance, the dyadic correlations can be adjusted to remove the effects 
of error. These correlations are presented in the last two columns of 
Table 6.6. 

The top of Table 6.6 presents the correlations for actual and as­
sumed reciprocities in trait studies. With hardly any exception, neither 
type of reciprocity is very strong. So if Jack sees Jill as good-natured 
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TABLE 6.6. Corrrelations for Dyadic Reciprocity, Actual and Assumed 

Unadjusted Adjusteda 

Study Actual Assumed Actual Assumed 

Trait 

Anderson (1985) .14 .17 xx xx 

DePaulo, Kenny, Hoover, .12 .32 .25 .61 
Webb, & Oliver (1987) 

Kenny & DePaulo (1990) 
Applicant -.Olb .09 ## HH 
Interviewer -.Olb .12 ## ## 

Malloy & Albright (1990) .11 .10 xx xx 
Malloy & Janowski (1992) -.06 .10 -.08 .13 
Oliver (1989) .11 -.23 xx xx 

Reno & Kenny (1992) .14 .42 xx xx 

Affect 

Curry & Emerson (1970) 

Week 1 .40 .61 xx xx 
Week 8 .53 .74 xx xx 

DePaulo et al. (1987) .27 .70 .19 .82 
Kenny & DePaulo (1990) 

Applicant _.l1b .67 -.13b ## 
Interviewer _.l1b .46 -.13b .59 

Oliver (1989) .35 .29 xx xx 

Reno & Kenny (1992) .12 .47 xx xx 

Mean .21 .56 

Note. ## = less than 5% of the variance; correlation not computed; xx = single replica-
tion, adjustment not possible. Adapted from Kenny and DePaulo (1993). Copyright 1993 
by the American Psychological Association. Adapted by permission. 
aError removed from relationship effects. 
bActual reciprocity is the same for applicant and interviewer. 

or intelligent, Jill will not necessarily see Jack in those ways. Further­
more, Jack does not necessarily assume that Jill sees his good-riatured 
personality or his intelligence in the same way that he sees hers. For 
six of the eight comparisons, perceptions of reciprocity are stronger 
than actual reciprocity, but the levels of assumed reciprocity are not 
high. 

The bottom of Table 6.6 presents the correlations for actual and 
assumed reciprocities in studies of affect. Both types of reciprocity are 
higher than the corresponding reciprocities for traits. Therefore, for 
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affect, there is both actual reciprocity (if Jack likes Jill, Jill likes Jack) 
and assumed reciprocity (if Jack likes Jill, he thinks that Jill likes him). 
There may be more actual reciprocity for liking than there is for traits, 
because people are likely to feel positive toward someone who feels 
positive toward them; it is less likely that people will think someone 
else is witty just because that someone thinks they are witty. 

In six of the seven comparisons, it can be seen that subjects as­
sumed more reciprocity of liking-sometimes much more-than ac­
tually existed. Assumed reciprocity of liking is substantial for virtually 
every study; the median for the seven correlations is .61. Note that 
this correlation is not corrected for attenuation, and so if they were 
corrected, the correlations would be virtually 1. 

It can also be asked to what extent people believe that if someone 
is popular, he or she will like others. At issue is the correlation be­
tween the target effect in liking and the target effect in meta-perception. 
It can also be asked whether those who tend to like others also tend 
to think that they are liked by others. This latter correlation is between 
the perceiver effects in other- and meta-perception. Table 6.7 presents 
these results. 

Both sets of correlations are very impressive. The "smallest" corre­
lation in the table is .69. Thus, there is strong evidence that assumed 
reciprocity operates at the individual level. Popular people are assumed 
to like others, and if a person likes others, this person assumes that 
others like him or her. Assumed reciprocity operates at both the in­
dividual and dyadic levels. 

TABLE 6.7. Correlations for Assumed Reciprocity of Affect 
at the Individual Level 

Study Target Perceiver 

Curry & Emerson (1970) 

Week 1 .89 .76 

Week 8 1.00 .90 

DePaulo et al. (1987) ## .83 
Kenny & DePaulo (1990) 

Applicant ## .98 

Interviewer ## .85 
Oliver (1989) ## ## 
Reno & Kenny (1992) ## .69 

Note. ## = less than 5% of the variance; correlation not computed. 
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Meta-Perceptions of Others 

When people are asked to state how much other people like each other, 
these are perceptions of liking. These perceptions are similar to meta­
perceptions of liking (just discussed); however, people are not asked 
how much somebody likes them, but rather how much somebody likes 
somebody else. The question is whether there is reciprocity of liking 
in these judgments. Just to be clear, the question concerns asking Zel­
da how much she thinks Heidi likes Carol. 

. We (Chapdelaine et aI., in press) conducted a study to examine 
this question. We had groups of five women, who were initially 
strangers, interact one-on-one for 10 minutes per interaction. The wom­
en were told that they would later make predictions about one another. 
After each interaction, the two participants were encouraged to take 
notes, and each woman completed a form asking her how much she 
liked her interaction partner. After each woman had interacted with 
each of the four other women, she predicted how much the other four 
women would like one another. So each woman made a total of 12 
predictions. 

We computed individual- and dyadic-reciprocity coefficients for 
the predictions of each woman. We found reciprocity correlations at 
the individual level of .68. However, actual reciprocity at the individual 
level in this study was .58 (see Table 6.1). So people think that popu­
lar people like others more than they really do like others. 

At the dyadic level, the assumed-reciprocity correlation was .53. 
When appropriate corrections were made to remove error variance, 
it was found that the dyadic-reciprocity correlation was essentially 1.00. 
Thus, people assume that if Art likes Bob, then Bob must like Art. 
The actual dyadic-reciprocity correlation was lower, being .42. 

Frey and Smith (1993) conducted a similar study (see their Study 
2). They had people predict how much their friends liked each other. 
They replicated the high level of reciprocity of perceived liking judg­
ments that we (Chapdelaine et aI., in press) found. Moreover, they 
found even higher levels of assumed generalized reciprocity, .85. They 
too found that people assumed that popular people liked others - an 
assumption that is generally false (see the first column of numbers in 
Table 6.1). 

Summary 

There appears to be no evidence of individual-level reciprocity of at­
traction: Popular people do not tend to like others any more than un-



Reciprocity and Assumed Reciprocity lIS 

popular people. However, people seem to assume mistakenly that popu­
lar people do like others. At the dyadic level, there is strong evidence 
that when the two participants know each other well, there is reciprocity 
of attraction. Reciprocity of attraction, then, exists at the dyadic and 
not the individual level of analysis. 

Overall, trait judgments do not show either individual or dyadic 
reciprocity. However, at the individual level, there is some weak evi­
dence of individual-level reciprocity of Agreeableness: If a person sees 
others as agreeable, he or she is seen by others as agreeable. Dyadic­
level correlations are consistently weak. 

A continual undercurrent in the investigation of reciprocity of per­
ception is the question of reciprocity of behavior. A systematic exami­
nation of evidence concerning reciprocity of behavior is needed. 
Particularly important is the extent to which both prosocial behavior 
and antisocial behavior are reciprocated. 

People assume that if they like someone, that person likes them. 
They also assume that liking is reciprocal when they guess at how much 
people like one another. So assumed reciprocity of liking is the norm. 
There is no evidence for assumed reciprocity of traits. 

This chapter, perhaps more than any other in the book, is filled 
with speculation. Despite the early initial interest in investigating 
reciprocity of attraction using SRM, there has been little recent inves­
tigation of the topic. This is unfortunate, and I hope that the future 
will result in renewed interest in this most interesting topic. 

Notes 

1. It should be pointed out that researchers often use the term "projection" 
when the person doing the projecting is aware of his or her standing on the trait. 
Because the terin "projection" requires denial, these are not cases of projection 
as classically defined. 

2. Extensive research shows that friends are more similar to one another than 
are nonfriends. This is not the same as dyadic reciprocity, but rather a correlation 
in target effects (Kenny & Kashy, in press). 
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TARGET ACCURACY 

A ccuracy in interpersonal perception is a fundamental issue in 
social and personality psychology. Are people's perceptions of 
others valid? This is the most obvious question in the field of 

interpersonal perception, yet, surprisingly, the most difficult to study. 
Common sense suggests that people do have some idea about what 

other people are like. We all presume that we have some insight into 
the personalities of our lovers, parents, friends, and bosses. Some un­
derstanding of the social world seems necessary if an individual is to 
survive (Fiske, 1993; McArthur & Baron, 1983; Swann, 1984).1 

The chapter begins with a historical review of the topic and of 
the Cronbach and Gage critique of global accuracy scores. On the basis 
of this review, it is concluded that accuracy research should be 
nomothetic, interpersonal, and componential; it is also shown how 
the Social Relations Model (SRM) fulfills these requirements and pro­
vides a methodology to study interpersonal accuracy. Next discussed 
is how the measurement of the criterion (what a person is really like) 
presents additional problems in accuracy research. Results from two 
accuracy studies are presented. Finally, the Weighted-Average Model 
(WAM), developed in Chapter 4, is applied to the question of target 
accuracy. The present chapter represents a substantial update of an 
earlier analysis (Kenny & Albright, 1987) of accuracy. 

Historical Survey 

Accuracy in person perception is one of the oldest topics in social and 
personality psychology. Its roots lie in the success of standardized in-

Parts of this chapter are adapted from Kenny (1986) and Kenny and Albright (1987). 
Copyright 1986 and 1987 by William D. Crano and the American Psychological As­
sociation. respectively. Adapted by permission. 
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telligence testing. Researchers reasoned that if it were possible to meas­
ure individual differences in cognitive skills, then it should be possible 
to measure individual differences in social skills. Psychologists rushed 
to the task of measuring individual differences in accuracy in person 
perception. Whether it was called "accuracy," "empathy," "social skills," 
"understanding" or "sensitivity," the goal was always essentially the 
same: to differentiate people by their ability to know the social world 
surrounding them. 

The individual-difference orientation fostered during World War 
II in the United States easily absorbed this tradition. Social scientists 
were eager to select individuals who could be leaders and be respon­
sive to the demands of the troops they commanded. 

After World War II, the aims of accuracy researchers continued 
to focus on selection. But the emphasis shifted to the selection of clini­
cians, social workers, and teachers, who were thought to be skilled 
perceivers of people. Also, poorly adjusted people were thought to be 
those who were inaccurate person perceivers. In the late 1940s and 
early 1950s, the study of individual differences in the accuracy of so­
cial perception became a dominant area of research in social and per­
sonality psychology. 

Critique of Accuracy Research 

In the mid-1950s, all of the interest in and enthusiasm about accuracy 
research came to a crashing halt. Several prominent psychometricians, 
most notably Cronbach and Gage (Cronbach, 1955, 1958; Gage & 
Cronbach, 1955; Gage, Leavitt, & Stone, 1956), called into question 
the measurement techniques of the accuracy researchers. These research­
ers did not argue that accuracy could not be measured (as is some­
times mistakenly thought), but that a complete treatment of accuracy 
required much more complicated procedures than those available then. 
Because these criticisms are so important and are not well understood, 
I review them here in detail. I also show that the approach taken in 
this chapter parallels the Cronbach (1955) components. 

Cronbach (1955) distinguished among four components of accura­
cy: "elevation," "differential elevation," "stereotype accuracy," and 
"differential accuracy.,,2 To understand these terms, a detailed con­
sideration of the judgment process is required. 

Each perceiver rates a set of targets on a set of traits. For each 
judgment, there is a criterion score, the target's actual standing on the 
trait. (This chapter later considers the measurement Qf the criterion.) 
"Accuracy" is generally defined as the correspondence between the 
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judgment and the criterion (Kruglanski, 1989). Often the measure of 
accuracy is the average of the discrepancies between the j1l;dgments and 
the criterion. Cronbach (1955) criticized the use of a single, global dis­
crepancy score as a measure of accuracy. The reasons for his reserva­
tions about such measures are now explained. 

Partitioning Judgments 

I review an earlier presentation here (Kenny, 1986). Consider the rat­
ings of a particular judge of a set of targets on a set of :traits, as in 
Table 7.1a. There ~re three targets (Mary, Jane, and Beth) and three 
traits ("intelligent," "friendly," and "honest"). It is assumed that the 
judge, who will be called Sandy, has rated the three targets on a 10-point 
scale for each trait. (For the moment, ignore Table 7.1b.) 

Table 7.2a presents the criterion scores for the same three targets 
and the same three traits. It is assumed that the targets obtained these 
scores on three highly reliable, standardized tests of intelligence, friend­
liness, and honesty. The criterion measures, like the judgments, range 
from 1 to 10. Scores are oriented so that higher scores indicate more 
favorable ratings. It is the correspondence between Sandy's judgments 

TABLE 7.1. Judgments and Partitioning of Judgments about Three Targets 
on Three Traits 

a. Judgments 

Targets 

Traits Mary Jane Beth 

Intelligent 10 7 4 
Friendly 6 8 1 
Honest 2 3 4 

b. Partitioned Judgments 

Targets 

Traits Mary Jane Beth 

Intelligent 

I 

2 -1 

=: I Friendly 0 2 
Honest -2 -1 

Target effect scores 1 1 -2 

Trait 
effect 
scores 

2 
0 

-2 
sa 

Note. Uniqueness scores are boxed in. Adapted from Kenny (1986). Copyright 1986 by 
William D. Crano. Adapted by permission. 
aConstant score for judge. 
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TABLE 7.2. Criterion Scores and Partitioned Criterion Scores of Three Targets 
on Three Traits 

a. Criterion Scores 

Traits 

Intelligent 
Friendly 

Honest 

Mary 

7 
7 
1 

h. Par#tioned Criterion Scores 

Traits 

Intelligent 

Friendly 

Honest 

Target effect scores 

Mary 

-1 

Targets 

Jane 

8 
4 

3 

Targets 

Jane 

1 
-1 

o 
-1 

Beth 

9 
7 
8 

Beth 

2 

Trait 
effect 
scores 

2 
o 

-2 

Note. Uniqueness scores are boxed in. Adapted from Kenny (1986). Copyright 1986 by 
William D. Crano. Adapted by permission. 
aConstant score for criterion. 

(Table 7.1a) and the criterion scores (Table 7.2a) that is at issue in 
the consideration of interpersonal accuracy. 

The judgments and the criterion scores can each be divided into 
component parts. As seen later in the chapter, the relationships be­
tween these parts define Cronbach's four types of accuracy. In Table 
7.1b, Sandy's judgments have been divided into four components. In 
equation form, this partitioning is as follows: 

Judgment = Constant + Trait + Target + Uniqueness 

(This decomposition can be viewed as a two-way analysis of variance, 
in which trait and target are main effects and uniqueness is the inter­
action between the two.) 

Consider Sandy's judgment that Mary scores a 10 in intelligence. 
According to the formula, the 10 is the total of the constant term plus 
the trait term plus the target term plus the uniqueness term. These four 
components and their derivation are described in the following para­
graphs. 

The "constant term" is the tendency for the judge to rate all the 
targets on all the traits either favorably or unfavorably. It represents 
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a very general response set, because it affects the judgments of every 
target on every trait. The constant is the average of all of Sandy'S nine 
judgments, as presented in Table 7.1a. Thus, Sandy's constant score 
is + 5, and this is indicated in the bottom right-hand corner of Table 
7.1b. Because the ratings can range from 1 to 10, with 5.5 as the scale 
midpoint, a score of 5 indicates that Sandy is relatively neutral in her 
overall rating of the targets. 

The "trait effect" represents the judge's tendency to view a partic­
ular trait as being high or low relative to the other traits that are rat­
ed. The trait effect is the average of Sandy's judgments for a specific 
trait minus the constant effect. So for intelligence, the trait effect is 
(10 + 7 + 4)/3 - 5, which equals 2. The trait effect is specific to 
the trait that is being rated. Thus, for friendliness, the trait effect is 
(6 + 8 + 1)/3 - 5, or o. Judgmental trait effects are noted in the 
final column of Table 7.1 b. The entries in this column indicate that 
Sandy sees the targets as being relatively more intelligent than honest. 
Trait effects necessarily sum to zero. 

The "target effect" (which is not the same as the target effect in 
SRM) represents any tendency for the judge to view a specific target 
more or less favorably than the other targets. It is computed in a man­
ner parallel to that of the trait effect, except that the judgments are 
averaged for a particular target rather than for a trait. Thus, the tar­
get effect for Mary is (10 + 6 + 2)/3 - 5, which equals 1. Target 
effect scores are given in the bottom row of Table 7.1b, and they are 
1 for Mary, as noted, 1 for Jane, and -2 for Beth. They, too, neces­
sarily sum to zero. The hypothetical judge, Sandy, views Mary and 
Jane more favorably than she does Beth. The target effect may well 
represent how much the judge particularly likes the target. 

The final component of the judgment score is what is called 
"uniqueness," which represents the judge's views of the target on a par­
ticular trait after the constant, the trait effect, and the target effect are 
removed. Basically, this measure indicates how the target is uniquely 
evaluated on the particular trait by the judge. The uniqueness score 
is computed by subtraction. It equals the judgment minus the constant, 
the trait, and the target effects. So for Sandy's judgment of Mary on 
the trait intelligent, the uniqueness component is 10 - 5 - 2 - 1, 
which equals 2. The uniqueness scores are the boxed-in entries of Table 
7.1b. They' necessarily sum to zero across each target and across each 
trait. 

The uniqueness component can provide information that appears 
somewhat at odds with the judgment data. Take, for example, Sandy's 
seemingly low rating of Beth on the trait of honesty. The uniqueness 
score for this fliting is 3, which is the highest uniqueness score in Table 
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7.lb. The relatively large uniqueness score tells us that the low score 
of 4 is not really that low, because the target (Beth) tends to be rated 
low by Sandy on all measured traits. As such, for this judge's rating 
of this target on this trait, a 4 is a rather high rating. 

Partitioning Criterion Scores and Defining Accuracy 

In Table 7.2b, the criterion measure has been divided into the same 
components as the judgments. In equation form, the partitioning is 
as follows: 

Criterion = Constant + Trait + Target + Uniqueness 

The constant term is the average score on the criterion for all the 
targets on all the traits. The constant for the criterion is 6,1 unit higher 
than Sandy's judgment constant. The trait effect represents any ten­
dency for the targets to have more or less of the quantity being studied. 
So in this case, the three targets tend to be more intelligent than friendly, 
and more friendly than honest. The target effect represents any ten­
dency for the targets to be high or low on the criterion. The target 
effects in the bottom row of Table 7.2b indicate that Beth scores higher 
on the traits than either Mary or Jane does. Finally, the last part of 
the criterion is uniqueness. This quantity represents the part in the 
criterion score for a given individual, on a specific trait, that remains 
after the constant, trait, and target effects are removed. 

At last, Cronbach's (1955) four components can be discussed. 
Recall that Cronbach asserted that the simple average of the discrepan­
cies between judgment and criterion for a judge consists of four different 
components. These components are diagrammed in Figure 7.1. At the 
top of Figure 7.1, the judgment is divided into four parts-constant, 
trait, target, and uniqueness. At the bottom of the figure, the criteri­
on score is divided into the same four components. Cronbach's four 
components of accuracy can be viewed as linking together the cor­
responding parts of the judgment and the criterion scores. 

"Elevation" concerns the degree of correspondence between the 
constant of the judgment and the constant of the criterion; that is, it 
is the discrepancy between the judge's average score and the average 
score that targets obtain on the criterion. Table 7.1 b shows that San­
dy, the judge, has an average score (or constant) of 5 over all the judg­
ments made, and the average score (or constant) of the nine criterion 
scores in Table 7.2b is 6. As such, the elevation, or the discrepancy 
in constants, is only 1 unit on a 10-point scale. 

"Stereotype accuracy" concerns the degree of correspondence 
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Judgment Constant + Trait + Target + Uniqueness 

Elevation 
Sterotype Differential Differential 
accuracy elevation accuracy 

Criterion = Constant + Trait + Target + Uniqueness 

FIGURE 7.1. Cronbach's four components of accuracy. Adapted from Kenny and 
Albright (1987). Copyright 1987 by the American Psychological Association. 
Adapted by permission. 

between the trait effects of the judgment and the trait effects of the 
criterion. This component of accuracy concerns whether the pattern 
of the average ratings of the traits of a judge corresponds to the pat­
tern of the average score for the traits on the criterion. An examina­
tion of Tables 7.1 band 7.2b shows that there is an exact 
correspondence between the trait effects, which are presented in the 
last column of each of these tables. The trait effect is 2 for "intelli­
gent," 0 for "friendly," and - 2 for "honest" for both the judgment 
and the criterion. 

"Differential elevation" involves the degree of correspondence be­
tween the target effects. This component of accuracy concerns whether 
the pattern of a judge's average ratings of the targets corresponds to 
the pattern of the average score for the targets on the criterion. Ex­
amination of Tables 7.1b and 7.2b reveals a perfect inverse relation­
ship between the target effects, presented in the bottom rows of these 
two tables. The target effects for the judgments are 1 for Mary, 1 for 
Jane, and - 2 for Beth, whereas the target effects for the criterion are 
-1 for Mary, -1 for Jane, and +2 for Beth. 

"Differential accuracy" concerns the correspondence between cor­
responding uniqueness components. One way to measure differential 
accuracy is to correlate the uniqueness scores of the judgments with 
the uniqueness scores of the criterion. 3 So the pairs of scores would 
be correlated from the boxed-in sections of Tables 7.1b and 7.2b. Table 
7.3 presents the two sets of uniqueness scores. The correlation between 
these variables is .47, which indicates that the judgments (after the 
removal of trait and target effects) agree with the criterion scores af­
ter the trait and target effects of the criterion measures have also been 
removed. 

To summarize, the total accuracy score is partitioned into four 
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TABLE 7.3. Uniqueness Scores for Data from Tables 7.1 and 7.2 

Judgment Criterion 

2 0 

-1 1 
-1 -1 

0 2 
2 0 

-2 -1 
-2 -2 
-1 0 

3 2 

Note. Adapted from Kenny (1986). Copyright 1986 by William D. 
Crano. Adapted by permission. 
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components: elevation, stereotype accuracy, differential elevation, and 
differential accuracy. For the example in Tables 7.1 and 7.2, the ele­
vation shows close correspondence between the constants; the stereo­
type accuracy shows perfect correspondence between the trait effects; 
the differential elevation shows an inverse correspondence between the 
target effects; and the differential accuracy shows moderate correspon­
dence between the uniqueness scores. 

According to Cronbach and others, only two of the four compo­
nents that have been defined reflect meaningful accuracy: differential 
elevation and differential accuracy. The remaining components­
elevation and stereotype accuracy4 -involve the match between the 
judge's response set and the criterion. 

If multiple targets and traits are used, the reliability of these com­
ponents of accuracy can be assessed. Generally, it is difficult to meas­
ure differential accuracy, a component of true accuracy, reliably (see 
later section on nomothetic orientation). Particular care must be taken 
in interpreting the low reliability for differential accuracy. Low relia­
bility in differential accuracy means that there are not consistent in­
dividual differences in differential accuracy. However, low reliability 
says nothing concerning whether, on average, persons score above 
chance levels in- differential accuracy. Performance above chance lev­
els can be tested by comparing the average differential accuracy to the 
level that would be expected if subjects were only guessing. If differential 
accuracy is measured by a correlation coefficient, then chance differen­
tial accuracy is a correlation of zero. 
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Postcritique Accuracy Research 

Although the effect was unintended, Cronbach's accuracy critique stig­
matized accuracy research. It became an unresearchable topic. No one 
wanted to investigate an area that was, according to Cline (1964), a 
"Pandora's box of 'components, artifacts, and methodological problems' 
(Cronbach, 1955)" (p. 227). A few brave souls continued to work on 
the topic, but it is fair to say that accuracy as an area of study withered 
away, and students were advised that it was a dead topic. Cook (1979) 
characterized the reaction as follows: 

The whole business of trying to measure the accuracy of person percep­
tion is so hopelessly complicated that it should be abandoned. This was 
the impression created on many researchers by Cronbach's critiques; the 
apparent difficulty of doing research led many workers in the field, by 
a familiar rationalization, to argue that the issue wasn't important, wasn't 
worth studying experimentally or even that it didn't exist. (p. 118) 

Accuracy research "lost ... its charm" (Schneider, Hastorf, & Ells­
worth, 1979, p. 222). 

What was to replace accuracy as an area of research? These criti­
cisms extended beyond accuracy to any measure that was dyadic. Clear­
ly, individual topics were safer and less subject to the rapier-like 
criticisms of such methodological experts as Cronbach. The field turned 
to attitudes in general and dissonance theory in particular. The cur­
rent fascination with intrapsychic, cognitive topics in social psycholo­
gy is a result, in part, of the Cronbach-Gage critique. 

Research in person perception continued. Gage and Cronbach 
(1955) correctly predicted the dominant theme of research in person 
perception: 

Social perception as measured is a process dominated far more by what 
the Perceiver brings to it than by what he takes in during it. His favor­
ability toward the Other, before or after he observes the Other, and his 
implicit personality theory, formed by his experiences prior to his inter­
action with the Other, seem to determine his perceptions. (p. 420) 

No doubt, too, the "new look in perception" in the 1950s encouraged 
the field of'person perception to move away from the study of accura­
cy to the study of bias. Subsequent work in person perception that 
carefully documents the human observer's use of heuristics, implicit 
assumptions, and egocentric orientation got its impetus from the end 
of accuracy research. 

Even if one were willing to do Cronbach (1955) analyses, the com-
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putational burden in that precomputer era was excessive. Most research­
ers already viewed the pre-Cronbach-and-Gage procedures available 
at the time as complicated enough. The suggested added complexity 
was too much. Various computations could not be done "because the 
amount of calculation involved in obtaining them is prohibitive" (Cline 
& Richards, 1960, p. 5). The results of all these computations were 
very disappointing, and Cook (1979) drew the conclusion that "more 
refined methods show that perceptions of other people are for the most 
part very inaccurate" (p. 145). 

Resurgence of Accuracy Research 

The extensive literature on bias (d. Higgins, Herman, & Zanna, 1981; 
Nisbett & Ross, 1980), and the paucity of accuracy research, have 
given social science a misleading picture of the person perceiver (Funder, 
1987). It is known that observers make errors, but mistakes mean only 
that person perceivers are not perfect. Even an expert tennis player 
occasionally double-faults, makes unforced errors, and allows his or 
her opponent to make passing shots. Very good batters in baseball 
are out two-thirds of the time. Excellence and perfection are not syn­
onymous. Hastie and Rasinski (1988) showed that even though human 
observers make mistakes, their accuracy can be quite high. Most tests 
of bias take as the null hypothesis that people are totally accurate, and 
show, not surprisingly, that indeed they are not perfectly accurate. To 
determine the level of accuracy, one must measure it directly and not 
infer it from a measure of bias. 

Others besides Hastie and Rasinski (1988) have argued that per­
son perceivers may be more accurate than one might think. McArthur 
and Baron (1983) have taken an ecological approach. In part, they 
have argued that an experimental context with verbal stimuli is not 
representative of the typical human judgment situation. Swann (1984) 
has said that accuracy lies not in judging people in general, but in judg­
ing specific interaction partners. 

The Second Wave of Accuracy Research 

If investigators want to see a rebirth of accuracy research, they must 
take into account the complexities raised in the 1950s. In the hurry 
to study accuracy, they must not repeat the mistakes of the past. There­
fore, modern work on accuracy-the second wave-must be respon­
sive to critiques of research from the 1950s. Our earlier analysis (Kenny 
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& Albright, 1987) has made it clear that accuracy research must be 
nomothetic, interpersonal, and componential. 

Nomothetic Orientation 

Most of the previous research in accuracy was in the area of individu­
al differences. Recall that intelligence testing was the initial impetus 
for accuracy research. Both during World War II and in the postwar 
era, accuracy research had an avowed purpose: to select either the very 
able or the very unable. 

Several converging sources of evidence point to small amounts of 
individual differences in accuracy. First, researchers following Cron­
bach and Gage have measured the reliability of differential accuracy. 
Their general finding is that reliability in this component is low. (Norm­
ally, .70 is considered minimally acceptable reliability.) Cronbach 
(1955) reported the reliability of differential accuracy as .18. Crow 
and Hammond (1957, Study 2) obtained over-time reliabilities in the 
.25 range for their measure of differential accuracy. Also, Bronfen­
brenner, Harding, and Gallwey (1958) found reliability for this com­
ponent to be nil (p. 52). These low reliabilities are not just true for 
older studies. In a more recent study, Anderson (1985) found an aver­
age reliability of .18 for differential accuracy across four traits. Cron­
bach's doubts in 1955 about. "whether accuracy in differentiating 
personalities of others can be reliably measured" (p. 185) appear to 
be borne out.5 

These low reliabilities can give a mistaken notion about validity. 
Measures of reliability assess the consistency of individual differences. 
If the reliability is low, it does not necessarily indicate that the aver­
age level of response is meaningless. A test can have no reliability, yet 
the mean or the average score can be interpretable. Imagine the fol­
lowing test of visual acuity in a classroom. An instructor writes a word 
on the blackboard and asks the students to copy it. The instructor does 
this 10 times. One can create a score from 0 to 10 to measure acuity. 
Presumably, most students would get 10's, but for various reasons there 
may be a few scores of 9. The researcher computes the mean and finds 
that the average score for the class is 9.85. The instructor concludes 
that the class can read what is written on the board. Then, as an af­
terthought, the instructor computes an internal-consistency measure 
of reliability. Shockingly, the reliability is .04. Is the test a reliable meas­
ure? Yes and no. No, it is a poor measure of individual differences. 
Yes, it can determine whether the class can read what is on the board. 
People can be highly accurate, but the test can be totally unreliable. 
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This confusion of the reliability of individual differences and the 
reliability of accuracy scores is nowhere more evident than in Crow 
and Hammond's (1957) Study 1. These investigators developed 15 
different measures of accuracy. As they emphasized, these measures 
did not intercorrelate, which casts doubt on the reliability of the meas­
ures. Of the 12 measures for which it was possible to determine whether 
the subjects performed at better than chance levels, however, the sub­
jects scored significantly above chance on 11. (The remaining meas­
ure showed significant performance below chance!) These data show 
remarkable levels of accuracy in the face of low reliability. 

A second source of evidence of the limited individual differences 
in accuracy is in the area of nonverbal sensitivity. Individual differ­
ences in this area have proved to be elusive. The reliable measures­
the Communication of Affect Receiving Ability Test (Buck, 1984) and 
the Profile of Nonverbal Sensitivity (Rosenthal, Hall, DiMatteo, Rogers, 
& Archer, 1979)-appear notto correlate with each other. Our (Kenny 
& La Voie, 1984) analysis indicated that individual differences in receiv­
ing and decoding ability are small. This analysis is independently sup­
ported by Bond, Kahler, and Paolicelli's (1985) data, which show 
individual differences in lie and truth detection to be modest. Also, 
attempts to improve people's skills in this area have not been very suc­
cessful (Zuckerman, Koestner, & Alton, 1984) - a fact consistent with 
the view of minimal individual differences. 

The final evidence concerns the studies that preceded the Cron­
bach critique. Certainly, a major reason why this researcher became 
interested in the accuracy issue was that studies showing individual 
differences in accuracy failed to replicate. This failure may not have 
been attributable so much to methodological shortcomings as to in­
sufficient variance. 

Therefore, in this chapter, individual differences are not given 
much attention; instead, the focus is nomothetic. The question is not 
who is accurate, but when and how people are accurate. Certainly there 
are individual differences in interpersonal accuracy. However, the varia­
bility of such differences is rather limited, and the study of the level 
of accuracy is likely to be more productive than the study of variability. 

Interpersonal Orientation 

Person perceiv-ers in everyday life do not view their targets through 
one-way mirrors. They touch, yell at, and interact with each other. 
In a related vein, it is totally arbitrary to label one participant as the 
perceiver and the other as the target, because both people are usually 
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judging each other (Tagiuri, 1969). Social perception is a two-sided 
experience. In a review of accuracy studies, Smith (1966, p. 26) noted 
that 56% of the studies involved judgments of targets with whom the 
perceivers had interacted. So social interaction is the rule, not the ex­
ception. 

Swann (1984) has noted that interaction can enhance interper­
sonal accuracy. He has criticized the dominant use of object percep­
tion models in the field of person perception. One problem with object 
perception models is the assumption that the stimulus does not change 
when it is perceived by different perceivers. In person perception, a 
person's behavior can change when he or she interacts with different 
perceivers (see Chapter 1). 

The argument that accuracy research should be interpersonal 
is not equivalent to Funder's (1987) argument that accuracy should 
be studied only in the real world. The issue is not where accuracy is 
studied; rather, it is what type of stimulus should be used to assess 
accuracy (real people with whom one can interact, as opposed to con­
structed verbal descriptions of people). The type of stimulus used in 
typical laboratory research in person perception can be found in the 
real world; one often makes judgments of individuals with whom one 
has not interacted. Thus, the mistakes or errors that people make 
in the laboratory would probably be made in the real world if the 
context in the real world were similar to that in the laboratory. But, 
to assess the accuracy of interpersonal perception, one should use an 
interactive context. This does not, however, preclude accuracy re­
search in the laboratory, because interac1:ion can occur in a laborato­
ry context. 

