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Preface

In this book we study the effect of interference and methods of coping with it in a
wireless network. We approach the problem from three different perspectives. The
first which involves physical layer is a method to cancel out interference in a multi-
access channel. We consider J transmitter units each equipped with N transmit an-
tennas over wireless Rayleigh fading channels. Previously, it was proved that when
each transmitter unit has N transmit antennas, using (J — 1) N + r receive anten-
nas for any r > 1, the receiver can completely separate the signals of J users. The
provided diversity to each user was shown to be Nr if the units employ space-time
trellis codes even if the units transmit asynchronously. Here, we consider the case
when all units are synchronized and employ Quasi-Orthogonal Space-Time Block
Codes (N > 2). Itis proved that in this case a receiver with J 4 r — 1 antennas, with
r > 1, can separate the transmitted signals of all units and provide each unit with a
diversity order of Nr.

Based on our interference cancellation technique, we then offer an array process-
ing scheme which provides trade-off between diversity and spatial multiplexing.
It is shown via simulations that this array processing scheme performs better than
well-known modulation schemes, e.g. space-time block codes and BLAST, for a
moderate number of receive antennas. We then derive the diversity order of these
multiple antenna multi-user cancellation and detection schemes.

In our second approach we assume the physical layer did not remove interference
fully. We then try to optimize our medium-access control (MAC) layer. We consider
the problem of joint routing, scheduling and power control in multi-hop wireless
networks. We use a linear relation between link capacity and signal to interference
noise ratio in our formulation. In a previous work, using a duality approach, the op-
timal link scheduling and power control that minimizes the total average transmis-
sion power is found. We formulate this problem as a linear programming problem
with exponential number of constraints. To cope with the exponential number of
constraints, we propose an iterative algorithm based on the cutting plane method.
The separation Oracle for the cutting plane algorithm turns out to be an element-
wise concave optimization problem that can be effectively solved using branch and
bound algorithm.
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viii Preface

We extend the same method to find the optimal routing scheduling and power
control. Simulation results show that this methodology is more efficient and scalable
compared to the previously proposed algorithm.

As a third approach we investigate the connectivity of fading wireless ad-hoc
networks. We first define interference, and based on that propose a few metrics of
connectivity. We then study the effect of interference on connectivity based on each
of those metrics.

Seyed Javad Kazemitabar
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Chapter 1
Introduction

When two or more sources talk at the same time we will have interference. In wire-
less networks, interference is a common phenomenon due to sharing the medium,
i.e. sky, by all the sources. Since, degrees of freedom, e.g. band-width, number of or-
thogonal codes, and time, are limited, interference is inevitable. It will then be useful
to first, model this interference and then cope with it in different layers of network.
In this book we address this issue from three different perspectives of physical layer,
medium-access control layer, and network connectivity.

1 Coping with Interference in Physical Layer

Multi-user Communication and Interference Cancellation

Modern communication systems need to consider multi-user transmission (multi-
access) or multi-user reception (broadcast) in their designs. During the past few
decades, a large effort has been made in finding the capacity of such channels for
AWGN [2-4] and Rayleigh fading [5—8] scenarios. After the introduction of notions
like diversity and multiplexing [9-12] to the area of wireless communications, re-
cently researchers have started considering them in the previously defined problems
of network information theory [13, 14].

In this chapter we consider a multiple antenna multi-access scenario where by
usage of receive antennas one can cancel out the interference of other users. To the
best of our knowledge, the first interference cancellation technique that specifically
addresses multiple antenna equipped users is [1]. In this work, Tarokh et al. con-
sider the case where each user is equipped with N transmit antennas. They show
that one can decode each user separately by using enough number of receive anten-
nas (N times the number of users). Using properties of orthogonal space-time block
codes [10, 11], Naguib et al. [15] provided an interference cancellation method that
required much less number of receive antennas, i.e. as many as the number of users.
However, this method was only for users equipped with 2 transmit antennas. The
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work was improved in [16] for higher number of transmit antennas but only for
J = 2 users. In this chapter we show why the work started by Naguib et al. can-
not be applied to higher number of transmit antennas when complex constellations
are used. Moreover, we offer an alternative that is based on a similar modulation
scheme named Quasi-Orthogonal Space-Time Block Code (QOSTBC) [17, 18]. Our
scheme also requires having receive antennas as many as the number of users only.
Previously, when the number of transmit antennas, N, was more than 2, one needed
approximately N times the number of users for decoding; we reduce this number to
almost one Nth of what was required.

Trade off Between Rate and Diversity

Space-time codes are designed in a way to provide highest possible transmit diver-
sity when multiple antennas are available. On the other hand, codes like BLAST
[19] are designed specifically to achieve the tremendous potential rate promised by
information theory [20, 21] using multiple antenna systems. The diversity order in
these codes, cannot be as high as space-time codes [12]. Therefore, designing codes
that provide high diversity order while maintaining rate is appreciated. Examples of
such codes are golden [22] and perfect [23] codes. These two codes have full diver-
sity and at the same time provide a high rate. The drawback of these codes, however,
is that they require as many receive antennas as the number of transmit antennas, in
order to use sphere decoding. The next challenge then, will be to add the property
of simple decodablity and reduction in number of required receive antennas while
having previous properties.

There is a direct relationship between any multi-user detection (MUD) scheme
and a single user modulation scheme with multiple transmit antennas. Once the
multi-user scheme is designed one can think of each user as one antenna or a group
of antennas embedded in the transmit antenna array of a single transmitter unit. Us-
ing the multi-user decoding method we develop in this chapter, we provide a single
user scheme that trades between diversity and spatial multiplexing. It turns out, as
it is shown in the simulation results, that the new single user scheme outperforms
many well-known multiple antenna schemes. We explain this part of our work in
Chap. 2.

Diversity Analysis of Multi-user systems

Although, there has been a lot of work in the area of multiple antenna multi-user
detection, there is a lack of performance analysis. To the best of our knowledge,
a mathematical calculation of the diversity order of these MUD schemes is missing
in the literature. Therefore, we were motivated to find the exact value of diversity
for these schemes.

In a recent work [31] however, the authors provide a mathematical model for
calculating the equivalent signal-to-noise-ratio (SNR) of different MUD methods.
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Their work gives us a tool for analyzing the performance of these schemes. In this
chapter we will derive the diversity order of two of the described methods based
on the formulation introduced in [31]. We then extend the results to more than two
transmit antenna case. We explain this part of our work in Chap. 3.

2 Coping with Interference in Medium-Access Control (MAC)
Layer

Assuming the physical layer could not remove the interference fully, it will then be a
problem how to design MAC. Wireless mesh networks rely on multi-hop transmis-
sion to provide connectivity between end users. In such systems it is highly desirable
to minimize the total power consumption to increase energy efficiency of the system
and to minimize interference with other telecommunication systems working in the
same environment. Three separate set of control variables that determine the energy
consumption in a network are: (i) Routing which specifies path(s) that are used to
transfer data between every source-destination (S-D) pair in the network and the
fraction of traffic that on average is sent through each selected path. (ii) Scheduling
which specifies the set of active links that transfer data at each time slot. (iii) Power
control which determines power transmission of active links at each time slot. For a
given traffic matrix which specifies traffic demand between every source-destination
pair our goal is to find the optimal routing, scheduling, and transmission power that
minimize the total power consumption in the network.

Capacity of a link in wireless networks is not fixed and it depends on many factors
including the transmission power over the link and interference caused by transmis-
sions over other links in the network. The interdependence and coupling between
link capacities is one of the fundamental characteristics that should be considered in
modeling and design of wireless networks and algorithms.

The physical layer models that consider interference result in complicated math-
ematical relations between power and link capacity which are multi-variable and
non-convex. Therefore, conventional convex optimization algorithms are not ap-
plicable anymore. Furthermore, to cope with the interdependence and coupling of
variables in wireless networks, it is well-known that a cross-layer design approach
that jointly optimizes routing, scheduling and power control can substantially re-
duce total power. In this work, we propose a cross-layer global optimal algorithm
that minimizes the total power consumption in the network and consider non-convex
inter-dependent model for wireless links.

Optimization approaches for wireless network resource allocation are developed
in several works. Our approach is similar to [37], where the problem of joint rout-
ing, scheduling and power control for wireless multi-hop network is considered.
They present a centralized algorithm to find optimal scheduling and power con-
trol to minimize the total average power consumption in the network, subject to
constraints regarding the peak power and minimum data rate over each link. In ad-
dition, using the dual variable as the link cost they propose a gradient based algo-
rithm to find the optimal routing iteratively. However, number of constraints of the
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scheduling and power allocation problem, which should be solved in every iteration,
grows exponentially with the number of links. Hence, this approach is impractical
for large size networks. We propose efficient relaxation methods and introduce an
algorithm that simultaneously finds the optimal routing, scheduling and power al-
location. Even though the worst case complexity of the relaxation methods can be
exponential, these algorithms turn out to be very efficient for practical problems.
In fact, by using the simulation results, we show that our proposed algorithms for
routing, scheduling and power control is even much more efficient than the direct
approach proposed in [37, 38] for scheduling and power control (with fixed routing).

Kodialam and Nandagopal [39] consider the problem of determining the achiev-
able rates in multi-hop wireless networks. They consider a node-exclusive inter-
ference model, which means that transmitters use orthogonal channels and there-
fore there is no interference between transmissions of separate node pairs. They use
polynomial time approximation schemes for solving the routing problem and rely on
graph edge coloring methods for scheduling. In their model the transmission power
over each link is fixed and hence there is no power control problem. Bhatia and
Kodialam [40] consider the problem of joint routing, scheduling and power control
for wireless multi-hop networks. They derive a performance guaranteed polynomial
time approximation algorithm for jointly solving these three problems. Similar to
[39] they also assume orthogonal channels and hence there is no interference be-
tween the channels. Lin, Lin and Shroff [42] use the same model presented in [40]
and find a low complexity distributed algorithm for routing, scheduling and power
control. Their proposed algorithm is sub-optimal and its power consumption can
be twice as large as the optimal solution. Further, since their interference model is
also based on the node-exclusiveness assumption, they do not consider interference
caused by simultaneous transmission of separate nodes. In the simulation results
section, we discuss that the adopted interference model has profound impact on the
optimal routing characteristics.