An interactive conte'xt is also important for methodological rea­
sons. As reviewed in both Chapters 1 and 6, the basic questions in 
interpersonal perception are intertwined. First, there is reciprocity: If 
Al likes Bob, does Bob like AI? Second, there is assumed reciprocity: 
If Al likes Bob, does Al think that Bob likes AI? And third, there is 
accuracy: If Bob likes AI, does Art think that Bob likes AI? These three 
aspects can be viewed as forming a triangle. So if Al likes Bob and 
Bob likes Al (reciprocity), and Art also assumes that Bob likes Al (as­
sumed reciprocity), then Art must be accurate at knowing that Bob 
likes Art. Thus, accuracy can be a by-product of reciprocity and as­
sumed reciprocity. This potential confound can be measured and con­
trolled only by studying both people in the dyad (see the discussion 
in Chapter 6 of dyadic meta-accuracy of affect). The second wave of 
accuracy research must allow for and take into account the two-sided 
nature of soci~l perception. 
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Componential Orientation 

The essence of the Cronbach and Gage critique is that judgments must 
not be treated globally, but must be broken down into components. 
Accuracy is measured by the correspondence between these compon­
ents. Some of these components may largely tap the subjects' response 
set, and so correspondence between these components does not meas­
ure "true" accuracy. 

Although they often pay lip service to the Cronbach and Gage 
critique in their introductions, many contemporary researchers com­
pute global measures of accuracy in their results sections. Because the 
Cronbach and Gage critique occurred a generation ago, many con­
temporary accuracy researchers are unaware of the difficulties. 
Although there are notable exceptions (Harackiewicz & DePaulo, 
1982), contemporary accuracy research is often not much better in 
methodology than pre-1955 research. Ironically, some pre-Cronbach 
articles-for example, the paper by Ausubel, Schiff, and Gasser 
(1952)-contain more sophisticated analyses than does a good deal 
of contemporary work. Modern accuracy researchers must seriously 
confront the Cronbach-Gage critique. Because researchers today have 
easy access to high-speed computers, the computational obstacles con­
fronted by early researchers are no longer present. 

Applying the Social Relations Model to Accuracy Research 

If the second wave of accuracy research is to be nomothetic, interper­
sonal, and componential, it needs a new methodology. SRM can be 
applied to the study of accuracy and can be that new methodology 
(see Chapter 2). 

In the Cronbach (1955) partitioning, the target X trait matrix (as 
in Table 7.1) "is partitioned for each perceiver. Because the focus should 
be nomothetic, the partitioning that occurs within SRM is of the per­
ceiver x target matrix for each trait. That is, the classical approach 
is to measure the accuracy for each perceiver across the set of targets 
and traits; the approach in this chapter is to measure the accuracy for 
a given trait across the set of perceivers and targets. Cronbach (1958) 
urged researchers not to measure accuracy across traits. 

Because the focus is on the interpersonal nature of accuracy, the 
possibility that a person serves as both perceiver and target must be 
allowed. Also, the criterion score may be different for each perceiver. 
In prototypical accuracy research, the criterion does not change; that 



130 Chapter 7 

is, all perceivers' responses are compared with the same criterion score. 
But accuracy research needs to allow for the fact that the criterion score 
for the target may change for different perceivers (Swann, 1984). 

Imagine two acquainted persons, Al and Bob. Each is asked to 
judge how competitive the other is. AI and Bob then interact in a struc­
tured situation (e.g., the Prisoner's Dilemma game), and both AI's and 
Bob's competitiveness is measured. These measurements are the criteri­
on scores. Consider the question of how accurate Al is at judging how 
competitive Bob is. 

As discussed in Chapter 2, in SRM, Ai's judgment of Bob's com­
petitiveness when interacting with AI is assumed to equal the following: 

AI's 
judgment = 
of Bob 

Ai's 
Constant + perceiver 

effect 

Bob's AI's 
+ target + relationship 

effect effect with 
Bob 

The terms of the equation are elaborated in Table 7.4. 
The constant represents the average judgment of competitiveness 

across the set of perceivers and targets. The perceiver effect represents 
the average tendency for Al to believe that others are competitive. The 
target effect represents the tendency for perceivers to believe that Bob 
is competitive. The relationship effect measures the tendency for AI 
to believe that Bob is particularly competitive or cooperative when in­
teracting with AI. 

The criterion or behavioral score (how competitive Bob is when 
interacting with AI) can be partitioned into constant, actor, partner, 
and relationship. (The terms "perceiver" and "target" are not appropri­
ate when behavior is being measured.) Its equation is as follows: 

Bob's 
behavior = 
with AI 

Bob's AI's 
Constant + actor + partner + 

effect effect 

Bob's 
relationship 
effect with 

AI 

These components are also elaborated in Table 7.4. The constant 
represents the tendency for targets to behave either competitively or 
cooperatively with their interaction partners. This term does not vary 
across perceivers or targets. The actor effect represents the tendency 
for Bob to behave competitively or cooperatively across all his inter­
action partners. The partner effect represents the extent to which Ai's 
interaction partners generally behave competitively or cooperatively. 
And the relationship effect is the unique level of competitiveness in 
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TABLE 7.4. Components of the SRM Analysis of Target Accuracy 

AI's rating of Bob's competitiveness (judgment) 
Constant: People's general rating of others' competitiveness 
Perceiver: AI's general prediction of others' competitiveness 
Target: Others' general rating of Bob's competitiveness 
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Relationship: Ai's rating of Bob's competitiveness, controlling for AI's perceiver 
effect and Bob's target effect 

Bob's competitiveness with Al (criterion measure) 
Constant: People's general level of competitiveness 
Actor: Bob's general level of competitiveness 
Partner: Others' general level of competitiveness when interacting with Al 
Relationship: Bob's level of competitiveness when interacting with AI, con-

trolling for Bob's actor effect and AI's partner effect 

Note. Adapted from Kenny and Albright (1987). Copyright 1987 by the American Psycho­
logical Association. Adapted by permission. 

Bob when he interacts with AI. The relationship effect is directional: 
Bob's unique level of competitiveness with Al may not match Ai's unique 
level with Bob. 

As in Figure 7.1 for the Cronbach components, accuracy in the 
SRM analysis can be conceptualized as the linking together of com­
ponents; this is illustrated in Figure 7.2. As in the Cronbach analysis, 
there are four types of accuracy. 

"Elevation accuracy" concerns the match between the perceivers' 
average response and the average response on the criterion measure. 
It is measured by the difference in the overall means (across perceivers 
and targets) between the judgment and the crit6rion. It is reasonable 
to measure elevation accuracy only if the two variables are expressed 
in the same unit of measurement. 

A's A's B's A's 
judgment Constant + perceiver + target + relationship 

of B effect effect effect with B 

Elevation Perceiver Generalized Dyadic 
accuracy accuracy accuracy accuracy 

I I I I 
B's A's B's B's 

behavior Constant + partner + actor + relationsnip 
with A effect effect effect with A 

FIGURE 7.2. Four types of nomothetic accuracy. Adapted from Kenny and Al-
bright (1987). Copyright 1987 by the American Psycholo~ical Association. Adapted 
by permission. 
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"Perceiver accuracy" (called "response set accuracy" in Kenny & 
Albright, 1987) concerns whether the perceiver's average response (per­
ceiver effect on the judgment) corresponds to the average score of his 
or her interaction partners on the criterion (his or her partner effect 
on the criterion). Like stereotype accuracy in the Cronbach analysis 
(see note 4), perceiver accuracy may sometimes be informative. For 
instance, in the competitiveness example, people who expect their part­
ners to be competitive may create that competitiveness via a self-fulfilling 
prophecy (see Chapter 10). 

"Generalized accuracy" (called "individual accuracy" in Kenny & 
Albright, 1987) concerns the extent to which a person's behavior across 
interaction partners corresponds to how the individual is generally 
viewed. It measures the correlation between the target effect in the judg­
ment and the actor effect in the criterion. In other words, it measures 
the correlation between how one is generally predicted to behave (the 
target effect in judgment) and how one actually behaves across inter­
action partners (the actor effect in the criterion). It is this type of ac­
curacy that probably corresponds most closely to the naive notion of 
accuracy. 

"Dyadic accuracy" concerns the ability of a perceiver to predict 
his or her partner's behavior, over and above the ability of other per­
ceivers to predict the partner's behavior. It measures the correspon­
dence between relationship components. For instance, in the 
competitiveness example, it measures a perceiver's ability to predict 
uniquely a given partner's competitive behavior with the perceiver. Can 
people differentially judge how individuals differentially behave with 
them? . 

The terms "generalized accuracy" and "dyadic accuracy" refer to 
the level of analysis and not to the specific content of the judgments. 
Generalized accuracy measures correspondence between others' judg­
ments of a person and the behavior of that person. Thus, the analysis 
is at the individual level. Dyadic accuracy, on the other hand, meas­
ures the correspondence between differential judgments made by the 
perceiver and the differential behavior of a specific partner, and so it 
is at the dyadic level of analysis. 

SRM's measures of accuracy are related to, but are not identical 
to, other formulations of accuracy. In a sense, generalized accuracy 
corresponds to differential elevation in the Cronbach system, and dyadic 
accuracy corresponds to Cronbach's differential accuracy. But this is 
only roughly the cast:, because in dyadic accuracy the issue is the ac­
curacy for a trait across a set of perceivers and targets, whereas Cron­
bach examiJ;led the accuracy of a perceiver across a set of targets and 
traits (Kenny, 1981). 
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Swann (1984), as well as McHenry (1971), has defined two types 
of accuracy. Swann has defined "global accuracy" as the ability to 
predict how a person behaves in general with others, and "circumscribed 
accuracy" as the ability to predict the behavior of a person when in 
the presence of the perceiver. Swann's global accuracy corresponds to 
generalized accuracy, and his circumscribed accuracy corresponds to 
a combination of generalized and dyadic accuracy. If people know how 
someone behaves in general, they must know, at least in part, how 
the person behaves when interacting with them. 

Before examining the accuracy correlations, one must first con­
sider the variance partitioning. If there is no variance in the compo­
nents of interest, it makes no sense to look at the correlations. For 
example, for people to achieve generalized accuracy, there must be 
actor variance in the criterion. That is, behavior must be consistent 
across interaction partners. 

SRM's four types of accuracy are nomothetic: They measure ac­
curacy for a given trait, as opposed to accuracy for a given perceiver. 
The model is also componential: The judgment and criterion are divided 
into components, and accuracy is measured by the correspondence be­
tween sets of components. Finally, it is interpersonal: A person can 
be both perceiver and target. SRM explicitly recognizes the two-sided 
nature of social interaction and can measure mutuality of social per­
ceptions. 

Criterion Measurement 

The me~surement of the components of accuracy is indeed complicat­
ed. There is, however, an even more difficult problem in accuracy 
research beyond the measurement of accuracy: the operationalization 
of the criterion. If Al thinks that Bob is competitive, how can it be 
ascertained whether Bob is truly competitive? Some researchers in per­
son perception.(e.g., Jones, 1985) have argued that problems of criteri­
on measurement make accuracy research all but impossible. 

How can a person's actual standing on a trait be known? Our 
earlier analysis (Kenny & Albright, 1987) identified five generic types 
of criterion measures: self-reports, expert judgments, mean judge rat­
ings, operational criteria, and behavioral measurements. Each is con­
sidered here in turn. 

Self-Reports 

Self-reports are commonly used as the criterion measure in accuracy 
research. Sometimes a person is directly asked his or her standing on 
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a trait, and in other instances self-report personality inventories are 
used to ascertain the person's standing. There are several problems 
with using self-report as a criterion measure. First, self-perception may 
be grossly distorted. People may be strongly motivated to present to 
themselves and to others favorable images of themselves. (See Chap­
ter 9 for a more extended discussion of these biases.) Second, Wilson, 
Hull, and Johnson (1981) have shown that the self has less privileged 
access to information than might be thought. So why should the self 
be used as the standard? Third, when the perceiver and the self are 
acquainted, the self may try to persuade the other about his or her 
standing on the trait (Swann, 1990). So a perceiver who agrees with 
the self may be adopting the same mistaken view of the self. Researchers 
should, therefore, avoid using self-ratings as a criterion in accuracy 
research. 

Nonetheless, the correlation between self- and other-ratings is an 
important question in interpersonal perception (though different from 
accuracy), and is a major topic in Chapter 9. There it is argued that 
other-perceptions are often a more valid measure than self-perceptions. 
(If this is true, it is more appropriate to validate self-ratings by other­
ratings than vice versa!) It should be noted that if the perceiver is asked 
to rate a person as the person would rate himself or herself (i.e., to 
guess the person's self-perception), then the self-rating should be used 
as a criterion measure. 

Expert Judgments 

Expert judgments are made by someone who supposedly truly knows 
the target. For instance, a dose friend of the target or the target's spouse 
may be used as an expert. In developmental research, the child's par­
ent or teacher may be used as an expert. Because there is limited evi­
dence that such people are any more accurate than nonexperts, 
researchers probably should avoid the use of so-called "expert" judg­
ments as a criterion measure in accuracy research. Besides, expert judg­
ments provide a measure of consensus and not a measure of accuracy. 
Moreover, as argued in Chapter 5, it is plausible that dose friends and 
spouses may adopt relatively unique perspectives of the target. 

Certainly, there are times when certain people do have specific 
knowledge about a target. For instance, teachers' ratings of aggres­
siveness may be used as a criterion measure for peers' ratings in a labora­
tory setting. In this instance, a teacher's rating is more akin to a 
behavioral rating than to an expert rating. 
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Mean Judgments 

Sometimes researchers correlate a perceiver's ratings of targets with 
the average rating of the other perceivers. The use of mean judgment 
is problematic as a criterion in accuracy research, for much the same 
reason that expert judgments are problematic: If a perceiver's ratings 
correlate with the mean judgment, there is evidence of consensus and 
not accuracy. Mean judgments can be used to see who is more accurate 
(see the discussion of differential sensitivity in Chapter 5), but they 
cannot be used to establish the overall accuracy of judgment. 

Operational Criteria 

With an operational criterion, it is the procedure that guarantees the 
validity of the criterion measure. For instance, in clinical psychology 
"clinical insight" has been measured by having perceivers read suicide 
notes and then having the perceivers predict which people actually killed 
themselves. In social psychology, an operational criterion is often used 
in lie detection and deception research. Targets are instructed to tell 
two stories about an event, one true and the other false. The descrip­
tions are videotaped and shown to perceivers. The task of the perceiver 
is to determine who told the truth and who lied. Operational criteria, 
although useful in studies of clinical insight and lie detection, are much 
less useful in determining the validity of traits. It is difficult to think 
of operational criteria for trait ratings. 

Something akin to an operational criterion is an "event test" (Ba­
ron & Misovich, 1993). People are put into a situation that affords 
the utilization of the trait. For instance, it is easier to study extrover­
sion at a party than in a library. However, an event test is more ap­
propriately viewed as a behavioral criterion than as an operational 
criterion. 

Behavioral Observations 

In a behavioral observation, observers watch the target engage in be­
havior and then rate the target's behavior. Behavioral judgment is very 
costly and time-consuming, and behavioral measures often show poor 
test-retest consistency, but behavioral ratings are often the best pos­
sible way to measure the person's actual standing on a trait. 

When observers are asked to rate behavior, the scales should be 



136 Chapter 7 

made as objective as possible. For instance, instead of rating friendli­
ness, observers should count or measure the duration of smiles. When 
behavior ratings are thus made specific, there may be the consequent 
problem of linking the behavior to the trait being rated. For example, 
how is it known that smiling indicates friendliness, given that there 
is evidence that smiling sometimes indicates deception? 

In addition to not using global ratings, researchers should attempt 
to establish high levels of interrater reliability. That is, to show that 
the behavior ratings are relatively objective, different raters should agree 
with one another. 

Behavioral measurement typically requires recording the target by 
videotape or audiotape, as well as obtaining informed consent, so that 
the interactants know that they are being recorded. Such knowledge 
may distort a person's behavior. Targets may behave unnaturally when 
they know that they are being recorded, because they are objectively 
self-aware. Fortunately, in this day and age of hand-held video record­
ers, this self-awareness caused by video recording is probably less 
problematic. 

Choice of a Criterion Measure 

Researchers need to use good judgment in deciding what problems there 
are with a given criterion measure. There are many contexts where 
self-ratings are serviceable. For instance, most of the early studies of 
zero acquaintance used self-ratings. There are certainly going to be 
cases in which behavioral observations are not practical (Zebrowitz, 
1990). Moreover, there are going to be instances in which expert rat­
ings and self-ratings are valid. Although my own preference is for be­
havioral observations, it is necessary to have an open mind in designing 
research. 

These difficulties in developing a criterion measure are the most 
significant obstacle in accuracy research (Jones, 1985). They have led 
some to conclude that accuracy research is just impossible, and have 
led others (Kruglanski, 1989) to conclude that all accuracy research 
is only consensus research - in other words, that accuracy research al­
ways involves comparing one set of person perceptions to another set. 
Every type of criterion measure (except perhaps an operational criterion) 
can be viewed as a person perception. Even a behavioral rating is still a 
person perception, because observers still code the behaviors. Although 
this view has considerable validity, there is good reason to believe that 
some ratings are closer to the target's actual standing than are others. 
Moreover, this same criticism applies equally well to "objective" physical 
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measures: They all require human judgment. Ever since Einstein, scien­
tists have realized that there is always an element of subjectivity in meas­
urement. 

Once a criterion measure has been developed, it may still be neces­
sary to make an important modification in that measure. Because a 
person's behavior may change when the person interacts with differ­
ent partners, the criterion score may well vary for each person mak­
ing a prediction. As Swann (1984) has emphasized, accuracy researchers 
need to know how the person behaves with each person who makes 
predictions. So, if possible, the researcher should try to measure the 
criterion dyadically. 

Examples of Accuracy Research 

In this section, I consider two specific applications of SRM to the ac­
curacy question. The first considers people's ability to remember how 
frequently they interact with others. Accuracy in this case would not 
be very surprising. The second study concerns people's ability to predict 
the behavior of their interaction partners based on minimal informa­
tion. Accuracy in this case would be very impressive. 

Do You Know Whom You Were with Last Friday? 

In an important series of studies, Bernard, Killworth, and Sailer (1982) 
asked people in four different contexts with whom they spent time. 
The four groups were members of a college fraternity (Frat), workers 
in an office at a company (Office), a technical work group (Tech), and 
a group of ham radio operators (Ham). Bernard et al. kept track over 
a period of time of how frequently the people in each group interacted 
with one another. The investigators then asked people to recall how 
frequently they interacted during the period of observation. So the judg­
ment was the estimated frequency of interaction, and the criterion was 
the actual amount of interaction based on behavioral observation. In 
two of the four studies (Office and Tech), the judgment task was to 
rank-order the others in terms of frequency of interaction. 

A colleague and I (Kashy & Kenny, 1990a) reanalyzed these four 
data sets. In these studies, it was possible to measure three of the four 
types of accuracy depicted in Figure 7.2. (It was not possible to meas­
ure elevation accuracy, because the judgment and criterion had different 
units of measurement.) Perceiver accuracy concerns the following ques­
tion: Does a person know how frequently he or she interacts with 
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others? Perceiver accuracy could not be measured in two of the studies 
because ranking was used in the judgments. Generalized accuracy con­
cerns the following question: Does a person know how much he or 
she interacts with others? Finally, dyadic accuracy concerns the fol­
lowing question: Does a person know how frequen.dy he or she espe­
cially interacts with a given person? 

The results from the analyses of these four studies are contained 
in Table 7.5. They show little evidence for perceiver accuracy, and 
strong evidence for generalized accuracy and dyadic accuracy. It should 
be noted that the dyadic-accuracy correlations are not disattenuated 
(see Chapter 2), and so it should not be concluded that there is more 
generalized than dyadic accuracy. The interested reader should con­
sult Kashy and Kenny (1990a) for more details. 

Behavioral Predictions of Extroversion at Zero Acquaintance 

Can people predict how others will behave on the basis of minimal 
information? Most of us probably would think not; however, as 
reviewed in Chapter 4, there is a remarkable amount of consensus of 
judgment at zero acquaintance, particularly on the factor of Extrover­
sion. Moreover, as reviewed in Chapter 9, these judgments at zero ac­
quaintance predict self-ratings. Thus, if a judge believes that someone 
is extroverted, that person probably sees himself or herself as extrovert­
ed. So there is the rather strong possibility that consensual judgments 
made at zero acquaintance are valid. A colleague and I (Levesque & 
Kenny, 1993) set out to see whether this was so. 

We brought 20 groups of four women into the laboratory. We 
first made sure that they were unacquainted with one another. We then 
asked each woman, in front of the other three women, to state her 

TABLE 7.5. Correlational Measures of Three Types of Accuracy, Based on Data 
from Bernard et al. (1982) 

Study Perceiver Generalized Dyadic 

Frat 
Office 
Tech 
Ham 

.08 

.72 

.81 

.58 

.75 

.97 

.43 

.42 

.48 

.46 

Note. Adapted from Kashy and Kenny (1990a). Copyright 1990 by the American Socio­
logical Association. Adapted by permission. 
"Correlation cannot be computed because rankings were used. 
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name, her year in college, her hometown, and where she currently lived 
at school. Next, we had the four women rate one another on the Big 
Five factors. We obtained the usual result of consensus on Extrover­
sion (target variance of 26%) and little or no consensus on the other 
four factors (an average of 3%). 

The next stage of the study involved behavioral predictions. We 
asked each woman to predict the behavior of the other three women 
in each of the following categories: talkativeness, gestures, nervous­
ness, voice animation, and body lean. We asked each "woman to make 
predictions of how the other women- would behave with her and 
how they would behave with others. It turned out that there was vir­
tually no difference between the two types of predictions. The women 
thought that the other women would behave basically the same way 
with them as with other people. We also found that all of the predic­
tions were strongly correlated with Extroversion judgments. In es­
sence, if perceivers thought that the targets were extroverted, they 
thought that the targets would engage in more behaviors. They did, 
however, think that the targets who were extroverted would be less 
nervous. 

In the next phase, we had the women interact dyadically for 5 
minutes per interaction. We videotaped both interactants in each in­
stance, and these videotapes were coded by trained judges whose judg­
ments were averaged. Generally high levels of agreement were obtained. 
The reliabilities ranged from .66 for nervousness to .99 for percen­
tage of time gesturing. Levesque and I partitioned the variance of the 
behavioral ratings and found strong evidence for both actor and rela­
tionship effects in these ratings. Consistent with previous work (Ken­
ny & Malloy, 1988), there was little or no evidence of partner effects 
in the behavioral data. 

The components of the behavioral ratings were then correlated 
with the initial predictions of talking, gesturing, nervousness, voice 
tone, and body lean. The correlations, presented in Table 7.6, pro­
vide very strong evidence that the predictions were indeed accurate; 
however, accuracy was limited to generalized accuracy. That is, women 
who were predicted by everyone to be nervous or talkative were per­
ceived as nervous or talkative by their interaction partners. " 

The Levesque and Kenny (1993) study provides very strong evi­
dence that Extroversion judgments made at zero acquaintance are valid. 
It also indicates that global or generalized accuracy is much greater 
than circumscribed or dyadic accuracy. Swann's (1984) hypothesis to 
the contrary needs testing in cases where people know one another 
better. 
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TABLE 7.6. Accuracy Correlations of Behavior with Predictions 

Behavior Perceiver Generalized Dyadic 

Talkativeness ## .56 .03 
Nervousness ## .55 -.06 
Body lean ## .47 .04 
Voice animation ## .92 -.05 
Gestures ## .50 -.03 

Note. ## = insufficient variance (less than 10%) to compute correlation. Adapted from 
Levesque and Kenny (1993). Copyright 1993 by the American Psychological Association. 
Adapted by permission. 

Accuracy and the Weighted-Average Model 

In Chapter 4, a general mathematical model of perception called WAM 
has been proposed. In that chapter, as well as Chapter 5, W AM has 
been used only to study agreement and disagreement. In this section, 
the primary question is as follows: What is the relationship between 
accuracy and acquaintance? 

In WAM, perception is assumed to be based on the behavior of 
the target, the physical appearance of the target (stereotypes), and the 
unique impression that the perceiver has of the target. Moreover, two 
different perceivers may influence each other's perception of the tar­
get. The reader may find it helpful to review the model parameters 
presented in Chapter 4 before reading the following sections. 

Choice of Criterion 

As reviewed earlier in this chapter, one very difficult problem in the 
study of accuracy is the selection of a criterion measure. The assump­
tion I have made (Kenny, 1991) is that the criterion is a theoretical 
average of all possible behaviors viewed by all possible perceivers. Fol­
lowing Kruglanski (1989), this definition of the criterion recognizes 
that accuracy is ultimately a form of consensus. 

Because this theoretical criterion is an average across all possible 
behaviors, the effects of physical appearance or unique impression are 
overwhelmed by behavioral information. The criterion score for a target 
is a theoretical impression of all possible perceivers examining all pos­
sible behaviors. In practice, it is never observed, but with WAM, the 
correlation between perception and this theoretical value can be 
computed. 
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Accuracy and Acquaintance 

WAM (see Appendix C) can be used to describe the relationship be­
tween acquaintance and target accuracy. Overlap, which so dramati­
cally affects consensus, has virtually no effect on the target accuracy 
of a single rater. Overlap affects accuracy only when there is commu­
nication: Communication results in greater accuracy when there is less 
overlap, because with less overlap the two perceivers gain more infor­
mation about the target from the communication. 

Generally, increasing acquaintance leads to increasing target ac­
curacy. So, unlike consensus, increasing acquaintance leads to great­
er accuracy. There are two important exceptions to this rule. First, 
there must be some degree of consistency in the target's behavior (i.e., 
'1 must be greater than zero). If there were no consistency at all, there 
would be no accuracy. Second, the "kernel of truth" parameter, or '4, 
cannot be too high. If there is a sufficient level of "kernel of truth" 
in the stereotypes, then the relationship between accuracy and acquain­
tance is concave (V-shaped): Increasing acquaintance leads to an ini­
tial decline in accuracy, and then as acquaintance increases, accuracy 
increases. But even when there is a "kernel of truth," at some point 
with increasing acquaintance there is greater accuracy. 

If there is no communication, as acquaintance increases, the limit 
of accuracy is the square root of the parameter of similar meaning sys­
tems. So the different meaning systems that perceivers have place a 
severe limit on a person's accuracy as it also does on consensus. Park, 
DeKay, and Kraus (1994) estimate the meaning-systems correlation 
as about .4. So the limit on the accuracy correlation for an individu­
al's perception may be about .65. 

Classical psychometric theory states that validity is the square root 
of reliability. To translate this statement into W AM's terms, accuracy 
is the square root of consensus. This holds within W AM when each 
of the three following conditions holds: there is no overlap (q = 0), 
there is no agreement about stereotypes ('3 = 0), and there is no 
communication (a = 0). Because these conditions do not generally 
hold, and when they are violated consensus is greater than the square 
root of the validity, consensus is likely to be a very misleading index 
of accuracy. 

Given that target behaviors are consistent, accuracy should in­
crease with increasing acquaintance. However, as reviewed in Chap­
ter 4, there is not a very close relationship between consensus and 
acquaintance. So consensus cannot be used as a proxy measure of ac­
curacy. Therefore, a longitudinal study should reveallitde or no in­
crease in consensus but an increase in target accuracy. 
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W AM, at least as currently formulated, fails to consider Swann's 
(1984) hypothesis that a perceiver may be accurate at predicting the 
behavior of a target when that target interacts with the perceiver, but 
the perceiver may not be accurate in predicting the target's interac­
tions with others. Perhaps some modification of W AM's definition of 
the criterion is necessary to allow for what Swann (1984) calls "cir­
cumscribed accuracy." 

Conclusion 

It seems hard to believe that such a simple question - Do people know 
what others are like?-is such a difficult question to answer. This seem­
ingly simple question has proved to be so complex that some social 
and personality psychologists have given up trying to answer it. 

The question is difficult in two distinct ways. First, a single ac­
curacy question cannot be asked (e.g., Are people accurate?); rather, 
the judgment and criterion must be partitioned into components, and 
multiple accuracy questions must be asked. Second, it is difficult, but 
not impossible, to ascertain what a person is really like. Even the best 
possible type of criterion measure, behavioral ratings, is still a collec­
tion of person perceptions. Despite all of these difficulties, accuracy 
research is still worth all of the trouble because it is a central question 
in interpersonal perception. For instance, there is currently consider­
able debate as to whether depressives are more or less accurate person 
perceivers than are nondepressives. 

This chapter presents the results from two studies that do show 
that people are accurate. They do know with whom they spend time, 
especially at the dyadic level, and they can predict how their interac­
tion partners will behave. Thus, the evidence for target accuracy from 
these initial studies is quite impressive. Social science is beginning to 
see that the.view of the person perceiver as a biased and faulty per­
ceiver is not complete. The person perceiver is perhaps more like the 
bumbling Peter Sellers as Inspector Clouseau than the omniscient Ray­
mond Burr as Perry Mason, but in the end they both "get their man." 

Considerable empirical and theoretical research about accuracy 
must still be conducted. Perhaps the most difficult challenge that 
presents itself is the development of the linkages between observable 
behaviors and traits (Trope & Higgins, 1993). That is, what behaviors 
correspond to what trait judgments? Also, Swann's (1984) hypothesis 
that perceivers are better able to predict their partners' behavior with 
them than with others has never been empirically demonstrated. Nor 
do we have any evidence that people are especially accurate at predicting 



Target Accuracy 143 

the behavior of someone with whom they are close. These and other 
questions await the curiosity of interested researchers. We have the 
methodology to tackle accuracy research; there is no longer any ex­
cuse for ignoring the phenomenon. 

The next chapter also considers the accuracy question, but it con­
cerns the accuracy of meta-perception, not of other-perception. 

Notes 

1. Of course, sometimes perceivers may be better off if they do not know 
the truth (Steiner, 1955). For example, bosses may not need to know how their 
employees really feel about them, and parents may not need to know the truth 
about their adolescents' sexual behavior. 

2. In 1958, Cronbach developed an approach entirely different from the one 
in his 1955 article. He emphasized analyzing trait by trait instead of computing 
accuracy across the set of traits. So the expression "Cronbach analysis" as I use 
it here refers to his 1955 article, and not to his views since 1958. 

3. For all but elevation, Cronbach (1955) discussed two aspects of accura­
cy. The first, the correlation between the judgment component and the criterion 
component, has been discussed here. The second concerns the reduction in vari­
ance of the judgments, given the degree of correlation between the judgment and 
the criterion. This variance reduction is especially important when the judges are 
using the same unit of measurement as the criterion. Because this is often not the 
case, the correlational measure of accuracy and not the variance reduction meas­
ure is discussed. 

4. There are circumstances in which stereotype accuracy should be consid­
ered as "true" accuracy. It may reflect sensitivity to the generalized other (8ron­
fenbrenner, Harding, & Gallwey, 1958). 

5. The study by Cline and Richards (1960) is frequently cited as a post­
Cronbach study showing the generalizability of indiviudal differences. In a subse­
quent article, however, Richards and Cline (1963) noted that they had made a 
mistake in their measure of differential accuracy. The proper measures of differential 
accuracy show modest correlations with other measures of accuracy. 
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META-PERCEPTION 

W hat do others think of us? How do we know? When people 
form a judgment about what others think of them, are 
people likely to be right? A colleague and I reviewed issues 

of meta-perception and meta-accuracy (Kenny & DePaulo, 1993), and 
this chapter summarizes the results of our review. 

Theoretical Review 

The importance and interest value of issues in person perception, un­
like those of many questions posed by social scientists, are immedi­
ately apparent even to the layperson. Other people clearly are not 
passive objects; when we perceive them, they perceive us in return. 
Not surprisingly, then, people try to perceive others' perceptions of 
them. They try to "get into other people's heads" and "read their minds." 
That people are motivated to predict and control their worlds is an 
assumption that few psychologists would deny. Certainly, accurate per­
ceptions are useful in knowing whether the hand behind another per­
son's back holds a gift or a weapon. The question of whether people 
know how others view them has held a position of prominence in clin­
ical psychology, personality psychology, and social psychology, and 
it has also been accorded special importance In sociology. 

Views from Different Disciplines 

Sociology 

In sociology, the symbolic-interactionist position, set forth in the 
ground-breaking work of Mead (1925,1934) and Cooley (1902), pro-

This chapter is adapted from Kenny and DePaulo (1993). Copyright 1993 by the Ameri­
can Psychological Association. Adapted by permission. 
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poses that our very selves are a product of our perceptions of how others 
view us (Shrauger & Schoeneman, 1979). Cooley (1902) coined the 
term "looking-glass self" to describe the process by which a person looks 
into the eyes and minds of others and imagines how those others view 
him or her. Symbolic interactionists assume that meta-perceptions 
(which are called "reflected appraisals") are usually accurate (Kinch, 
1963). It is one purpose of this chapter to evaluate that assumption 
empirically. 

According to the symbolic-interactionist tradition, people can look 
into two kinds of minds in their quest to learn how others view them. 
There are the minds of specific other people, usually significant others 
(Cooley, 1902); there is also the mind of the "generalized other" (Mead, 
1934). When people look into the mind of the generalized other, they 
are trying to determine "the generalized standpoint of the social group 
as a whole" (Mead, 1934, p. 138). In this chapter, there is a compari­
son between people's ability to read the minds of specific others and 
their ability to read the mind of the generalized other. 

Clinical Psychology 

In clinical psychology, the question of whether people know how others 
view them has been deemed important, in part because of the assump­
tion that often people do not know (e.g., Smith, 1966). Depressed peo­
ple, for example, can be relentless in their insistence that no one likes 
them. For a long time, it was believed that depressed people are hard­
er on themselves than they should be (e.g., Beck, 1967). More recent­
ly, however, that view has been challenged by the provocative 
suggestion that depressed people are right after all. According to this 
"sadder but wiser" perspective, depressives' gloomy assessments of how 
others view them are right on target; nondepressed people, with their 
overly optimistic views of how others see them, are the ones who are 
inaccurate (e.g., Lewinsohn, Mischel, Chaplin, & Barton, 1980). The 
controversy continues to rage (e.g., Alloy & Abramson, 1988; Camp­
bell & Fehr, 1990). At the heart of this debate are issues addressed 
in this chapter: How should researchers measure accuracy, and how 
do laypeople attain it? 

Personality Psychology 

Among the people who care most deeply about what others think of 
them are those who are socially anxious or shy, and those who are 
dependent on the approval of others. Personality psychologists have 
been intensely interested in these kinds of individuals and have learned 
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much about them. For example, they have shown that socially anxi­
ous people-those who want very much to convey particular impres­
sions of themselves to others, but are insecure about their ability to 
do so (e.g., Leary, 1983; Schlenker & Leary, 1982)-think that others 
take an especially dim view of them, even in experimental research 
in which the feedback they receive is identical to that received by in­
dividuals who are not socially anxious (Pozo, Carver, Wellens, & Schei­
er, 1991). 

People high in need for approval are evaluatively dependent, and 
they are highly motivated to be viewed favorably by others (Crowne 
& Marlowe, 1960). Unlike socially anxious people, individuals who 
are high in the need for approval describe themselves in glowing rather 
than derogatory terms. Such self-descriptions, however, may be more 
defensive than accurate. Both individual differences may be important 
predictors of the ways in which people think they are viewed by others. 

Social Psychology 

In social psychology, the question of whether people know how they 
are viewed by others has been central to at least two traditions: the 
self-presentational perspective on human behavior, and the study of 
accuracy of person perception. Self-presentational perspectives assume 
that people often try to convey particular impressions of themselves 
to others (e.g., Baumeister, 1982; DePaulo, 1992; Goffman, 1959; 
Jones, 1964; Schlenker, 1980, 1985; Snyder, 1979; Tedeschi, 1981). 
The success of these attempts may depend on the skillful monitoring 
of the reactions of others. If it appears that others are forming an im­
pression other than the desired one, then self-presentation efforts and 
strategies can then be modified accordingly. 

The accuracy tradition is one of the oldest in the fields of social 
and personality psychology (jones, 1990; Kenny & Albright, 1987). 
As reviewed in Chapter 7, much of the work in this area has been con­
cerned with other-perceptions, which are the judgments that people 
make about the traits and other attributes of other people. A key ques­
tion is whether people can predict how others describe themselves: For 
example, does Jack know how Jill sees herself? But questions about 
meta-perceptions (Laing, Phillipson, & Lee, 1966)-judgments of how 
others view us-have been important, too. 

When Are Meta-Perceptions Accurate? 

Both the symbolic-interactionist and the self-presentational perspec­
tives can be construed as arguing that people always care about how 
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they are viewed by others. Even if meta-perception is taken to be a 
fact of social life, there are certain to be variations in the intensity of 
people's yearning to know what others are thinking of them. Outcome 
dependence may be the most important predictor of this yearning. When 
people believe that their outcomes are determined by another person's 
impression of them, they should be highly motivated to discern, mon­
itor, and control that impression. Persons of low status or power, then, 
may be more invested in meta-perceiving their high-status interaction 
partners than vice versa (e.g., Snodgrass, 1985, 1992). 

Motivation alone, however, does not guarantee that meta­
perceptions are accurate (Kruglanski, 1989). If we are to learn some­
thing about others' view of us by looking into their eyes, there must 
be something worth seeing there-something that is not misleading 
or not so subtle that it is likely to be missed. Are there valid cues to 
others' impressions in everyday face-to-face social interactions? Are 
we likely to be able to read those cues? 

Research on nonverbal communication in very controlled settings 
suggests that people are accurate at reading cues such as facial expres­
sions, voice tones, and body movements, and that this accuracy ex­
ceeds chance levels for children as well as adults (e.g., DePaulo & 
Rosenthal, 1982). Many studies clearly indicate that people can under­
stand nonverbal cues under particular circumstances. But spontane­
ous face-to-face interactions may create very different circumstances. 
The kinds of nonverbal behaviors that occur in everyday social life 
are typically much less clear than those that comprise standardized 
stimulus materials. Furthermore, many cues are available in social 
interactions other than nonverbal ones, and interact ants have a vari­
ety of tasks to contend with other than monitoring one another's non­
verbal behaviors. This cognitive "busyness" seems to foster a bit of 
naivete, and so people who have many tasks (such as planning their 
own performances in addition to monitoring other people's) may be 
especially likely to take what they hear and see at face value (Gilbert, 
1991). 

Moreover, people are probably only rarely entirely straightfor­
ward about how they feel about one another. Besides instances of out­
right deception, there is also much omission. That people are reluctant 
to convey bad news has been amply demonstrated (Swann, Stein­
Seroussi, & McNulty, 1992; Tesser & Rosen, 1975). What is even 
more interesting is that people can also be reluctant to convey good 
news when it is in the form of explicit evaluations of others' personal­
ities (e.g., Blumberg, 1972; Felson, 1980). 

The information that is available to people, then, about what 
others think of them may not be all that plentiful or clear. Even if people 
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care deeply about discerning others' true impressions of them, the 
task can be quite challenging (DePaulo, Stone, & Lassiter, 1985). But 
people may more often wish to see in the mirror of others' eyes a 
reflection that makes them feel good about themselves, or one that 
confirms what they already feel is true of themselves (e.g., Swann, 
1990). 

The question of interest is whether people attend to, and process 
insightfully and even-handedly, information about how others view 
them that is available during ongoing social interactions. Because natur­
al and spontaneous interactions are of interest, the strategy of ex­
perimentally manipulating the cues that are available to people to 
determine how they use such cues (e.g., DePaulo, Rosenthal, Eisen­
stat, Rogers, & Finkelstein, 1978) is not entirely serviceable in the in­
itial stages of this research. Instead, the evidence comes from more 
indirect patterns of findings. For example, if people are attending care­
fully to cues from others about the kinds of impressions that they are 
conveying, then they are likely to think that they convey different im­
pressions to different people - particularly if they interact with each 
of those different people separately and at different times. They may 
also notice that particular people form unique impressions of them. 
For instance, Jack may notice that Jill sees him differently than she 
sees anyone else, and that he is seen differently by Jill than he is seen 
by anyone else. Furthermore, if people are attending faithfully to other 
people's cues, then their meta-perceptions of how others view them 
should match how others say they really do view them. That is, their 
meta-perceptions should be accurate. And they should be accurate not 
just in the general sense (e.g., popular people know they are popu­
lar), but also in the more differentiated sense (they know which par­
ticular people find them particularly lovable). 

This chapter focuses on interpersonal perception processes that 
occur on-line during social interactions. These are of special interest 
because they are the raw data of social life. But people interested in 
how others view them sometimes have other kinds of information avail-

. able to them, too. For example, there are third-person communica­
tions: Jim can tell Jack how much Jill likes him (Felson, 1980). Or, 
if Jim does not volunteer this information, Jack can send Frank out 
as a "spy" to try to find out what Jill thinks of Jack (Felson, 1980). 
And of course, numerous cues are available from the partners them­
selves. Jill, for instance, mayor may not stare into Jack's eyes, ask 
him whether he would like to take a walk up the hill with her, or tum­
ble after him if he falls down the hill. Even these kinds of cues can 
be ambiguous, and so even when they are available, meta-accuracy 
can be quite difficult to achieve. 
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Meta-Perception as Self-Perception 

Given the difficulty of monitoring a partner's reactions in social inter­
action, people may use other sources of information .to form meta­
perceptions. People can, without looking at the behaviors or the reac­
tions of others, examine their own behaviors and imagine how the other 
person may view these. This is akin to the self-perception process. Ac­
cording to self-perception theory (Bem, 1967), perceivers sometimes 
observe their overt behavior to infer their own internal states, such 
as their opinions and preferences. In the version that is proposed here, 
people observe their own behavior to discern what others may be think­
ing of them. 

As Felson (1981,1992) has noted, the process can be a bit more 
complicated than that. People may observe their own behavior and 
form their own judgments (self-perceptions) of that behavior. Then 
they may assume that others would judge their behavior as they do. 
Instead of inferring directly from their own behavior how others view 
them (as in the simple model), they form their own impressions first, 
then assume that other people's impressions would be similar. 

In some circumstances, people's self-perceptions of their own be­
havior may be nearly identical to their self-concept. This may happen 
if people tend to develop strongly held beliefs about what they are really 
like, and if they think that these identity-defining characteristics (their 
"true" personalities, as they see them) are immediately apparent to 
others. So, for example, a woman who sees herself as kind, generous, 
and able to make others feel at ease may think that these qualities are 
evident in all of her behaviors, even those occurring during brief in­
teractions with total strangers. She does not think that she needs to 
observe her own behaviors or other people's reactions to her own be­
haviors; she knows what she is like, and she is sure that when others 
meet her, they will know too. 

To learn whether people know what kinds of impressions they 
make on others, and how they make these determinations, we must 
examine meta-perception processes as they occur across a variety of 
interaction partners. For if we look only at Jack and Jill and ask whether 
Jack can tell how Jill perceives him, and we find that Jack's meta­
perception does in fact seem similar to Jill's actual impression of him, 
we cannot know on that basis alone why Jack's meta-perception is simi­
lar to Jill's actual perception. Perhaps Jack always thinks that he makes 
that sort of impression; in other words, his meta-perception in this 
instance may have nothing to do with Jill in particular. Or perhaps 
Jill is the sort of person who makes everyone feel loved, in which case 
Jack's feeling of being loved may have nothing to do with him in 
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particular. Or perhaps there really is something special about the par­
ticular way that Jill perceives Jack, and Jack does indeed know this. 

An important feature of the research design, then, is that each 
subject interacts with and is judged by multiple partners. Each person 
in each study serves as both subject and partner; thus, the interactions 
are characterized by the mutuality and interdependence that typify social 
life. These kinds of studies are extremely labor-intensive, and the So­
cial Relations Model (SRM) analysis that is so well suited to this type 
of investigation has only recently been developed (Kenny & La Voie, 
1984). Eight studies fit all of the criteria and are reviewed in this chap­
ter. Four of the eight are 1990s studies, and three more were conduct­
ed in the 1980s. 

Applying the Social Relations Model 
to Meta-Perception Research 

In this chapter, SRM, as presented in Chapter 2, is used to analyze 
perceptions and meta-perceptions. The use of the model provides a 
more detailed look at meta-perceptions and meta-accuracy. An example 
in which Jack and Jill interact is used throughout this chapter. Jill forms 
an impression of Jack, and Jack then attempts to infer Jill's impres­
sion of him. Jill is symbolized by L and Jack by K. According to SRM, 
Jill's impression of Jack (which is an other-perception of him, not a 
meta-perception) depends on these three components: 

1. Perceiver: how Jill views people in general, or L( A ). 
2. Target: how Jack is generally viewed by others, or A (K). 
3. Relationship: how Jill uniquely views Jack, or /(k). 

The meta-perception of how Jack thinks Jill views him can be cor­
respondingly decomposed: 

4. Perceiver: how Jack thinks others see him, or K( A (K)). 
5. Target: how others think that Jill views people, or A (L( A )). 
6. Relationship: how Jack thinks that Jill uniquely views him, 

or k(l(k)). 

As described in Chapters 2 and 7, within SRM there are two differ­
ent types of meta-accuracy: generalized and dyadic meta-accuracy. 
"Generalized meta-accuracy" describes people's ability to understand 
how they are generally viewed by others. It is their sensitivity to the 
ways in which they are regarded by a group of people as a whole, apart 
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from the ways in which they may be viewed differently by different 
members of the group. Generalized accuracyl is the correlation of the 
target effect in the impression or other-perception (e.g., how Jack is 
viewed by others) with the perceiver effect of the meta-perception (e.g., 
how Jack thinks he is viewed by others). Thus, generalized meta­
accuracy is the correlation between components 2 and 4 in the list 
above, and is symbolized by * (K) = K( * (K}). 

"Dyadic meta-accuracy" describes people's ability to know how 
they are differentially regarded by particular other people. Dyadic ac­
curacy implies that people can tell which particular other people have 
especially favorable or unfavorable impressions of them. Dyadic ac­
curacy is the correlation between the relationship effects of both vari­
ables, or the correlation between components 3 and 6 in the list above; 
it is symbolized by /(k) = k(l(k}}. 

In studies in which there are multiple replications (i.e., the judge 
is rated by the target on two or more variables or at two or more times), 
it is possible to separate an unstable or time-specific effect from a sta­
ble relationship effect. For those studies, the effect attributable to rela­
tionship with the unstable effect removed ("dyadic adjusted") is 
presented. 

Research Evidence 

Table 8.1 presents a brief description of the eight studies we reviewed 
(Kenny & DePaulo, 1993). For each study, the measures were sepa­
rated into types: trait and affect (usually liking and disliking). If there 
were multiple measures, the correlations were averaged. 

Variance Partitioning 

Traits 

When Jill sees Jack as good-natured and smart, to what extent may 
she do so because she tends to see everyone as good-natured and smart? 
These perceiver variances in perceptions of traits are presented in 
the first column of Table 8.2, and they are substantial. The results 
across studies indicate that people do seem to view others in consis­
tent ways (e.g., they see all people as good-natured and smart). There 
is also substantial perceiver variance across studies in meta-perceptions. 
That is, people think they make a consistent impression on all of 
the targets (e.g., they think that the targets generally view them as 
good-natured and smart). The first conclusion, then, is that there is 
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TABLE 8.1. Study Descriptions 

Anderson (1985) 
Number of groups: 5, same-sex 
Number of subjects: 121 
Setting or task; acquaintance: Residential; long-term 
Variables: Humorous, intelligent, considerate, defensive 

Curry & Emerson (1970) 
Number of groups: 6, 4 all-male and 2 all-female 
Number of subjects: 48 
Setting or task; acquaintance: Residential; long-term (1-8 weeks) 
Variables: Affect 

DePaulo, Kenny, Hoover, Webb, & Oliver (1987) 
Number of groups: 7 
Number of subjects: 42 females 
Setting or task; acquaintance: One-on-one interactions; none 
Variables: Competence and affect 

Kenny & DePaulo (1990) 
Number of groups: 8 
Number of subjects: 48 
Setting or task; acquaintance: Three interviewers questioning an 

opposite-sex applicant for a residential assistant position; none 
Variables: Competence and affect 

Malloy & Albright (1990) 
Number of groups: 21, same-sex 
Number of subjects: 84 
Setting or task; acquaintance: Residential; long-term 
Variables: Sociable, good-natured, responsible, calm, intelligent 

Malloy & Janowski (1992) 
Number of groups: 10, mixed-sex 
Number of subjects: 68 

Chapter 8 

Setting or task; acquaintance: Group discussions to consensus; none 
Variables: Leadership and quality of ideas 

Oliver (1989) 
Number of groups: 14 
Number of subjects: 56 
Setting or task; acquaintance: One-on-one, male-female "first date" inter­

actions; none 
Variables: Activity and affect 

Reno & Kenny (1992) 
Number of groups: 20, all-female 
Number of subjects: 102 
Setting or task; acquaintance: One-on-one interactions; none 
Variables: Information conveyed, open, private, trust, likable 

Note. AdapteCl from Kenny and DePaulo (1993). Copyright 1993 by the American Psy­
chological Association. Adapted by permission. 
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TABLE 8.2. Variance Partitioning of Trait Studies 

Study Perceiver Target Relationship Error ReI.lerr. 

Anderson (1985) 

Trait .33 .67 

Meta-perception .40 .03 .57 

DePaulo et al. (1987) 

Trait .37 .07 .18 .38 

Meta-perception .54 .03 .09 .34 

. Kenny & DePaulo (1990) 

Applicant 

Trait .19 .35 .15 .30 

Meta-perception .69 .01 .03 .28 

Interviewer 

Trait .58 _06 .05 .31 

Meta-perception _75 .00 .01 .24 

Malloy & Albright (1990) 

Trait .21 .34 .45 

Meta-perception .68 .03 .29 

Malloy & Janowski (1992) 

Trait .06 .45 .24 .25 

Meta-perception .37 .01 .28 .35 

Oliver (1989) 

Trait .13 .62 .24 

Meta-perception .56 .21 .23 

Reno & Kenny (1992) 

Trait .30 .12 .57 

Meta-perception .44 .02 .55 

Mean 

Trait .26 .29 .16 .31 .48 

Meta-perception .55 .04 .10 .30 .41 

Note. For Kenny and DePaulo (1990), the "Trait" entries under "Applicant" refer to the 
interviewers' impressions of the applicants' traits. The "Meta-perception" entries indicate 
the applicants' beliefs about how they were viewed by others. Similarly, the "Trait" entries 
under "Interviewer" indicate the applicants' impressions of the interviewers, and the "Meta-
perception" entries indicate the interviewers' beliefs about how they were perceived by the 
applicants. Adapted from Kenny and DePaulo (1993). Copyright 1993 by the American Psy-
chological Association. Adapted by permission. 
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perceiver variance in both perceptions and meta-perceptions of traits: 
People view others in consistent ways, and they think that they are 
viewed by others in consistent ways. 

Second, when perceiver variances are compared, there is a very 
strong tendency for these variances to be much larger for meta­
perceptions than for trait perceptions. In all seven of the possible com­
parisons, the perceiver variance is larger for meta-perception than for 
the direct or trait perception. On average across the studies, 29% more 
variance is attributable to perceiver for meta-perception than for trait 
perceptions, and the median level of perceiver variance for meta­
perceptions is 55%. These results indicate that people tend to see others 
in certain consistent ways (e.g., as generally good-natured or smart). 
But there is even more consistency in the ways that they think they 
are viewed by other people; for example, they may think that they gener­
ally convey an impression of kindness or competence to the many differ­
ent kinds of people with whom they interact. This belief exists across 
all levels of acquaintance. It is true in studies in which Jack and Jill 
and Jack's many other friends have lived together for weeks or even 
months, and it is also true for the studies in which Jack and each of 
his Jills have scaled the hill for the first time. 

If Jack thinks that Jill sees him as good-natured and smart, is that 
perhaps in part because Jill seems to see everyone that way? Interest­
ingly, there is very little target variance in meta-perceptions. The me­
dian proportion across studies is only .03, and the most parsimonious 
interpretation is that there is no target variance in meta-perceptions. 
Only the Oliver (1989) study shows evidence of target variance. The 
failure to find target variance in meta-perceptions indicates that there 
is no consistent tendency for certain people to be seen as harsh evalu­
ators and others as lenient. In contrast, there is evidence of target var­
iance in other-perceptions. This indicates that particular targets are 
viewed in consistent ways by different perceivers. As reviewed in Chap­
ter 4, trait ·perceptions are consensual. 

Is there something special about the way that Jill views Jack­
something unique to her perceptions of Jack? And is there something 
special about the way Jack thinks he is viewed by Jill? The answers 
to these questions are to be found in the relationship variance. Rela­
tionship variance in other-perceptions occurs when people form unique 
impressions of particular others. Relationship variance in meta­
perceptions occurs when people think that they are viewed differently 
by different people. In four of the studies (all involving short-term ac­
quaintances), it is possible to separate relationship from error vari­
ance. These studies indicate some tendency, though it is not very strong, 
for people to form unique impressions of particular other people. That 
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is, there is some small amount of relationship variance in trait percep­
tions. The amount of relationship variance in meta-perceptions is even 
smaller. In three of the four comparisons, there is less relationship var­
iance for meta-perceptions than for other-perceptions. This bolsters 
the conclusion that meta-perceptions are not well differentiated. That 
is, people believe that all targets see them in the same way. In sum, 
there is a hint of uniqueness in the way Jill sees Jack's personality, but 
there is virtually no uniqueness in the way that Jack thinks Jill in par­
ticular assesses his personality. 

These data on trait perceptions provide some suggestions about 
the ways in which social roles may influence social perceptions. First, 
perceiver effects in trait perceptions were largest for the applicants' 
perceptions of the interviewers in the Kenny and DePaulo (1990) study. 
In the same study, the perceiver variance was relatively small for the 
interviewers' perceptions of the applicants. This means that the inter­
viewers were much less likely to view all of the applicants similarly 
than the applicants were to view the interviewers similarly. This could 
have occurred in part because the interviewers were in fact more simi­
lar to one another in the way they behaved than were the applicants: 
They were told exactly what to ask the applicants, whereas the appli­
cants were not told what to say in response. But, more interestingly, 
it could have also occurred in part because the interviewers saw it as 
their role to make discriminations among the applicants. Experimen­
tal studies in which role is not confounded with other variables could 
be designed to address this issue more directly. 

It is also interesting in a suggestive way that the three largest esti­
mates of target variance in trait perceptions were from the studies that 
involved mixed-sex interactions (Oliver, 1989; Malloy & Janowski, 
1992; and Kenny & DePaulo, 1990). Large target variances indicate 
that different people agreed in their appraisals of the traits of a given 
person. Perhaps this occurred most in the mixed-sex groupings because 
perceivers were using gender-based stereotypes. 

Affect 

As seen in Table 8.3, the variance partitioning for affect is somewhat 
similar to that obtained for traits. There is a substantial amount of 
perceiver variance for both liking and meta-perceptions. In other words, 
there is some consistency in Jill's tendency to like Jack and all the other 
people she meets, and there is consistency in Jack's tendency to think 
that he is liked by Jill and others, too. As in the trait results, there 
is much more perceiver variance for meta-perceptions than for other­
perceptions. Averaging across the five studies, there is 29% more 
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TABLE 8.3. Variance Partitioning of Affect Studies 

Study Perceiver Target Relationship Error Rel.lerr. 

Curry & Emerson (1970) 

Week 1 

Liking .19 .15 .66 

Meta-perception .42 .10 .48 

Week 8 

Liking .22 .27 .50 

Meta-perception .39 .09 .53 

DePaulo et al. (1987) 

Liking .37 .05 .28 .30 

Meta-perception .64 .00 .15 .21 

Kenny & DePaulo (1990) 

Applicant 

Liking .25 .12 .32 .30 

Meta-perception .71 .01 .04 .24 

Interviewer 

Liking .54 .03 .14 .29 

Meta-perception .61 .01 .10 .27 

Oliver (1989) 

Liking .03 .16 .81 

Meta-perception .59 .00 .41 

Reno & Kenny (1992) 

Liking .22 .18 .59 

Meta-perception .50 .04 .46 

Mean 

Liking .26 .14 .25 .30 .64 

Meta-perception .55 .04 .10 .24 .47 

Note. For Kenny and DePaulo (1990), the "Liking" entries under "Applicant" refer to the 
interviewers' impressions of the applicants' traits. The "Meta-perception" entries indicate 
the applicants' beliefs about how they were viewed by others. Similarly, the "Liking" entries 
under "Interviewer" indicate the applicants' impressions of the interviewers, and the "Meta-
perception" entries indicate the interviewers' beliefs about how they were perceived by the 
applicants. Adapted from Kenny & DePaulo (1993). Copyright 1993 by the American Psy-
chological Association. Adapted by permission. 

perceiver variance in meta-perceptions than in liking, and the median 
level of perceiver variance for meta-perceptions is 59%. So people seem 
to think that all targets either like or dislike them to the same degree. 
There is less consistency in the degree to which people like or dislike 
different targets, a result consistent with the review in Chapter 5. 
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Does Jack think that Jill likes him because Jill makes everyone 
feel liked? Probably not. As in the trait results, there is little target 
variance in meta-perceptions of affect. On average, only 4% of the 
variance can be attributed to target. This indicates that there is not 
a consistent tendency for certain targets to be seen as "likers" (people 
who like everyone) and others as dislikers. 

Intuitively, it seems odd that there is so little target variance in 
meta-perceptions. It is easy to think of people who seem to be stern 
evaluators of others (e.g., Professor Kingsfield of The Paper Chase) 
and people who seem to be more sympathetic toward others (e.g., Fred 
Rogers of Mister Rogers' Neighborhood). Furthermore, we expect that 
others would second our nominations of the people in each of these 
categories. Why, then, are the data at odds with intuition? As always, 
it is possible that our intuitions are simply wrong (d. Nisbett & Wil­
son, 1977). A second possibility is that these meta-perceptions are 
clouded by self-relevance. Each subject in the studies we reviewed (Ken­
ny & DePaulo, 1993) was asked to indicate not what the target thought 
of other people, but only what the target thought of the subject him­
self or herself. So even though Jack, like others, may realize that Jill 
is no pushover, he may still persist in believing that in her otherwise 
hard heart, she has a soft spot for him. To test this hypothesis would 
require subjects to indicate how they think the target views others as 
well as themselves. 

Comparing the trait results in Table 8.2 to the affect results in 
Table 8.3 indicates that there is about twice as much target variance 
in the impressions of traits as there is in judgments (not meta­
perceptions) of affect. Thus, there is some agreement among targets 
in the traits they attribute to others. But there is not much agreement 
about affect-that is, whom they like and whom they dislike (Kenny, 
1994). Simply put, affective judgments appear to be more relational 
than trait judgments. When Jill likes Jack, she seems to see something 
especially likable about him that most others do not see. 

Again, this "specialness" in Jill's liking for Jack and Jack's feeling 
of being liked by Jill is captured by the relationship component in the 
variance decomposition. Unfortunately, there are only two studies of 
affect (both short-term acquaintance studies) in which relationship var­
iance can be separated from error variance. Therefore, all of the con­
clusions about relationship variance should be regarded as suggestive 
and in need of replication. 

The available studies suggest tentatively that there is some special­
ness in Jill's liking for Jack. To some (small) degree, Jill does like Jack 
in a special way that is different from how much she likes others and 
how much other people like Jack. That is, there is some relationship 
variance in affect. And there is more of this specialness in Jill's liking 
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for Jack than there is in Jill's perceptions of Jack's personality. That 
is, there is more relationship variance in affect than in perceptions of 
traits. This means that there is more differentiation in the degree to 
which people like particular other people than in the degree to which 
they view particular others as, say, kind or competent. 

Although there is some specialness in Jill's liking for Jack, Jack 
persists in thinking that everyone likes him, and to about the same 
degree. That is, there is little relationship variance in meta-perceptions 
of affect. 

Accuracy 

It is interesting to learn whether Jack thinks he makes the same im­
pression on Jill that he does on everyone else, or whether he thinks 
there is something special about the way that Jill views him. In addi­
tion, it is at least as interesting to learn whether he is right. 

Traits 

Table 8.4 presents the accuracy correlations for the studies listed in 
Table 8.1. Generalized accuracy, again, is the person's ability to predict 
how others in general view him or her. Clearly, generalized accuracy 
is fairly high. In the two high acquaintance studies (Malloy & Albright, 
1990, and Anderson, 1985), the level of generalized accuracy is very 
impressive, averaging .58. The study in which the interactions took 
place in a group (Malloy & Janowski, 1992) shows the highest level 
of generalized accuracy. The remaining studies involved one-on-one 
interactions between strangers, and the level of generalized accuracy 
for these studies, though variable, is always positive. (In two cases, 
generalized meta-accuracy cannot be computed because there is insuffi­
cient target variance in the impressions made by the target on the per­
ceivers. That is, the perceivers do not agree in their impressions of the 
target; therefore, there is no valid criterion for assessing the accuracy 
of subjects' estimates of how they are generally viewed by others.) Over­
all, the level of generalized meta-accuracy for traits is substantial; the 
median is .58. Therefore, Jack's belief that others generally see him 
as good-natured and smart is likely to be right. 

People's beliefs about how others see them tend to be undifferen­
tiated. Jack, for example, thinks that the many different people he meets 
all tend to see his personality in about the same way. Because of this, 
it is unlikely that people are accurate at discerning which targets see 
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TABLE 8.4. Accuracy Correlations for the Trait Studies 

Dyadic 
Study Generalized Dyadic adjusted 

Anderson (1985) .57 .17 xx 
DePaulo et al. (1987) ## .35 .47 
Kenny & DePaulo (1990) 

Applicant .22 -.07 ## 
Interviewer ## .04 ## 

Malloy & Albright (1990) .59 .10 xx 
Malloy & Janowski (1992) .73 .10 .14 
Oliver (1989) .69 .19 xx 
Reno & Kenny (1992) .26 .16 xx 

Mean .51 .13 

Note. ## = less than 5% of the variance; correlation not computed. xx = single replica­
tion; adjustment not possible. Adapted from Kenny and DePaulo (1993). Copyright 1993 
by the American Psychological Association. Adapted by permission. 

them as especially high on a trait and which targets see them as low. 
This is what dyadic accuracy measures: people's understanding of how 
they are uniquely viewed by particular other people. 

Although seven of the eight dyadic-accuracy correlations are posi­
tive (see Table 8.4), they are all quite weak. The largest correlation 
is for DePaulo, Kenny, Hoover, Webb, and Oliver (1987). Because 
these correlations contain error variance, they may be attenuated as 
a result of measurement error. However, the disattenuated correla­
tions (dyadic adjusted) are not much larger. Therefore, people seem 
to have just a tiny glimmer of insight into how they are uniquely viewed 
by particular other people. 

Affect 

It has been shown that people are accurate at knowing how others 
generally view their personalities. Are they also accurate at knowing 
how much others generally like them? That is, do they know whether 
they are popular? Table 8.5 shows the accuracy correlations for af­
fect. For all five studies, generalized accuracy is positive; for some of 
them, it is substantial. These affect correlations are not quite as high 
as the trait correlations; probably because there is more target vari­
ance in the trait studies than in the affect studies. Perceivers seem to 
agree with one another more when evaluating a particular person's 
personality than when indicating how much they like that person. (That 
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TABLE 8.5. Accuracy Correlations for the Affect Studies 

Dyadic 
Study Generalized Dyadic adjusted 

Curry & Emerson (1970) 

Week 1 .40 .35 xx 

Week 8 .21 .43 xx 

DePaulo et al. (1987) ## .20 .17 

Kenny & DePaulo (1990) 

Applicant .47 - .17 ## 
Interviewer ## -.04 ## 

Oliver (1989) 1.00 .37 xx 

Reno & Kenny (1992) .29 .09 xx 

Mean .47 .18 

Note. ## = less than S% of the variance; correlation not computed. xx = single replica­
tion; adjustment not possible. Adapted from Kenny and DePaulo (1993). Copyright 1993 
by the American Psychological Association. Adapted by permission. 

is, there is more target variance in perceptions of traits than in per­
ceptions of affect.) Therefore, it is probably easier for the persons be­
ing evaluated to discern how they are generally viewed on, say, 
sociability and intelligence than to determine how much they are gener­
ally liked. 

Dyadic accuracy for affect indicates whether people know which 
particular other people especially like them. The results for relation­
ship effects, reviewed above, suggest that there is some differentiation 
in the degree to which other people like a particular person. Jill's lik­
ing for Jack, for example, is to some extent unique to Jack. Further­
more, there may be a bit more differentiation in these perceptions of 
liking than there is for perceptions of traits. Therefore, it should be 
easier for people to know who uniquely likes them than it is for them 
to know who sees them as especially good-natured or intelligent. T a­
ble 8.5 shows the dyadic-accuracy correlations for affect. These corre­
lations are positive for all except the Kenny and DePaulo (1990) study. 
Although they are only small or moderate in magnitude, they are, as 
expected, somewhat larger than the analogous dyadic correlations for 
traits. 

Correlates of the Perceiver Effect in Meta-Perceptions 

As shown in Tables 8.2 and 8.3, people believe that they make either 
consistently good or bad impressions on others. Although there is some 
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degree of validity in these perceptions, this perceived consistency may 
also reflect some underlying psychological disposition. For example, 
are people who are especially dependent on the approval of others par­
ticularly likely to think that others generally think well of them? Data 
relevant to this hypothesis are available from the studies we reviewed 
(Kenny & DePaulo, 1993) in which individual differences were as­
sessed. Considered are only those individual-difference variables meas­
ured in two or more studies-private and public self-consciousness, 
social anxiety, self-monitoring, and need for social approval (see Table 
8.6). The correlations between these five variables and the perceiver 

TABLE 8.6. Correlations of Individual-Difference Variables with the Perceiver 
Effect in Meta-Perceptions 

Variable Trait Affect 

Private self-consciousness 
DePaulo et aL (1987) -.09 -.09 
Malloy & Albright (1990) _01 ## 
Malloy & Janowski (1992) .12 ## 
Reno & Kenny (1992) -.04 -.12 

Public self-consciousness 

DePaulo et aL (1987) -.08 .00 
Malloy & Albright (1990) .07 ## 
Malloy & Janowski (1992) -.09 ## 
Reno & Kenny (1992) .27 .24 

Social anxiety 
DePaulo et aL (1987) -.56 -.49 
Malloy & Albright (1990) -_24 ## 
Malloy & Janowski (1992) -_22 ## 
Reno & Kenny (1992) .06 -.14 

Need for social approval 

DePaulo et aL (1987) .14 .39 
Oliver (1989) .54 .52 

Self-monitoring 
DePaulo et aL (1987) .24 .11 

Malloy & Albright (1990) -.04 HH 
Malloy & Janowski (1992) -.12 HH 
Oliver (1989) -.31 -.43 

Note. #II = less than 5% of the variance; correlation not computed. Adapted from Kenny 
and DePaulo (1993). Copyright 1993 by the American Psychological Association. Adapted 
by permission. 
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effect in meta-perceptions (how people think they are generally viewed 
by others) are shown in Table 8.6. 