Motivations and Applications

Wireless cross-layer design algorithms can be distributed or centralized. The dis-
tributed algorithms are generally designed to dynamically adapt to the network and
users conditions and requirements. Therefore, they often trade-off performance for
low computational complexity and communication overhead [42]. The algorithm
proposed in this paper is centralized and even though it may not be applicable as an
adaptive on-line algorithm it has several applications in the design and analysis of
wireless networks such as:

o Minimum Bandwidth Guarantees: Our algorithm can be used to reserve a fraction
of the time slots to efficiently provide minimum bandwidth guarantees between
source-destination pairs, while for the rest of the time slots we can use a dis-
tributed algorithm to dynamically allocate the bandwidth. Distributed algorithms
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may be able to provide long term (asymptotic) throughput (or fairness) guaran-
tees, however it is much more challenging to provide short term performance
guarantees with these algorithms [42, 43]. This becomes even more dramatic if
we use random access methods such as 802.11 for distributed scheduling [44,
45], where starvation of some connections may occur. Under these circumstances
a combination of centralized algorithms for minimum bandwidth guarantees and
distributed algorithms for the rest of the capacity can be very desirable.

e Path Selection: Convergence of distributed routing algorithms can be very slow
and before convergence we can have loops in the paths. We can use the centralized
algorithm proposed in this chapter to select a good candidate set of the paths and
then use distributed scheduling algorithms to distribute the load among selected
paths [46]. Furthermore, our algorithm will also provide good set of the links that
can be scheduled together in order to simplify the distributed scheduling.

e Bench-marking: Our algorithm can be used to study performance of alternative
scheduling and routing algorithms and to understand how far they are from the
optimal possible performance. We can also use our algorithm to detect and un-
derstand fundamental bounds and bottle-necks of a network architecture.

e Design Insights: Our algorithm can be used to study and answer questions re-
garding structure and properties of the optimal solution for wireless networks.
As an example consider number of the paths that we need between every source-
destination pair. In the wired networks, it is a common practice to use multiple-
paths to do load-balancing in the network. However, our studies and simulations
show that in many scenarios this is not a good idea in wireless networks. Note that
in wireless networks, due to link coupling effect, multiple paths means greater in-
terference which could lower the over-all capacity of the network.

Solution Overview

In [37] the problem of minimizing total power consumption of a multi-hop wire-
less network subject to a given offered load and a fixed routing is formulated as
an element-wise concave optimization problem. Hence, the optimal power vector
solutions reside on the extreme points of the feasible power region. Consequently,
the optimization problem can be formulated as a linear program which has one con-
straint for every extreme point of the feasible power region. Therefore, complexity
of this problem grows exponentially with the number of the links in the network,
which makes it not scalable.

In our approach, using the relaxation method, instead of solving the LP with all
constraints, at each iteration we solve a relaxed version of it with a few number of
constraints. We use a non-linear optimization problem Oracle to check if the relaxed
LP solution satisfies all constraints. If it does not, then the Oracle specifies one of
the violated constraints that we will add to the constraint set of the relaxed LP. We
continue until the relaxed LP solution satisfies all constraints. Even though in theory,
it is possible that we need to add all of the constraints to the relaxed LP, practically
it converges after a few iterations (relative to the number of links in the network).
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We extend the Oracle to provide the routing solution too. In [37], they use a
gradient based algorithm to update the routing. At each iteration, after the routing
update, the optimal scheduling and power allocation should be re-computed. This is
a very time consuming and inefficient procedure, so that it is reported to be efficient
only for networks with at most 15 links [38]. In comparison, our simulation results
show that the proposed algorithm can work for large networks with 100 links and
more. Further, since we rely on global optimization algorithms, our approach can
be extended and applied to other non-linear physical layer link models. We explain
this part of our work in Chap. 4.

3 Effect of Interference on Connectivity

Regardless of how we deal with the interference in physical or MAC layers, it has
inevitable effects on the connectivity of the network. Investigating the connectiv-
ity of radio networks goes back to four decades ago. In his pioneering work of [62],
Gilbert studied the connectivity of infinite random networks relying on the so-called
geometric disk model. In the geometric disk model, a random topology network is
represented by a disk graph in which two nodes are directly connected if their dis-
tance is smaller than a given transmission radius. As evidenced by the works of [57,
67, 68], the connectivity of infinite random ad-hoc networks by means of the geo-
metric disk model has recently received much attention. In addition, a survey of the
literature reveals a large number of articles in the context of connectivity of ad-hoc
networks with a finite number of mobile nodes. Some of the related articles in this
area are [56, 58, 59, 70]. Interestingly, connectivity in random networks represented
by graphs of mixed short and long edges can also be related to small world net-
works [74]. Although originally attractive for studying connectivity, the disk model
measures connectivity relying on a pure distance-based metric which is far from
the reality of wireless networks. The main disadvantages of the disk model are not
considering the effects of fading, attenuation, interference, noise, and mobility.

In [63], Signal-to-Interference-Noise-Ratio (SINR) is proposed as the metric of
connectivity in wireless ad-hoc networks. According to SINR metric, two nodes in
a random topology are connected if their minimum SINR is greater than a given
threshold. The two connectivity studies of [55] and [60] rely on the SINR model.
While SINR is a more realistic metric of connectivity compared to the geometric
disk model, it still falls short of fully capturing the connectivity phenomenon in
wireless ad-hoc networks. In reality, a pair of nodes in an ad-hoc network are con-
nected if a sequence of transmitted symbols from one can be received at another. In
addition, variations of the channel in time and frequency can also affect connectiv-
ity. Utilizing Capacity (C) and/or Symbol Error Rate (SER) can better describe the
connectivity phenomenon because those quantities are functions of not only fading,
shadowing, and power but modulation and antenna configuration.

The use of space-time coding techniques in wireless networks is of special inter-
est because it can substantially reduce the effects of multipath fading in the wire-
less channels through antenna diversity. Transmit antenna diversity in the form of
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Space-Time Block Codes (STBCs) of [10] and [11] has been adopted in WCDMA
and CDMA2000 standards. Receive antenna diversity schemes such as Maximum
Ratio Combining (MRC) are already in widespread use in communication systems.

The contributions of our work are in the following areas. We introduce a pair of
probabilistic connectivity metrics for wireless ad-hoc networks relying on an anal-
ysis of the time-varying fading wireless channels. We utilize central limit theorem
and Gaussian approximation in our analysis to represent the combined interference
and noise signal affecting the links of an ad-hoc network. Our first metric is de-
fined based on the capacity of Multiple-Input Multiple-Output (MIMO) channels.
Our second metric is defined based on the symbol error rate of such channels. We
also provide a special treatment of our connectivity metrics for ergodic channels.
We study this in Chap. 5.



Chapter 2
Multi-User Communication and Interference
Cancellation

As the first effort to cope with interference, we try to minimize its effect in physical
layer. One of the most common cases where interference will be crucial is when the
base station is receiving data from several users at the same time. In this chapter we
will propose a method to cancel out interference in this case using antennas at the
base station.

1 The Channel Model

We model a multi-user wireless communication system where the receiving unit
is equipped with M = J +r — 1 receive antennas, where » > 1 is the receive an-
tenna redundancy. There are J transmitter units and each unit j, j =1,2,..., J is
equipped with N antennas.

Let ¢;,(j) denote the transmitted symbol from the n-th antenna of user j at
transmission interval ¢ and r; ,, be the received word at the receive antenna m at the
base unit. Then, for the received signal we will have

J N

I't.m = Z Zan,m(j)ct,n (J) + Ntm 2.1

j=ln=1

2 Interference Cancellation Using Space-Time Block Coding

It is well-known that one can separate signals sent from J different users each
equipped with N transmit antennas, with (J — 1) N + 1 receive antennas [1]. We
can simply form a decoding matrix that is orthogonal to the space spanned by chan-
nel coefficients of the users to be eliminated:

R, = CH+ N, (22)

S.J. Kazemitabar, Coping with Interference in Wireless Networks, 9
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where

C =G, GQ),....CWU))

R; = (rt,l’rt,Za---art,M)

2.3)
'/\/t = (nt,15 77t,2, sy 771,M)

H=(HODHQ|-HW)")
with

C ()= (Ct,l(j)» Ct,2(j): '--»CI,N(j))

a1(j)  or20) o arm()) (2.4)

a1(j)  a20() - azm(j)
H(j) =

ay1(j) an20) - anm())

Therefore, one can rewrite (3.4) as follows:

J
R =) C/(HH()+N 2.5)

j=1
To decode user 1, one can simply find a zero-forcing (ZF) matrix Z such that

H(l.)Z 70 . (2.6)

H(j))Z=0 forj+#1
In other words, Z should null the space spanned by the row vectors of all H(j)s, for
Jj=2,3,...,J. Also, it should not null at least one row vector of H(1). Since all
the rows of H(j)s might be linearly independent, the dimension of Z, i.e. M, must
be at least equal to the number of these rows, or (J — 1) N + 1. Each antenna group
(user) can employ a modulation scheme to benefit transmit diversity; as if it is the
only group that is sending data.

One might naturally think that using some smart coding in space and/or time,
may reduce the number of required receive antennas. In fact that is true; in [15] it is
shown that when N = 2 and users are equipped with Alamouti code, i.e. Orthogonal
Space-Time Block Code (OSTBC) for N = 2, the number of required receive an-
tennas is reduced to J. Also, in [16], same task is accomplished for a larger group of
OSTBCs when only J = 2 users exist. To the best of our knowledge, for users with
more than 2 transmit antennas and for general number of users, such an example
does not exist in the literature. In what follows we describe the algorithm in [15]
except that we use ZF instead of minimum mean square error (MMSE) that requires
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matrix inversion. We then show why it is not possible to repeat what Naguib et al.
did for higher order OSTBCs for an arbitrary number of users' and then offer an
alternative.

Consider 2 users each transmitting an Alamouti block to a receiver unit equipped
with at least 2 receive antennas. The received signal can be written in the following

format:
Flm \ _ sl s2(D) . ay,m(l)
r2.m —s5(1) sy(1) a2,m(1)
51(2) 52(2) a1,m(2) N,m
+ . ' + ’ 2.7
(—s;@) sr(2>> (az,m@)) (ﬁz,m> @7

The idea behind interference cancellation arises from separate decodability of
each symbol; at each receive antenna we perform the decoding algorithm as if there
is only one user. This user will be the one the effect of whom we want to cancel
out. Then, we simply subtract the soft-decoded value of each symbol in one of the
receive antennas from the rest and as a result remove the effect of that user. This
procedure is presented in the following lines:

't,m _ Oll,m(l) Ol2,m(1) ) s1(1)
3w o @, () —af, (1) s2(1)
Ul m (2) o2.m (2) 51(2) N,m
: 2.8
+<a;m(2) —a;m(z)> <s2(2>)+<n§,m> &9

As one can easily check, the matrix multiplied to (s1 (1), s2(1))7 is multiple of a
unitary matrix. Therefore, we can simply write

O‘T’m(l) azm(1) ,m . 2 2 s1(1)
(a;m(l) _al’m(1)> (rim>—<|a1,m<1>| Haru P (]

Olikm(l) a2 m(1) arm2)  aram(2) 51(2) 77/1 .
‘ ’ 2.9
i (Oé;m(l) _al,m(1)> (Ol;m(Z) —051“’”1(2)) <S2(2)) + (’7/2”1) (2.9)

form=1,2,..., M. '71/' m is a zero mean Gaussian random variable, with variance
2 D|? 1)) .. .
(1. )LAJ,;JDQ"”( I The above analysis is a part of decoding for any orthogonal

space-time block code [25, Chap. 4]. To completely eliminate the effect of user
No. 1, it remains to divide (9) by (|ozl,m(l)|2 + Iaz,m(l)|2) and subtract the terms

"'When there are only 2 users, it is possible to do interference cancellation with a class of OST-
BCs [16].
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for m =1 from that of m =2, ..., M. The resulting terms will be

1 af , (1) azm(l) a1m(2)  am(2)

larm (D + a2 m(D? \ o3, (1) —a1m) ) \a2m@)*  —a1m(2)*
B 1 of (1) o1 (D) a1,1(2)  a21(2)
e 1 (D2 + ez 1 (D2 \ ez (D —ai(D) ) \a3 1 (2) —af (2)

51(2) "
) 2.10
() () =

for m =2,..., M. The distribution of n:’ . 18 Gaussian, and its variance is equal
to 2 + 2 .
SNR(a1m (DP+lozm (DI?) 7 SNR(lar1,1 (D2 +ea, 1(D?)
overall matrix multiplied by (s1(2), s2(2))” above is also a multiple of a unitary ma-
trix. Therefore, the system in (2.10) is equivalent to one that transmits an orthogonal
design. We can simply apply Maximum-Likelihood (ML) decoding, which is sepa-
rate for each of the symbols due to having a unitary channel matrix. Note that only
M = J =2 receive antennas are needed for gaining full transmit diversity, N = 2;
using more receive antennas will result in a multiplicative receive diversity, such
that the overall diversity will be 2r, withr =M — J + 1.