The first two variables examined are private and public self-con­
sciousness (Fenigstein, Scheier, & Buss, 1975); private self-conscious­
ness is clearly not related to meta-perceptions, and public self-con­
sciousness is correlated with meta-perceptions only in the Reno and 
Kenny (1992) study. Self-monitoring effects are weak except for the 
Oliver (1989) study. For social anxiety, five of the six correlations are 
negative, and they are particularly strong in the DePaulo et al. (1987) 
study. Socially anxious people, then, generally think that they convey 
unflattering impressions of themselves to others. This finding has also 
been reported in studies of social anxiety using different methodolo­
gies (e.g., Crozier, 1979; Jones & Briggs, 1984; Teglasi & Hoffman, 
1982). 

The correlations for social approval are always positive; thus, peo­
ple who are high in need for approval say that they generally make 
positive impressions on others.2 It can be concluded either that meta­
perceptions are subject to response set or that this supports the meas­
ure's validity. Note that the correlations in the Oliver (1989) study 
may be stronger because subjects were selected to be in the top and 
bottom quartiles of need for social approval. 

The results in Table 8.6 suggest that a need for social approval 
does consistently predict meta-perceptions, but there are just two studies 
for this variable. Social anxiety does strongly predict meta-perceptions. 
The other personality variables do not show a consistent pattern. 

Whether there is any validity to these beliefs can be addressed by 
correlating subjects' scores on social anxiety and need for approval 
with the impressions that others generally formed of them (Le., target 
effect in other-perceptions). (In DePaulo et aI., 1987, subjects did not 
make consistent impressions on their partners; therefore, the question 
of -the relationship of that variance to individual differences cannot 
be assessed.) For need for approval, there are two relevant correla­
tions, both from the Oliver (1989) study. Subjects high in need for 
approval were in fact generally liked more by others (the correlation 
is .34), and they were also seen as more active (dominant, confident, 
outgoing, and imaginative; the average correlation is .31). There are 
also two estimates for social anxiety, and they too are in the expected 
direction, both being - .32. Socially anxious people, who think they 
make poor impressions on others, were in fact evaluated harshly by 
the other subjects in the Malloy and Janowski (1992) and the Malloy 
and Albright (1990) studies. 

In sum, then, the data suggest that there is some validity to different 
meta-perceptions of people who vary in need for approval and social 
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anxiety. Approval-dependent people do seem to make better impres­
sions on others, just as they believe they do; and socially anxious peo­
ple do seem to make the negative impressions that they fear. 
Furthermore, this occurs even during brief interactions with strangers. 

As is discussed later in this chapter, these data provide suggestive 
evidence for the argument that when people attain accuracy at find­
ing out how others view them, they can do so even without paying 
much attention to the ways in which those people are reacting to them. 
Socially anxious people bring with them to their social interactions 
an expectation that they will not make a very good impression. Often, 
others really do take a dim view of them. If socially anxious people 
simply stand by their predictions, without bothering to check their va­
lidity against the data of the ongoing interaction, they are often right 
about how they are viewed by others. They can be right not because 
they have observed and understood the reactions of others, but be­
cause they understand themselves. 

Self-Perception and Meta-Perception 

In the review of the individual-difference results above, it has been sug­
gested that people may simply assume that others see them the way 
they see themselves. It has been shown, for example, that people who 
describe themselves as evaluatively dependent expect to be viewed posi­
tively by others, and that others generally do view them positively. 
However, this relationship between the ways that people view them­
selves and the ways they believe they are viewed by others can be as­
sessed more directly by simply correlating self-perceptions with 
meta-perceptions. 

As usual, this relationship can be evaluated in two different ways. 
First, it can be asked whether people who generally rate themselves 
positively believe that they are generally viewed positively by others. 
When subjects in a study only state their general self-perceptions (as 
in Anderson, 1985; Malloy & Albright, 1990; Malloy & Janowski, 
1992; and Reno & Kenny, 1992), this correlation between self­
perceptions and perceiver effects in meta-perceptions is the Qnly kind 
that can be computed. When instead, for each of their interactions, 
subjects rate themselves and also indicate the impressions they thought 
they made on their partners (as in Kenny & DePaulo, 1990, and Oliver, 
1989), self-perceptions can be correlated with both the perceiver and 
relationship effects in meta-perceptions. The correlations with rela­
tionship effects indicate whether people who rate themselves differ­
ently during different interactions also think that they are rated 
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TABLE B.7. Self- and Meta-Perception Correlations 

Dyadic 
Study Generalized Dyadic adjusted 

Kenny & DePaulo (1990) 
Trait 

Applicant .99 .49 .29 
Interviewer .98 .66 ## 

Affect 
Applicant .96 .66 ## 
Interviewer .97 .70 ## 

Oliver (1989) 

Trait .97 .64 xx 

Affect 1.00 .47 xx 

Anderson (1985) .51 
Malloy & Albright (1990) .66 
Malloy & Janowski (1992) 1.00 

Reno & Kenny (1992) 
Trait .75 
Affect .80 

Mean .87 .60 

Note. HH = less than 5% of the variance; correlation not computed. xx = single replica­
tion; adjustment not possible. - = self-perceptions not measured for each target. Adapted 
from Kenny and DePaulo (1993). Copyright 1993 by the American Psychological Associa­
tion. Adapted by permission. 

differently by others during those different interactions. Table 8.7 shows 
the correlations between self-perceptions and meta-perceptions for all 
six of these studies. 

First considered is the generalized level. As seen in Table 8.7, there 
is a strong correlation between how subjects viewed themselves and 
how they thought others saw them. The "weakest" correlation is .51. 
The two residential studies, Anderson (1985) and Malloy and Albright 

. (1990), show the lowest correlations. In these two studies, the self­
perception was a general perception, not a perception of the self in 
the context of a study. At the dyadic level, there are also impressive 
correlations between self- and meta-perception. So if people see them­
selves as acting differently with different people, they think that the 
different targets see them differently too. 

The very large magnitude of the correlations between self­
perceptions and other-perceptions at both the generalized and dyadic 
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levels raises the question of whether the correlations are as big as they 
are because of shared method variance. Both self-perceptions and meta­
perceptions are self-report measures involving analogous rating scales. 
However, this argument is weakened by the fact that every correla­
tion in Table 8.7, with only one exception (affect for the Oliver study), 
is greater than the corresponding correlation between the perceiver effect 
in other-perception and self-perception. If shared method variance 
caused the correlations in Table 8.7 between self-perception and meta­
perception, then shared method variance should produce equally large 
correlations between self-perception and other-perception. Further evi­
dence for the discriminant validity of self-perceptions and meta-percep­
tions comes from studies in which the mean level of subjects' self-percep­
tions differs from the mean level of their meta-perceptions. For exam­
ple, Campbell and Fehr (1990) documented such differences between 
self-perceptions and meta-perceptions, and also showed that those dis­
crepancies varied systematically with subjects' self-esteem. There is also 
evidence that self-perceptions and meta-perceptions are differentially 
affected by evaluative feedback (Wyer, Henninger, & Wolfson, 1975). 

Reciprocity and Assumed Reciprocity: 
Attaining Accuracy by Assuming Reciprocity 

People can be accurate in their assessments of how others view them 
without paying much attention to the way others are actually reacting 
to them if they base their assessments on their perceptions of them­
selves (e.g., socially anxious people think they make bad impressions) 
and those perceptions are true. There is another way in which people 
can attain accuracy without attending to feedback: They may assume 
that there is reciprocity in people's liking for each other and in their 
evaluation of each other's traits. If Jack sees Jill as good-natured, he 
may just assume that Jill also sees him as good-natured. He may do 
so without even bothering to look to Jill to see whether she seems to 
be regarding him as good-natured. If Jack's theory is right-if percep­
tions of traits really are reciprocated - then his belief that Jill sees him 
as good-natured is also right. Jack's meta-perceptions are accurate, but 
not (necessarily) because he is paying attention to feedback from others. 

To evaluate the hypothesis that people may attain accuracy by 
assuming reciprocity (Kenny & Albright, 1987), it must be determined 
whether people really do assume reciprocity and whether reciprocity 
does in fact exist. In Chapter 6, in Table 6.6, correlations for the ac­
tual reciprocity of impressions (if Jack sees Jill as sociable, does Jill 
see Jack as sociable?) and the perceived reciprocity between meta-
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perception and the impression (if Jack sees Jill as sociable, does he think 
that Jill sees him as sociable?) have been presented. For traits, with 
hardly any exception, neither type of reciprocity is very strong; per­
ceptions of reciprocity are stronger than actual reciprocity in most cases, 
but the levels of assumed reciprocity are not high. For affect, both types 
of reciprocity are higher than the corresponding reciprocities for traits. 
Furthermore, in most cases people assume more reciprocity of liking­
sometimes much more-than actually exists; assumed reciprocity of 
liking is substantial for virtually every study. (See Table 6.6 and Chapter 
6 for further details.) 

When are people accurate in their beliefs about who likes them? 
These data suggest that they are accurate when their assumption of 
reciprocity is in fact true. People generally assume that people they 
like also like them in return. That assumption does not vary much from 
person to person or from study to study. What does matter, then, in 
determining whether people's meta-perceptions are accurate is whether 
reciprocity of liking really does exist. If people believe that their lik­
ing is reciprocated, and it really is, then their beliefs about who does 
and does not like them will be correct. 

Theoretical Integration 

Basis of Meta-Perceptions: 
Self-Perceptions, Not Feedback from Others 

How do people determine how others view them? The most obvious 
answer to this question - that people observe others' reactions to their 
behavior and base their meta-perceptions on that feedback-is the least 
likely to be correct. Instead, it may be that people's beliefs about how 
others view them are based primarily on their perceptions of themselves. 

Several lines of evidence support the self-perception explanation. 
First, in an absolute sense, the amount of variance accounted for by 
perceiver effects in meta-perception is quite high. That is, there is a 
strong tendency for people to think that they make consistent impres­
sions on the various targets with whom they interact. In fact, however, 
different targets often form very different impressions of them, espe­
cially in regard to how much they like them. 

Second, perceiver effects are stronger for meta-perceptions than 
for other-perceptions. This provides discriminant validity for the im­
portance of perceiver effects in meta-perceptions, in that it indicates 
that not all perceiver effects are equally strong. It is when people are 
estimating the impressions they convey to different target persons that 
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they are especially likely to make consistent judgments. They are not 
nearly as consistent when they attribute a particular trait or affect to 
a variety of target persons. 

Third, the amount of relationship variance in meta-perceptions 
is typically small in an absolute sense, and it is usually smaller than 
the amount of relationship variance in other-perceptions. This means 
that people tend not to think that they are seen in unique ways by par­
ticular other people, as they might if they were noticing variations in 
the ways that different targets react to them. Sometimes they do see 
some uniqueness, but it is usually not as much uniqueness as they ascribe 
to particular other people in attributing traits or affects to them. 

Fourth, generalized meta-accuracy is always greater than dyadic 
meta-accuracy (for all comparisons in which both scores are available) 
for traits, and for affect it is greater in four of five comparisons. This 
indicates that people's impressions of how they are generally viewed 
by others are more accurate than their differential impressions of how 
they are uniquely viewed by particular others. Again, if people were 
attuned to the feedback provided by targets during ongoing social in­
teractions, they might attain higher levels of dyadic accuracy. 

Finally, and perhaps most compelling, the relationships between 
self-perceptions and meta-perceptions are quite high. As seen in Table 
8.7, there is strong correspondence between how people see themselves 
and how they think that others see them. 

Before the implications of these results for theory are considered, 
a general model of meta-perception is displayed in Figure 8.1. Jack 
has general views about what kind of person he is. This view affects 
how he behaves with others (path a) and how he interprets his behavior 
with others (path b). Jack's behavior affects how Jill reacts to Jack3 

(path c) and Jack's self-evaluation (path d). Jack's meta-perception of 
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FIGURE 8.1. Model of the formation of meta-perception. 
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how Jill sees him is affected by Jill's behavior (path e), his behavior 
(path h), and his self-evaluation (path!). Finally, Jack's self-evaluation 
(and eventually his self-concept) may be affected by his meta-perception 
(path g). 

In the symbolic-interactionist or "naive" model, the causation goes 
from one's own behavior to the partner's behavior (path e), from the 
partner's behavior to meta-perception (path e), and from meta­
perception to self-evaluation (path g). This variant of the model present­
ed in Figure 8.1 is presented in the top of Figure 8.2. 

All of the data reviewed so far are more consistent with a self­
perception explanation of meta-perceptions than with a feedback ex­
planation. The self-perception explanation can now be articulated fur­
ther. Three different versions are considered, and the models (which 
are simpler variants of the model in Figure 8.1) are also presented in 
Figure 8.2. ' 

The simplest of these is the "self-theory" version. According to 
this version, people have strongly held theories about their own per­
sonalities. When interacting with others, they believe that their own 
personalities as they see them are immediately apparent to others, even 
during relatively brief interactions with total strangers (path b). Peo­
ple not,only can disregard their partners' behavior in determining how 
their partners view them; they can also disregard their own behavior 
(paths e and d are zero). 

Naive 
c Own __ --:~~ Partner e ~ Meta- _. 9 ~. Self-

Behavior Behavior Perception Evaluation 

Own 
Behavior 

Self-Judgment 
d Self- __ f--'l~~ Meta-

Evaluation Perception 

Direct Observation 

Own 
Behavior 

h Meta-
Perception 

Self-Theory 

Self- b ~ Self- f ~ Meta-
View Evaluation Perception 

FIGURE 8.2. Submodels of the formation of meta-perception. 



Meta-Perception 169 

The other two versions assume that people do observe their own 
behaviors when trying to determine how others view them. In one ver­
sion, the "self-judgment" version (Felson, 1992), people observe their 
own behavior, make a judgment or self-per,ception about that behavior 
(path d), and then assume that others see that behavior the same way 
they do (pathf). The process begins with the observation of one's own 
behavior, which leads to'a self-perception, which then leads to a meta­
perception. Jack observes himself frolicking merrily on the hill, judges 
himself to be quite a good-natured chap, and assumes that Jill thinks 
so too. 

In the third version, the "direct-observation" version, perception 
of one's own behavior leads directly to a meta-perception (path h). 
People observe their own behavior in an attempt to determine what 
impressions other people may be forming of them on the basis of that 
behavior. In this version, these observations do not necessarily change 
self-views. Jack observes himself frolicking merrily and thinks that Jill 
sees him as good-natured. 

Many of the results described in this chapter are consistent with 
the view that people simply assume that their personalities are immedi­
ately apparent to others-the self-theory version. The large perceiver 
variances in meta-perceptions, indicating that people think that different 
partners all tend to view them in the same way, follow easily from 
this formulation. So does the small degree of relationship effects (or 
specialness) in meta-perceptions. The high degree of generalized ac­
curacy that people attain can also be accommodated. If people's the­
ories about themselves are correct, then their beliefs about how others 
generally view them are also correct. Finally, the strong correlations 
between self-perceptions and meta-perceptions are also very much in 
accord with the view that people simply assume that others see them 
as they already see themselves. 

Most troubling to the self-theory version is the fact that people 
do achieve a measure of dyadic accuracy. If it were true that they real­
ly pay no attention at all to their own or to their partners' behaviors, 
then they could not discern any real differences in the ways that different 
partners view them. 

The non-negligible levels of dyadic accuracy could be troubling 
to all of the versions of the self-perception perspective if dyadic ac­
curacy could be attained only by attending to feedback from one's in­
teraction partners. However, it is possible for people to learn about 
differences in how different partners are viewing them simply by ob­
serving their own behavior. For if people's behavior differs with part­
ners who view them differently, then they can learn about those varying 
views of themselves simply by examining their own behavior . . 
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When people interact with different people one at a time, then 
their behavior really differs from partner to partner. However, when 
people interact with all of their partners at the same time, though each 
partner's reaction may differ, their own behavior remains the same. 
All of their partners have the same information about them. It follows 
from this analysis that if dyadic accuracy is based on observations of 
one's own behavior, it should be higher in studies in which people in­
teract one-on-one (and their behavior therefore does vary from part­
ner to partner) than in studies in which people interact in groups. Three 
of the trait studies involved one-on-one interactions: DePaulo et al. 
(1987), Oliver (1989), and Reno and Kenny (1992). Although none 
of these studies show impressively high levels of dyadic meta-accuracy, 
there is heightened meta-accuracy relative to the levels in the other 
studies. Interestingly, the Reno and Kenny (1992) study, which included 
ratings that may have been among the most behavioral (e.g., amount 
of information conveyed), shows the narrowest gap between general­
ized and dyadic accuracy. These kinds of issues could be addressed 
more compellingly by experiments in which subjects are randomly as­
signed to group versus dyadic interactions, and make meta-perceptions 
along dimensions known to vary in visibility. 

The finding that people do achieve some meta-accuracy, then, is 
consistent with both the self-judgment and the direct-observation ver­
sions, for in both versions, people observe their own behavior. That 
behavior can reveal to them differences in the ways they are respond­
ing to partners who have different views of them. One line of evidence 
that is especially supportive of the self-judgment version is the set of 
strong correlations between self-perceptions and meta-perceptions. The 
self-judgment perspective insists that people observe their own behavior, 
make self-perceptions, and then assume that others view them as they 
view themselves. If this is really how people figure out how others view 
them, then the correlations between self-perceptions and meta­
perceptions have to be high. Furthermore, any evidence that self­
perceptions are not just correlated with meta-perceptions, but precede 
them temporally, would also suit the self-judgment perspective well. 
This evidence is reviewed in the next section. 

The direct-observation version of self-perception makes no such 
assumptions about the relationship between self-perceptions and other­
perceptions. Instead, it argues that people simply observe their own 
behavior and try to determine what impressions their partners are likely 
to form of them on the basis of that behavior. This version credits 
people with a bit of perspective taking that the self-judgment version 
denies. Any evidence, then, that people sometimes do think that others 
view their behavior differently than they do is evidence that favors the 
direct-observation perspective. 



Meta-Perception 171 

Several studies do provide just such data. In a study by Wyer et 
al. (1975), women who received performance feedback in front of an 
observer believed that the feedback would affect the observer's view 
of them, but it did not affect their own self-views. Similarly, Felson 
(1992) found that subjects' performance directly affected the subjects' 
beliefs about how others viewed them, even when their own self­
perceptions had been statistically controlled. Finally, Swann and Hill 
(1982) showed that when people's self-views were challenged, they 
worked to reaffirm them by behaving in a particularly self-congruent 
manner. This opportunity to refute the feedback through behavior 
helped the subjects to maintain their self-views. Importantly, they stood 
by their self-views even when they believed that their partners remained 
unconvinced by their self-affirming efforts. 

Among the three versions of the self-perception perspective, the 
direct-observation model may have a bit of an edge. However, proba­
bly each version is used at times, and each can be a road to accuracy. 

Self-Perceptions to Meta-Perceptions or Vice Versa? 

The causal direction being assumed is from self-perception to meta­
perception. So in Figure 8.1, path f is assumed to exist, and path g 
is assumed to be small. This is the opposite of what the symbolic in­
teractionists suggest. They argue that self-perceptions are products of 
the beliefs about how the self is viewed by significant others; they are 
the reflections that the self sees in other people's eyes. There are several 
reasons to conclude that self-perceptions are primary. 

First, there are real differences in how different people view the 
same person. This is known from the data from the eight studies we 
reviewed (Kenny & DePaulo, 1993): Generally different partners did 
indeed form different impressions of any given subject. This was es­
pecially so for how much they liked the subject. Yet subjects were almost 
completely oblivious to these differences; they thought they made es­
sentially the same impression on all of their partners. 

The second source of evidence suggesting a chain of causality from 
self-perception to meta-perception rather than vice versa consists of 
the data on individual differences. From study to study, socially anx­
ious individuals thought that others looked askance at them. In con­
trast, subjects high in need for approval thought consistently that others 
looked favorably upon them. Subjects brought their social anxiety levels 
and their approval needs with them to the studies in which they par­
ticipated; they did not acquire those self-concepts from the ways they 
thought they were viewed by their partners during the study. Yet those 
self-qualities seemed to drive their perceptions of how others were react­
ing to them. 
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Similarly, in their study of the relationship between self-esteem 
and perceptions of popularity, Bohrnstedt and Felson (1983) showed 
that children who liked themselves assumed that other children also 
liked them. Models in which self-esteem affected meta-perceptions of 
popularity fit the data better than those in which the reverse or recipro­
cal effects were estimated. 

The individual-difference results reported in this chapter are con­
sistent with data reported by Felson (19 81) in his study of high school 
football players. Players' self-ratings on ambiguous attributes such as 
"football sense" and "mental toughness" correlated near zero with the 
coaches' ratings of them. Therefore, the players were not discerning 
their coaches' actual assessments of them and internalizing those ap­
praisals; their self-ratings were correlated with their own self-confidence, 
as rated both by themselves and by their coaches. What the data sug­
gest, as Felson notes, is that self-concept is not constructed impartial­
ly from the data available in social life; instead, "persons see either 
what they expect or want to see" (p.68). 

Other research also underscores the strength of self-conceptions 
in shaping social interactions, social perceptions, and the views that 
others come to hold about targets. Most notably, Swann (e.g., 1984, 
1990; Swann & Hill, 1982) has amassed a wealth of data indicating 
that people work to confirm their self-views-usually successfully. For 
example, in one study, subjects with certain or uncertain self-concepts 
interacted with partners with certain or uncertain views of the sub­
jects that were inconsistent with the subjects' self-views (Swann & Ely, 
1984). Over the course of successive interactions,· the subjects­
particularly those who held their self-views with certainty-came to 
be viewed by their partners in the way that they viewed themselves. 
That is, the partners adopted the subjects' views of themselves, rather 
than vice versa. The only exception to this pattern occurred when the 
partners were confident about their views of subjects who were un­
sure of their own self-concepts. 

What Are Subjects Doing with the Available Feedback 
from Their Interaction Partners? 

If the views that people think others have of them are derived from 
observing their own behavior and from their own views of themselves, 
then are people paying any attention at all to the texture of their part­
ners' behavior? It seems plausible that they are. Evidence comes from 
the other-perception data: Perceiver variances are smaller for other­
perceptions than they are for meta-perceptions, and relationship ef-
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fects are larger. This suggests that people do see differences among 
the various other people in their social worlds. Moreover, the differ­
ences that they see are not idiosyncratic. Other people concur, at least 
somewhat, in their assessments of a given target's traits, and they even 
show a bit of agreement in their appraisals of the target's likability 
(as indicated by the nontrivial target effects in other-perceptions). So 
when they are asked to assess qualities of their partners, people seem 
able to attend to the available data and make an evaluation for which 
there is consensual validation. What they seem unable to assess in a 
differentiated way are the variations in how these different partners 
see the people themselves. 

There are many reasons for this insensitivity. First, because of peo­
ple's reluctance to evaluate one another explicitly, the quality of the 
available data is poor. Second, people are personally invested in their 
self-concepts (e.g., Swann, 1990), and therefore they are also invest­
ed in the perceptions that others have of them. This investment far 
outstrips any investments that they might have in their perceptions of 
other people. That is, they care about how others view them far more 
than they care how they view others. Third, in reading others' reac­
tions, people often see what they expect to see. These expectations 
in turn came from many sources, including people's self-concepts, their 
knowledge of the kinds of impressions they may be trying to convey, 
and theirminitheories about the workings of social life (such as the 
expectation that liking is reciprocated). 

limitations and Qualifications 

Do Self-Perceptions Always Come First? 

Arguing that self-perceptions drive meta-perceptions rather than vice 
versa does not mean that people's beliefs about how others view them 
never affect their self-views. If, repeatedly, a person is the last to be 
chosen when captains pick teams, and the only one without a date 
to the ball, it will be difficult for the person not to form the impres­
sion that others find him or her inept or unlovable, and perhaps more 
difficult still to remain unscathed by this impression. Over the long 
run, then, the glare of others' mirrors may simply be too overpower­
ing to ignore. The support of intimates who view the person as he or 
she views himself or herself can help deflect that glare; but when inti­
mates disagree with self-views, too, then the mirror wins again, perhaps 
even more triumphantly (Swann & Predmore, 1985). 

Even in short-lived interactions with strangers, there are times 
when meta-perceptions change self-perceptions. This may occur when 
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people are outcome-dependent on their interaction partners (e.g., when 
they are powerful, influential, or attractive people). It may occur when 
others are evaluating targets on dimensions along which the targets' 
standing is a matter of great concern but little certainty. And it may 
also occur during transitions to new and unfamiliar life situations, such 
as going away to college or beginning one's first job. 

Symbolic interactionism is a theory of development as well as a 
theory of social interaction, and its developmental predictions may fare 
better than the other predictions in this chapter (Rosenberg, 1986). 
Over the course of development, children may indeed construct their 
self-concepts at least in part from their beliefs about how they are viewed 
by others. Moreover, parents may be more willing than peers or 
strangers to provide negative feedback to their children. There is some 
suggestive evidence that is consistent with this hypothesized develop­
mental process (Felson, 1989; Rosengren, 1961). The Felson study 
has shown, using longitudinal data, that appraisals of children by their 
parents affect children's subsequent meta-perceptions. But this impor­
tant study has also shown that children think that both parents view 
them in the same way-a result consistent with the finding of large 
amounts of perceiver variance in meta-perceptions. 

A developmental perspective may also help to explain why adults 
sometimes seem so oblivious to the feedback available to them in on­
going social interactions. Perhaps they pay so little attention to that 
feedback in the present because they paid so much attention to it in 
the past. As children, perhaps they did look into other people's eyes 
to see inside their own psyches. Many thousands of looks later, they 
may have come to develop quite stable self-concepts. They may feel, 
as adults, that it is no longer necessary to take a fresh look into others' 
eyes during each interaction. They have looked there often before, and 
know what to expect. 

A similar process may occur during the development of a close 
relationship (see also Swann & Predmore, 1985). At first, Jack can­
not stop looking into Jill's eyes. Eventually, though, he thinks he knows 
what he will see there, and his eyes will rest elsewhere. Sometimes Jill's 
reaction to Jack is not what Jack would have expected, but he will 
not know that, because he is not paying much attention. If this sad 
sequence does in fact occur, one counterintuitive implication may be 
that dyadic meta-accuracy does not necessarily improve over time as 
relationships progress. 

How For Will the Results Generalize? 

It may be tempting to conclude that the results apply more to short­
term interactions than to long-term ones. The argument would be that 
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people rely primarily on their self-perceptions during brief interactions 
because there is not much else to go by . Yet a recent review has indi­
cated that even very thin slices of expressive behavior (i.e., ones last­
ing less than 5 minutes) can be surprisingly informative (Ambady & 
Rosenthal, 1992). 

Similarly, an intuitively appealing prediction would be that the 
results do not generalize to people in long-term intimate relationships. 
But as just argued in the preceding section, when relationships develop, 
partners may actually become less attuned to each other's feedback 
during ongoing social interactions, because they think they already 
know what that feedback will be. 

Another limitation of the studies reviewed is that the subjects in 
all of them were college undergraduates. Furthermore, the students 
always rated one another on positive traits. Perhaps work with other 
populations and other kinds of ratings will point to important qualifi­
cations of the conclusions. It is also possible that systematic manipu­
lations of aspects of the social context and of subjects' social interaction 
goals will add further qualifications. But extensions of this work will 
serve to underscore some of the more robust findings. There are al­
ready hints that this will be so. For example, it has been found that 
people are very good at understanding how they are generally viewed 
by others, but that they are much less adept at discerning how they 
are uniquely viewed by particular others. In a series of studies of popu­
lations other than college students, Felson (1980, 1981, 1989) has 
reported very similar effects. 

Most of the results presented in this chapter have been replicated 
in a study done in Israel (Shechtman & Kenny, in press). That study, 
also using college students, shows that the conclusions in this chapter 
are not as limited as they might appear. 

The purpose is not to deny the possible limitations of the results, 
but to encourage open-minded investigations of them. The major limi­
tations of the studies that have been reviewed are that none of them 
(1) measured the behaviors of either interactant or (2) experimentally 
manipulated the key constructs, such as partner feedback. The behavior 
of the person who makes the meta-perception should better predict 
that person's meta-perceptions than the feedback behavior of that per­
son's interaction partner. Studies with such measurements and manipu­
lations are difficult and time-consuming, but they are necessary to 
illuminate the exact causal sequence. 

Conclusion 

How do people know how others view them? The first conclusion is 
a counterintuitive one: People rely very little on feedback from others. 
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Instead, they directly observe their own behavior, and infer from it 
what others think of them. This conclusion is based on evidence show­
ing that people think that the impressions they make on different peo­
ple are more consistent than they are in fact; that people are better 
at discerning what other people generally think of them than in decipher­
ing the unique ways that particular other people view them; and, fi­
nally, that people's reports of how they think others view them are 
highly correlated with how they view themselves. 

The second and related conclusion may be a controversial one: 
Symbolic interactionists have the direction of causality exactly wrong, 
at least for adults. People's self-perceptions do not come from their be­
liefs about how others view them (meta-perceptions); instead, meta-per­
ceptions follow directly from self-perceptions. When people observe 
their own behavior to try to discern what others think of them, their 
theories about themselves and about social life are important in deter­
mining what they see. To the extent that these theories are correct, then 
their understandings of how others generally view them are also correct. 

If people were to rely only on their self-concepts and their the­
ories to interpret the data of their behavior and others' reactions to 
that behavior, then the best they could achieve would be generalized 
accuracy. People could never figure out how they are differentially 
viewed by particular others. But in fact, people are not totally oblivi­
ous to the behavior of specific other people. They notice things about 
them that others notice, too. The third and final conclusion is that 
people do achieve some small degree of dyadic accuracy in their per­
ceptions of how specific others view them. Occasionally, then, people 
do look to others for feedback, and thereby catch a glimpse of how 
those others really do see them. 

This chapter has tied together several empirical studies. It very 
convincingly shows that people think that they make consistent im­
pressions on their partners when in fact they do not, at least not to 
the extent that they think they do. Meta-perceptions are partially ac­
curate, but it seems that the accuracy in meta-perceptions is attained 
through inference and not from feedback. It has been shown that self­
perception is closely tied to meta-perception. The next chapter con­
siders the topic of self-perception. 

Notes 
1. Perceiver accuracy is not considered, because there is typically little or no 

target variance in meta-perceptions. 
2. The correlation between social anxiety and need for social approval is zero 

in the DePaulo et al. (1987) study. 
3. It is possible that the partner's behavior may influence one's own behavior, 

but to make the analysis manageable, this effect is ignored. 
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SELF-PERCEPTION 

T he perception of others is very closely tied to self-perception. 
People are very much concerned about whether they are simi­
lar to others on some traits (e.g., emotional stability), or better 

than others on other traits (e.g., intelligence). As reviewed in Chapter 
8, it appears that meta-perception is largely guided by self-perception. 
This chapter elaborates the links between other-perception and self­
perception. 

The chapter begins with a discussion of the major social­
psychological theories about self-perception. Next discussed is whether 
people engage in self-enhancement: To what extent do people view 
themselves more favorably than they view others? 

The middle part of the chapter concerns assumed similarity: Do 
people see others as they see themselves? First, there is a discussion 
of the extent to which there is assumed similarity. The next question 
is whether the perceiver effect has more influence in other-perception 
than in self-perception. A discussion of the effect of acquaintance on 
assumed similarity follows. 

The third section of this chapter concerns self-other agreement. 
The first question considered is the level of self-other agreement. The 
second question concerns whether peers agree more with each other 
than they do with the self. The third question concerns whether self­
ratings or peer ratings are more accurate. The fourth question con­
cerns the conditions under which there is more or less self-other agree­
ment. The fifth and final question concerns the social-psychological 
processes that explain self-other agreement. So the first three ques­
tions about self-other agreement concern the level of self-other agree­
ment; the fourth concerns moderators; and the fifth concerns the 
theoretical explanation of the phenomenon. 

In the final section, the variability of self-ratings and other-ratings 
is compared. 

177 
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Theories of Self-Perception 

The topic of self is one of the oldest in psychology (William James, 
one of the first psychologists, wrote extensively on it), and a consider­
ation of the different ways social scientists have treated it should be 
helpful. In connection with each theory, individual differences are also 
discussed: To what extent do some people conform more to the theo­
retical perspective than do others? Table 9.1 presents a summary of 
the theories and their associated individual differences. 

One view of self-perception, initially proposed by the social psy­
chologist Daryl Bern (1967), is that it is little different from other­
perception. Other-perception results from behavioral observation; that 
is, people observe others and infer that those others have certain per­
sonalities. Self-perception, according to Bern, also results from the ob­
servation of behavior. (See Chapter 8.) From this perspective, self­
perception is not based on privileged access. That is, if I am judging 
how friendly I am, I look at my behavior to see how friendly I am. 
I do not look inside myself at my motives and intentions to ascertain 
my friendliness. So I evaluate my friendliness in the same way as I would 
evaluate another person's friendliness. 

Bern's view of self-perception may be more true of people who 
do not introspect and wonder very much about what types of persons 
they are. Fenigstein, Scheier, and Buss (1975) have proposed that people 
differ in how privately self-conscious they are. "Private self­
consciousness" refers to introspection and self-contemplation, whereas 
"public self-consciousness" refers to a fear of negative evaluations from 
others. People who are more privately self-conscious should have a 
better idea of what types of persons they are, and should be less likely 
to use the process proposed by Bern. 