It can be easily shown that the

Lemma 1 The interference cancellation technique performed on Alamouti struc-
ture cannot be extended to higher order OSTBCs when having more than 2 users.

Proof After eliminating the first user there will be K equations left each produced
by eliminating one of the symbols (s1(1), s2(1), ..., sk (T, where K is the num-
ber of symbols in the block code. The algorithm described above requires that after
elimination of the first user, the resulting equations be in the following format

J
ZUi si (2.11)
i=2
where sj = (s1(i), s2(i), ..., Sk (i))T and Uj is a multiple of a unitary matrix. A set

of equations with the form of U - s is equivalent to usage of a K x N orthogonal
block code in the transmitter. A block code sending K symbols in K time slots is
rate one. However, we know that rate one complex orthogonal design is impossible
for more than 2 transmit antennas [11, 24]. Therefore, after eliminating the first
user, the resulting system cannot enjoy simple decoding as it did for the case of
2 transmit antennas in [15]. Therefore, users No. 2 and above cannot be cancelled
out. This means that the algorithm used in [15] cannot be extended to more than 2
transmit antennas for an arbitrary number of users. O

Note that all this discussion happens when the first user is cancelled. Therefore,
we might be able to perform interference cancellationinterference cancellation using
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OSTBCs for the case of J =2 as [16] suggests. In addition, since there exist rate
one real orthogonal designs, we can apply the same algorithm to them as we show
in the following lemmas.

Definition A generalized real orthogonal design is a 7 x N matrix C with real
entries sy, —s1, §2, —$2, ..., Sk, —Sg such that

CTC=«(st+s3+ - +s)ly (2.12)

Lemma 2 A generalized real orthogonal design can be written as

K
C=) sk (2.13)

where matrices E are T x N real matrices and satisfy

E/Ev +E[E =0y k#K

(2.14)
E/E; = Iy k=1,2,....K

Proof Refer to [25]. Il
Lemma 3 For any number of transmit antennas, with usage of real orthogonal
space-time block codes, and using a real constellation, we can simply decode a
group of J users given the same number of receive antennas.

Proof Consider a real channel with channel matrix H and noise vector N. Assume

we have J users each equipped with N antennas and transmitting a 7 x N real
orthogonal code C. At each receive antenna m, form = 1,2, ..., M we have

J J K
T=S"HL()-CT(H+NE=S"HL() Y s (DEL + N

K
Z k()R () + Ny

Il
0 M\

~

=Y 10D 205K D) - Run () + N (2.15)

j=1

where )" (j) = H,fl (j)E,{ is the kth row of a K x T matrix ,,(j) and contains
T elements. These elements are a function of N path gains aq,,(j), «2m(j), - -,
anm(j). It can be easily shown that [25]

N
@ (j) - 1)) = (Za,%mU))IK (2.16)

n=1
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For example, let us assume we want to eliminate the effect of user No. 1. We simply
multiply each R, by SZT (1), divide it by Zn 1 a » (1) and subtract the term for
m =1 fromthatof m=2,..., M:

RL-@L() R/ Ko .
S Sl () —;m(}),m(]),...,sm))
. T N ool
{ R (j) - 20 (D) szl(Nn szl (1)}+N,
Zn 106 (D Zn:lanl(l)

2.17)

To prove that we can continue eliminating other users, we need to show that the
following matrix is also multiple of a unitary matrix:

,()- L) 1) -2 (D)
Yhlie2, () YN e

For that, it would be enough to show £,,, (j1) - SZ,{12 (j2) is a multiple of a unitary

(2.18)

matrix.” The latter is true due to the following:
; . T ; )
(2, G - 20, ()] [ @, G1) - @1, ()]
= R,,(j2) - R (1) - R, G1) - @ () (2.19)

Since K =T [25], £,,s are K x K square matrices and (2.16) implies

N
QL) - @ (j) = (Zaﬁm (j))lk (2.20)

n=1

Therefore, (2.19) can be simplified as following

N N N
R, (J2) - (Z U, (h))IK - QF (o) = (Z [ (j1)> (Z a,%mz(jz)> Ix
n=1

n=1 n=1

(2.21)
This concludes the proof that the matrix in (2.18) is a multiple of a unitary matrix.
Therefore, once we eliminate the first user we can apply the same method on the
remaining M — 1 signals and eliminate the second user. The reason is because the
corresponding 2 matrix at each stage of elimination is square and multiple of a
unitary matrix and the above proof guarantees the same property for the matrix of
the next stage. g

2Since we know that the two subtracted terms will have the same format and will keep it after
subtraction.
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However, as discussed earlier, complex OSTBCs, except for N = 2, are not good
candidates for interference cancellation when the goal is reducing the number of
receive antennas. In next section, we offer another modulation scheme that fulfills
the task for higher number of transmit antennas.

3 Interference Cancellation Using Quasi-Orthogonal
Space-Time Block Coding

We use Quasi-Orthogonal Space-Time Block Codes (QOSTBCs) as follows [17]:

51 52 53 S4
* * * *
—Sy ST =S4 53

C= (2.22)

53 S4 51 52
—s; 83 =8y s
In this design each column of the generator matrix is orthogonal to all other columns
except one. As a result a pairwise decoding of the symbols is possible. Using rota-
tion for some of the symbols, full diversity QOSTBCs are realizable [18, 23].
We describe the decoding when there is one user. The multi-user case is next
to be studied. Assuming perfect channel state information is available, the receiver
computes the decision metric

2

M
D lrm =Y enmMeia() (2.23)
m=1 t=1 n=1

over all possible symbols to replace s1, . .., s4 in C and decides in favor of constella-

tion symbols that minimize this sum. Since we have only one user and for simplicity
specify one receive antenna, we do not mention indexing of group or receive antenna
in the rest of this section. Simple algebraic manipulation shows that ML decoding
for the code in (2.22) is equivalent to minimizing the following sum [17]:

S13(s1, 83) + faa(s2, 54) (2.24)

where f13(s1, s3) is independent of (s2, s4) and f24(s2, s4) is independent of (s1, 53).
Therefore, the pairs (sq, s3) and (s2, s4) can be decoded separately and the scheme
is pairwise decodable.

In [27] a new decoding method was introduced by which differential decoding of
a QOSTBC for non-coherent systems became possible. Let us review this decoding
method. For M = 1 receive antenna, let us define the received signals at four time
slots by r1, r2, r3, r4. Then, the set of input-output equations is equivalent to [27]:

R, =SH; + V] (2.25)
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where

Ry = (31,7241 =1 +r3.m+12)"

Hi = (a13,1, 004" = (1 + a3, 00+ og)”

Ni=m+n.m+n)"

S, = S1i,1 Si4,1 _ S1*+ 53* si +s4>1k

—S41 5131 —(s3 +53) sy 453
and
R; = S:Hy + ) (2.26)

where

Ry = (r132,7242) = (r1 —r3,r2 —ra)"

Hy = (@132, 0242)" = (01 — 03,00 — )"

No= (i —nz,ma—na)”

S, — s32 su2) [ si=s m2-s
—S342 S132 —(s3 —sy) sf =53

We can consider (2.25) and (2.26) as two equivalent subsystems, each of which
has two transmit antennas. We can see that S| and S, have the structure of Alamouti
code [10]. This is the key property in multi-user decoding as we discuss in the next
section. The ML decoding metric for this system is>

2 * 2
X =|ri31 —a13,1813,1 — 024,1524,117 + [r24,1 + 13,1534 1 + @24,1513,11

2
+|r13,2 — @13,2513,2 — @24,2524 2|

2
+ 1242 + 132854 5 — 0242513 5 (2.27)

We need to find symbols sy, 52, 53, 54 that minimize X. Expanding the expression
for X we get

X =r? + 1 4+ 1312 + 11l + 2 f13(s1, 83) + 2 foa(s2, 54) (2.28)

Therefore, the choice of {s1, 52, 53, 54} that minimize X, will minimize the ML met-
ric of the original system as well. In other words, our transformation is lossless, and
the error performance is the same as the optimal decoding of the system in (2.22).
Then, using the method in Sect. III for multi-user detection of Alamouti equipped
transmitters, we decode the whole group.

3The reason we can write ML metric like this is because the new noise terms are still independent
and Gaussian.



3 Interference Cancellation Using Quasi-Orthogonal Space-Time Block Coding 17

Recalling the model in Sect. II and having in mind that users are sending QOST-
BCs, at each receive antenna m we receive the following signals in the four time
slots

J
Fim = Zal,m(j)ﬂ () +a2,m()s20)) +03.m(j)s3(j) + aam(J)sa(j) + nim
j=1
J
ram= Z —a1,m (J)$5 () +02,m(J)sT () — a3,m ()85 () + @am(J)s3 () + n2.m
j=1
J

ram =Y oLm()s3() + @2.m(1)sa(i) + 3m()51() + eam(j)$20(7) + 13.m
Jj=1

J

ram =y =t m (NS +02m(DsF() — @3.m ()53 () + @am()st () + nam
j=1
(2.29)

where n; ;s are i.i.d. zero mean Gaussian random variables with variance S&LR. Sim-
ilarly, for the signals at each receive antenna we form two equivalent 2-antenna sys-
tems as follows

R, (Mt _sn (s D90 () +s0)
. \ =(52() +52G)* (1) +530)*

% O[l,m(l) +a3,m(1) 4 N,m + NM3,m
Ol2,m(1) + Ol4,m(1) N2,m + Nd,m

Ry — (M= o[ SO =8 s0) =)
—(52(j) —sa(iN*  (51() — s3())*

(2.30)

j=1

apm(1) — a3, (1) Ni,m — NM3,m
X +
a2,m(1) - Ol4,m(1) n2,m — N4,m
Without loss of generality we assume that we eliminate the effect of user No. 1
first. By applying complex conjugation on the second row of both systems we get

/T Tlm +13m Y : . . .
R}, = =Y (510 + 5307, $20) + 54(7))

* *k
"om T Tam =

(oDt () +an() ) | (mmtma
D)+ aam()) —@n()+asm(*) " \ 03+,
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J
= Z(Sl(j) +53(7), 52()) +524(7) - Glar,m (J) + a3m (), a2,m(J)
j=1

+ 4 m () +Nim (2.31)
and
r r r I
m — 3,m
R, =< R ) =Y (s1() — 537 $20)) — 54(j))
r2,m - r4,m j=1
() =) Can() —aan\ | (mn=ma
2m(j) = dam(j) =@ m(j) —e3m()* Wy = Tim
J
=Y (510) = 53()), 2() = 54() - Glet.m () — @3.m ()s 22.m ()
j=I1
— () +Nam (2.32)
where
G(x, y) = (x ' ) (2.33)
y —Xx

The advantage of representing the received signals in the above format is hidden
in the structure of the equivalent channel matrices:

arm() +e3m(j)  (@2,m(j) +aam())* )

Q1) =
() (al,m<j)+a3,m(j> — (@1 () + ()
= g(al,m(j) +a3,m(J) a2 m(j) + tam(j))

() =3 m(G)  @am(j) — aam(j))* )

Qo n(j) =
) (al,mm—as,m(j) — () = a3 (1)

= g(al,m(j) — Q3 m (), a2,m(j) — Q4 m @2))

Since both 1, (j) and 2 ,,(j) are multiples of a unitary matrix, we can simply
separate and therefore eliminate the effect of each group from the received signal.

T T
R/l,m : Szl,m(l)

= (|1 (1) + a3, (D + la2m (1) 4+ aam (D12 (51() 4 53(1), s2(1) + s4(1))

J
+ > 610) + 5300 $20) +54()) - G (@1m () + 03, ()

j=2
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X (1,m () + 03, (G + (@2, () + @a,m () (02, (1) + a,m (1))
X (al,m ) +053,m(j))(052,m )+ Ol4,m(j))*
— (@2,m () F am () (@1m(1) +a3m (1)) + N7, (2.34)
R, - 95,0
= (Ja1m (1) — @3,m (DI + le2m (1) — o m (DI (s1() — s3(1), 52(1) — s2(1))
J
+ Z(Sl () = 53(7), 52()) = 54(j)) - G ((@1.m (j) — @3, ()))
i=2
X (1,m () = 03, (N + (@2,m(j) = a,m () (02,m (1) — a,m (1))

x (o1, (7) = 3,m () (02,m () — @am(j)*

— @ () — Cam (D) @1 (1) = a3, (1) + N, (2.35)
where
g’(x,y)=< * y*) (2.36)
_yox

| n» and N7 are the new noise vectors corresponding to the mth receive antenna.
Noting that §; ,, matrices are multiples of unitary, the distribution of each element

810t ()03, (D *Herzm (D +etam (D)
SNR . The

of N, will be Gaussian with variance

two elements will still be i.i.d. Same thing is true for NZ/,m with a change of sign.

Let us reconsider (2.34) and (2.35) for all receive antennas m = 1,2,...,
J 4+ r — 1. If we subtract the expression for the first receive antenna, m = 1, from
that of the other antennas we will have J + r — 2 equations as follows

T
Rll,m ! QI,m(l)
|t m (1) + a3, (D1 + o2, (1) + 04, (1)]?

T ¥
) RT,-2],0)
laeg, 1 (1) + o031 (D)2 + |z, 1 (1) + g1 (1)

J
=Y (51() + 5301 20) + 52()) - G (At (), Bim ()))
j=2

N N
lott,m (1) + 03, (D)2 + ez, m (1) + eta,m (D)2

4
11
laeg, 1 (1) + o031 (D)2 + |z, 1 (1) + g1 (1)

(2.37)
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and
T
R, -2, (1)
g, m (1) — a3, m (DI + o2, (1) — 04, (1)]?
T T
_ R, -2,
lag, 1 (1) — a3, 1 (D% + |z, 1 (1) — ag 1 (1)
J
=Y (1) = 53, 20) = 54()) - G'(A2m (j). Bam(j))
j=2
. Ny
et m (1) — @3, (D? + a2, (1) — ot (D]?
4
- i 5 (2.38)
loer,1 (1) — a3 1 (D7 + oz, 1 (1) — aq 1 (D]
where
A () = (o1, () + e3,m (D) (@1,m (1) + 03, (1)) + (@2, () + a,m () (002, (J) + otg.m ()
" |a1,m(1)+a3.m(1)|2+|Ol2,m(1)+a4,m(1)|2
_(ana () +az iGN (D) +as (D) + (02,1 () + aa1 ()" (@2,1()) +aa,1())
laet, 1 (1) 4+ 03,1 (D% + ez, 1 (1) + o1 (12
Bim(j) = (al,m ) + a3 m (j))(a2,m(]) +0‘4,m(1))* - (a2,m (j) +aam (j))*(al,m(l) +a3,m(1))
" et m (1) + a3, (D12 + lez,m (1) + g, (D)2
(o1 () + a3 ()1 (D) 4 a1 (D))" = (2,1 () + o4, 1) * (1,1 (D) + 3,1 (1))
laer, 1 (1) 4 a3,1 (D2 + oz, 1 (1) + a1 (D2
(2.39)
and
Ay (]) _ (al,m(j) - a3,m(j))(a1,m(1) - a3,m(1))* + (Q’Z,m(j) —04,m (j))*(aZ,m (]) - a4m(]))
" ot m (1) = 03, (D12 + |2, (1) — g (D)
(i () —az (G (D) — a1 (D)* + (02,1 ()) — a1 () (@2,1() — aa,1()))
lag, 1 (1) — 3,1 (D] + |ag, 1 (1) — g, 1 (D)2
(o m () — a3 m () 2,m (1) = 0a,m (1)* = (@2,m () — @a,m () (@1,m (1) — &3, (1))
Bow (j) =

|051,m(1) _053,m(1)|2 + |0‘2,m(1) - a4.m(1)|2

(i () —az (21 (1) —ag 1 (D) — (2,1 () — a1 () (@11 (1) —e3,1(1))
laer, 1 (1) — 3,1 (D% + oz, 1 (1) — a4, 1 (D2

(2.40)
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where m can 26 2,....,J +r — 1% The variance will be equal to
SNR(lot1 s (1) ZE0t3,m (D> +lot2,m (D Eeta,m (1)) + SNR(\al,l(1)ia3,1(1)|82+\az,1(l)iom,l(l)lz) e
spectively. Equations (2.37) and (2.38) have the same structure as (2.34) and (2.35).
We note that G’ is also multiple of a unitary matrix as® G. It is as if, in (2.34) and
(2.35) we have J +r — 2 receive antennas and J — 1 user groups. Therefore, we can
separate and eliminate user No. 2 similar to user No. 1; except that the number of
equivalent receive antennas will be one less, i.e. (J 4+r — 2). Eliminating user No. 2
gives us J + r — 3 equations with J — 2 users. If we continue this procedure, we
will have r equations for user No. J with no interference from other users. We can
simply decode this user. Since we have r equations and our metric is ML, diversity
gain will be equal to 4 x r. One should note that better performance is possible, if
we use more complex decoding methods. For example, since we break down our
code to two Alamouti structures, the MMSE-ZF method used in [15] for 2 transmit
antenna systems can be applied here. This method that involves a matrix inversion,
will provide a better error rate, compared with our simple ZF method. Also, one can
decode users on the order of the strength of their respective channel and improve
the performance. Our proposed algorithm can be combined with different decoding
methods. The goal in here is to show it is possible to do multi-user detection for any
number of transmit antennas,® using very few number of receive antennas. It is not
meant to find the best performance, and there is no claim of optimality.

The flow of decoding is summarized below. In what follows we assume we want
to decode user No. J; we can then simply change the ordering of users in case we
are interested in decoding another user.

Algorithm
(1) Initialization. Let i = 1. Also, for all values of j =1,2,...,J and m =
1,2,..., M let:
A (j) =a1m(j) +a3m(j)
Blm(j)=a2,m(j)+a4,m(j)
Aoy (j) = al,m(j) - a3,m(j) and
Bow(j) = aZ,m(j) - Ol4,m(j)
Construct R’])1 , R/1,2’ ey R/LM and R/2,1f R/2,2’ e, R/Z,M from the M received sig-
nal vectors R{, Ry, ..., Ry.
(2) For all values of j =1i,i +1,...,J and m =i,i + 1,...,M: if
i=1let Qu(j) =G(Am(J), Bim(j)) and 2., (j) = G(A2u(j), Bam(j)) else
let @1, (j) =G (A1 (j), Bim () and Q2. (j) = G' (A2 (j), Bom (j))-

4The distribution of noise will not be i.i.d. for M > 2. We describe this in the next chapter along
with he optimal decoding method for it.

50ne can easily show that had the channel matrix been G’ instead of G, we would have ended with
G’ as our equivalent channel, after suppressing the interference of the first user. Therefore, we will
face G’ at cancellation of all users except the first.

6 As will be seen in the end of this section.
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(3) Forallvaluesof j =i+ 1,i+2,...,Jandm=i+1,i+2,...,M:

, Qo Qo
Rl,m=ll’7.2' 1,m—11’7.2'R1,i
S 1Q1m @)1l 511 DI
, Q3,0 , Q3 .(@0) ,
R, ,, = 1272 Ry — 1272 Ry
5122, (D) I 51922, (D) I %
ifi=1
A () = Aim (DAL, (D) + B, (DBim (D) Aui(HAY; () + BY; (/) Bii (i)
it |A1m (D)2 + | Bim (i) |A1i (D)1 + |B1i (D)
By (j) = Aim ()BT, () — B, (DA () Aui()B; () — Bj; () A1 ()
imtJ |A1m (D)1 + | Bim (0)]? |A1; ()] + |B1i (D)
Aoy () = Aom ()AL, () + B3, (/) Bam (i) A2i())AZ; (D) + B3, () Bai (i)
it | A2 ()12 + | Bom (1)]? |A2i ()]? + | B2i (D) |?
Bay () = Aom () B3, (D) — B3, (DA (D) Axi(j)B5,(1) — B3, (j) Az (i)
o A2 ()2 + | Bom (i) 2 A2 (D)2 + | Boi (D)2
else
Ay () = Ain (DAL, (D) + Bim ()BT, (1) ALi(DAY; () + Bii (/) BY; (i)
it [A1m ()% + [Bim (0)]? |A1i (D)]? + B (D)]?
Bin(j) = —Atn () Bim () + Bim (DA (@) —A1i(j)B1i (i) + B1i(j) A1 ()
" |A 1 ()12 + [Bim (0)]? [A1; ()12 + |B1i (D)?
Aoy (j) = Ao () A3, () + Bom () B3, (1) Azi (AL, (i) + Bai (j) B3; (i)
o | Ao ()12 + | B (D)2 |A2i (D)2 + | B2i (i)
By (j) = —Aom () Bom (i) + Bom () Aom (i) —A2i(j) Bai (i) 4 Bi (j) A2i (i)
o | Ao (D)I? + [ Bom (D) |? [A2i (i)]? + | B2i (i)]?

(4)Leti =i+ 1.Ifi < J go to Step 2, otherwise stop the algorithm and decode
the following system

R/lT,m = (s1(J) +53(J), 52(J) +52(I) - G'(Am(J), Bim(J)) + noise

R, = (1(J) = 53()).2(J) = 54(J)) - G'(Aam(J). Bam(J)) + noise

forallm=J,J+1,..., M. O
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As can be noticed the complexity of this algorithm is linear in terms of the num-
ber of users and receive antennas. Also, the diversity provided in the last equation is
4 x (M — J + 1) as discussed earlier.”