A second view is that self-perception is largely guided by the mo­
tive of "self-enhancement." People try to foster a positive image of them­
selves; therefore, they deny or downplay their negative characteristics 
and emphasize their positive ones. As the term suggests, people en-

TABLE 9.1. Theories of Self 

Theory name 

Self-perception 

Self-enhancement 
Self-presentation 

Symbolic interactionism versus 
self-verification 

Individual-difference variable 

Private self-consciousness 

Depression, self-esteem 

Self-monitoring, need for social approval 
Certainty 



Self-Perception 179 

gage in self-enhancement in order to make themselves feel better. If 
the goal were to create a favorable impression on others, then it would 
be called "self-presentation" (which is discussed later in this section). 
Although self-enhancement is a form of biased information process­
ing, it is a normal process. That is, some degree of self-enhancement 
is typically found in self-ratings. In fact, Taylor and Brown (1988) 
have argued that self-enhancement is necessary for mental health, and 
they have claimed that normal, healthy adults engage in it regularly. 

Although clearly self-enhancement is a general motive, some people 
self-enhance more than others. Several individual-difference variables 
have been shown to affect the degree of self-enhancement. The most 
extensively studied variable has been depression (Alloy & Abramson, 
1988; Lewinsohn, Mischel, Chaplin, & Barton, 1980). Not surpris­
ingly, depressives (as well as those low in self-esteem) self-enhance less 
than nondepressives do. This fact has led some to argue that depres­
sives are more accurate person perceivers than nondepressives; this 
hypothesis, called "depressive realism," is disputed by some (e.g., Camp­
bell & Fehr, 1990). 

The third view, "self-presentation," is that people present images 
of themselves to others, much in the same way that political consul­
tants create images of political candidates in television commercials. 
This view was espoused by the sociologist Erving Goffman (1959). 
Borrowing a line from Shakespeare, Goffman viewed social life as a 
stage and people as actors giving performances to an audience. If the 
audience or role changes, so does a person's behavior. In this view, 
people are social chameleons who change their behavior to please differ­
ent audiences. 

Mark Snyder (1974) has proposed that some people self-present 
more than others, and has called such people "high self-monitors." 
Others, called "low self-monitors," tend not to tailor their behavior 
to match audience expectations. Another measure of self-presentational 
tendencies is the need for social approval, usually called "social desira­
bility." This variable represents the motive to be liked and approved 
by others. Presumably, people who are high on the need for social ap­
proval engage in self-presentation more often than those who are low 
on the need for social approval. Interestingly, the correlation between 
Snyder's self-monitoring scale and the Crowne and Marlowe (1960) 
scale of social desirability is negative (Oliver, 1989). It is possible that 
the correlation is negative because self-monitoring may not be a desir­
able skill; that is, it may be socially desirable to say that one does not 
self-present. 

A fourth and final view is a combination of clinical and socio-
logical views. In this perspective, the self-concept is learned during 
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childhood: The child incorporates the view that parents have of the 
child. So if parents say to the child, "You stupid idiot, why do you 
do these things?", the child sees himself or herself as a "stupid idiot." 
Sociologists, beginning with the ground-breaking e.fforts of George 
Herbert Mead (1925, 1934) and Cooley (1902), have developed the 
theory of "symbolic interactionism" (see Chapter 8). People incorporate 
the view that significant others have of them. The self, something that 
we think of as private and personal, is a social creation. Clinical psy­
chologists such as Carl Rogers and Harry Stack Sullivan have espoused 
a similar view: They focus on people who have negative self-perceptions, 
and believe that these self-images arose from negative interactions with 
parents. 

Symbolic interactionism is similar to the self-presentation view 
in that the person is influenced by others. But it differs from self­
presentation in that the person actually incorporates the view that others 
have of him or her. According to symbolic interactionists, people see 
themselves as others see them. 

That people adopt the views that others have of them may seem 
rather disingenuous of them. People from Western cultures have learned 
the ethic of "being true to oneself." Swann (1990) has emphasized that 
people attempt to enact their view of themselves and avoid incorporating 
the views that others have of them. He calls this motive "self­
verification," which is the opposite of symbolic interactionism. In self­
verification the self changes others, whereas in symbolic interactionism 
others change the self. Swann emphasizes the certainty with which a 
person believes he or she possesses a trait as one variable determining 
whether a person incorporates the views of others. So if a person feels 
uncertain about his or her standing on a trait, he or she is more easily 
influenced by how others see him or her. 

So several different theories of self have been presented. They are 
self-perception ("I see myself as I behave"), self-enhancement ("I see 
myself as better than others"), self-presentation ("I present myself to 
others as they want to see me"), and symbolic interactionism ("I see 
myself as significant others see me") versus self-verification ("I make 
others see me as I see myself'). 

Most likely, each of these views of self has some degree of validi­
ty. It is incorrect to think that one of them is right and the others are 
wrong. Moreover, the theories differ in what they concern. Some of 
the theories concern how knowledge about the self is obtained (e.g., 
self-perception, symbolic interactionism, and self-verification), whereas 
other theories are concerned with motives in the evaluation of infor­
mation (self-enhancement and self-presentation). The knowledge high­
lighted by these different theoretical perspectives aids us in better 
understanding the results discussed in this chapter. 
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Mean Level of Self- versus Other-Perception: 
Self-Enhancement 

What is the difference between self-perception and other-perception? 
Do people see themselves as better or worse than others? Table 9.2 
presents the mean differences between self- and other-perception from 
four zero-acquaintance studies. Recall that in zero acquaintance the 
perceiver and target have never interacted. When the numbers in Table 
9.2 are positive, people are seeing themselves as better than others; 
that is, they are self-enhancing. When the numbers are negative, peo­
ple are seeing others more favorably than themselves. 

Most of the numbers in Table 9.2 are positive: People see them­
selves more favorably than they see others. Because in all these studies 
the targets being rated are the very same people for both self- and other­
ratings, there should be, in principle, no difference between self- and 
other-ratings. Thus, Table 9.2 presents striking evidence for self­
enhancement. 

Interestingly, for four of the Big Five factors there is always self­
enhancement: People see themselves more favorably than they see 
others. But for Emotional Stability there is actually self-abasement: 
People see themselves as more emotionally unstable than they see others. 
A typical measure of Emotional Stability in these studies is 
"tense-relaxed" and "anxious-calm." The failure to find self­
enhancement in ratings of emotional stability provides important evi­
dence against Bern's (1967) self-perception theory. Recall that Bern ar­
gued that self- and other-perception both rely on behavioral observation. 
In these four studies, people probably looked at internal cues and decid­
ed that they were anxious and tense. After all, the situation in which 
they found themselves would be likely to produce anxiety. Recall that 

TABLE 9.2. Self-Perception Minus Other-Perception at Zero Acquaintance 

Study 

Factor A B C D Mean 

Extroversion .23 .90 .40 .45 .50 
Agreeableness .21 .43 .17 .31 .28 
Conscientiousness .17 .62 .21 .37 .34 
Emotional Stability -.63 -.05 -.62 -.66 - .49 
Culture .09 .62 .17 .41 .32 

Note. A, Kenny, Horner, Kashy, and Chu (1992), Study 3; B, Kenny et al. (1992), Study 
2; C, Albright, Kenny, and Malloy (1988), Study 3; D, Kenny (1992). Entries reflect differ­
ences on a 7-point scale. Positive entries indicate self-enhancement; negative entries indicate 
self-abasement. 
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subjects were being rated while they were rating others. But when these 
people looked at others, those others appeared relaxed and calm. 

Thus, the results of the zero-acquaintance studies clearly show 
that people generally engage in self-enhancement: They view them­
selves more favorably than they view others. But, at least for Emo­
tional Stability, they do also rely on internal cues to which others do 
not have access. 

A key question is whether at higher levels of acquaintance beyond 
zero acquaintance there is still evidence of self-enhancement. Table 
9.3 presents results from three studies in which the perceivers and tar­
gets had known each other for a relatively long time. One study was 
residential (Malloy & Albright, 1990); in this study, the people had 
known each other for years. In the other two studies, students had 
been in the same group for a semester. 

Averaging across the three studies, one sees self-enhancement on 
four of the Big Five factors and self-abasement on Emotional Stabili­
ty. However, the amount of self-enhancement and self-abasement is 
weaker (i.e., closer to 0) for all five factors. Interestingly, the factor 
that showed the greatest self-enhancement at zero acquaintance, Ex­
troversion, shows much weaker self-enhancement for well-acquainted 
individuals. Perhaps because Extroversion is more behavioral than the 
other factors, it becomes increasingly difficult to self-enhance on that 
factor. The results from these studies indicate that acquaintance does 
dilute the self-enhancement and self-abasement effects found at zero 
acquaintance. 

It seems reasonable that there would be less self-enhancement when 
judging others with whom one has a clQse relationship. If closeness 
means incorporating the other as part of the self (Aron & Aron, 1986), 
then self-ratings should be as positive for ratings of the close other. 

TABLE 9.3. Self-Perception Minus Other-Perception among Well-Acquainted Individuals 

Study 

Factor ABC Mean 

Extroversion .04 .18 .47 .23 
Agreeableness .29 .15 .33 .26 
Conscientiousness .37 .25 .21 .28 
Emotional Stability .31 -.39 -.03 -.04 
Culture .29 .29 .28 .29 

Note. A, Malloy and Albright (1990); B, Kenny et al. (1992), Study 3; C, Albright et al. 
(1988), Study 1. For meaning of entries, see footnote to Table 9.2. 
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A colleague and I (Kenny & Kashy, in press), for example, found that 
for some traits, friends were viewed even more positively than self. 
Thus, in certain cases, perceivers may idealize the targets they are rating. 

The results that have been interpreted as indicating self­
enhancement might alternatively be viewed as self-presentation effects. 
That is, people do not actually think that they are better than others; 
rather, they present themselves to the experimenter as better than others. 
Although self-presentation is consistent with some results, it cannot 
easily explain the self-abasement effects found for Emotional Stabili­
ty. (However, self-handicapping [Berglas & Jones, 1978] explains self­
abasement effects within a self-presentation framework.) It then seems 
likely that the effects that have been discussed are largely attributable 
to self-enhancement (people think that they are better than others) and 
not to self-presentation (people want to appear as better than others). 

Assumed Similarity 

Historically, assume~similarity (Cronbach, 1955) is one of the oldest 
questions in the field M person perception: Do people see others the 
way they see themselves? There has been renewed interest in this topic, 
in that social psychologists have been studying assumed similarity­
not only of personality, but also of opinions and behavior. Ross, 
Greene, and House (1977) have proposed that there is a "false-consensus 
bias"; that is, people assume that others think, feel, and behave as they 
do. This book uses the older term of "assumed similarity." 

Naively, it seems reasonable that people should see others as they 
see themselves. So the expectation is for a positive correlation between 
self-perception and the perceiver effect. However, as reviewed in Chap­
ter 3, there is also a basis for expecting a negative self-perceiver corre­
lation: If people use themselves as a standard in judging others, the 
more positively they view themselves, the more negatively they should 
view others. 

The easy answer to the question of whether there is assumed 
similarity is yes. When the perceiver effect is correlated with self-rating, 
it is virtually always positive. Table 9.4 presents the perceiver-self corre­
lation from four different studies, each of which used the Big Five fac­
tors. As the table shows, people tend to see others as they see themselves. 
Chapter 10 reconsiders the meaning of self-perceiver correlations. 

As seen in Table 9.4, the self-perceiver correlations are about .40. 
The correlations for Extroversion are somewhat lower. Interestingly, 
the correlations are consistently larger for Agreeableness, averaging 
about .65. Why are these correlations for Agreeableness so large? 
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TABLE 9.4. Assumed Similarity: Self-Perceiver Correlations 

Study 

Factor A B C D Mean 

Extroversion .23 .42 ## .44 .27 
Agreeableness .62 .82 .43 .74 .65 
Conscientiousness .19 .47 .31 .49 .37 
Emotional Stability .35 .63 .32 .19 .37 
Culture .32 .34 .18 .61 .36 

Note. ## = insufficient variance to compute correlation. A, Malloy and Albright (1990); 
B, Albright et al. (1988), Study 1; C, Malloy (1987a); D, Kenny et al. (1992), Study 2. 

One explanation for the assumed similarity for Agreeableness is 
the reciprocity of prosocial and antisocial behavior, presented in Chap­
ter 6. People who are agreeable probably bring about agreeable be­
havior in their partners. So if people who see themselves as agreeable 
are actually agreeable, their interaction partners should also be agree­
able. So it is reasonable for agreeable people to expect others to be 
agreeable. Although this reciprocity hypothesis is plausible, there is 
no direct test of it. 

An alternate and simpler explanation is assumed reciprocity. 1 If 
a person believes that he or she is agreeable, the person may assume 
that others are also agreeable when they are with him or her. Alterna­
tively, the person may see himself or herself as not so agreeable be­
cause he or she assumes that others are hostile. (See the discussions 
of complementary projection in Chapters 3, 6, and 10.) Evidently, 
reciprocity is not assumed as much for the other Big Five factors. 

As discussed in Chapter 3, the perceiver effect is likely to be con­
taminated by response set. No doubt the overwhelming evidence for 
assumed similarity partially reflects the presence of the same response 
set in self- and other-ratings. The question of assumed similarity and 
its relation to response set is discussed in the final chapter of the book. 

Relative Amount of Perceiver Variance 
in Self- and Other-Ratings 

Recall that in Chapter 3, the perceiver effect has been conceptualized 
as a measure of ignorance. It represents a person's best guess of what 
people are like. It seems sensible that the perceiver effect should be 
weighted less in self-perception, in that people presumably know them­
selves well. 
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A method is needed to evaluate how the self and others weight 
the perceiver effect. In other-perception, how Zelda sees Heidi is as­
sumed to be a function of Zelda's perceiver effect and of Heidi's tar­
get effect. Self-perception too can be assumed to be a function of 
perceiver and target effects, but those effects may not be weighted as 
they are in other-perception. 

Consider the Social Relations Model (SRM) equation for perceiver 
i rating target j: 

As explained in Chapter 2 and Appendix B, m is the constant, aj is 
the perceiver effect, bj is person j's target effect, and gij is the relation­
ship effect. The model for person i's self-rating (i's rating of i, or Xjj) 
is as follows: 

X jj = n + kaj + qb j + h jj 

This equation for self-perception looks very much like the traditional 
SRM specification, but there are some important differences. First, note 
that the perceiver and target are the very same person, and so i and 
j are the same; hence Xjj. Second, the constant and relationship effects 
are different from what they are in the equation for other-perception. 
Third, both the perceiver and the target effects that are present in other­
perception are also present in self-perception; however, these effects 
may be weighted differently for self-perception. The parameter that 
multiplies the perceiver effect is k, and the parameter that multiplies 
the target effect is q. The parameter k is the assumed-similarity 
parameter, and the parameter q is the one for self-other agreement, 
which is discussed later in this chapter. 

In essence, the parameter k states the relative amount of perceiver 
variance in self-perception versus other-perception. Consider the case 
in which there are self- and other-perceptions of friendliness. If k is 
bigger than 1, then the perceiver effect has more weight in self­
perception than in other-perception. So if a person tends to see others 
as friendly, the person should see himself or herself as even more friend­
ly. If k is less than 1, then the perceiver effect has less weight in self­
perception than in other-perception. So if a person sees others as friend­
ly, the person sh~uld see himself or herself as not quite that friendly. 
If k is 1, then the perceiver effect is weighted in self-perception as it 
is in other-perception. If k is zero, then the perceiver effect is not used 
at all in self-perception. So how a person sees others has no relation­
ship to how the person sees himself or herself. Finally, if k is negative, 
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TABLE 9.5. The Relative Weight (k) of the Perceiver Effect in Self-Perception 

Study 

Factor A B C D Median 

Extroversion 1.10 .61 1111 l1li .86 
Agreeableness .70 .74 1.17 .99 .84 
Conscientiousness .60 .70 .95 .70 
Emotional Stability .56 .70 .71 .70 
Culture 1.75 .64 .78 .78 .78 

Note. 1111 = insufficient variance to compute weight. - = factor not measured. A, Mal­
loy and Albright (1990); B, Albright et al. (1988), Study 1; C, Malloy (1987a); D, Levesque 
(1990). 

then others are seen as different from the self. So if a person sees others 
as friendly, the person sees himself or herself as unfriendly. 

Now that a measure of the weight of the perceiver effect in self­
perception has been developed, what is that weight? Table 9.5 presents 
the value of k from four studies. As seen in the table, k tends to be 
greater than zero and less than 1. The typical value of k is about. 75. 
So perceivers are using the perceiver effect in self-perception, but it 
has less influence in self-perception than it does in other-perception. 
If the perceiver effect is viewed as a general stereotype of others (see 
Chapter 3), people do not believe that the stereotype applies as much 
to them as it does to others. 

Acquaintance and Assumed Similarity 

Chapter 3 has also discussed the perceiver effect as the perceiver's stereo­
type of the group being rated. It seems reasonable to believe that as 
a person remains in a group for a longer time, the person should come 
to see group members as he or she sees himself or herself. Research 
on ingroup versus outgroup perceptions has shown that people often 
assume that ingroup members (their own group) are more similar to 
them than are outgroup members (the other group). 

Table 9.6 presents the self-perceiver correlation at varying levels 
of acquaintance. The table very convincingly shows that increasing 
acquaintance leads to greater assumed similarity. For all three studies 
presented, the self-perceiver correlation increases with increasing ac­
quaintance. Interestingly, the self-perceiver correlations are smallest 
for the Park and Judd (1989) study, which had the least amount of 
interaction between subjects. 

In a cross-sectional study, we (Kenny & Kashy, in press) com-
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TABLE 9.10. Self-Other Agreement (Self-Target Correlation) at Zero Acquaintance 

Big Five factor 

Study II III IV V 

Albright et al. (1988), Study 1 .44 ## .52 .01 -.19 

Albright et al. (1988), Study 2 .33 ## .52 ## ## 
Albright et al. (1988), Study 3 .34 ## .34 ## ## 
Borkenau and Liebler (1992) .41 .06 .33 .02 .05 
DiPilato (1990) .49 ## ## .00 ## 
Kenny (1992) .49 ## ## ## ## 
Kenny et al. (1992), Study 1 .03 .09 .20 ## ## 
Kenny et al. (1992), Study 2 .33 ## .02 ## ## 
Kenny et al. (1992), Study 3 .62 ## ## ## ## 
Latane (1987) .16 .58 -.28 

Note. UU = less than 10% of the variance attributable to target. - = factor not measured. 
Adapted from Albright, Kenny, Malloy, and Borkenau (1994). Used by permission ofthe 
authors. 

cates that at zero acquaintance, the self-target correlation for Extrover­
sion averages .35, whereas for well-acquainted people the average corre­
lation rises to .66. So at least for Extroversion, there is a relationship 
between acquaintance and self-other agreement. There is only a trivi­
al increase for Conscientiousness: The correlation averages about .36 
at zero acquaintance and only rises to .39 for those well acquainted. 

Three longitudinal studies have shown an increase in the self-other 
correlation as a function of acquaintance (Park & Judd, 1989; Paul­
hus & Bruce, 1992; Montgomery, 1984). All three ofthese were group 
studies; that is, the subjects interacted in groups and not one-on-one. 
Interestingly, the Paulhus and Bruce (1992) study shows a decline in 
consensus over time with increasing self-other agreement. The 
self-target correlations from Park and Judd (1989) generally increase 
across the 4 days of the study: .09, .28, .42, and .38. This pattern 
of results is further evidence that increased acquaintance does lead to 
increased self-other agreement. Surprisingly, the only study of people 
living together (Albright, 1990) has not shown increasing self-other 
correlations. It may be that self-other agreement peaks relatively quickly 
during the acquaintance process. 

Further support for the hypothesis that increases in acquaintance 
lead to greater self-other agreement is provided by a recent study (Kenny 
& Kashy, in press). We found that self-ratings correlated more strongly 
with a friend's rating of the person than with an acquaintance's. 
The evidence supports the proposition that increasing acquaintance 



198 Chapter 9 

leads to greater self-other agreement. However, the absence of a longi­
tudinal, residential study supporting this hypothesis is somewhat dis­
quieting. 

Theories of Self-Other Agreement 

It is standard practice to teach beginning students in the social and 
behavioral sciences the following dictum: "Correlation does not im­
ply causality." If it is found that two variables, say X and Y, are cor­
related, this does not imply that X causes Y. There are three alternate 
causal explanations of any correlation: 

1. X causes Y. 
2. Y causes X. 
3. Z causes both X and Y. 

Each of these three different explanations can account for self­
other agreement. So it is possible that (1) other-perception causes self­
perception; (2) self-perception causes other-perception; or (3) both are 
caused by another variable. These three explanations of the self-other 
correlation are now considered. 

Other-Perception Causes Self-Perception 

First, how others see a person may influence that person to see him­
self or herself in the same way. The hypothesis that we see ourselves 
as others see us has been put forth by symbolic interactionists. (Sym­
bolic interactionism has been previously discussed in Chapter 8 and 
earlier in this chapter.) These theorists, drawing on the pioneering work 
of Mead and Cooley, argue that the self is created from how others 
see the person; actually, it is not just any others, but significant others 
that matter. These significant others are defined by the person, but 
generally they include parents and close friends. 

As previously reviewed in Chapter 8, evidence for the symbolic­
interactionist view of self-perception is rather thin. The sociologist 
Richard Felson has shown that significant others do not have as much of 
an effect as might be thought. In one study, Felson (1981) showed that 
high school football players' evaluations of their performance did not 
resemble their coaches' evaluations of their performance. Symbolic inter­
actionists may argue that Felson did not study "significant" others; how­
ever, Felson carefully argued that coaches are indeed significant others. 

An alternate view is that the self-concept may be fixed early in 
life and is difficult to change in adulthood. In a longitudinal study, 
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TABLE 9.6. Assumed Similarity (Self-Perceiver Correlation) 
and Mean liking for Increasing Acquaintance 

Study Assumed similarity Mean liking 

Montgomery (1984) (2 traits) 
Wave 1 .54 5.04 
Wave 2 .70 5.24 
Wave 3 .72 5.18 

Albright-Malloy (1988) (5 traits) 
Wave 1 .59 5.60 
Wave 2 .58 5.90 
Wave 3 .81 5.80 

Park & Judd (1989) (14 traits) 
Wave 1 .15 4.95 
Wave 2 .30 4.78 
Wave 3 .29 4.80 
Wave 4 .36 4.88 
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puted the self-perceiver correlation in ratings of friends and acquain­
tances. For all four traits that we examined, the self-perceiver corre­
lation was greater for ratings of friends than of acquaintances. This 
result too is consistent with the view that acquaintance leads to great­
er self-perceiver correlations. 

So as a person gets to know someone better and presumably likes 
that other more, the person sees the other as more similar to himself 
or herself. Table 9.6 also presents the mean liking at each time point. 
Liking does somewhat increase with increasing acquaintance, and so 
there is limited support for the hypothesis that a presumed moderator 
of assumed similarity is liking. However, because the liking means do 
not exactly parallel the assumed-similarity correlations, it may be true 
that another factor besides liking explains the increase in assumed 
similarity with increasing acquaintance. Perhaps familiarity itself leads 
to assumed similarity. 

Self-Other Agreement 

There are two individual-difference terms in SRM: perceiver and tar­
get. The preceding section has considered the overlap in self-perception 
and the perceiver effect. This section considers the overlap between 
the target effect and self-perception. 
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The question of self-other agreement is a fundamental question 
in social science. As discussed in Chapter 7, self-ratings are often used 

. as criterion measures in accuracy research, and so the self-other corre­
lation is often taken as a measure of accuracy. Also, symbolic interac­
tionists have claimed that people come to see themselves as other people 
do. Self-other correlations (Shrauger & Schoeneman, 1979) have played 
an important role in testing symbolic interactionism. 

Level of Self-Other Agreement 

Before self-other agreement can be measured, it first needs to be es­
tablished that peers do agree with each other. If peers do not agree, 
how can it be expected that the self would agree with peers? So con­
sensus or agreement between peers, the topic of Chapter 4, is a neces­
sary condition for self-other agreement. In the tables in this section 
of the chapter, self-other agreement is not computed unless at least 
10% of the variance in other-perceptions is at the level of the target. 
If this criterion is not reached, the symbol "##" is used, indicating that 
there is not enough meaningful variation in the target effect for the 
self-other correlation to be computed. 

In an influential review of the literature, Shrauger and Schoene­
man (1979) surveyed many studies that measured the level of the self­
other correlation. They concluded that "there is no persistent agree­
ment between people's self-perceptions and how they are actually viewed 
by others" (p. 549). However, their often-cited conclusion is mislead­
ing. If one examines their own data, the average self-other correla­
tion (using the Fisher's z transformation) across 31 studies is not zero, 
but equals about .27. Shrauger and Schoeneman (1979) judged this 
correlation as small because they compared it to the correlation be­
tween how people see themselves and how they think others see them. 
As reviewed in Chapter 8 (see especially Table 8.7), this latter corre­
lation is very large and often approaches 1 when corrections for un­
reliability are made. Thus, Shrauger and Schoeneman (1979) placed 
an unfair burden on the self-other correlation; their own data actual-
ly support a moderate self-other correlation. . 

Work by Funder (1980), Funder and Colvin (1988), McCrae and 
Costa (1989), John and Robins (1993), and Kenrick and Funder (1988) 
has consistently found a correlation between how people see themselves 
and how others see them. However, none of these studies employed 
an SRM analysis, and so their results must be interpreted with some 
degree of caution (Kenny & Albright, 1987). 

Table 9.7 presents self-other correlations from four different 
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TABLE 9.7. Self-Other Agreement (Self-Target Correlation) 
among Highly Acquainted Persons 

Big Five factor 

I II III IV V 

Kenny et aI. (1992), Study 3 .66 .49 1.00 ## ## 
Malloy & Albright (1990) .48 .36 .38 .52 .38 
Dantchik (1985) .78 .71 .40 .12 .62 
Albright (1990) .74 .12 .09 .44 .51 

Median .70 .42 .39 .44 .51 

Note. HH = insufficient variance to compute correlation. Factor numbers in this and sub­
sequent tables: I, Extroversion; II, Agreeableness; III, Conscientiousness; IV, Emotional Sta­
bility; V, Culture. 

studies in which the judges and targets had known each other for an 
extended time. (Correlations for other levels of acquaintance are con­
sidered later in this chapter.) In three of the four studies, the judges 
and the targets lived in the same residential unit; in one study, the 
research participants were members of a class and had known one 
another for a semester. The data in all four studies were analyzed us­
ing SRM, and for each study the correlations are computed for each 
of the Big Five factors. 

Table 9.7 very convincingly shows that for Extroversion (Factor 
I), others do indeed see people as they see themselves. The "smallest" 
correlation is .48, and the median is .70. For Extroversion, there is 
close but not perfect correspondence between self-perception and other­
perception. For the other four factors, there is not much consistency; 
some studies show large correlations and others do not. Across all the 
studies, the median correlation is .42 for all the factors but Extrover­
sion. This value is somewhat larger than the .27 value from the 31 
studies reviewed by Shrauger and Schoeneman (1979). But because 
the correlations in Table 9.7 have been corrected for unreliability (i.e., 
they are a forecast of what the correlation would be if an infinite number 
of perceivers were to evaluate the target), whereas the Shrauger and 
Schoeneman correlations were not, the expectation is for the Shrau­
ger and Schoeneman correlations to be somewhat smaller than the corre­
lations in Table 9.7. So except for Extroversion, the results in Table 
9.7 are pretty much in line with the results (if not the conclusion) of 
Shrauger and Schoeneman (1979). Thus, self-other agreement is about 
.7 for Extroversion and about .4 for the other four factors. In sum­
mary, both the data presented by Shrauger and Schoeneman (1979) 
and the results from four SRM analyses strongly support the conclu­
sion that people do indeed see themselves as others do. 
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Consensus versus Self-Other Agreement 

Even if it is known that the self agrees with peers, it can be asked 
whether peers agree more with each other than the self agrees with 
peers. So, for example, do Curly and Larry agree more in their rat­
ings of Moe than Moe's self-rating agrees with the rating of Curly or 
Larry? 

~easurement Issues 

The simplest way to answer this question is to compare two correla­
tions: the self-peer and the peer-peer correlations. A better way to 
make this comparison is to use the weight q, discussed earlier in this 
chapter. If self-ratings correlate more highly with other-ratings than 
other-ratings do with each other, then q should be greater than 1. 
However, if self-ratings correlate less with other-ratings than other­
atings correlate with each other, then the weight q should be less than 
1. If the coefficient is 1, then peer-peer agreement is as great as self-peer 
agreement. If the coefficient is greater than one, then perhaps the self 
has some special insight that peers can only partially see. Finally, if 
the coefficient is negative, people see the person very differently from 
the way the person sees himself or herself. 

Empirical Review 

Table 9.8 presents the value of q for five studies that examined rat­
ings of physical attractiveness. This variable is chosen because it shows 
reasonable levels of consensus, even when the perceiver and target are 
not well acquainted. As the table clearly shows, because the values 
of q are generally less than 1, self-ratings agree less with other-ratings 
than do other-ratings agree with each other. So at least for physical 
attractiveness, the evidence is that peers agree more with each other 
than they do with the self. 

Theoretical Explanation 

There are at least three possible explanations of why peers agree more 
with each other than they do with the self. First, self-ratings may be 
so positively inflated that there is a ceiling effect: People actually have, 
or they present to others, a very inflated image of themselves. Thus, 
self-ratings cannot correlate very highly with the rating's that others 
give. At least for ratings of physical attractiveness, however, this ceil­
ing effect explanation is not plausible. The mean rating of physical 
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TABLE 9.8. Relative Weight of Self-Peer Agreement versus 
Peer-Peer Agreement for Perceptions of Physical Attractiveness 

Study Weight 

Albright et al. (1988), Study 3 .43 
Latane (1987) .50 
Kenny et al. (1992), Study 2 .37 
Kenny et al. (1992), Study 3 

Wave 0 .34 
Wave 1 -.05 

Park & Judd (1989) 
Wave 1 .96 
Wave 2 .67 
Wave 3 .55 
Wave 4 .64 

Note. A weight less than 1 implies greater peer-peer agreement than 
self-peer agreement. 
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attractiveness is not very different from the average rating given to 
others. It is true that in all but one study presented in Table 9.8, the 
self-rating mean is greater than the mean rating of others, but the differ­
ence between the two ratings is generally rather small. Never does the 
self-rating of attractiveness approach the ceiling or upper limit. 

The second explanation of greater agreement between peers than 
that between a peer and the self is that peers communicate with each 
other, and that is why they agree more. This explanation is not viable 
for most of the studies in Table 9.8, because the peers never interact­
ed with one another and so had no opportunity to communicate. It 
should be realized that communication can also potentially bias the 
self-peer correlation: Peers may influence the self and the self may in­
fluence peers (see the section below on self-verification). 

The third explanation is that peers use different cues than the self 
uses. Peers have limited information that they use in making judgments, 
but that limited information is generally publicly observable. The self 
has other information that he or she can evaluate; in particular, the 
self can examine internal states and the past to make judgments. Most 
likely, the fundamental reason why peers agree more with each other 
than with the self is that, in making self-judgments, people's self-theories 
are less grounded in currently observable reality than are peer judg­
ments. The often-made statement that attractive fashion models fre­
quently have negative self-images is consistent with the results in Table 
9.8. 
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If self-ratings are based less on observable behavior than other­
ratings are, then it is quite ironic that self-ratings are often used as 
the standard to judge other-ratings, in that other-ratings may be more 
valid than self-ratings. The question of the relative validity of self- versus 
other-ratings is considered in a later section. 

The reader might wonder whether the results in Table 9.8 are 
unique to judgments of physical attractiveness. Generally for other traits 
besides physical attractiveness, the weights are usually less than 1, which 
indicates that peers agree more with each other than they do with the 
self. As an example, Table 9.9 presents results for the Big Five factors 
from four studies. As seen in the table, the weights tend to be less than 
1, so the results for attractiveness in Table 9.8 are not aberrant. There 
does appear to be an exception, though: For Factor V, Culture, the 
coefficients tend to be larger than 1. Although clearly more research 
is needed, the self may have more insight than others do into this factor. 

Weighted-Average Model of Perception 

Because the present topic is how self-perception differs from other­
perception, it should be possible to specify within the Weighted-Average 
Model (W AM), developed in Chapter 4, the exact nature of these differ­
ences.2 Using this model reveals that there are four potential differ­
ences between self- and other-perception. 

First, the self has observed many thousands (perhaps millions!) 
of the selfs own acts, whereas others cannot have observed so many 
acts. This fact suggests that the self should, in principle, agree with 
peers less than peers agree with each other if there is some overlap 
in the acts observed by peers (and if the consistency parameter is not 
too large). 

Second, because the self has seen so many acts, self-perception 
should be less influenced by physical appearance than other-perception 

TABLE 9.9. Relative Weight of Self-Peer Agreement versus Peer-Peer Agreement 
for Ratings of the Big Five Factors 

Big Five factor 

Study II III IV V 

Malloy & Albright (1990) .84 .02 .57 .70 1.82 
Dantchik (1985) 1.85 1.01 .98 .33 1.19 
Levesque (1990) .76 .28 1.16 
Kenny et al. (1992), Study 3 .50 -.82 .35 -.79 ## 
Note. - = factor not measured. HH = insufficient variance to measure weight. A weight 
less than 1 implies greater peer-peer agreement than self-peer agreement. 
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should be. Peer ratings are more influenced by physical appearance, 
and presumably there is close agreement in the evaluation of the phys­
ical-appearance information. 