The relationship between the power of noise, at the beginning of each state and
that of the end of the stage can be derived by comparing the ones in the first stage.
Let us assume we are at Step i of detection and the noise power at the beginning of
the step is o'2. Based on what we found for the noise distribution in Step 2 and the
recursive algorithm above, the noise power at the end of the step i at receive antenna
m will be

o? o?

| A1 (D1 + | Bim (D)1 " |A1; (D12 + | Bui ()

One can use a similar approach and perform the task of interference cancellation
for users equipped with 3 transmit antennas. We should simply remove one of the
columns of the code matrix, e.g. fourth column, in encoding. In decoding, i.e. can-
cellation, we can use the above algorithm except that we put zero for every a4, ().
Note that the resulting code from column removal may not be optimal in terms of
delay.

(2.41)

Theorem Using modulation schemes in the form of (‘; f ), one can extend the

above interference cancellation technique to users with any number of transmit an-
tennas in the form of power of 2.

Proof We use induction. Due to the structure of the code, we can convert the original
2" transmit antenna system to two 2"~! transmit antenna systems. Then, we use
interference cancellation for each of those systems using M = J receive antennas,
and finally decode the two systems together. 0

Corollary We can extend this algorithm to users with any number of transmit anten-
nas, by finding the first power of 2 not smaller than N, and the modulation scheme
designed for that many transmit antennas using the method in the above theorem.
Then, we can use the column removal method mentioned earlier to get the desired
number of transmit antennas.

4 Interference Cancellation Using Minimum Decoding
Complexity Quasi-Orthogonal Space-Time Block Codes
(MDC-QOSTBC)

In [28], a new Quasi-Orthogonal design has been introduced that trades a small
amount of performance loss with simpler decoding. These codes, provide separate

"The diversity claims will be proved in the next chapter rigorously.
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Multi-user, 2 bits/sec/Hz
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10_2 Y —+— New scheme 3 Rx| |

Bit Error Rate

10 12 14 16 18 20 22 24 26
Signal to Noise Ratio(dB)

Fig. 2.1 Simulation results after interference cancellation when there are 2 users each transmitting
QOSTBC with QPSK modulation

decoding complexity rather than pairwise, while maintaining full diversity and unit
rate. In this section we briefly show that our introduced algorithm will work for this
family of codes as well. The main idea is that, these codes can be presented as a
mapping of the original QOSTBCs. We consider the code presented in [28] as an
example

T S N QR G
R_ ;R R_ :R Iy o0 I_ 0
C(x1. X2, X3, x4) = —Xy tJxg Xp —Jx; Xy txy X X
R —x! 4 jxf —xl 4 jxI xR 4 jxR xR jxr
1 TJX3 2 T Xy 1 TJX3 ) T JXy
JETR I_ 0 R ;R R_ : R
Xy T Xy XXy Xy Xy Xp T X
(2.42)

where xiR = N{x;} and in = J{x;}. Recalling the definition of C used in the algo-
rithm from (22), we realize that

C'(x1,x2, x3, x4) = C(s1, 52, 53, 54)
S1 :le + jxée

sy = xR 4 jxR (2.43)
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Single-user, 4 bits/sec/Hz

10 T T T T T T T
—*— New scheme, QPSK
—+— OSTBC, 256-QAM

Bit Error Rate

10 12 14 16 18 20 22 24 26
Signal to Noise Ratio(dB)

Fig. 2.2 Bit error probability vs. SNR for the new array processing scheme, and OSTBC at
2 bits/s/Hz; 8 transmit and 2 receive antennas

53 = —xll + jx31
S4 = —le + jx‘{

Therefore, in order to cancel out the interference of users equipped with MDC-
QOSTBC, we will only need to map it to the corresponding QOSTBC. From there,
we can apply the algorithm of previous section and detect the desired user. Then,
we do the reverse mapping on the detected symbols and get the original ones.

5 Application of the New Interference Cancellation Scheme
in Array Processing

Assume we have an interference cancellation scheme. The scheme does not put any
assumption on the location of the users. Therefore, even if the users are all together,
unified as part of a bigger user, the proposed decoding works and provides transmit
diversity. If we unify J of such users, the spatial multiplexing of the overall system
will be J times that of the individual users alone. In other words, if we have a system
with JN transmit antennas, we can use a combination of J space-time codes with
interference cancellation decoding, that sends J times more symbols per time slot
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Single-user, 6 bits/sec/Hz

10 T T T
—+— QOSTBC, 256-QAM
—*— New scheme, 8-PSK
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10 15 20 25 30 35
Signal to Noise Ratio(dB)

10

Fig. 2.3 Bit error probability vs. SNR for the new array processing scheme, and QOSTBC at
6 bits/s/Hz; 8 transmit and 2 receive antennas

than each of the individual space-time codes. This gives us an idea to apply the
newly introduced scheme for increasing the rate in multiple antenna systems.

For example, let us assume we have 8 transmit antennas. We can always use a
space-time code designed for 8 transmit antennas with full diversity, 8M, and send
at most one symbol per time slot [9]. Instead, we can exchange diversity for rate
and use 2 separate QOSTBCs as mentioned in the previous section. This way we
can send twice as many symbols and enjoy an acceptable diversity gain equal to
4M —1).

As it is seen in the example above, our scheme provides a trade-off between rate
and diversity. Since this scheme requires relatively less number of receive antennas,
one may think of comparing its performance with popular multiple antenna schemes
like OSTBC, QOSTBC, or BLAST. This task is performed in the next section.

6 Simulation Results

In this section we provide simulation results that confirm our analysis explained in
the previous sections. The performance of our multi-user detection scheme is shown
in Fig. 2.1. We consider 2 users each equipped with 4 antennas and transmitting
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Single-user, 8 bits/sec/Hz
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T
—+— BLAST, ML decoding, BPSK
—*— New scheme, 16—-QAM
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Fig. 2.4 Bit error probability vs. SNR for the new array processing scheme, and BLAST-ML at
8 bits/s/Hz; 8 transmit and 2 receive antennas

QOSTBCs. We compare this result with the one offered by [1] when it uses the
same code, i.e. QOSTBC.8 The constellation used is QPSK which provides a rate
equal to 2 bits per channel use. The method offered in [1] requires at least 8 receive
antennas for cancelling the interference whereas ours requires 2. It can be seen that
our algorithm with usage of 3 receive antennas outperforms the old method when it
uses 8§ receive antennas.

Figures 2.2, 2.3, and 2.4 represent the comparison of the array processing scheme
discussed in Sect. 5 with orthogonal space-time block codes, quasi-orthogonal
space-time block codes, and BLAST respectively. We use ML for the BLAST code
in Fig. 2.4. In Figs. 2.5 and 2.6, however, we are comparing the performance of
our array processing scheme with ZF-BLAST with 8 and 12 antennas respectively.
The array processing system in Figs. 2.1-2.5 consists of two 4-transmit antenna
QOSTBC transmitters unified in one unit. In Fig. 2.2, we compare this system with
the 16 x 8 orthogonal design in [11] and [25] using 256-QAM modulation. We
use QPSK for the array processing scheme so that both systems provide a rate
equal to 4 bits per channel use. In Fig. 2.3 we have used the 8-transmit antenna
quasi-orthogonal design mentioned in [17] and [18], using rotation to provide full

8When [1] was published, QOSTBCs were not known; however, the method in that work allows
usage of any modulation scheme including QOSTBCs.
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Single-user, 8 bits/sec/Hz
10 T

—*— BLAST with zero—forcing, BPSK
—+— New Scheme, 16-QAM
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Fig. 2.5 Bit error probability vs. SNR for the new array processing scheme, and BLAST-ZF at
8 bits/s/Hz; 8 transmit and 8 receive antennas

diversity. For this experiment we have used 256-QAM for the 8-transmit antenna
QOSTBC and 8PSK for the array processing system to provide the desired rate of 6
bits per channel use. In the case of BLAST in Fig. 2.4 we have used the regular 8-
transmit antenna V-BLAST encoding with ML decoding. Note that the performance
of the BLAST using the usual nulling and cancellation methods is much worse than
that of BLAST using ML decoding. The constellation used for BLAST is BPSK
and the one used for array processing system is 16-QAM; both systems transmit at
a rate equal to 8 bits per channel use. In Fig. 2.5 both systems have 8 transmit and
8 receive antennas both using ZF as decoding method. The array processing system
is using 16-QAM, and the BLAST code uses BPSK. Figure 2.6 shows comparison
of a BLAST code with 12 transmit and receive antennas and the array processing
system with same number of antennas. The array processing system consists of 3
unified 4 antenna users. Decoding method and constellation size is chosen the same
as those of Fig. 2.5. For the experiments shown in Figs. 2.2, 2.3, and 2.4 we have
considered 2 receive antennas at the receiver. In Figs. 2.5 and 2.6, however, we used
the same number of receive antennas as that of the transmit antennas. The reason
for this is that, many codes in the literature need at least as many receive antennas
as the number of transmit antennas. This simulation gives a chance to compare the
new scheme with those codes.

Note that both OSTBC and QOSTBC schemes have higher diversity order than
our proposed scheme, and will take over at high enough Signal-to-Noise-Ratio.



6 Simulation Results 29

Single-user, 12 bits/sec/Hz
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Fig. 2.6 Bit error probability vs. SNR for the new array processing scheme, and BLAST-ZF at
12 bits/s/Hz; 12 transmit and 12 receive antennas

However, our scheme performs better in a practical range of SNR and error rate.
In the following, we summarize the main results of this chapter.

1.

When there is J > 2 users each with N > 2 transmit antennas using a complex
constellation, and orthogonal design, we show that one cannot perform interfer-
ence cancellation with M = J or less receive antennas.

. When using a real constellation, we offer an interference cancellation technique

that works for any number of users, J, having any number of transmit anten-
nas; our algorithm only requires M = J receive antennas, using real orthogonal
designs.

. For N > 2 transmit antenna equipped users using a complex constellation, we

offer an interference cancellation technique that works for any number of users;
again, our technique only requires receive antennas as many as the number of
users.

. We offer a joint array processing and space-time coding scheme for point to

point communication (single user). The resulting code outperforms a number of
popular modulation schemes, e.g. BLAST, OSBTC, and QOSTBC.



Chapter 3
Diversity Analysis of Multiple-Antenna
Multi-User Systems

In this chapter we analyze the performance of the scheme we introduced in the
previous chapter. We show that our intuitive guess about the diversity order of this
method was correct. In other words, when J users each with N transmit antennas
are sending data to a receiver with M antennas, the diversity order with usage of
array processing willbe N(M — J 4+ 1).

1 Diversity Order in a Communication Scheme

Diversity is usually defined as the exponent of the Signal-to-Noise-Ratio (SNR) in
the error rate expression, high-SNR scenario [9],

log P,

d=-— lim ———
SNR—o0 log SNR

@3.1)

where P, represents the probability of decoding error. One can derive other variants
of diversity definition from the above formula. We mention one that will be used
frequently in this chapter. In [12] the authors show that in every open-loop MIMO
system, the error event is dominated by Outage. Outage is the scenario when the
instantaneous SNR, due to bad channel realization, is unable to support the desired
rate. The result from [12] states that

log P, . log Poyt
im = lim
SNR—o0 log SNR ~ SNR—o0 log SNR

(3.2)

Therefore, when finding the diversity order, it is sufficient to know the outage be-
havior of the system [32]

. log Pr{Instantaneous SNR < €}
d = lim 3.3)
e—0+ loge

S.J. Kazemitabar, Coping with Interference in Wireless Networks, 31
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2 Multi-User Detection Using Alamouti

Consider two users transmitting data simultaneously to a single receiver. Assume
also, that they are using the Alamouti scheme. We denote the first user’s message by
¢ = (c1,c2)T, and the second user’s message by s = (s, s2)”. When using Alam-
outi the original code transmitted will be in the form of (fi; f%) and ( ;; :%) As

described in [29] however, one can derive an equivalent notation as following

r=H:-c+G-s+n (3.4)

where r has entries r; = [ry; — r;i]T with ry; and rp; being the signals received
at the ith receive antenna over two consecutive symbol periods. n has a Gaussian
distribution with E[nn*] = ﬁl. Also, H and G are the equivalent channel matri-
ces from the first and second user to the receiver respectively. Assuming 2 receive
antennas, H and G will have an Alamouti structure as follows

H; G
H= and G=
H; Gy

i o 81 &i (35
H; = _pE o p and G; = . x
2i M —82 8l
i=1,2

In order to decode the message of each user one can use several techniques as men-
tioned in [15, 31]. The most trivial and computationally complex method is decod-
ing both users together. This method, also known as ML, finds ¢ and s as follows.

1 1
argmax p(rlc, s) = mexp<—26—2||r—Hc—Gs||2> (3.6)

The second method is Array-Processing (AP) and is sometimes named as Zero-
Forcing (ZF) or soft interference cancellation. It requires very little computation and
has linear decoding complexity. The following shows the process of this decoding

method,
I, —-GG;! r| H 0 c n
» ? = , +( ! 3.7)
—HH; I r; 0 G s n,

Note that the inverse of the any Alamouti is a multiple of its Hermitian and therefore
easy to compute.

In what follows, first, we prove a few lemmas that we use in the calculation of
the diversity order in next section.
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Lemma 1 The following equality is valid for all H and G matrices of the form (3.5):

IH|?|G|*> — |HG|?

= (asb1 —aeby — a7b3 — agbs + a1bs + arbe + azby 4 asbg

_ 2(a1b4 +azby + asby — azb3) (b1bg + byb7 — bbs + bybs) >2
b} + b3 + b3 + b}

+ <a6bl +asby — agbs + a7bs + a1bg — axbs + azbg — asby

_ 2(aibg + a3bs + asby — azb3)(—b1b7 + babg + b3bs + bybs) )2
b} + b3 + b3 + b;

+ (a7b1 + agby + asbz — agbs 4 a1b7 — arbg — azbs + asbe

. 2@1by +asby + ashy — asbs)(=bibs + bobs — bsbs — b4b7>)2
b} + b3 + b} + b]

+ (asbl —a7by + aghz 4 asbs + a1bg + axb7 — azbg — asbs

2(arbs + azby + ashy — azb3)(b1bs + babe + b3by — babg) \*
+ 2 21202 (3.8)
b? + b3 + b3 +b?

where,

hiir=a1 — jaa, hy1 = —az + jas
hi2 = —as — jas, hy = —a7 — jag
_ ‘ (3.9)
g =b1+ jby, g21=>b3+ jbs
g12 =bs + jbs, g0 =>b7— jbs

Proof See Appendix A. O
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Lemma 2 Assume a communication channelas Y = HX + N with H = .3, where
o and B are i.i.d. complex Gaussian random variables with zero mean and unit

variance. The diversity order of this communication system is 1.

Proof See Appendix A. O

Diversity Order of the ML Decoding

Consider the system described in (3.4) with M receive antennas. When using ML,
the receiver finds the codeword that satisfies the minimum distance criterion for the
following system

hyy hi oo him
ra ri2 o rm Cq cy S k) hytr hy - hay
<r21 E2 FZM)_(—C; i =8> ST) gl g2 -+ &M
821 822 -+ 82M
Jr<nn nip e nlM) 510
np1 npy o s N2M

The diversity of the above system is equal to the minimum rank of all the difference
code matrices times the number of receive antennas [25]. For the above system this
value will be 2M . For more than two users, the diversity order will remain the same
since the minimum rank does not change.'

Diversity Order of the Array-Processing Method

When there are two Alamouti-equipped transmitters, the effective SNR for user
number one when using array-processing has been derived in [31] to be?

N )
SNRap = ——5— (1 — [ A[?) (3.11)
where A is defined as
H'G
A= —— (3.12)
IH| G|

I'The rank of J concatenated Alamoutis-a 2J x 2 matrix-is always 2.

2In [31], the authors refer to this structure as Zero-Forcing (ZF).
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(asby —agby — ajbz — agby + a1 bs + axbe + azby + agbg

_ 2(aybgtazby+agby —ayb3) (b1 by+byby—b3be+babs) )2
b3 +b3+b3+b3
+ (agb1 +asby — agbz + abs + a1bg — axbs +azbg — asby
_ 2(a1b4+asb2+a4b1*H2b3)(7b1b7+b2b8+b3b5+b4b6))2
b3+b3+b3+b2
+ (a7b1 + agby + asbz — agbg + a b7 — arbg — azbs + asbg
2(ay1bg+azby+agby —arb3)(=b1bg+bybs—b3bg—bab7) 2
+ b2 +b3+b3+b2 )
| oy T3 +by
+ (aghy — a7by + agbz + asby + a1 bg + arb7 — azbe — asbs
+ 2(ay1bgt+azby+agby—arb3) (b1 bs+bybg+b3b7—bybg) )2
by +b3+b3+b3

o2 (b7 + b3 + b3 + b + b2 + bE + b3 +b3)

(asb) — agby — a7b3 — agbs + a1bs + axbg + azby + asbg
_ 2aybstazbytasby —ayb3) (b1 bg+byby—b3be+bsbs) )2
VAR VERVERY)
bl +b3+b4+b2
+ (aeby +asby —agbz +ajbs + aybe — azbs + azbg — agby
_ 2(“1b4+03b2+a4b1*‘12173)(*[71b7+b2b8+b3b5+[74b6))2
2 222
b1+b2+b3+h4
+ (a7b1 + agby + asbz — agby + a1b7 — axbg — azbs + asbg
2(a1bg+azby+agby —arb3)(=b1bg+brbs—b3bg—byb7) \2
+ b2 4+b3+b3+b2 )
1 Thy+b3+0y
+ (agby — a7by + agbz + asby + a1bg + arb7 — azbg — asbs
2(aybytazbytagby —arb3) (b1 bs+bybe+b3by—bybg) )2
by+b3+b3+b3

+

Pr

2 2 2 2 2 2 2 2
by + b5 + b3 + b5 + b5 + bg + b7 + by

35

f-g

(3.13)



36 3 Diversity Analysis of Multiple-Antenna Multi-User Systems

We now apply the formula in (3.3) to derive the diversity order.

dap = lim log PriSNRap < €} — lim log Pr o2||G|2 <€} (3.14)
=0t loge e—0* loge '

We can use (3.8) to simplify the numerator as shown in (3.13) on top of the next
page, where b = [b1b; - - - bg]. In that equation, conditioned on b, each of the terms
inside the 4 main parentheses is a zero-mean real Gaussian random variable due
to independence of a;s. Once divided by the square root of the denominator their
variance will become equal to one. Moreover, it can be easily checked that these
Gaussian random variables are independent. Therefore, the sum of their squares
is Chi-square distributed with 4 degrees of freedom and has the following density
function

fx)=xe™ x>0 (3.15)
For small enough €,

2

f T fdr =0t + 00t (3.16)
0

where f(x) = O(g(x)) means there is a positive constant ¢ such that f(x) <cg(x)
for the desired range of x. Since the quantity in (3.16) is independent of b, its ex-
pected value with respect to b will remain the same. Therefore, we have

_ log(o*) +log(e?)
d= lim =
e—0t log(e)

(3.17)

The Case with More than 2 Receive Antennas

Let us now assume the previous system with the exception that there are 3 receive
antennas rather than two. For this system we have
ri=H; - ¢c+G;-s+n
n=H-¢c+Gy-s+ny (3.18)
r3=Hz - ¢c+G3-s+m3

After applying the array processing algorithm and cancelling the effect of user cor-
responding to message s we get

] T
o <G§H2 _ GJH, )c i
1G21> 1G4 ]I? (3.19)
: <G§H3 GTH1> /
r, = 5~ 5 (Gl 1 1)
1G3lI* Gl
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Conditioned on G;s, the noise terms n/1 and n’2 are correlated Gaussian random vari-
ables. Similar statement applies to the new channel matrices (% - %) and
(GH2 _ GiHi

IG2I> G112
correlation, like the one we have here, the diversity order will be N M as long as the
correlation matrix of the channel is full-rank. Since, [33] assumes white noise, the
equivalent correlation matrix in our case will be correlation matrix of the channel
multiplied by the inverse of that of the noise. Clearly, the inverse of the correla-
tion matrix of the noise accounts for the noise-whitening operation. Therefore, if
we show that both of the these two correlation matrices are full-rank, we can con-
clude that the system in (3.19) provides a diversity order of 4 (N =2, M =2). The
correlation matrix of noise is equal to

). In [33] it is shown that in a Rayleigh fading system with receive

2
( + )I 721,
IG n2 G u2 G112
: s ! i ! B (3.20)
G 12 (||G3u2 + ||G1n2)12

where I is the 2 x 2 identity matrix. This matrix is clearly full-rank for almost
(surely) all G; realizations. It remains now to find the correlation matrix of the
equivalent channel. Since both lines in (3.19) represent an Alamouti scheme, we
can convert them back into the regular Alamouti representation as follows

_ [ ) A1+ jAr .
n=( 8) (B30 o
[ < c B+ jB .
el &) (i) v

where the coefficients are normalized so that the noise terms have unit power. Using
the SNR result from [31] and (3.8) we can write

(3.21)

asby — aghy — arbs — agba + aybs + azbg + azby + asbg — 2(a1bgt+azbr+asby —azb3) (bybg+br by —b3be+bsabs)

A= by +b3+b3+b3
a\/b,2 "
2(ay batasby+asby —aybs)(—by by +bybg +bsbs+bab
agby + asby — agbs + a7by + aybg — azbs + azbs — asby — (@) batazbr+ash, Zﬂz 32)( 1 72+ 2 bg+b3bs+bibe)
A }71+h2+b3+h4
)=
o\ b2+ + b}
2(aybatashy+ashy —aybs)(—by be+bybs —bsbs —bab
arby +agby + asby — aghy + aiby — ayby — asbs + agbe + 2baaabatashi —aby)(bibethobs—biby —bsbr)
4 DR 4bI+2+b?
i=
o\/b% -
agby — arby + agh + asbs + a1 by + ayby — asbg — asbs + 21batarbatasbi—arby)b)bstbybstbibr—buby)
Aam By +03+b3+b3
o2+ + b}
agby — ajoby — ar1by — arzbs +arbo + arbio + azbyy + ashyy — 2batasbrtaibi—aby) bbby —bibiothibs)
B D2 +b3+bI+b7
=