Third, self-perception may be dramatically influenced by commu­
nication effects from parents and other significant people. Because these 
people are not likely to influence the peers' ratings of the person, this 
too should lead to lowered self-peer agreement. 

Finally, the unique impression may have a very large influence 
in self-perception. That is, the self-evaluation may be determined not 
only by behavior and appearance, but also by an emotional evalua­
tion of the self. Peer perception may be more "objective," in that the 
unique impression has much less weight than it does for self-perception. 

Summary 

In summary, it seems that peers agree more with each other than they 
do with the self. The likely reason for this result is that peer ratings 
are more closely tied to the target's current behavior, whereas self­
ratings are more closely tied to deep-seated self-theories that may not 
have limited current behavioral validity. The next section considers 
the question of the relative validity of peer perceptions versus self­
perceptions. The expectation, based on the results of these analyses, 
is that peer ratings should be more valid than self-ratings. 

Relative Validity of Peer and Self-Ratings 

Besides the level of self-other correlation, a related question can be 
asked: Whose reports are more valid, the self's or peers'? If a person's 
friend thinks that the person is lazy, but the person himself or herself 
does not, who is right? Before the evidence is examined, an important 
methodological point should be made. In comparing the relative va­
lidity of self and peer, the researcher should be careful not to use peer 
reports that are averaged across multiple peers. If aggregated peer 
reports are used, they would probably appear to be more valid than 
self-reports only because they are more reliable. If peer reports are ag­
gregated measures, appropriate psychometric corrections must be made 
to take into account data aggregation. 

Would we expect peers or the self to be more valid? The naive 
answer is that the self should be more valid, because the self has ac­
cess to much more information than do peers. In particular, the self 
has access to internal states to which others do not have easy access. 
On the other hand, self-perception is subject to a host of biases, most 
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notably self-enhancement. So we might think that self-ratings are less 
valid than are'ratings of a knowledgeable informant. 

Unfortunately, there is not much evidence concerning the rela­
tive validity of peer perception versus self-perception. What little work 
there is points to greater validity in other-ratings than in self-ratings, 
but these studies do have limitations. Three different studies can shed 
some light on the relative validity of self- versus other-ratings. In one 
of these studies (Levesque & Kenny, 1993; described in detail in Chap­
ter 7), subjects predicted the behavior of their future interaction part­
ners, with whom they then interacted one-on-one. In the other studies 
(John & Robins, 1994, and Shechtman, 1994), subjects postdicted 
the behavior of their partners with whom they had interacted in a group. 
In all but the Levesque and Kenny (1993) study, the self-ratings were 
ratings of how the person behaved in the interactions. That is, the per­
son was instructed to rate how he or she behaved in the particular in­
teraction, instead of how he or she is in general. 

For all three studies, the correlation between other-perceptions 
and ratings by trained observers was greater than the correlation be­
tween self-ratings and observer ratings. Thus, these studies showed 
that others were better able to predict behavior than the self. What 
is even more remarkable is that the perceivers in these studies were 
initially strangers. 

There are two major limitations in these studies. First, the criterion 
was the behavior that the peers directly observed. The self evidently 
used past behaviors in perceiving the current behaviors, and peers did 
not. Self-ratings might be more valid if the criterion were to predict 
behavior in a different setting. Second, in these studies the observers 
were, in a sense, peers. So it is not very surprising that two types of 
peers agreed more than the self and a peer did (see above analysis). 
Following the analysis of Kruglanski (1989), it can be asked why an 
observer should be the standard setter and not the self. 

Although more research is needed, the best current evidence is 
that other-ratings are as valid as, if not more valid than, self-ratings 
if the criterion is the observation of trained observers. This result 
should lead researchers to question seriously the orientation that views 
personality as the study of self-report inventories. These inventories 
are predictive of self-views, but may be less useful in predicting be­
havior. Certainly for some variables, the self should be more accur­
ate than others; for instance, the self is probably more accurate at 
reporting emotional states and attitudes than are others. But for per­
ceptions of personality, knowledgeable others may be more valid than 
the self. 
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Moderators of Self-Other Agreement 

What factors lead to greater self-other agreement? This section con­
siders observability, evaluative extremity, and acquaintance as pos­
sible moderators of self-other agreement. 

Observability 

In their important paper, Kenrick and Stringfield (1980) claimed that 
a significant moderator of self-other agreement is "observability." The 
more observable the trait, the more likely it is that the self and peers 
will agree. Others have pursued the Kenrick and Stringfield hypo the­
sis,3 but they have used other terms besides "observable": "external," 
"behavioral," "confirmable," "specific," and so on. Funder and Dobroth 
(1987) have empirically shown that there is considerable overlap in 
the meanings of these terms. 

One reason why observability appears to be a moderator of the 
self-other correlation is that self-other agreement is much higher for 
Extroversion than it is for other traits. If Extroversion traits were re­
moved from the list, perhaps observability would not be as closely relat­
ed to self-other agreement. In the model of consensus presented in 
Chapter 4, observability comes closest to the parameter called "simi­
lar meaning systems" or r2. Presumably, to the extent to which the 
trait being rated is less closely tied to behavior (i.e., is less observable), 
there should be less consensus and also less self-other agreement. 

Evaluative Extremity 

In perhaps the most extensive search for moderators of the self-other 
correlation, John and Robins (1993) examined a whole host of possi­
ble moderators. They found that evaluative extremity is the strongest 
moderator of the difference between the self-other and the peer-peer 
correlations. Traits that are evaluatively extreme are those traits for 
which people will very much like or dislike targets possessing that trait. 
For instance, "honest-dishonest" is high on evaluative extremity, 
whereas "organized-disorganized" is not. Most people will like an 
honest person and dislike a dishonest person, but most people will 
neither like nor dislike an organized person. 

John and Robins (1993) reasoned that people who are judged 
by others as scoring high on evaluatively extreme traits ("saints") 
should rate themselves modestly, whereas people who are negatively 
judged by others ("jerks") should try to present themselves favorably. So 
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evaluatively extreme traits should have relatively low self-other agree­
ment, because saints should underestimate their true standing and jerks 
should overestimate it. For traits that are not evaluatively extreme, there 
should be no such bias. John and Robins present strong evidence that 
evaluative extremity moderates self-other agreement. The self, then, 
may not provide very valid ratings when traits are evaluatively extreme. 
It should be realized that most personality traits are evaluatively ex­
treme (BorkeIiau, 1990); that is, neutral traits are relatively rare. 

Earlier, in Table 9.7, it has been shown that Extroversion shows 
the greatest self-other agreement. This would appear to be consistent 
with the work of John and Robins (1993) in that Extroversion is less 
evaluatively extreme than the other factors. 

Acquaintance 

Does self-other agreement change as a function of acquaintance? Corre­
lations from a: paper by McCrae (1982) are often cited as showing high 
self-other agreement in people who are well acquainted with each other 
(spouses). Tqeir nondisattenuated self-other correlations average about 
.59, which is larger than the typical self-other correlation (see Table 
9.7). However, as discussed in both Chapters 4 and 7, those correla­
tions are probably inflated. Because spouses are similar to each other 
on a whole host of characteristics, and because people often assume 
similarity (e.g., see Table 9.4), the combination of actual and assumed 
similarity creates, in part, the high self-other agreement found in mar­
ried couples. By using multiple-partner designs, researchers can 
eliminate the assumed-similarity explanation of self-other agreement. 

Table 9.10 presents the self-other correlation at zero acquain­
tance and is adapted from Albright, Malloy, Kenny, and Borkenau 
(1994). Again, note that many entries in the table are given as "##:' 
which means that there is insufficient target variance or consensus to 
compute the self-other correlation. The table impressively demonstrates 
that, at least for Extroversion and Conscientiousness, there is a 
self-other correlation even at zero acquaintance. For the other three 
factors, there is no evidence of a correlation between self- and other­
perception, because there is not sufficient target variance for a corre­
lation to be computed. 

The self-other correlations at zero acquaintance point to evidence 
for a "kernel of truth" effect. Evidently the stereotypes held at zero 
acquaintance have some degree of validity. The Levesque and Kenny 
(1993) study presented in Chapter 7 provides further evidence of the 
kernel of truth for Extroversion judgments. 

A comparison of the results from Table 9.7 and Table 9.10 indi-
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Felson (1989) found evidence that parents do affect a child's self­
concept. 

Self-Perception Causes Other-Perception 
Second, how a person views himself or herself may influence others 
to see him or her that way. As noted earlier, Swann (1990) has ar­
gued that individuals engage in a process called "self-verification." Peo­
ple have a strong motive to seek to have others see them as they see 
themselves. Part of the self-verification motive is an attempt, either 
conscious or unconscious, to persuade others to see one as one sees 
oneself. People are very invested in their self-images, and they want 
others to bolster those self-images. Swann (1990) has amassed an im­
pressive body of evidence that people seek out confirmation of their 
self-images. Surprisingly, self-verification occurs even when an individu­
al's self-image is negative. Identity is a precarious quality that needs 
support, even if the self-perceptions are what most people would con­
sider destructive. 

How does a person communicate his or her self-concept to others? 
First, there is communication by physical appearance; people use 
clothes, jewelry, and hair styles to express their self-images. Second, 
people directly communicate aspects of themselves to others through 
self-disclosure. Self-disclosure, thought to be important in relationship 
development, also serves the function of self-verification. 

As Swann (1990) sees it, it is more important to verify one's identity 
to some targets than to others. Close others reinforce the image of self 
better than complete strangers do. When a person's self-concept is threat­
ened, the person often seeks out intimates to bolster his or her self-image 
(Swann & Predmore, 1985). Indeed, people may seek out as friends 
those who confirm their identities, and discard others who view them 
differently from the way they view themselves. If this is true, then self­
other agreement should be stronger for friends than for ordinary others 
-a result consistent with our findings (Kenny & Kashy, in press). 

People seek to verify aspects of themselves that they are confident 
are true. But if people are not confident about certain aspects of them­
selves, they need others to tell them their standing on these traits. So 
Swann (1990) believes that confidence provides a reconciliation between 
the influence of others and self-verification. Self-verification operates 
when the self is certain, and symbolic interactionism operates when the 
self is uncertain. 

Both Are Caused by Another Variable 
Third, it may well be that some other factor or factors determine both 
self- and other-perception. According to Bern's (1967) self-perception 
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theory as described earlier, self-perception is little different from other­
perception; in both cases, people observe their own behavior and make 
inferences. Within social psychology, Felson (1980, 1981), the critic 
of symbolic interactionism, has been the major proponent of the 
hypothesis that self- and other-perception have a common cause. Some 
of this research has been reviewed in Chapter 8. 

Consider a simple example. How do college students know how 
smart they are? They take courses, are tested, and receive grades. They 
use this information to form a view of themselves. Others also use this 
information to form a judgment of the students' intelligence. So grades 
and test performance-external cues-largely determine both self- and 
other-perceptions of the intelligence of college students. 

The self and others do not always use valid information in mak­
ing judgments; they may also use invalid sources. Both self- and otherJ 

perceptions are also influenced by social stereotypes. Racial, sexual, 
ethnic, and age stereotypes no doubt play an important role in other­
perception. These stereotypes also presumably affect self-perceptions. 
So the correlation between the perceptions of self and others reflects, 
in part, the shared use of social stereotypes in personality judgments. 

So, the self and other can agree, yet neither may be influencing 
the other. It is obvious that self and other agree that the sky is blue, 
but in this instance few would think that agreement is due to influence. 
Self and other can agree because they are perceiving the same reality. 

Summary of Theories 

Causation between self- and other-perception certainly may run in all 
possible directions. At least for adults, causation does not typically 
flow from others to the self. Self-verification has been shown to oper­
ate, at least when the self feels certain about his or her views. However, 
it seems most plausible that the major reason for self-other agreement 
is that both self and other are using the selfs behavior to form 
judgments. 

Variability in Self- versus Other-Ratings 

Jones and Nisbett (1971) defined the "actor-observer effect" as fol­
lows: People see other people's behavior as dispositionally caused and 
their own behavior as situationally determined. One implication of the 
actor-observer effect is that there should be more variability in other­
ratings than in self-ratings. If people see themselves as situation ally 
determined, they should not see themselves as very extreme on traits. 
However, if people see others' behavior as dispositionally caused, they 
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should see others as extreme. Because extremity is closely tied to vari­
ability, the actor-observer effect implies more variance in other­
perception than in self-perception. 

Earlier in this chapter, the relationship effect for self-ratings has 
been defined as the self-rating minus the perceiver and target effects, 
each weighted appropriately. (Recall that the weight for the perceiver 
effect is denoted as k and the weight for the target effect as q.) This 
relationship effect in self-perception measures how the person sees him­
self or herself differently from how he or she sees others and different­
ly from how others see him or her. 

Table 9.11 presents the results from several studies of the rela­
tive amounts of relationship variance in self-ratings versus other-ratings. 
The table merely indicates whether there is more relationship variance 
in self- or in other-ratings. If there is more variance in self-ratings, there 
is an "S," and if there is more variance in other-ratings, there is an "0." 

For the three zero-acquaintance studies, the pattern is fairly clear: 
There tends to be more relationship variance in self-ratings than in 
other-ratings. Beyond zero acquaintance, the pattern is less than clear­
cut. The evidence seems to point to basically the same amount of rela­
tionship variance in other- and self-ratings. Thus, the results in Table 
9.11 provide no support for the actor-observer effect. On the con­
trary, when the perceivers do not know the targets well, perceivers 
see more variability in themselves than in others. 

Conclusion 

Research on the self has a long history in social science. Many the­
ories have been developed to explain self-perception, most notably 

TABLE 9.11. Preponderance of Self (S) or Other (0) Relationship Variance 

Big Five factor 

Study II III IV V 

Zero acquaintance 
Albright et al. (1988), Study 1 S S S S 0 
Kenny et al. (1992), Study 2 0 0 S S S 
Kenny et al. (1992), Study 3 S 0 S S 0 

Perceiver and target acquainted 
Levesque (1990) 0 0 0 
Kenny et al. (1992), Study 2 S 0 S S 0 
Kenny et al. (1992), Study 3 S 0 S 0 S 

Note. - = factor not measured. 
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self-perception theory, self-enhancement bias, self-presentation theory, 
symbolic interactionism, and self-verification. 

Consistent with the self-enhancement and self-presentation the­
ories, it is found that people see themselves more favorably than others 
see them. Inconsistent with self-perception theory, self-deprecation is 
found for Emotional Stability. These self-enhancement and self­
abasement effects weaken as people become more acquainted. 

Self-ratings carry a great deal of excess baggage; that is, they meas­
ure other things besides how the person truly is. Self-ratings may bet­
ter reflect a person's past behavior (which was probably shaped by 
parental expectations) than the person's current personality. That is, 
people may fail to update their self-perceptions with current informa­
tion. Also, people fail to realize how much their behavior changes from 
situation to situation and from partner to partner; they think that they 
are more consistent than they really are. 

These false self-perceptions can even be fatal. People with anorexia 
nervosa may starve themselves to death because they see themselves 
as the heavier persons they used to be. Successful people may commit 
suicide because they see themselves as failures in their parents' eyes. 

Self-ratings are also considerably distorted by self-presentation, 
by response set, and by self-enhancement. As suggested in Chapter 7, 
researchers should stop using self-ratings as criterion scores for target 
accuracy, and instead should use behavioral ratings. 

Self~ratings are not totally invalid, because they agree with the 
ratings of others. There are three possible sources of this agreement: 
Other-ratings may cause self-ratings (symbolic interactionism); self­
ratings may cause other-ratings (self-verification); and both may be 
caused by the person's behavior (Bern's self-perception theory). It would 
appear that the bulk of the agreement is attributable to the fact that 
both self- and other-ratings are caused by the behavior of the person 
being rated. However, not enough research has been done to permit 
a definitive statement on this issue. 

The next chapter of this book, the final one, summarizes and ties 
together themes that cut across the other chapters. 

Notes 

1. I want to acknowledge Maurice Levesque, who first suggested this idea 
to me. 

2. I want to acknowledge Michiko Nohara, who first suggested this idea to 
me. 

3. Actually, Kenrick and Stringfield (1980) discussed observability as a 
between-person variable, not as a factor that differentiates traits. 



REVIEW AND 
INTEGRATION 

Chapter 10 

This chapter attempts to tie together the results that have been 
presented in the previous chapters. In those chapters, it has often 
been necessary to separate artificially processes that are neces­

sarily interrelated; in this chapter, the material is integrated. The present 
chapter also provides the opportunity to reflect on the limits and poten­
tial of the Weighted-Average Model (W AM), the Social Relations Model 
(SRM), and the notational system. Moreover, it provides an opportun­
ity to examine the relationship between perception and behavior. 

The chapter is divided into five sections. In the first section, the 
answers to the nine basic questions are reviewed. The second part of 
the chapter considers W AM. The third part discusses the limits of SRM. 
The fourth part reviews the notational system developed in Chapter 
1 and presents some possible extensions. The last part of this chapter 
extensively analyzes the relationship between perception and behavior. 

Summary of Results 

Assimilation 

The perceiver effect reflects the tendency for a person to see targets 
as similar, or assimilation. Assimilation is symbolized by Z(H) = Z(C). 
About 20% of the total variance in the perception of others is attributa­
ble to the perceiver. The perceiver effect reflects more than how peo­
ple assign numbers to other people; it seems to reflect how the rater 
views the particular group that is being judged, and so it represents 
the person's differential stereotype for the group. This stereotype ex­
planation of the perceiver effect is bolstered by evidence that assimila­
tion declines as the perceiver gets to know the targets better. Also, as 

203 
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the perceiver begins to identify with the group, the perceiver effect 
reflects how the person sees himself or herself. 

Consensus 

The target effect reflects the tendency for perceivers to agree, or con­
sensus. Consensus is symbolized by Z(H) = C(H). There is consen­
sus in interpersonal perception, in that perceivers do agree when they 
evaluate a common target. However, even among highly acquainted 
people, consensus explains less than a third of the total variance. On 
average, about 15% of the total variance reflects consensus. Consen­
sus exists even before people interact. There is evidence that Extrover­
sion judgments are more consensual than other judgments, especially 
when acquaintance is low. 

Surprisingly, there is little or no relationship between consensus 
and acquaintance. One reason for the failure to find longitudinal trends 
is that initially stereotypes (which are highly consensual) are used to 
form impressions, and this brings about consensus; later, behavioral 
information is used, but its meaning is much less consensual. Moreover, 
in most studies of the relationship between acquaintance and consen­
sus, there is high information overlap; that is, all of the perceivers have 
access to the same information about the targets. In situations of high 
overlap, WAM predicts little or no relationship between acquaintance 
and consensus. For these reasons, with greater acquaintance there is 
not necessarily an increase in consensus. 

Uniqueness 

Uniqueness in perception is reflected in the relationship effect. It is sym­
bolized by Z(H) < > Z(C) and Z(H) < > C(H). About 20% of the 
total variance is attributable to the relationship. Uniqueness seems vir­
tually always to characterize interpersonal perception; a major challenge 
in future work is to comprehend the meaning of this component. Other­
perception is quite idiosyncratic, yet researchers in interpersonal per­
ception have little understanding about why there is uniqueness. 

One possible explanation is that the same person takes on differ­
ent roles with different partners. The same person is a child, a best 
friend, a teammate, a casual acquaintance, a classmate, an enemy, and 
a roommate to different people. Perhaps much of the relationship var­
iance reflects the different roles that people take on in social life (Kashy, 
1992; Steiner, 1955). Targets are viewed in terms of their role reI a-
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tionships with the perceivers, and the meaning of those relationships 
is largely culturally based. 

Assumed and Actual Reciprocity 

Reciprocity in perception is symbolized by Z(H) = H(Z) and assumed 
reciprocity by Z(H) = Z(H(Z)). There is little or no indication of 
reciprocity, either perceived or actual, in trait perception. There is some 
indication, however, that Agreeableness is reciprocated at the individual 
level. That is, people who are seen by others as agreeable see those 
others as agreeable. This reciprocation in perception is probably caused 
by an underlying reciprocity of prosocial and antisocial behavior. 

Target Accuracy 

Target accuracy refers to the degree to which other-perceptions are 
valid, and is symbolized by Z(H) = H. Research on target accuracy 
is quite difficult because of problems concerning the separation of both 
the perception and the criterion into components, as well as the meas­
urement of the criterion. Initial research provides evidence for gener­
alized accuracy in the rating of Extroversion. The consensual judgments 
of Extroversion made at zero acquaintance agree with self-perception 
and are accurate. We (Levesque & Kenny, 1993) have speculated that 
the quick consensus on Extroversion may reflect the survival value of 
identifying leaders in moments of crisis. Evidence for dyadic accuracy 
in trait perception-the ability to predict one's interaction partner es­
pecially well- has not yet been obtained. 

Meta-Perception 

Meta-perception refers to perceptions that people have of others' per­
ceptions of them. People grossly overestimate the degree of consisten­
cy in how others see them: About 55% of the total variance in meta­
perceptions is attributable to the perceiver. Correspondingly, people 
underestimate how differently others see them: Only about 10% of 
the variance is attributable to relationship. Virtually none of the vari­
ance is at the target level. Perceivers do not consistently see targets 
as harsh or lenient judges of others. 

Meta-accuracy refers to the degree to which meta-perceptions are 
valid, and is symbolized by H(Z) = Z(H(Z)). Meta-perceptions are 
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somewhat accurat~ in that people do know how others generally see 
them, assuming that the others agree about the people they are rat­
ing. However, people are generally not able to discriminate very well 
how particular others differentially see them. Common sense suggests 
that people base their meta-perceptions on how others react to them. 
Yet the research evidence indicates that people think others see them 
much as they see themselves. Meta-perception reflects how people see 
themselves either generally or in the particular interaction. 

Self-Perception 

Self-perception is marked by self-enhancement: People see themselves 
more positively than they are seen by others. Interestingly, people show 
self-abasement in their ratings of Emotional Stability, at least initial­
ly. Although there is a general tendency toward self-enhancement, there 
is also evidence of individual differences: Some people self-enhance more 
than others do. Once people become acquainted, there is about the 
same amount of variance in self- and other-perception. 

There is strong evidence for assumed similarity; that is, people 
see others as they see themselves. This is symbolized by Z(H) = Z(Z). 
The assumed-similarity correlations are about .40. Agreeableness ex­
hibits the greatest level of assumed similarity. The most likely expla­
nation of this result is assumed reciprocity: People assume that because 
they are agreeable, others will respond in kind. 

Contrary to a conclusion drawn by Shrauger and Schoeneman 
(1979), people see themselves as others do. The self-other agreement 
correlation, symbolized by Z(Z) = H(Z), is about .40 for most fac­
tors and is .70 for Extroversion. However, peers agree more with each 
other than they agree with the self. 

Self-perception is generally, though not always, less valid than 
other-perception. Others, when given sufficient opportunity to observe 
a target, more closely estimate the target's actual behavior than the 
target himself or herself does. This result has very important implica­
tions for research in personality. If social scientists are to understand 
how people differ from one another, they might be better advised to 
rely on other-perception (peer judgments) more than on self-perceptions. 
For too long, personality research has relied almost exclusively on self­
perception. 

Affect 

Affect or liking is largely relational: About 40% of the variance in lik­
ing is at the level of the relationship. Whom people like is largely idio-
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syncratic: Perceiver explains about 20% of the variance, and target 
about 10%. 

Affect is closely tied to uniqueness in other-perception, the corre­
lation being about .65. This link is greater if the trait is more inferen­
tial and less observable. Moreover, acquaintance appears to result in 
an increasing correlation between affect and other-perception. 

It is well documented that relational attraction is reciprocal and 
that this dyadic reciprocity increases over time. The dyadic-reciprocity 
correlation is about .61 when the people are well acquainted and about 
.26 when they are not so well acquainted. Generalized reciprocity, or 
the correlation between perceiver and target effects, is not much differ­
ent from zero for affect. 

There is very strong assumed reciprocity of affect at the dyadic 
level. A person assumes that if he or she likes someone, that someone 
likes him or her in return. Reciprocity is also assumed at the level of 
the individual: If someone is liked by others, it is assumed that the 
person likes others; and if someone likes others, that someone assumes 
that others like him or her. 

Assumed reciprocity of affect also exists in triadic meta-perceptions 
of affect: If Heidi thinks that Zelda likes Carol, Heidi thinks that Carol 
likes Zelda. 

The Big Five 

To make the presentation manageable, the Big Five personality fac­
tors have been used to organize the results. There are, however, many 
other ways to organize personality traits. For instance, traits vary in 
their scope (Gidron, Koehler, & Tversky, 1993). Traits like "sincere" 
imply that the person is always sincere, and these have a wide scope, 
whereas traits like "imaginative" have a more narrow scope. Reeder 
and Brewer (1979) made a similar distinction. Traits also vary in their 
observability and evaluative extremity. It would be interesting to an­
swer the nine basic questions by organizing traits in different ways be­
sides the Big Five (see the later section of this chapter on the limits 
of SRM). 

The Big Five cover traits, not emotions or behaviors. It seems likely 
that judgments of emotions would be much more situational than judg­
ments of traits. Also not considered in this book are athletic ability, 
physical appearance, and nonverbal skill. 

The Puzzling Triangle 

Figure 10.1 presents three different components: the person's self­
perception, the person's perceiver effect, and the person's target effect. 
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Self-Perception 

Perceiver _____ -_.O_1 _____ Target 
Effect Effect 

FIGURE 10.1. The puzzling triangle. 

Consider the degree of linkage or correlation between each. There is 
strong evidence for assumed similarity, the correlation between self­
perception and the perceiver effect. Using the results in Table 9.4, 
one obtains an average correlation of .40. There is also evidence 
for self-other agreement: People see themselves as others see them. 
Using the results in Table 9.7, one obtains an average correlation of 
.49. 

Given these two correlations, the expectation is for a modest 
perceiver-target correlation. The statistical expectation would be for 
a correlation of.40 x .49, or about .20. However, using the results 
in Table 6.2, one obtains an average perceiver-target correlation of 
only -.01. The correlations in Figure 10.1 are puzzling: If self­
perception correlates with both perceiver and target effects, the ex­
pectation is for a perceiver-target correlation. So the virtual absence 
of such a correlation is odd. 

To resolve the puzzle, it can be argued that two different sources 
bring about the self-perceiver correlation and the self-target correla­
tion. Self-perception may reflect two relatively independent compo­
nents: an enhancement component and a valid component. The 
two-component model of self-perception is diagrammed in Figure 10.2. 
The enhancement component of self-perception creates the 
self-perceiver correlation. So those who engage in self-enhancement 
also engage in "other-enhancement"; that is, they differ in how posi­
tively they view others. The valid part of self-perception is the part 
that correlates with the target effect. The model in Figure 10.2 assumes 
that neither the person's actual standing on the trait nor the target ef­
fect directly causes the perceiver effect. 

Given this two-component theory of self-perception, it follows that 
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FIGURE 10.2. The two-component model of self-perception. 
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the perceiver-target correlation reflects the correlation between the valid 
and enhancement parts of self-perception. The implication of the two­
component explanation is that the correlation is rather small because 
the perceiver-target correlation is so small. 

An alternative, but related, view of the puzzling triangle was 
developed by Malloy (1987b). He called the enhancement component 
in Figure 10.2 "response set" (see Chapter 3). Malloy also allowed self­
perception to cause the perceiver effect, and so he obtained an esti­
mate of assumed similarity. To be able to estimate this causal effect, 
Malloy (1987b) had to assume that the two components are not cor­
related. So in Malloy's model, there is a path from self-percep­
tion to the perceiver effect, and no correlation between the compon­
ents. 

The major implication of Malloy's model is that to estimate the 
relationship between self- and other-perception, the perceiver-target 
correlation should be used. Because the perceiver-target correlations 
are generally low (see Table 6.2), Malloy (1987b) concluded that there 
is little or no evidence for assumed similarity. 

Interestingly, both Malloy's model and the two-component model 
view the correlation between self-perception and the perceiver effect 
as not indicating assumed similarity. The two-component model views 
the correlation as a reflection that people who engage in self­
enhancement ,also engage in other-enhancement. Malloy views the 
self-perceiver correlation as a by-product of response set. Based on 
evidence presented in Chapter 3, it would appear that the perceiver 
effect is more than response set, and so the two-component model seems 
more plausible than Malloy's model. 
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The Weighted-Average Model 

A general model of perception, called WAM, has been used to under­
stand many of the basic questions. WAM, as presented in Appendix 
C, has 11 parameters (the nine defined in Chapter 4, plus two addi­
tional ones) and can examine how the effects of culture, stereotypes, 
communication, common ground, and personality mesh to determine 
perception. Although W AM is a formal model, it has limitations, some 
of which are discussed in this section. First, however, the relationship 
between WAM and SRM is reviewed. 

The Weighted-Average Model and the Social Relations Model 

It is important to understand the differences between W AM and SRM. 
W AM is a model of how a person perceives another person, and so 
it is a theoretical model of interpersonal perception. SRM is a model 
that partitions variance into perceiver, target, and relationship com­
ponents, and so it is a statistical rather than a theoretical model. W AM 
and SRM are totally distinct and should not be confused. 

If the theoretical model assumed by W AM were true, then that 
assumption has implications for SRM sources of variance in trait rat­
ings. The parameters within W AM that imply perceiver, target, and 
relationship effects are discussed. 

The perceiver effect is largely represented by the unique impres­
sion in W AM. The portion of the unique impression that does not vary 
across targets can be considered the perceiver effect. Also, a part of 
the physical-appearance information reveals itself in the perceiver ef­
fect. Stereotypes about physical appearance (e.g., sex, age, ethnicity) 
that are unique to the perceiver and common to all the targets are reflect­
ed in the perceiver effect. 

As discussed in Chapter 4, the target effect is attributable to several 
sources: overlap, similar meaning systems, agreement about stereo­
types, consistency, and communication. Overlap refers to two per­
ceivers' viewing the same acts. If two perceivers view the same acts 
and they assign similar meanings to these acts, the perceivers should 
agree, resulting in a target effect. Also, to the extent to which there 
is consistency in the target's behaviors, there is going to be a target 
effect, again if there is some degree of similarity of meaning about the 
behaviors. Moreover, if perceivers share the same stereotypes about 
the targets, target effects should emerge. Finally, if the perceivers talk 
with each other, they are likely to reach some level of agreement. 

As discussed in Chapter 5, the relationship effect is attributable 



Review and Integration 211 

to the unique impression, lack of similar meaning systems, and nonover­
lap. To the extent to which the perceiver's unique impression varies 
across targets, dyadic effects are produced. Also, if the same act is given 
a different meaning, there should be relationship effects. Finally, 
nonoverlap leads to relationship effects. 

Basic Assumptions about Person Perception 

WAM makes very strong assumptions about social behavior. It treats 
person perceivers as "bean counters" or accountants who keep a run­
ning total of all the information that they observe. The person per­
ceiver is not seen as an active processor of information. 

Consider the role of inconsistency. A perceiver views a target who 
first helps a friend study for a test and later steals a pack of gum from 
a convenience store. One act indicates altruism and the other does not. 
According to W AM, the perceiver merely assigns scale values to each 
act, adds them, and divides by the sum of the weights. It seems more 
likely that most perceivers would think of reasons for discounting the 
importance of one act. For example, the stealing would be rational­
ized by the claim that the store could afford the loss of a pack of gum. 
This example points to two weaknesses in W AM: First, some acts are 
given more weight than other acts; second, the perceiver works hard 
at developing a consistent integration of the acts. 

It seems likely that some key acts playa strong role in the percep­
tion of the target and that they are given greater weight in the percep­
tual process. According to Park, DeKay, and Kraus (1994), it is the 
unequal weighting that leads to different narrative accounts in per­
ception. That is, the perceiver sees one or two acts as most reflective 
of a person's personality, and organizes the impression around those 
acts. Brunswik's (1956) lens model of perception also implies that the 
cues are differentially weighted by the perceiver. 

One important challenge is to mesh W AM's view of interpersonal 
perception with the view that interpersonal perception is more con­
figural and constructive. The view that perceivers have a mental model 
(Read & Miller, 1993) of the target needs to be reconciled with W AM. 
One resolution is to conceive of interpersonal perception in terms of 
dual processes. Generally, person perception operates according to 
W AM. But sometimes when salient acts occur or when experimenters 
ask perceivers to provide accounts, perceivers adopt a more holistic, 
Gestalt approach to perception. 

W AM, as presently conceived, makes no distinction about who 
is perceiving the target. It would seem that there would be qualitative 
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differences in perception when the perceiver is the partner in the inter­
action, the target (Le., self-perception), or an observer of the interac­
tion. Family researchers (e.g., Surra & Ridley, 1991) have speculated 
extensively on the differences between the perceptions of insiders and 
outsiders. 