OB A B+ B b
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2(aybatazby+asby —ayb3)(=by by +bybip+b3bo+babio)
bl +b3+b3+b3

ayoby + aoby — ainbz 4 ai1by + arbio — azbg 4 azbi1y — asby —

B =
2 2 12 2
a\/bl oA DD+ DY,
2(aybytasby+ashy —ayby)(=bybig-+baby—bybiy—bsb
anby +anby + agbs — aobs + arbiy — azbiy — asbo + asbyg + Hubitasbrtaib by b b bbby —bibio=bibii)
by+by+b3+bj
By =
2 22 2
OB B+ B+ b
2(aybatasbytashy —azby) (b bo+babig+bybi —bsb
anby — aiby + awbs + ashy + arbia + axbiy — azbig — aghy + Hbitabatas 12 ;2)(;;97212 lo+b3byy —babio)
By = i+hy+b3+by

a\/b§+~~+b§+b§+~~+bf2

(3.22)

The above values are real and imaginary parts of the channel coefficients. Instead
of finding the complex correlation matrix we can find the following real correlation
matrix

C=E{[AB]"[AB]} (3.23)

where A =[A] A Az A4] and B =[B) By B3 By]. It can be easily shown that if
C is full-rank so will be the complex channel correlation matrix. We already know
that {A;} and {B;} are each uncorrelated among themselves. Calculating E{A; B}
we will have

C= % ()I( )I() (3.24)
where
bs bs by  bg
x 1 bs —bs by —b7

\/(b%+--~+b§)(b12+--~+b§+b§+~--+b]22) by —bs =bs bs

by b bt b2
bio —bg —b12 bn
byt b —by —byo
bz —biyr big —bo

From [34] we have

1
det(C) = ﬁdet(l - xT.x)

1 ( (b5 + -+ b9 (b5 + -+ b1) )1;&0 (3.26)
olt (B} + -+ Db bT + -+ bF+ D3+ + b)) ‘
Therefore, the system described in (3.21) will provide full diversity, i.e. 2 x 2 = 4.
This means that the described array processing scheme provides a diversity order

equalto N x (M — J + 1) forthecase of N =2,J =2,and M =3.
We now further inspect the diversity order of the scheme by considering the
general case of M receive antennas, while keeping the same number of users and
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transmit antennas. After cancelling the effect of user corresponding to message s we
get

/ <G§Hz Gl'Hl) /
r = — ——F ]C n
1 2 2 1
1G2l> 1G]
GiH; GH,
r)= ( : ) + 1
27NIGs 12 1IGH )12 2

(3.27)

G'Hy, G'H
I‘/ B =( M _ 1 >c+n’ B
M=T=IGuI2  1I1G1 2 M=l

We will again form the correlation matrix for noise and the equivalent Alamouti
channel coefficients and examine whether they are full-rank. The noise correlation
matrix will be

—(T2 .« .. —0‘2
(uqu2 + nclnz)l G 2 G 12
2
_o~
HGIHZI2 (HGzllz TG \|2)I G 12
(3.28)
L LIZ ( + )]
Ia n2 G117 nGzn2 HGMH2
which is equal to
2 2 _o? _o?
(I\Gzllz T \|G1||2) G117 G117
_2 0_2 L - 0_2
G112 (HG3H2 T nGIMZ) G117
®L (3.29)
a? o? . o? o?
G112 e (||Gzn2 + ||GM\|2)

The left hand side matrix is full-rank since it has M — 1 nonzero eigenvalues as
following?

o2 o2 o2 o2 o2 2

+ ; + s ey T
IG2l1Z ~ IG1II*" 1Gsl* G112 IGmII> * 11G11I?

(3.30)

3The eigenvectors of this matrix are eq, ez, ..., eM—1.
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We should now examine the channel correlation matrix. In the general case of M
receive antennas, we will have

I X1z Xim-1
1 X>1 I Xom—1
C=— ) ) ) . (3.31)
02 : : . :
Xm-n1 Xwm-12 - Xwm-1wm-1
where X;; = BiBJT with
1
B =
2 2, 12 2
\/bl too Oy by e DG4,
b4i11 b4iyo baivs  bait2)
bgiv2  —bair1  baity2) —baiy3
3.32
baitr  —bait2) —baix1  baiyo (3-32)
bai+1y  baivz  —baiya —baitr

. b2 At bl
It can be checked easily that B; - B! = ——L 401 g Tt proves C
byttt by by by )

full-rank if we can find 4(M — 1) x 4(M — 1) matrix U such that

ulcu (3.33)

has rank equal to 4(M — 1). We will try to construct U based on the following
structure

U=(u; [--| wy_1) (3.34)

where u;s are 4(M — 1) x 4. The following two lemmas will lead us construct the
U matrix.

Lemma 3 Given a; = ﬁ where A* is a root ofziﬁifl A-F//S;ﬁ =1 we have
a1B; a1B;
arBs arBs
C- . =X . (3.35)
am—1By—1 am—-1By—1
Proof See Appendix A. g

Lemma 4 The following equation has M — 1 distinct non-zero roots

M—1
> _ A (3.36)
o Al
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Proof See Appendix A. g

We name these distinct non-zero roots AT, e, )»*1;/171. Let us now define u; vec-
tors as following

a1 By
aiBy

w = . (3.37)
a(M_l),'B(M — l)

where a,,; = g fori,m=1,...,M — 1. From Lemma 3 and properties of

1
PR —
B;s it is clear that
C- u;, = )\.:»klli
(3.38)
lliTlll‘ = Zj ,Bja%il = S,'I

Also, since A;"s are distinct we have

T Y AP T Y A
uiCu/_uiAjuJ_kjuiu/ and

u/Cuj=u/C'u; = (Cu)’u; =2fu/u; = ulu;=0 giveni#j.
(3.39)
We are now ready to show why C is full-rank as follows
uj
u
Co(up | wp | - uy-1)
T
Uy
uf
u
= ' (Cup | Cup | -+ | Cuy_p)
T
Wy

= diag(Sl)»*f, SIAT, S1AT, Sl)»T, e SM—l)‘X/I’ SM—l)‘j;/Ifl’ SM—I)‘*Mfl’

Sm—1X3_1) (3.40)

which is clearly full-rank and it proves the same property for the matrix C. There-
fore, the channel correlation matrix is full-rank and the provided diversity for the
scheme described in (3.27) is 2(M — 1).
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The Case with More than 2 Users

Let us now assume the multi-user system with 3 users and 3 antennas at the receiver
as follows

ri=H;-¢c+G;-s+K;-x+m
rn=H ¢c+G -s+Ky -x+mn (3.41)
r;3=H3;-¢c+G3-s+K3-x+n;3

Once we apply the cancellation technique on the user corresponding to message X
we get

ry=K;'r —K;'rs = (K H — K 'Hs)e + (K[ 'G1 — K 'Gs)s + 7 342)
r,=K;'r—K;'r3 = (Ky'Hy — K 'Hs)e + (K5 'Go — K3 'Gs)s + 2o

We note that K; I = HII((W Conditioned on K;s, the above system represents a
Rayleigh fading channel with 2 users and 2 receive antennas. Therefore, similar
to the system in (3.19) all the diversity claims of a 2 user systems (conditionally)
apply.* In other words, the diversity order will be equal to 2. Taking the expecta-
tion over all K;s will not change this constant value and the diversity will remain 2.
Similarly, when having M receive antennas for multi-user detection of 3 users we
get diversity order of 2(M — 3 + 1). Using induction on the number of users then,

we can prove the following theorem.

Theorem 1 Suppose we have J Alamouti-equipped users transmitting to the same
receiver in the same frequency band and are time synchronized. Let us also assume
that at the receiver we have M antennas and we use array processing as explained
in [30]. The diversity provided to each user then will be equal to 2(M — J + 1).

3 Multi-User Detection for More than Two Transmit Antennas

In this section we first briefly explain the scheme in [30] and then find its provided
diversity. Suppose, we have two users each with 4 transmit antennas equipped with
QOSTBC. They are synchronously transmitting data to a receiver with two receive

“The only difference is that the noise and the channel coefficients are correlated. However, this
will not affect the diversity results since the correlation matrices are exactly like those in (3.20)
and (3.55) and therefore full-rank.
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antennas as following

1 c1 ¢ 3 c4 hit
| _ | - o = || ha
r3| c3 ¢4 €1 h31
741 —c; ¢ —c5 cf haq
s1 52 83 s 811 ni
* * * *
) N —S S 21 nai
+ %2 4 Sy 8],
53 54 51 52 831 n3i
* * * *
—S; S§3 —8; S 841 n4
4 53 2 5
(3.43)
ri2 cr ¢ 3 ¢4 hi2
m | |- ¢ - & | h22
r3 3 ¢4 1 h3
T4 —c; ¢ = hap
§1 52 53 54 812 ni2
* * * *
—s¥ sF —sF s 2 na
+ 2 N 4 31,18 +
s34 S s 832 n3p
-5y 85 =S 5 g na
We then define
ri1+r31 ’ ry1 —r3)
I'1=<_*_*>, r1:<_*+*> (3.44)
) S| ) S|
Assuming similar definitions for ry and r, we will have
ri=Hict+Gis*+n;, rj=Hjc +G|s” +n]
. , . , (3.45)
where
H1—< hi1 + h31 h21+h41> H’—( hi1 — h31 h21—h41)
- * * * * ) 1 - * * * *
—hiy —h3; hy +hy —hiy+h3 hy —hy
(3.46)

ot = c]1+c3 o = c|1—c3
c+cy )’ ) —C4

and the rest of the matrices are defined similarly.
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Equation (3.45) reminds us of (3.4) and (3.5). Using the same array-processing
algorithm one can cancel the effect of s and get the following

£ = 67— 65 ' = (61 H - 63 H)C + (61 i — 65 ')
= AS+ +z

=G — Gy = (6 HY - 6T Hy ) + (G mi — G5 ')

=Ac” +7
(3.47)
where A and A’ can be shown to be in the form of
Y AT %)
A= )
(3.48)

/ !/

A= | @
|\ _ /%
a4 o

Conditioned on G; and G} values, the noise terms will be i.i.d. complex Gaussian
random variables. Similar argument applies to «; and «;. Now, if we perform the
reverse of the conversion in (3.43)—(3.45) we get

a1+0(i
Cl* Ci C3* Ci az—%—aé
R=| %2 a9 4 4 2 | +i.id. noise (3.49)
3 ¢4 Cc1 a—
—; =65 )| uly
2

Conditioned on G; and G/ values, the above system is equivalent to a single-user
QOSTBC with independent noise and Rayleigh fading channel coefficients. This
system clearly provides a diversity order of four,” even after taking the expectation.
Therefore, in the case of J = 2 users, N = 4 transmit, and M = 2 antennas the
diversity orderis4=N(M — J + 1).