The Kernel of Truth in Stereotypes 

The version of W AM presented in this book allows for stereotypes 
based on the physical appearance of the target. It is not too surprising 
that there is a great deal of agreement about these stereotypes. What 
is more surprising is that many groups of researchers have found evi­
dence that stereotypes have a kernel of truth. In Chapter 7, evidence 
is presented that judgments made at zero acquaintance (Levesque & 
Kenny, 1993) have some degree of validity. Also using a variant of 
the zero-acquaintance paradigm, Borkenau and Liebler (1992) report 
evidence of the validity of judgments based on minimal information. 
Finally, Berry (1990) reports evidence that judgments based on pho­
tographs have surprising validity. Ambady and Rosenthal (1992), in 
a meta-analysis of 44 studies, have argued that "thin slices" of behavior 
lead to surprising accuracy. Quite clearly, there is good reason to sup­
pose that there is a kernel of truth in some stereotypes about physical 
appearance. 

Bigots should not take any comfort in these conclusions. First, 
the evidence is not that all stereotypes are valid. In particular, there 
is little or no evidence that racial and sexual stereotypes have any va­
lidity in person perception. Second, stereotypes sometimes create their 
own reality via the self-fulfilling prophecy (to be discussed later in this 
chapter). So a stereotype may be true only because people believe that 
it is true. 

Summary 

Although W AM has some severe limitations, it does allow for the simul­
taneous operation of 11 different parameters and predicts consensus 
and accuracy. In Chapter 9, a method is outlined to allow W AM to 
explain self-other agreement. Moreover, unlike other models, W AM 
permits communication effects. Despite its limitations, W AM is a 
powerful tool for understanding interpersonal perception. 
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The Social Relations Model 

SRM has proved to be a useful vehicle in the understanding of inter­
personal perception. But like any tool, it does have limitations, and 
some of them are considered in this section. 

Limitations 

Perhaps the major limitation is that the statistics and data analysis of 
the model are complicated. Within psychology, the dominant way of 
treating data is to compute means and compare those means by an 
analysis of variance. A researcher using SRM computes not means, 
but variances and correlations. These are not even the usual variances 
and correlations, in that they are inferred statistics and not directly 
computed (see Chapter 2). They are so unusual that the variances can 
be negative and the correlations can be larger than 1. Thus, SRM re­
quires a very new way of thinking about data analysis. 

Because these complicated statistics are nonstandard, basic statisti­
cal packages cannot be used, and so specialized computer software 
must be developed. Computer programs have been written (Kenny, 
1993a, 1993b), but they have limited distribution at present. Ideally, 
in the future the computer programs will become more widely acces­
sible and will be available in standard packages. 

One considerable limitation of SRM is the design requirement of 
multiple interactions with multiple partners. Moreover, these interac­
tions must be structured in very systematic ways (i.e., block or round­
robin). Even when a complicated design is used, missing data pre­
sent such a problem that the loss of just one data point may require 
the loss of an entire group. The requirement of multiple partners 
makes the study of close relationships more difficult. Very little of 
the research reviewed in this book concerns people in close, long-term 
relationships. It is no accident that in all too many of the studies em­
ployed here, the subjects began as totally unacquainted. Of the over 
50 published papers using SRM to date, only about 5 concern married 
couples. 

Although SRM is a helpful tool that can be used to understand 
perception and behavior, it is not itself a theory of interpersonal be­
havior. Nonetheless, by partitioning the variance, it points to the major 
sources of variance and level at which the behavior and perceptions 
operate. SRM explicitly recognizes two levels of analysis: the person 
and the dyad. 
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Future Research 

What questions can SRM easily answer, and what questions pose 
difficulties for the model? First, the model can directly answer the nine 
basic questions posed in Chapter 1. From Chapters 3 to 9, SRM has 
been used to determine the existence of consensus, assimilation, meta­
accuracy, and the like. Moreover, for many questions, the model 
differentiates the questions at two levels: the person and the relationship. 

The model can directly examine questions about correlates of com­
ponents. So if one has a measure that is supposed to correlate with 
interpersonal perceptions, that measure can be correlated with those 
perceptions. However, the text has not extensively explored this type 
of hypothesis. The one major exception is for the correlation between 
the perceiver effect in meta-perception and various personality meas­
ures (see Table 8.6), where it has been found that the perceiver effect 
in meta-perception correlates with social anxiety and need for social 
approval. 

Numerous hypotheses about correlates of the components deserve 
investigation. Here are a few examples: 

Do men or women have more positive perceiver effects? 
If the perceiver and target are involved in a close relationship, does 

the perceiver view the target more favorably? 
If the target is physically attractive, is he or she liked more? 

There is one class of hypotheses that the model has difficulty hand­
ling: moderators of the basic questions. A "moderator" is a variable 
for which the basic interpersonal phenomenon differs. The analysis 
of moderators is critical for a complete understanding of interpersonal 
perception (Paunonen, 1989; Paunonen & Jackson, 1985). Below are 
examples of four types of moderators: 

1. Do people show greater consensus when they are rating male 
or female targets? 

2. Are depressives less likely to assume similarity? 
3. Are people more accurate when they are rating someone to 

whom they feel close? 
4. Is there more reciprocity in ratings of Agreeableness than of 

Extroversion? 

Moderators can be classified as person moderators (e.g., perceiver or 
t~rget), relational moderators, and trait moderators. The first two ques­
tIons are examples of person moderators, the first being a target moder-
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ator and the second being a perceiver moderator. The third question 
is an example of a relational moderator, and the fourth question is 
an example of a trait moderator. 

SRM can most easily handle trait moderators. Consider the moder­
ation of consensus. Each trait is analyzed separately, and the level of 
consensus is compared. The Big Five factors have been treated as trait 
moderators throughout the book. Sometimes relational moderators can 
be treated as trait moderators. For example, acquaintance, which is 
fundamentally a relational variable, is often treated as a trait modera­
tor. That is, the same people are studied when they are relatively un­
acquainted and later when they are more acquainted. 

Categorical person moderators (e.g., sex) can be studied within 
SRM in one of three ways (Malloy & Kenny, 1986). Consider the per­
son moderator of sex. The first way is to form homogeneous groups 
(i.e., males judging males and females judging females). Consensus can 
be compared for the two groups. If there is more consensus in the fe­
male group, there are two alternate explanations: Females as perceivers 
show more consensus, or females as targets create more consensus. 

Alternatively, heterogeneous groups can be formed (i.e., males 
judging females and females judging males). If there is more consen­
sus when females judge males, there are again two alternate explana­
tions. In an ideal study, all possible groups are formed: males judging 
males, males judging females, females judging males, and females judg­
ing males. Such a study can be accomplished by a block-round-robin 
design (Kenny, 1990) in which there are at least four males and four 
females. 

If the person moderators are continuous variables (e.g., age or 
depression), the strategy of creating discrete groups is usually not feasi­
ble. So, for instance, there are no SRM analyses of the "depressive real­
ism" hypothesis. Continuous variables such as depression can be studied 
by allowing for differential sensitivity, as discussed in Chapter 5. 
Differential sensitivity measures which perceivers are more sensitive 
to the stimulus information. Currently there is no standard analysis 
strategy for measuring and testing differential sensitivity, but I hope 
that one will be developed soon. 

Relational moderators are the most difficult type of moderators 
to study within SRM. Because relational variables such as similarity, 
closeness, and liking are critical variables in the understanding of in­
terpersonal perception, it is unfortunate that they cannot be easily 
studied. 

Consider the measurement of consensus as a function of close­
ness. One strategy, outlined elsewhere (Kenny & Albright, 1987), is 
to measure the agreement for each dyad. To do this, one begins with 
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an SRM design (Le., round-robin), and each perceiver rates the target 
on a series of traits. A correlation or some other measure of associa­
tion is computed for each perceiver-target combination across the set 
of traits. Then this measure of association is analyzed by SRM. It is 
determined whether consensus correlates with closeness at the rela­
tionship level. I hope that this and (. .her methods of studying relational 
moderators will be explored. 

The Notational System 

One useful feature of this book is that it has presented a simple nota­
tional system for perception, meta-perception, and self-perception, 
which was originally developed a few years ago (Kenny, 1988). Hei­
di's perception of Zelda is denoted as H(Z); how Zelda thinks Heidi 
sees her is denoted as Z(H(Z)); and Heidi's self-perception is denoted 
as H(H). The basic questions in interpersonal perception can be sim­
ply and elegantly expressed using this notation. So, for instance, as­
sumed reciprocity is symbolized by Z(H) = Z(H(Z)). 

In this book, Zelda's perceiver effect is denoted as Z( A ) and Zel­
da's target effect as A (Z). The unique perception that Zelda has of 
Heidi is denoted as z(h). With this notation, many of the basic ques­
tions can be expressed at two levels. So, for instance, reciprocity at 
the individual level is expressed as Z( A ) = A (Z), and reciprocity at 
the dyadic level is given as z(h) = h(z). 

Nine basic questions have been proposed in Chapter 1 and trans­
lated into SRM terms in Chapter 2. In Chapter 8, a new question has 
been introduced: Does Zelda think that others see her as she sees her­
self, or Z( A (Z)) = Z(Z)? This question might be called assumed 
similarity between self- and meta-perception. 

Except only briefly in Chapter 6, this book has not examined tri­
adic perceptions. Meta-perception is a fundamentally triadic process: 
Zelda may wonder how Heidi views Carol, or, in the notation, 
Z(H(C)). However, in this book the meta-perceptions are always dyad­
ic: How does Zelda think that Heidi sees her? Recently, two studies 
(Chapdelaine, Kenny, & LaFontana, in press; Frey & Smith, 1993) 
have examined the triadic meta-perception of liking. Moreover, so­
cial network researchers (Krackhardt, 1987) have become interested 
in cognitive social structures that are triadic. A full examination of 
triadic processes requires an extension of SRM to allow for three, not 
two, factors. 

Several interesting questions can be addressed at the triadic level. 
Among them are assumed reciprocity, or Z(H(C)) = Z(C(H)), and 
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meta-accuracy, or H(C) = Z(H(C)). Also, do people know how others 
see themselves, or Z(H(H)) = H(H)? Future work will investigate these 
fascinating triadic phenomena. However, SRM will first have to be 
expanded to consider a third person. 

Moving beyond the triadic level does not really seem necessary. 
Although Laing, Phillipson, and Lee (1966) consider such questions, 
it seems that for the moment the field of interpersonal perception can 
be kept busy enough studying dyadic and triadic phenomena. 

The notation could also be extended to include the trait being per­
ceived. So Zelda's perception of Heidi's Culture could be symbolized 
as Z(Hv), where the "V" refers to Factor V of the Big Five. By con­
vention, the trait symbol would be placed on the innermost term. So 
the meta-perception of Agreeableness (Factor II) would be symbolized 
by Z(H(Zu)). 

The notation could also be used to denote classes of targets or 
perceivers. For instance, MI and M2 might denote male perceivers, 
and FI and F2 female perceivers. So the statement 

would imply that female perceivers exhibit more consensus than male 
perceivers. 

The major value of the notation is that it takes very complicated 
statements (e.g., if John thinks Mary is intelligent, does Mary think 
that John thinks she is intelligent?) and condenses them into a simple, 
interpretable expression [i.e., J(M) = M(J(M))]. 

Behavior and Perception 

The major topic of this book is perception: How do people see others, 
how do people see themselves, and how do people think others see 
them? But at various times (especially during the discussion of target 
accuracy in Chapter 7), there has been a consideration of the relation­
ship between perception and behavior. 

In this section, I explore in more detail the links between percep­
tion and behavior. First considered are the ways in which behavior 
determines perception (e.g., accuracy) at the level of the individual. 
I then consider the ways in which perception determines behavior (e.g., 
the self-fulfilling prophecy), again at the individual level. Next, link­
ages between behavior and perception are explored at the dyadic lev­
el. Finally, I discuss the design and analysis of behavioral studies. 

Not explored in this section is the relationship between meta-
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perception and behavior. These effects probably exist and may be very 
important. For instance, people may alter their behavior because they 
think that someone sees them in a particular way. 

Assume that there is a group of people, all of whom interact dyad­
ically with each other. The friendliness of each person's behavior is 
measured, ignoring all the complications in the measurement of be­
havior that have been discussed in Chapter 7. Also people are asked 
both how friendly their interaction partners are and how friendly they 
see themselves as being across all their interactions. So measures of 
behavior and perception are obtained. When reference to a particular 
person is needed, I use the person Kerry, a member of the group. 

Effects from Behavior to Perceptions 

Behavior is partitioned into actor, partner, and relationship effects. 
The term K. represents the level at which an actor named Kerry tends 
to behave with all of her interaction partners. So if Kerry has a posi­
tive actor effect, she tends to be friendly with her interaction partners. 
The partner effect in behavior, or *K, is the behavior that Kerry tends 
to elicit from others. So for friendliness, *K refers to the tendency of 
Kerry to "make" others act friendly when they interact with her. 

The impressions that people have of each other can also be parti­
tioned into Perceiver or K( * ) and Target or * (K). As it has been 
throughout this text, the perceiver effect represents how the person 
generally sees others, and the target effect represents how the person 
is generally seen by others. Finally, there is the person's self-perception, 
or K(K). 

There are other factors besides behavior that cause perceptions. 
So for Perceiver, Target, and Self, there are residual or disturbance 
sources of variance. For Perceiver, the set of residual causes is desig­
nated as Q, which represents the stereotype that the person has of the 
group. For Target, the other'causes are designated as U, which in­
cludes all other causes of perception that are not attributable to the 
person's behavior. So the term U represents the consistent biases in 
social perception. For instance, if a culture has sex-role stereotypes 
that are false, they are reflected in U. Finally, for Self, the disturbance 
is designated as E, which represents bias or error in self-perception. 
It measures the degree to which some individuals self-enhance more 
than others. These terms and their definitions are presented in Table 
10.l. 

So there are two exogenous or causal factors, the Actor and the 
Partner, for behavior; three endogenous or effect variables, Perceiver, 
Target, and Self; and disturbance or residual term for each endogenous 
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TABLE 10.1. list of Causes and Effects in the Model of How Behavior 
Determines Perception at the Individual Level 

Causes 
Actor 
Partner 

Effects 
Perceiver 
Target 
Self 

How friendly the person is across interaction partners 
How friendly the person's interaction partners are 

How friendly the person sees others 
How friendly the person is seen by others 
How friendly the person sees self 

Disturbances (other causes) 

Q 
u 
E 

View of the typical other; group stereotype 
Mistakes made in the target effect (e.g., sex-role stereotypes) 
Mistakes made in self-perception; self~enhancement 

variable, Q, U, and E. The causal model of the effects from behavior 
to perception is presented in Figure 10.3. 

All the causal links are listed in Table 10.2. First considered are 
the effects on the Perceiver variable, or how the person tends to view 
others. A person's view of others can be attributed to the behavior of 
others with whom he or she interacts. If all of a person's interaction 
partners tend to be friendly, and the person sees his or her partners 
as friendly, the person is accurate. This form of accuracy is called "per­
ceiver accuracy" in Chapter 7. 

The person's view of others may be colored by his or her own 
behavior. A person who is friendly may tend to see others as friendly. 

Behavior Perception Bias 

..... --Q 

Target I( U 

..... ----E 

FIGURE 10.3. Effects of behavior on perception at the individual level. 
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TABLE 10.2. Model of the Effects from Behavior to Perception 

Effect Cause Interpretation 

Perceiver Partner Perceiver accuracy 

Actor Perceiver misattribution 

Q Group stereotype 

Target Actor Target accuracy 

Partner Target misattribution 

U Bias in perception 

Self Actor Self-accuracy 

Partner Self-misattribution 

E Self-enhancement 

This is a form of misattribution, in that the person attributes his or 
her own friendliness to the partner. Finally, there are the other causes 
of the Perceiver effect, which are represented by Q (the stereotype that 
the perceiver has of the group members being rated). 

The Target effect may be caused by the Actor effect in behavior. 
This has been called "target accuracy" in Chapter 7. A person who 
behaves in a friendly manner is seen by his or her partners as friendly. 

The Target effect may also be caused by the Partner effect in be­
havior. This effect can be described as misattribution: The behavior 
of the person's interaction partners causes the perception of him or 
her. So if Kerry's interaction partners are friendly, she is seen as friertdly, 
controlling for the level of friendliness in her behavior. Finally, there 
are biases in person perception, represented by U. Stereotypes based 
on physical appearance are included in this term. 

Self-perception is caused by behavior. How people see themselves 
is presumably attributable to how they behave. So the path from the 
Actor effect to Self-perception represents accuracy. 

The path from Partner to Self-perception represents misattribu­
tion: If a person "makes" others friendly, he or she may see himself 
or herself as friendly. Finally, there are errors in self-perception, rep­
resented by the variable E (which largely represents self-enhancement). 

The disturbances of the Perceiver, Target, and Self variables are 
probably correlated. The correlation between Q and U may be at­
tributable to some physical characteristic of the target. For instance, 
it may be that the gender of the target leads to stereotypes (reflected 
in U), and that gender also leads to biases in perception (reflected in 
Q). The correlation between Q and E can be interpreted in terms of 
processes discussed earlier in this chapter: People who engage in self-
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enhancement also engage in other-enhancement. The correlation be­
tween U and E can be interpreted as the degree to which self­
enhancement leads to bias in the perception of the target. So if the per­
son has an inflated view of himself or herself, others have an inflated 
view of him or her. 

In summary, it is interesting to note that Perceiver, Target, and 
Self all have three different sets of causes. There is one set that represents 
accuracy, another that represents misattribution, and a third set that 
represents errors in perception. Misattribution is different from other 
errors in that it is based on behavior, but it is based on the "wrong" 
person's behavior. 

Self-Fulfilling Prophecy Effects 

Work in social science has long emphasized the role that perceptions 
play in creating their own reality. Starting with the pioneering work 
of Merton (1957), and continuing through the landmark efforts of 
Rosenthal (1966) on expectancy effects and the work by Snyder and 
Swann (1978) on behavioral confirmation, the self-fulfilling prophe­
cy is a cornerstone of social science theorizing. In a review of the evi­
dence on self-fulfilling prophecy, Jussim (1991) has argued that behavior 
may be more a cause than a consequence of perception. However, Jus­
sim acknowledges the effect that perception has on behavior. 

In this section, the causation goes from perception to behavior: 
People alter their behavior to conform to the perception that others 
and they themselves have. I examine how Perceiver, Target, and Self 
influence the Actor and Partner effects in behavior. These six possible 
effects are listed in Table 10.3. 

Considered first are the influences on the Actor effect, or how a 
person behaves across his or her interaction partners. The example 

TABLE 10.3. Model of the Effects from Perception to Behavior 

Effect Cause Interpretation 

Actor 

Partner 

Perceiver 
Target 
Self 

Perceiver 

Target 
Self 

Perceiver complementary projection 
Target self-fulfilling prophecy 
Self-actualization 

Perceiver self-fulfilling prophecy 

Target complementary projection 
Other-actualization 
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to be discussed, again, is the friendliness of a person named Kerry. 
The effect from Perceiver to Actor is a case of complementary projec­
tion (discussed in Chapter 6): Kerry's way of seeing others makes her 
change her behavior. So, if Kerry thinks that others are friendly, she 
behaves in a friendly fashion. She adopts a behavioral style consistent 
with her expectations. 

The effect from Target to Actor is the classical self-fulfilling 
prophecy: If people see a target in a certain way, that target behaves 
in a way consistent with the perception. For instance, if others think 
that Kerry is a friendly person, this perception leads Kerry to become 
a friendly person. Probably this effect, if it exists, is mediated by the 
Partner effect in behavior. Others think that Kerry is friendly; they 
behave in a friendly way with Kerry; and this produces friendliness 
in Kerry. 

The final influence on the Actor is from the Self. That is, expec­
tations or perceptions about the self lead to changes in behavior. Kerry 
sees herself a's a friendly person, and this leads her to act as a friendly 
person. This effect is called here "self-actualization," a central con­
cept in Maslow's (1954) humanistic psychology. Swann's (1990) self­
verification theory also predicts causal effects from self-perception to 
behavior. 

Considered now are the influences on the Partner effect in behavior: 
how Kerry "makes" others behave. So, for example, when people are 
with Kerry, they behave in a more friendly manner than they would 
otherwise. The Perceiver effect may influence the Partner effect: Kerry, 
who tends to view others as friendly, "makes" other behave in a friendly 
fashion. This is a self-fulfilling prophecy, but in this case the effect 
is from Perceiver to Partner, whereas the classical self-fulfilling prophecy 
effect is from Target to Actor. It seems likely that this effect, if it ex­
ists, is mediated by the Actor effect in behavior. That is, if Kerry thinks 
that others are friendly, she then behaves in a friendly manner, and 
this behavior leads to friendly behavior in others. 

The Target effect in perception may influence the Partner effect 
in behavior. How others evaluate a target may change how others be­
have with the target. So if people think that Kerry is friendly, they 
may act in a friendly fashion when interacting with Kerry. This is a 
form of complementary projection: People alter their behavior to con­
form to their expectations. 

Self-perception may also influence the Partner effect in behavior. 
Kerry, who sees herself as friendly, makes others behave as friendly. 
This is called "other-actualization," because in this case self-perception 
changes not the self but others. It seems likely that this effect, if it ex­
ists, is mediated by the Actor effect in behavior. That is, if Kerry thinks 
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that she is friendly, she then behaves in a friendly manner, and this 
behavior leads to friendly behavior in others. 

Dyadic Behavior-Perception Linkages 

The preceding sections have considered the links between perception 
and behavior at the level of the individual. In this section, the effects 
of perception on behavior and the effects of behavior on perception 
at the level of relationship are considered. 

There are four effects that describe the potential linkages between 
perception and behavior at the dyadic level. Table lOA presents them 
in a 2 x 2 table. They involve the two types of dyadic effects, intra per­
sonal and interpersonal (see Chapter 2), and the effects from behavior 
to perception and from perception to behavior. The effect names are 
taken from the preceding two sections. 

Consider the interaction between Zelda and Heidi in which friend­
liness is measured. The intra personal effect from behavior to percep­
tion is a misattribution. If Zelda behaves in friendly fashion, she sees 
Heidi as friendly. The interpersonal effect from behavior to percep­
tion is dyadic accuracy. If Zelda behaves in a friendly fashion with 
Heidi, Heidi sees Zelda as a friendly person. 

The effects from perception to behavior are as follows: The in­
trapersonal effect is a form of complementary projection. If Zelda sees 
Heidi as friendly, Zelda behaves in a friendly manner with Heidi. The 
interpersonal effect is the dyadic self-fulfilling prophecy. If Zelda per­
ceives Heidi as friendly, Heidi acts friendly when interacting with Zelda. 

The Design and Analysis of Behavioral Observations 

Some guidance on the design of behavioral studies may be helpful. One 
key question is the timing of the measurement of behavior in relation 
to the measurement of perception. Sometimes the behavior of the tar­
gets is measured before the perceivers observe and rate the targets; in 
this case, the research question is how behavior determines perception. 

TABLE 10.4. Model of Relationship Effects 

Direction of effect Intrapersonal 

Behavior to perception Misattribution 

Perception to behavior Complementary 
projection 

Interpersonal 

Accuracy 

Self-fulfilling 
prophecy 
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Alternatively, the perception is measured before behavior; this type 
of design reveals how well perception can be used to predict behavior. 

Another key issue is whether the perceivers directly observe the 
behavior that is coded before the perceivers make their judgments. If 
they do, then the study concerns how behavior determines perception. 
If they do not, the study is one of predictive accuracy. Also, if the in­
terest is in the self-fulfilling prophecy, the perception should be meas­
ured before the behavior. 

Who are the raters? Normally, the raters or coders of behavior 
are different people from the perceivers and targets. If the perceivers 
-or targets are used to measure behavior, there may be large expectan­
cy effects. So the data structure for behavioral observations is gener­
ally triadic: raters evaluating dyadic interactions. Typically, there are 
very few raters, and results are simply averaged across the raters (once 
interrater reliability is demonstrated); thus raters are ignored in the 
analysis. If the raters observe all of the interactions, they can be treat­
ed as variables, and their reliability in judging perceiver, target, and 
relationship can be ascertained. The reader is urged to review the sec­
tion on behavioral observation in Chapter 7, which details guide­
lines on the measurement of the reliability from behavioral observa­
tions. 

What is known about the variance partitioning of behavioral data? 
Unfortunately, not many SRM studies have examined behavior. 
However, a rough working rule of thumb, based on prior empirical 
work (Dabbs & Ruback, 1987; Kenny & Malloy, 1988; Levesque & 
Kenny, 1993; Ross & Lollis, 1989; Warner, Kenny, & Stoto, 1979), 
is a "35-0-15-50" rule: 35% actor effects, no partner effects, 15% rela­
tionship effects, and 50% error. 

Some readers may be surprised that as much as 35% of the vari­
ance in behavior is attributable to the actor. Behavior is, in fact, con­
sistent from partner to partner. If there is consistency in people's 
behavior, it can be asked why consensus is so low. Perhaps in form­
ing perceptions about others, people use the relationship effect in be­
havior in forming impressions. That is, Heidi's perception of Zelda 
is more influenced by Zelda's behavioral relationship effect than by 
Zelda's behavioral actor effect. Such an effect would imply that per­
ceivers are sensitive to how they are differentially treated by targets. 

Partner effects in behavior are more elusive. In our most exten­
sive search for them (Kenny & Malloy, 1988), we found little or no 
evidence for them. If there are weak partner effects in behavior, the 
models discussed earlier become much simpler, in that many effects 
can be set to zero. 

There has been very little work on relationship effects and be­
havior. Ross and Lollis (1989) have written an important paper argu-
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ing that relationship effects in behavior should be used as an index 
of whether people are relating to each other. The amount of relation­
ship variance should change, depending on the type of behavior under 
study. To use a trivial example, if kissing is the behavior, there is like­
ly to be much greater relationship variance and much less actor variance. 

Reciprocity of behavior, particularly nonverbal behavior, has long 
been a subject of considerable interest (Cappella, 1981). However, 
reciprocity has generally been more commonly used in the temporal 
sense of the term (Zelda smiles at Heidi, and then Heidi smiles at Zelda) 
than in the dyadic sense of the term (Zelda is especially likely to smile 
at Heidi, and Heidi is especially likely to smile at Zelda). Presumably, 
there is reciprocity of prosocial and antisocial behaviors. It is known 
that who speaks to whom in groups is reciprocal, and that it is more 
reciprocal in socioemotional than in task-oriented groups (Dabbs & 
Ruback, 1987). However, a full-scale investigation of reciprocity of 
behavior within SRM has yet to be completed. 

Postscript 

The application of SRM to the study of interpersonal perception has 
led to many important insights. It has made what seems like a simple 
and straightforward topic much more complicated than common sense 
would suggest. But these complications are essential. The partition­
ing of social perception into components may seem to some an un­
necessary waste of time. There were some who objected to separating 
the atom into protons, neutrons, and electrons, which in turn were 
later divided into quarks. If the understanding of physical matter re­
quires the analysis of unobservable components, it should not surprise 
us that for a full understanding of interpersonal perception, there must 
be a separation into components. 

There are some serious limitations in the investigation. Virtually 
all of the research to date has used college students. Not enough of 
the research has employed children, and virtually none of the studies 
have used people over 40 years of age. Also with few exceptions, the 
research participants have been white middle-class people from the Unit­
ed States. Finally, as previously stated, the traits have been organized 
by the Big Five, and other ways of organizing the traits have not been 
given much attention. 

This investigation of interpersonal perception has been complet­
ed. Our journey has now come to an end. Much has been learned, 
but much still remains to be discovered. I hope that this book will stimu­
late interest into these most important questions. I invite the reader 
to partake in this most exciting intellectual adventure. 
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STUDY DESCRIPTIONS 

W hat follows is a brief description of the studies that are reviewed 
in various chapters. Included are only studies to which I have ac­
cess for SRM analyses. For each study, the following is presented: 

The number of perceivers. 
The average number of targets per perceiver (the range is given if this 

number varies). 
The number of trait, affect, or other measures at each time point. 
The number of time points or waves (if there is just 1, this is omitted). 
The degree of acquaintance between judges and targets. 
The setting of the research. 
The type of task (if the setting is the laboratory). 
The type of research design. 
What secondary sources used the data, if any.l 
The chapters of this book in which results are presented. 

Albright (1990): 67 perceivers; 4.58 targets per perceiver (4 to 8); 5 traits; 
3 waves; zero and short-term group; residential; round-robin; discussed 
in Chapters 4 and 9. 

Albright, Kenny, & Malloy (1988), Study 1: 42 perceivers; 3.67 targets per 
perceiver (3 to 4); 5 traits; 3 waves; zero and short-term group; class­
room; round-robin; only wave 1 presented in the article and 15 people 
lost over time; discussed in Chapters 4, 5, 6, and 9. 

Albright, Kenny, & Malloy (1988), Study 2: 33 perceivers; 3.76 targets per 
perceiver (3 to 4); 5 traits; zero; classroom; round-robin; discussed in 
Chapters 4 and 9. 

Parts of this appendix are adapted from Kenny, Albright, Malloy, and Kashy (in press). Copyright 
1994 by the American Psychological Association. Adapted by permission. 
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Albright, Kenny, & Malloy (1988), Study 3: 169 perceivers; 3.76 targets per 
perceiver (3 to 5); 10 traits; zero; classroom; round-robin; discussed in 
Chapters 3, 4, 5, and 9. 

Albright-Malloy (1988): 60 perceivers; 3.61 targets per perceiver (3 to 4); 
5 traits; 3 waves; long-term; classroom; round-robin; discussed in Chap­
ters 4, 5, and 9. 

Anderson (1985): 121 perceivers; 23.1 targets per perceiver (15 to 30); 4 
traits; long-term; residential; round-robin; discussed in Chapters 4, 6, 
and 8. 

Bernard, Killworth, & Sailer (1982), Fraternity: 57 perceivers; 56 targets per 
perceiver; frequency of interaction; long-term; residential; round-robin; 
used by Kashy and Kenny (1990a); discussed in Chapter 7. 

Bernard, Killworth, & Sailer (1982), Ham Radio Operators: 44 perceivers; 
43 targets per perceiver; frequency of interaction; long-term; radio com­
munication setting; round-robin; used by Kashy and Kenny (1990a); dis­
cussed in Chapter 7. 

Bernard, Killworth, & Sailer (1982), Office Workers: 44 perceivers; 43 
targets per perceiver; frequency of interaction; long-term; work setting; 
round-robin; used by Kashy and Kenny (1990a); discussed in Chapter 7. 

Bernard, Killworth, & Sailer (1982), Technical Students: 34 perceivers; 33 
targets per perceiver; frequency of interaction; long-term; educational set­
ting; round-robin data; used by Kashy and Kenny (1990a); discussed in 
Chapter 7. 

Campbell, Miller, Lubetsky, & O'Connell (1964): 313 perceivers; 18.56 tar­
gets per perceiver (7 to 23); 18 traits; long-term; residential; dyad-round­
robin; data used by Kenny and Kashy (in press); discussed in Chapters 
3,4, and 6. 

Chapdelaine, Kenny, & LaFontana (in press): 120 perceivers; 4 targets per 
perceiver; 10 traits and 2 measures of affect; short-term one-on-one; 
laboratory; getting acquainted to make predictions; round-robin; dis­
cussed in Chapters 3, 5, and 6. 

Curry & Emerson (1970): 48 perceivers; 7 targets per perceiver; liking and 
perceived liking; 5 waves; long-term; residential; round-robin; data used 
in Kenny & Nasby (1980) and Kenny & La-Voie (1982); discussed in 
Chapters 5, 6, and 8. 

Dabbs & Ruback (1987): 310 perceivers; 4 targets per perceiver; 2 affect meas­
ures; short-term group; laboratory; problem solving and getting acquaint­
ed; round-robin; discussed in Chapters 4, 5, 6, and 10. 

Dantchik (1985): 60 perceivers; 3.62 targets per perceiver (3 to 4); 6 
traits; long-term; residential; round-robin; discussed in Chapters 3, 4, 
6, and 9. 

DePaulo, Kenny, Hoover, Webb, & Oliver (1987): 42 perceivers; 3 tar-
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gets per perceiver; 5 traits; 4 waves; short-term one-on-one; laboratory; 
problem solving; block; discussed in Chapters 4, 5, 6, and 8. 

DiPilato (1990): 96 perceivers; 3 targets per perceiver; 10 traits; 2 waves; 
zero and short-term group; laboratory; problem solving and getting ac­
quainted; round-robin; discussed in Chapters 4 and 9. 

Hallmark (1991): 144 perceivers; 2 targets per perceiver; 4 traits; short-term 
group; laboratory; question and answer; round-robin; discussed in Chap­
ter 4. 

Hallmark & Kenny (1989): 163 perceivers; 4.43 targets per perceiver (4 to 
5); 6 traits; short-term group; laboratory; problem solving; round-robin; 
discussed in Chapters 2, 3, 4, 5, and 6. 

Kashy (1988): 136 perceivers; 7 targets per perceiver; 1 trait; short-term group; 
laboratory; competitive trivia task with four against four; block-round­
robin; discussed in Chapters 3, 4, 5, and 6. 

Kenny (1992): 84 perceivers; 3.94 targets per perceiver (3 to 4); 10 traits; 
zero; classroom; round-robin; discussed in Chapters 4 and 9. 

Kenny & Bernstein (1982): 120 perceivers; 2 targets per perceiver; 4 traits; 
short-term one-on-one; laboratory; mock date; block; discussed in Chap­
ters 4, 5, and 6. 

Kenny & DePaulo (1990), Applicant: 48 perceivers; 3 targets per perceiver; 
6 traits; 3 waves; short-term group; laboratory; 3 interviewers question­
ing an applicant for a residential assistant position; block; discussed in 
Chapters 4, 5, 6, and 8. 

Kenny & DePaulo (1990), Interviewer: 48 perceivers; 3 targets per perceiver; 
6 traits; 3 waves; short-term one-on-one; laboratory; as above; block; 
discussed in Chapters 4, 6, and 8. 

Kenny, Horner, Kashy, & Chu (1992), Study 1: 113 perceivers; 32 targets 
per perceiver; 10 traits; zero; laboratory; videotape judgment; half-block; 
discussed in Chapters 4 and 9. 

Kenny, Horner, Kashy, & Chu (1992), Study 2: 108 perceivers; 3 targets per 
perceiver; 10 traits; 2 waves; zero and short-term one-on-one; labor­
atory; getting acquainted; round-robin; discussed in Chapters 3, 4, 5, 
and 9. 

Kenny, Horner, Kashy, & Chu (1992), Study 3: 70 perceivers; 3.26 targets 
per perceiver (2 to 4); 10 traits; 2 waves; zero and short-term group; class­
room; round-robin; discussed in Chapters 4, 5, and 9. 

Latane (1987): 68 perceivers; 3 targets per perceiver; 3 traits; zero; labor­
atory; photograph judgments; round-robin; discussed in Chapters 4 and 9. 

Levesque (1990): 142 perceivers; 4.46 targets per perceiver (3 to 5); 7 traits; 
short-term group; laboratory; mock jury deliberation; round-robin; dis­
cussed in Chapters 3, 4, 5, 6, and 9. 

Levesque & Kenny (1993): 80 perceivers; 3 targets per perceiver; 17 
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traits; zero and short-term one-on-one; laboratory; predictions followed 
by interactions; round-robin; discussed in Chapters 7, 9, and 10. 

Levine & Snyder (1980): 50 perceivers; 24 targets per perceiver; 3 meas­
ures of affect; long-term; classroom; round-robin; discussed in Chap­
ter 2. 

Malloy (1987a): 40 perceivers; 3.44 targets per perceiver (3 to 4); 10 traits; 
3 waves; zero and short-term group; classroom; round-robin; 24% of 
the subjects from Study 3 of Albright et al. (1988); discussed in Chap­
ters 3, 4, and 9. 

Malloy & Albright (1990): 68 perceivers; 3 targets per perceiver; 5 traits; 
long-term; residential; round-robin; discussed in Chapters 4, 5,6,8, and 
9. 

Malloy & Janowski (1992): 68 perceivers; 5.80 targets per perceiver (5 to 
7); leadership and meta-perceptions of leadership; short-term group; 
laboratory; group discussions to consensus; round-robin; discussed in 
Chapters 5, 6, and 8. 

McGillan (1980): 80 perceivers; 2 targets per perceiver; 2 traits; short­
term one-on-one; laboratory; getting acquainted; block; discussed in 
Chapter 4. 

Montgomery (1984): 128 perceivers; 3.41 targets per perceiver (3 to 4); 2 
traits; 3 waves; short-term group; classroom; round-robin; discussed in 
Chapters 3, 4, 5, and 9. 

Newcomb (1961): 17 perceivers; 16 targets per perceiver; 1 measure of af­
fect; 14 waves; long-term group; residential; round-robin; discussed in 
Chapters 5 and 6. 

Oliver (1989): 56 perceivers; 2 targets per perceiver; 11 traits; short-term one­
on-one; laboratory; mock date; block; discussed in Chapters 4,6,8, and 
9. 

Park & Judd (1989), Study 1: 71 perceivers; 7.88 targets per perceiver (6 
to 9); 14 traits; 4 waves; short-term group; laboratory; question and an­
swer; round-robin; data used by Park & Flink (1989); discussed in Chap­
ters 3, 4, 5, 6, and 9. 

Reno & Kenny (1992): 102 perceivers; 4.1 targets per perceiver (3 to 5); 16 
traits; short-term one-on-one; laboratory; getting acquainted; round­
robin; discussed in Chapters 4, 6, and 8. 

Rothbart & Singer (1988): 78 perceivers; 5 targets per perceiver; 15 traits; 
short-term group; laboratory; minimal group; round-robin; discussed in 
Chapters 4 and 6. 

Shechtman & Kenny (in press); 154 perceivers; 6.00 targets per perceiver 
(4 to 9); 4 traits; short-term group; teacher training groups; round-robin; 
data used by Shechtman (1994); discussed in Chapters 2,5,6, 8, and 
9. 
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Schill & Thomsen (1987): 64 perceivers; 2 targets per perceiver; 8 traits; 2 
waves; short-term one-on-one; laboratory; competitive discussion; cir­
cle; discussed in Chapter 4. 

Yingling (1989): 24 perceivers; 3 targets per perceiver; 1 trait; short-term one­
on-one; laboratory; getting acquainted; round-robin; discussed in Chapter 
4. 

Zaccaro, Foti, & Kenny (1991): 108 perceivers; 2 targets per perceiver; rat­
ing and ranking of leadership; short-term group; laboratory; work tasks; 
rotation; discussed in Chapter 3. 

Notes 

1. However, if Kenny and DePaulo (1993) or Kenny, Albright, Malloy, and Kashy 
(in press) used the data set, that is not noted because the entire list of studies is presented 
in Chapters 4 and 8 (see Tables 4.1 and 8.1). 
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STATISTICAL DETAILS 
OF THE SOCIAL 
RELATIONS MODEL 

In this appendix, the statistical details for the estimation and testing of vari­
ances and correlations from the Social Relations Model (SRM) are present­
ed. First considered is the estimation of single-variable or univariate models. 

The next topic is the measurement of bivariate correlations in SRM. Last dis­
cussed is the estimation of construct variance, which allows for the separa­
tion of relationship and error variance. For each of these topics, the analysis 
of the half-block design, the full-block design, and the round-robin design 
is presented. 

Formally, SRM is as follows for perceiver i rating target j: 

The terms a. b. and g are all random variables with zero mean and variances. 
of a/, ab2, and a/. Estimates of these variances are denoted s}, Sb2, and Sg2, 
respectively. There are two nonzero covariances in the model: the perceiver­
target covariance, aab' and the relationship covariance, agg,. The perceiver­
target covariance is between aj and h;. and the relationship covariance is be­
tween gij and gji. The estimates of these covariances are denoted as Sab and 
Sgg'. All other covariances are assumed to equal zero. 

Traditionally within SRM, estimates are computed for each group of ob­
servations (e.g., round-robin or block). With such an estimation approach, 
the constant may vary across groups, because estimates are computed across 
groups. We (Kashy & Kenny, 1990b) discuss an alternate estimation proce­
dure that assumes that the constant is the same for each group. 
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Estimation of Univariate Model 

Half-Block Design 

Considered first is the estimation for the half-block design. In this design, there 
are n perceivers and r targets; the perceivers do not serve as targets, and the 
targets do not serve as perceivers. The half-block design is considered first 
because its analysis closely resembles an analysis of variance. Denote Mi. as 
the mean rating for perceiver i across the r targets, M.j as the mean rating 
for targetj across the n perceivers, and Moo as the mean rating across all rn 
judgments. The estimates of perceiver, target, and relationship effects are as 
follows. Person i's estimated perceiver effect is 

;. = M· - M I I. .. 

The estimate of person j's target effect is 

b. = M· - M ) .) oo 

The estimate of the relationship effect of perceiver i with target j is 

A A f' 
g OO = X .. - a· - D· - M I) I) 1 ) oo 

The data can be viewed as a two-way design, perceiver x target. For 
a two-way design, a two-way analysis of variance can be computed. The mean 
square for perceivers, or MSp, is defined as 

The mean square for targets, or MST, is defined as 

nIb.2 
1 

r - 1 

The mean square for perceiver x target interaction, or MS(, is defined as 

(n - l)(r - 1) 

These are the usual two-way analysis of variance mean squares. Because both 
perceiver and target are random effects, the estimates of the variances are as 
follows: 
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52 
MSp - MSr 

a = 
r 

5b2 
MST - MSr 

= 
n 

52 = MSr g 

So this differs from the usual fixed-effects analysis of variance, in that the 
goal is not to test differences between means, but rather to estimate the vari­
ances of the perceiver, target, and relationship effects. 

Note that it is possible that both 5} and 5b2 are estimated as negative. 
Because negative variances are not interpretable, they are typically set to zero. 
However, when one is averaging across groups, the negative variance should 
be retained. 

There are simple tests of statistical significance for the perceiver and tar­
get variances. They are F tests: 

MSp 
F [n-1, (r-1) (n-1)]=-S 

Mr 

MST 
F [r-1, (r-1) (n-1)]=­

MSr 

If the F is significant, then the variance component is needed. 
For the example in Table 2.3,.MSp = 5, MST = 17.2, and MSr = .95. 

The estimates are: 5/ = (5 - .95)/5 = .81, 5b2 = (17.2 - .95)/5 = 3.25, 
and 5/ = .95. 

If there are multiple groups of half-blocks, the results can be averaged 
across groups. Complications in weighting arise if the groups have different 
numbers of perceivers or targets. 

Full-Block Design 

In a full-block design, each person serves as both a perceiver and a target, 
and so there are two half-blocks. There are two subgroups, one with n peo­
ple and the other with r. The first half-block has n perceivers and r targets. 
The two people then switch roles, and so there is a second half-block with 
r perceivers and 1'J targets. One can estimate the variance components for each 
half-block. That is, one computes mean squares within each and estimates 
the perceiver, target, and relationship variance. When there is no distinction 
between the two groups, these two sets of variance components can be aver­
aged. The estimates for perceiver and target variance are weighted by sub­
group size minus 1. 
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With the full-block design, two covariances can be estimated. They are 
estimated by two mean cross-products: perceiver-target, MCPpT> and inter­
action, MCP1• The formula for MCPPT for the subgroup with n persons is 

where the summation is over n, and for the other subgroup 

where the summation is over r. The single formula for MCP1 is 

(n - 1)(r - 1) 

One can then take these mean cross-products and use them to solve for the 
unknown covariances: 

There is a parallel formula in which the denominator is r. The two estimates 
of Sab are averaged and weighted by subgroup size minus 1. The relationship 
covariance is given as: 

With these two covariances, it is possible to estimate their parallel correla­
tions. The perceiver-target correlation is estimated by 

and the relationship correlation is estimated by 

The relationship correlation is bounded by + 1 and - 1. However, as dis­
Cussed in Chapter 2, the perceiver-target correlation is not bounded by + 1 
and - 1. By convention, out-of-range values are set to + 1 or - 1, depending 



236 Appendix.B 

on the sign ofthe correlation. Many, but not all, out-of-range estimates can 
be avoided by first determining whether both the perceiver and target vari­
ances are significant; if they are not, the correlation is not computed. 

The perceiver-target correlation states what the correlation between the 
perceiver and target effects would be if there were many perceivers and tar­
gets. That is, it is a forecast of a correlation if there were virtually an unlimit­
ed number of perceivers and targets. Thus, the estimate is not dependent on 
sample size. 

There is no standard significance test available for the block design. The 
procedure used in 5RM analyses is to estimate repeatedly the parameters (oa2, 

0b 2, 0/, 0ab, and Ogg') across different groups. Then group is treated as the 
unit of analysis, and the parameters are averaged across groups. To test 
whether a variance or a covariance is statistically significant, one performs 
a one-sample t test in which the degrees of freedom equals the number of 
groups minus 1. A one-sample t test is simply the mean parameter estimate 
times the square root of the number of groups, divided by the standard devi­
ation of the parameter estimate across groups. The test's degrees of freedom 
equals the sample size minus 1. The tests of variance are one-tailed because 
a variance cannot be negative, and the tests of covariance are two-tailed. 

Round-Robin Design 

In a round-robin design, all n people rate one another. 50 there are n per­
ceivers and n targets. For round-robin designs, the estimation procedure is 
basically the same as it is for the block design: One computes the effect esti­
mates for perceiver, target, and relationship, and with these estimates one 
computes mean squares and cross-products that can be used to solve for the 
model's parameters. The formulas are somewhat more complicated, but the 
precedure is basically the same. 

Again, the term Mi. symbolizes the mean for perceiver i averaged across 
n :- 1 targets; the term M.j symbolizes the mean for target j averaged across 
n - 1 perceivers; and the term M .. symbolizes the mean across all n(n - 1) 
observations .. 

The estimate of the perceiver effect for perceiver· i is 

.. (n - 1)2 n - 1 n - 1 
8i = M· + M· - -- M n (n - 2) I. n (n - 2) .1 n - 2 .. 

The estimate of the target effec.t for target i is 

G _ (n - 1)2 n - 1 n - 1 
i - n(n _ 2) M.i + n(n _ 2) Mi. - n _ 2 M .. 
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The estimate of the relationship effect for perceiver i's rating of target j is 

g"' .. = XH - a· - 6· - M I) q r J .. 

The following mean squares are estimated: 

'2.;.2 
A = __ I-

n - 1 

'2.&.2 B = __ I-
n - 1 

c _ ~;6; 
- n - 1 

The summation is across n persons. 
For the relationship effects, the average and the difference are defined: 

Then, summing across the n(n - 1)/2 dyads, the following mean squares 
are computed: 

D 
2UH2 

I} 

[(n 1)(n - 2)/2] - 1 

'2.d;l E = ------~,~---
(n - 1 )(n - 2) 

The estimate of the relationship variance, or s/' equals 

D+E 
2 

The estimate of the relationship covariance, or Sgg" equals 

D-E 
2 

The estimate of actor-partner covariance equals 

Sgg,(n - 1) 
C-----""---­

n(n - 2) . n(n - 2) 
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The estimate of the perceiver variance equals 

A _ s/ (n - 1) 

n(n - 2) 

The estimate of the target variance equals 

B _ s/ (n - 1) 

n(n - 2) 

n(n - 2) 

n(n - 2) 

Appendix B 

Significance testing for the round-robin design proceeds as with the block 
design. The estimate is computed for each group, and it is tested by a one­
sample t test to determine whether the mean of the estimates is significantly 
different from o. If group sizes vary, estimates are weighted by n - 1. That 
is, the mean and the variance are weighted estimates. 

Bivariate Relationships 

So far, the discussion has been limited to a single variable. Considered now 
is the correlation between two variables, X and Y. Surprisingly, with two vari­
ables there are six possible correlations-four at the individual level and two 
at the dyadic level. The four correlations at the individual level are per­
ceiver-perceiver, perceiver-target, target-perceiver, and target-target, where 
the first term stands for X and the second for Y. 

At the dyadic level, there is both an intrapersonal and an interpersonal 
correlation. The intrapersonal correlation is between the two variables with 
the same perceiver and target; the interpersonal correlation refers to the case 
in which the perceiver and target are reversed. So, for example, for the varia­
bles of liking and intelligence, the intrapersonal correlation measures the corre­
lation between how much a perceiver especially likes a target and how much 
the perceiver particularly sees the target as intelligent. The interpersonal corre­
lation measures the correlation between how much a perceiver especially likes 
a t~rget and how much that target particularly sees the perceiver as intelligent. 

Estimation and Testing 

The measurement of bivariate correlations is considered for the round-robin 
design. (The formulas for the half-block and full-block designs can be easily 
generalized from the univariate formulas.) The SRM formula for the second 
variable, Y, is as follows: 
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Yij = P + ci + h + hij 

where p is the constant, Ci the perceiver effect, dj the target effect, and hij the 
relationship effect for variable Y. The effect estimates for Yare computed 
as they are for X. The following covariances are computed: 

A = ~iCi 
n - 1 

B = ~il; 
n - 1 

C = ISi~i 
n - 1 

IS.! 
D = --'-' 

n - 1 

The following terms, analogous to dij and eij' are defined: 

~j = .5(hij + hji) 

sij = hij - hji 

Then, summing across the n(n - 1)/2 dyads, the following two mean cross­
products are computed: 

2I.Ciij E = --------~~----
1)(n - 2)/2] - 1 [(n 

IJijSij F = ____ ----'1....Z. __ _ 

(n - 1)(n - 2) 

The intrapersonal relationship covariance, or 5gb, is estimated by 

E+F 

2 

The interpersonal relationship covariance, or 5gb" is estimated by 

E - F 

2 

The perceiver-perceiver covariance is estimated by 
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A _ ....:;sgc-h(_n_-_l_) 
n(n - 2) n(n - 2) 

The perceiver-target covariance is estimated by 

B _ ....:;Sgc-h'_( n_-_l) 

n(n - 2) n(n - 2) 

The target-perceiver covariance is estimated by 

c _ ..,:;Sg:.,...h'_( n_-_l_) 

n(n - 2) n(n 2) 

The target-target covariance is estimated by 

D _ ....:;sgc-h(_n_-_l_) 

n(n - 2) n(n - 2) 

Appendix B 

The previously presented univariate estimates can be shown to be a special 
case of the bivariate estimates (i.e., when X ij = Yij). 

To compute correlations, each of these covariances is divided by the 
square root of the product of the variances of the terms that make up the covar­
iance. So the perceiver-target covariance is divided by the square root of the 
product of the perceiver variance for X and the target variance for Y. Like 
the univariate perceiver-target correlations, these correlations can be out of 
range. 

The unit of analysis in significance tests is the group. The estimate is com­
puted for each group, and a one-sample t test is used to test the mean against 
the null hypothesis that it is o. The mean of the estimates is tested to deter­
mine whether it is significantly different from o. Tests of covariance are two­
tailed. 

Personality Measures and Self-Measures 

Sometimes the variable Y contains only perceiver variance. For instance, if 
Y is a measure of the age or the intelligence of the perceiver, then Y will not 
have target or relationship variance. For such a variable, only the 
perceiver-perceiver and target-perceiver covariances are defined. Because there 
is no relationship variance, the two relationship covariances are not defined. 

A self-measure has only perceiver variance. A person's self-rating does 
not ordinarily vary across targets. If it does vary (e.g., a person rates himself 
or herself after each interaction), all four covariances can be computed. 
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For a self-measure and a personality measure, standard tests of significance 
of the covariances are possible. First, the perceiver and target effects are com­
puted for X. Then an ordinary Pearson product-moment correlation can be 
computed between these estimates and Y, partialing out groups. Basically, 
correlations are computed within each group and pooled. This correlation 
can be tested for statistical significance in the usual way, with degrees of free­
dom of N - G - 1, where N is the number of people and G the number 
of groups. 

It is possible to regress self-measures on perceiver and target effects. The 
un standardized regression coefficient for perceiver is the term called k in Chap­
ter 9, and the coefficient for target is the term called q. The unexplained vari­
ance in the regression equation can be considered self-relationship variance. 

Construct Effects 

To separate error from relationship variance, there must be multiple replica­
tions or measures of the theoretical construct. Replications are obtained by 
measuring the construct at more than one time or by multiple indicators. If 
there are replications, all four terms in the model-mean, perceiver, target, 
and relationship-can be partitioned into stable and unstable components. 
Generally, there is not much interest in the partitioning of the mean, but there 
is interest in the other three sources. 

Formally, SRM with multiple measures is as follows: 

where subscript k refers to measure. The seven terms with subscripts are all 
random variables with zero mean. They are defined as follows: 

Mean unstable, or mk: Mean differences between measures. 
Perceiver stable, or ai: Perceiver variance that replicates across measures. 
Perceiver unstable, or aik: Perceiver variance that is unique to each 

measure. 
Target stable, or b/ Target variance that replicates across measures. 
Target unstable, or bjk: Target variance that is unique to each measure. 
Relationship stable, or gij: Relationship variance that replicates across 

measures. 
Relationship unstable, or gijk: Relationship variance that is unique to 

each measure. 

If the measures are carefully chosen, there is usually little unstable perceiver 
and target variance, and so the only unstable variance is relationship variance, 
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which is treated as error. If the unstable mean, perceiver, and target terms 
are dropped, the model is SRM as originally presented (Warner, Kenny, & 
Stoto, 1979): 

The Warner et a1. (1979) assumptions generally hold in that often there is 
little or no unstable perceiver or target variance. However, it is usually not 
the case that the means of the indicators are identical, and so the Warner et 
a1. (1979) assumption of no mk term is likely to be false. 

In presentations of construct variance partitioning, the unstable mean 
variance is usually ignored. The proportion of stable perceiver, target, and 
relationship variance is presented, and the unstable sources are lumped together 
as error. In certain applications, it is useful to present all seven sources of 
variance (Hallmark & Kenny, 1989). For instance, in Chapter 3 the unstable 
perceiver variance has been used. 

There are two ways to approach the estimation of construct variances: 
first, by using mean squares from analysis of variance; second, through the . 
pooling of covariances. Both of these approaches are described. 

Mean Squares 

Consider the case of the half-block design, in which n perceivers judge r tar­
gets on q measures. I denote the measures factor as R. The data structure 
is a three-way design. There are seven sources of variance: MSp, MST, MSR, 
MSpxT, MSPxR, MSTxR, and MSpxTxR' It is assumed that all three factors 
are random. Formulas for estimating the seven sources of variance are present­
ed in most advanced textbooks on analysis of variance, and they are re­
presented here. 

The estimate of stable perceiver variance is as follows: 

MSp - MSpxT -MSpxR + MSpXTxR 
rq 

Stable target variance: 

MST - MSpxT - MSTxR + MSpxTxR 
nq 

Stable relationship variance: 

q 
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Unstable perceiver variance: 

Unstable target variance: 

Finally, the estimate of unstable relationship variance is MSp"T"R. 
Formulas for the full-block design are rather straightforward; analyses 

of variance are done within each block and then pooled. However, for the 
round-robin design the estimation procedure is quite complicated, and a se­
cond approach is to be preferred. 

Average of Covariance Matrices 

The second approach uses the variances and covariances between measures 
to estimate the construct variances and covariances. Consider the simple ex­
ample in which there are three indicators-I, 2, and 3-of a construct. Each 
covariance matrix of the three measures (e.g., perceiver-perceiver) can be 
represented as follows: 

I 2 3 

I C{I,I) C{1,2) C{1,3) 

2 C{2,1) C{2,2) C{2,3) 

3 C{3,1) C{3,2) C{3,3) 

This is a symmetric matrix, and so C{1,2) equals C{2,1). 
The stable perceiver variance is given by the average of the off-diagonal 

elements, or 

C{1,2) + C{1,3) + C{2,3) 

3 

The unstable perceiver variance is given by the average of the diagonal minus 
the average of the off-diagonal elements, or 

C{1,1) + C{2,2) + C{3,3) 

3 

C{1,2) + C{1,3) + C{2,3) 

3 
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Surprisingly, this value gives the same answer as the previously described mean­
square method. However, it is much simpler to compute and can be used with 
any design. 

Estimates of the other variances and covariances (e.g., perceiver-target) 
can be obtained in a similar fashion. The stable variance equals the average 
of the off-diagonal estimates, and the unstable variance equals the average 
of the diagonal elements minus the stable variance. 

For those familiar with measurement models in structural equation model­
ing (e.g., LISREL), it is useful to describe the measurement model within that 
approach. Each variable is assumed to load on a common factor, and all of 
the loadings are fixed to 1. In essence, the loadings are all set equal to one 
another. 

Conclusion 

The formulas for the estimates of SRM parameters can be fairly complicat­
ed, but they are straightforward. Unfortunately, standard computer packages 
(e.g., SAS and SPSS) cannot be easily used. All of the computations described 
in this appendix have been computer-programmed. The computer program 
SOREMO (Kenny, 1993a) was developed for the analysis of round-robin de­
signs, and BLOCKO (Kenny, 1993b) was developed for block designs. Both 
programs are written in FORTRAN for IBM-compatible personal computers. 

Another major limitation of this approach is that one of the designs must 
be used and there must be no missing data. Work is currently underway to 
relax these requirements. 
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THE WEIGHTED-AVERAGE 
MODEL OF PERCEPTION 

T he model discussed in this appendix is an elaboration of a model first 
presented elsewhere (Kenny, 1991), called the Weighted-Average Model 
(W AM). This appendix presents a more general version of W AM plus 

proofs of various formulas. Because of the proofs and the number of terms 
in the model, the content of this appendix is much more complex than the 
material in the chapters. The reader may wish to review the section in Chap­
ter 4 on W AM before reading this appendix. Table C.1 presents the 11 model 
parameters. 

Parameter 

n 

q 

a 

TABLE C.I. Parameters of WAM 

Definition 

Acquaintance (number of acts) 
Overlap 
Within-judge consistency 
Similar meaning systems 
Between-judge consistency 

. Weight of physical-appearance stereotypes 
Agreement about stereotypes 
Assumed "kernel of truth" in stereotypes (within a judge) 
"Kernel of truth" (between judges) 
Weight of unique impression (extraneous information) 
Communication 

Note. In Kenny (1991), w was set to 0, and it was assumed that r.1 = r.rz. In Chapter 
4 of this text, to simplify discussion, it has been assumed that rJ = r.rz, and that r6 = r4rS. 
Also, r4 here is denoted in Chapter 4 as rJ , and rs here is denoted there as r4. 

Parts of this appendix are adapted from Kenny, Albright, Malloy, and Kashy (in press). Copyright 
1994 by the American Psychological Association. Adapted by permission. 
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Model Parameters 

Consider a target who engages in a series of acts. Perceivers 1 and 2 each 
see n of the acts. A total of qn acts is seen in common, where q is less than 
or equal to 1. The parameter q is referred to as the overlap parameter. A per­
ceiver's impression of a target depends on three sources of information: the 
n acts, the perceiver's unique impression, and physical-appearance informa­
tion. Attached to each is a scale value or the meaning that the perceiver gives 
to the information. The scale values for the act are denoted as 51> 52, and so 
on. The unique impression's scale value is denoted as 5o, and the scale value 
for physical appearance is 5po Each of these scale values is double-subscripted 
below; the first subscript denotes the perceiver. and the second the act. 

The formulas for the impressions of perceiver 1 (II) and perceiver 2 (12) 
are as follows: 

W51P + IsH + k510 

n+w+k 

W52P + Isz; + k520 
12 = n+w+k 

The term w is the weight of physical-appearance stereotypes, and k is the 
weight of the unique impression; k and ware assumed to be the same for 
both perceivers. 

The denominator can be ignored because correlations are not affected 
by a constant. So the n + w + k term can be ignored. The variances of all 
terms equal 0/ where the variances are computed across targets within a 
judge. If the variances do differ, that difference can be expressed in terms of 
the weights. All expected values are zero except the unique impression. 

The correlations between scale values are as follows: 

511 1 

512 rl 1 

521 r2 r3 1 

522 r3 r2 rl 1 

51P rs rs r6 r6 1 

52P r6 r6 rs rs r4 1 

511 512 521 522 5IP 52P 

All the correlations between the scale values of the unique impressions, 510 

and 52o, are all zero. The definitions of the six correlations are as follows: 
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rl: Consistency within a judge across acts. 
r2: Agreement between judges within an act. 
r3: Consistency between judges across acts. 
r4: Agreement between judges on physical-appearance stereotypes. 
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rs: Assumed consistency within a judge between physical-appearance 
stereotypes and an act. 

r6: Consistency between a judge's evaluation of physical appearance 
and another judge's evaluation of an act. 

The last parameter can be viewed as a "kernel of truth" parameter, because 
it represents the correlation between the "truth" (the target's behavior) and 
the stereotype that the perceiver has concerning the target's behavior. The 
correlation between SIP and 11 where n is very large is rslY:;;, and the corre­
lation between SIP and 12 where n is very large is r61Vr;. 

The six correlations are not independent. So, for instance, if both r1 and 
r2 are assumed to equal 1, it must be the case that r3 also equals 1. Earlier 
(Kenny, 1991), I assumed that r3 = rlr2. In Chapter 4, it has been assumed 
that r6 = r4rS and that r3 = rlr2 (all terms as defined here). Also, to simpli­
fy the presentation of the model in the text, what is called r4 here is called 
r3 in the text, and what is called rs here is called r4 in the text. 

Consensus (c) 

To determine consensus (c), or the correlation between II and 12, first the var­
iance of 11 and 12 is determined, and then the covariance between 11 and 12 
is determined. The variance, or 0/, equals 

0/ = 0/[k2 + ur + n + n{n - 1)r1 + 2wrsl 

= 0/[k2 + ur + n{1 + (n - 1)rl) + 2wrsl 

The covariance between 11 and 12 does not involve the So terms because 
they are independent. A total of qn of the S terms are the same, and {1 - q)n 
are different. There are then five components of covariance: the covariance 
between the overlapping terms (A), the covariance between the nonoverlap­
ping terms (B), the covariance between the two (C), the agreement between 
SIP and S2P (D), and the covariance between the scale values of the physical 
appearance and the behaviors (E). They are as follows: 

A = qno/r2 + qn(qn - 1 )0/r3 

B = {1 - q)2n20 / rJ 

C = 2q(1 - q)n20/rJ 

D = uro/r4 
E = 2wno/r6 
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Notice that in A, B, and C, there are a number of terms containing 0/r3' The 
sum of those terms is 

qn(qn - 1) + (1 - q)2n2 + 2q(1 - q)n2 

which equals 

This simplifies to n2 - qn. So the covariance between 11 and 12 equals 

The value of c equals the covariance between 11 and 12 divided by the 
variance of I. Note that the 0/ terms cancel to produce the following: 

c = wZr4 + 2wnr6 + qnr2 + (n2 -qn)r3 

k2 + wZ + n[l + rl(n - 1) + 2wrsl 

Note that when w = r4 = rs = 0 and r3 = rlr2' the formula above reduces 
to formula 2 in Kenny (1991). Note that as n increases, c approaches r3/rl' 

which in the simpler version of the model equals r2' 

To allow for communication effects, the impression for judge 1 is 

The variance of It' IS 

V(aI2 + 11) = 0/(a2 + 1 + 2ac) 

and the covariance between the two impressions is 

Therefore c' , the consensus correlation allowing for communication, equals 

which reduces to 

0/(a2c + 2a + c) 

ol(a2c + 1 + 2ac) 

c+a2c+2a 

1+a2 +2ac 

This formula is identical to formula 3 in Kenny (1991). 
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Accuracy (v) 

The accuracy correlation is symbolized by v, which stands for validity. The 
criterion score is assumed to be ~I/p, or the average of all possible impres­
sions, where p symbolizes the number of possible impressions. The correla­
tion between II and ~I/p is now determined. First, the variance of II is 
defined as 

0/[k2 + w 2 + n(l + rl(n - 1)) + 2wrsl 

(n + k + W)2 

The variance of ll/p is 0/r3' The covariance between II and ll/p is 

oi(wr6 + nr3) 

n + k + w 

The validity correlation, or v, equals 

If there is communication, then the correlation equals 

v(l + a) 

V 1 + a2 + 2ac 
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Target accuracy, 12, 116, 142-143, 
220. See also Accuracy research 

acquaintance and, 141-142 
components, 117, 121-123 
consensus and, 50, 141 
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Target accuracy (continued) 
criterion measurement, 133-137 

behavioral observations, 135-136 
choice of, 136-137, 140 
expert judgments, 134 
mean judgments, 135 
operational criteria, 135 
self-perception, 133-134 

defining, 6-7 
accuracy research and, 117-118 
partitioning scores and, 121-123 

dyadic, 12, 132, 160 
generalized (individual), 12, 132 
historical survey, 116-125 
perceiver effect and, 205 
research evidence. See Accuracy 

research 
in Social Relations Model, 28-29 
Weighted-Average Model and, 

140-142 
Target effect, 120, 210, 220 

self-perception-perceiver effect rela­
tionship, 207-209 

in Social Relations Model, 17-19 
Target variance. See also Consensus 

in affect, 84-86 
defined, 30-31 
in meta-perception, 157 

Traditional research paradigm, 2-3 
Trait effect, 120 
Trait moderators, 214, 215 
Traits. See also specific traits 

Big Five and, 207 
classification, 8-9 
importance, 4-5 

2-on-1 agreement, 54 

Unique impression, in Weighted­
verage Model, 64, 65-66, 246 

Uniqueness, 11, 82, 99 
acquaintance and, 96-98 
affect vs. other-perception and, 

84-87 
defined,6 
in judgment score, 120-121 
mathematical specification and, 

91-96 
relationship effect interpretation and, 

87-96 

Index 

summary, 204-205 
variance in perceiver effect, 27-28 
vs. assimilation, 83-84 
vs. consensus, 83-84 

Validity of stereotypes, in Weighted­
Average Model, 64. See also 
Kernel of truth' 

Variance, 30-31 
correlations and, 32 
measure of consensus, 55-56 
in perceiver effect, 35 

Variance partitioning 
of affect, in meta-perception, 

155-158 
example, 20-21, 30 
of meta-perception, 151-158 
traits and, 151-155 
of other-perception, 83-84 
Social Relations Model and, 21-23 
of behavioral data, 224 

Vignette research, 2-3, 7-8 

Weighted-Average Model (WAM), 
11, 87, 116 

accuracy and, 140-142 
accuracy correlation, 249 
consensus and acquaintance, 78-79 
consensus correlation, 247-248 
greater consensus for extroversion, 

77-78 
implications for consensus, 

68-75 
limitations, 203, 212 
parameters, 63-68, 245-247 
person perception and, 211-212 
potential, 203 
self-perception, 192-193 
sources of disagreement, 75-76 
vs. Social Relations Model, 210-211 

Zero acquaintance, 8. See also 
Acquaintance 

assimilation, 41-42 
consensus, 59, 77 
defined,8 
self-other agreement, 196-197 
target accuracy, 138-139 
uniqueness, 98 

f 
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