The Case with More than 2 Receive Antennas

Let us consider the above system with the exception that there are three receive
antennas instead of two. For this system we have

ri=Hic" +Gis* +n;, rj=Hjc +Gjs™ +n]
rp=Hye" +Gos™ +m, ry=Hye +Gjs™ +n, (3.50)
r3=Hsc" +Gast +n3,  ry=Hjc +Gjs™ +nj

SThis is assuming rotated constellation for ¢3 and c4.
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After canceling out s we get

rm=G;'r— G 't = (G, 'Hy — G 'Hy )e™ + (G5 'mo — G ')
=A;sT+7;
=G} — 65 = (6] H -Gy ) + (6] ' - 6} ')
=Alc” +17)
r; =G;'r3 -G 'ri = (G;'"Hs — G 'Hy)e™ + (G 'm3 — G 'my)
=AsT + 2,
1

r; =G, 'ty — G, = (G} 'Hs — G} T'HY e + (G5 'ns — G} ')

=Ajc +12)
(3.51)

where
o o
A — o] 0] A — 11 21
V=g o ) 1= oo
21 11 _0521 0511

/ /

A, = Q12 a2 r | %12 %2
2= —aX  or ) 2= 1% /%
22 12 —0y U

Although Gaussian, neither the noise terms, nor the channel fades are uncorrelated.
The correlation matrix for the (z; zo)7 will be equal to

(3.52)

o2 o2 o
(& +2 o)k G 12 (3.53)
. (0_2 + 0_2)[2
IG1l IGsll IG1l
and for (2} z,)7 it will be
o? o? _o?
(||ng2 * ] )k [EARhE
Ak ) oo (3.54)
TG 2 (16 + et

The correlation matrix of (A; Az) and (A A)) will be of the form

1
= ()I( )1(> (3.55)
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where X is in the form of ©

bs be b7 bg
1 bg —bs bg —b7

X=
\/(b%+---+b§)(b]2+-~-+b§+b§+-~-+b%2) b1 —bs —=bs bs

by b b b2
bio —bg —b1x b1
byt b —by —by
b1z —bi1 b —b

(3.56)

Clearly, all these correlation matrices are full-rank. Now, similar to the 2 receive
antenna case, we can perform the reverse conversion and write the above equation
in the following form

ajtof,  anta),

2 2
C1 2 c3 C4
* * * *
—C2 Cl —C4 C3
c3 ¢4 €1 € o - ap—al,
_ % * _ % 2 2
C4 C3 C2 Cl

atab;  antab,
R= + noise (3.57)

-0y an—ah,

The correlation matrix of the new channel and noise terms can be derived via row
operations and block-concatenation of the correlation matrices in (3.53)—(3.56).
Therefore, they will also be full-rank and the diversity order of the equivalent
scheme shown in (3.57) will be 4 x 2 = 8.

For the general case of M receive antennas, one can perform similar operations
and get to the following noise correlation

o2 o2 o2 o2
(I\Gzllz + HGIHZ) G111 G111
_o” + _o°
7 7 2 2
IG1ll (HG3H IG1l ) IG1l ®L (3.58)
G117 1G11? (IIGzl\z + ||GMH2)

and channel correlation

I X2 Xim—1
1 X1 I e Xom—1
C=— ) . ) . (3.59)
02 : : . :
Xm—n1 Xwm-n2 - Xm-nm-1

6This just shows the structure. In order to rigorously calculate these terms refer to (3.21)—(3.25).



3 Multi-User Detection for More than Two Transmit Antennas

47

matrices. After reverse conversion, the equivalent single-user system will look like

Cl 2 c3
* * *
—cX o —c
R = 2 € 4
c3 ¢4 cl
—c; & —¢c

ajtof,  andta), a1t
2 2 2
C4
o witay  entoy, M1+
3 2 2 2 + :
noise
c aj -y, an—af, A==y
*
C
1 an] —Olél 0(22—0[&2 M —1 _aéM_|
2 2
(3.60)

which provides the diversity order of 4(M — 1) due to the full-rank correlation argu-
ment. Therefore, for the case of J =2 users, N = 4 transmit antennas and general
M receive antennas, the diversity order will be N(M — J + 1).

The Case with More than 2 Users

Let us now assume the multi-user system with 3 users and 3 antennas at the receiver

as follows
11 Cl 2
| _ [ ¢
r31 c3  C4
r41 —c; c
X1
*
—X
+ 2
X3
—xf{
ri2 Cl 2
o _ —C; CT
r32 3 4
T4 —c; G
X1
*
—X
+ 2
X3
—xf{
ri3 Cl 2
3 _ —C; CT
r33 c3 C4
743 —c; G
X1
*
—X
+ 2
X3

c3 ¢4
—c;
C1 2
-
Xy X3 X4
Xpoxg Xy )
ss X1 s,
I
¢z c4
—c; A (
Cl 2
- q
Xy X3 X4
Xpoxg Xy )
ss X1 s,
I
¢z c4
—c; (
Cl 2
- q
Xy X3 X4
x} Xy xé‘)
ss X1 s,
x5 x5 xf

hi1
hai
h31
hai

k1

k31
ka1

hi2
h2
h3
ha

hi3
h23
h33
ha3
ki3
k23
k33
ka3

§1 52 53 S4 811
* * * *
-5 s{ —=s; 8} g1
53 Ss4  s1 82 831
-5y s3 —sy s g41
niy
nai
n3i
n4|
S1 52 53 54 812
* % k %
—s5 s =S} 53 &
s3 0S4 S1 82 832
-5y 83 —s; 5 g4
(3.61)
ni2
n»
n3p
n4p
S1 52 s3 S4 813
* % k *
—s5 s =S} 53 g3
53 S4 51 52 833
-5y 8 55 8T 243
ni3
na3
ns3
n43
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Now, if we perform the conversion to Alamouti form we get to the following

ri =Hjct + Gst +ny, r) =Hjc” +G/|s™ +K|x™ +n]
r; =Hye™ + Gost +my, r, =Hyc™ +Ghs™ + Kijx™ +n) (3.62)
r; = Hzc™ + G3st +n3, ri=Hjc™ +Gs™ +Kix™ +n]

Once we apply the cancellation technique on the user corresponding to message x
we get

rf“ = K;lrz — Kflrl =A;st +BixT 4z

—:K/—l/_/—l/:/— /o /

r] . Ky, 1€ +Bix" +z (3.63)

l‘;_ = K3_11'3 — Kl_ll'l = AzS+ + B2X+ + 2z

r; =K, 'ty — K, 7' = Abe” +Bix +17)
Conditioned on K;s and K's, the above system represents a Rayleigh fading chan-
nel with 2 users and 2 receive antennas. Therefore, similar to the system in (3.19)
all the diversity claims of a 2 user systems (conditionally) apply.” In other words,
the diversity order will be equal to 4. Taking the expectation over all K;s and K's
will not change this constant value and the diversity will remain 4. Similarly, when
having M receive antennas for multi-user detection of 3 users we get diversity order
of 4(M — 3 4 1). Using induction on the number of users then, we can prove the
following theorem.

Theorem 2 Suppose we have J QOSTBC-equipped users transmitting to the same
receiver in the same frequency band and are time synchronized. Let us also assume
that at the receiver we have M antennas and we use array processing as explained
in the previous chapter. The diversity provided to each user then will be equal to
A4M—J+1).

AB
BA

processing method to all number of transmit antennas. The trick when N = 2% is to
break the system into two systems with N = 25~ and then perform the interference
cancellation technique on each of them separately. Then, one can combine them
back and get to the original system. Similar to the method we showed for converting
the N =4 to N = 2 systems, one can perform the same diversity analysis on any
N = 2F transmit antenna system with (‘; }:) structure. In addition, the result can be
extended to non-power-of-2s with column removal method to form the following
corollary.

In the previous chapter we showed how, using ( ) one can generalize the array

TThe only difference is that the noise and the channel coefficients are correlated. However, this
will not affect the diversity results since the correlation matrices are exactly like those in (3.56)
and (3.58) and therefore full-rank.
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Corollary Assume we have J users each with N transmit antennas using the (‘; 2)
structure explained above. They are all sending data synchronously to a receive with
M > J receive antennas. The diversity of the array processing method will be equal
toN(M—J+1).

4 Joint Array Processing and Space-Time Coding

Suppose we have an interference cancellation scheme. The scheme does not put any
assumption on the location of the users. Therefore, even if the users are all together,
unified as part of a bigger user, the proposed decoding works and provides transmit
diversity. If we unify J of such users, the number of independent streams of the
overall system will be J times that of the individual users alone. In other words, if
we have a system with 2J transmit antennas, we can use a combination of J space-
time codes with interference cancellation, that sends J times more symbols per
time slot than each of the individual space-time codes. It was shown in the previous
chapter that these type of codes outperform several classes of known space-time
codes in a large range of SNRs.

The diversity order of these codes will be equal to the diversity order of each of
sub-systems used within, due to symmetry of the problem. Therefore, if for example,
we use two combined Alamouti codes in a 4-transmit antenna system, with 2 receive
antennas and use array-processing at the receiver, the diversity will be 2.

Similarly, in ML method the diversity order J combined N transmit antenna
systems will be NM where M is the number of total receive antennas.

5 Discussion

Our diversity analysis concurs with the simulation results provided in Fig. 3.1. Intu-
itively, one can think of one of the J — 1 of the receive antennas as the canceler and
the rest as the combiner. The diversity of a 2 Tx by (M — J 4 1) Rx system then, is
expected to be equal to 2(M — J + 1). In the scheme proposed by Tarokh et al. [1]
which is similar to VBLAST, the diversity for different users (different streams) is
unequal. First user has the highest diversity and the last user has the least. In the
system that we described all users (streams) have the same diversity.

Appendix A

Proof of Lemma 1 The equality can be checked easily after applying the variable
change. Here, we show the steps how to derive it.
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i 2 bits/sec/Hz

10 T T T T T T
: —— Alamouti MUD, J=2 and M=2
—+— Alamouti MUD, J=2 and M=3

Symbol Error Rate

14 16 18 20 22 24 26 28 30 32 34
Signal to Noise Ratio(dB)

Fig. 3.1 Comparison of the two MUD systems with two Alamouti equipped users

The goal is to represent |[H||?||G||> — |[H'G||? in terms of sum of square terms.
For that purpose, let

hi1=ay — jao, hy1 =—a3 + jas
hi2 = —as — jas, hy = —a7 — jag
7 - (3.64)
g1 =bi+ jba, g21=>b3+ jbs
g12=">bs+ jbs, gn =b7— jbg

We use Degen’s eight-square identity [35]
(a} +a3 +ai +ai +a2+a} +a2+ad) (b + b3 + b3 + by + b2 + b + b3 + b3)
= (a1b1 — azby — azbs — asbs — asbs — aghs — arby — aghg)”
+ (a2b1 + arby + asbs — azby + agbs — asbe — agby + azbs)*
+ (a3by — asby + a1bs + arbs + arbs + agbe — asby — aghs)*
+ (asby + azby — agbs + a1bs + agbs — azbg + aghy — asbs)?
+ (asby — aghy — azbs — agbs + aybs + azbe + azby + asbs)*

+ (aghy + asby — aghs + arby — azbs + arbe — asby + azbg)?
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+ (a7b1 + aghy + asby — agbs — asbs + asbe + a1by — azbg)*

+ (aghy — a7by + aghs + asby — asbs — asbe + azby + arbg)? (3.65)
After simplification we get

IHI?IG]* - H'GP?
= (ashy — agbs — a7bs — aghy + aibs + azbg + azby + ashg)?

+ (agby + asby — agbs + azbs — arbs + aibg — asby + azbs)*

+ (a7by + agby + asbs — agbs — azbs + asbe + aby — azxbg)*

+ (aghy — a7by + aghs + asby — ashs — azbe + azby + a1bg)*

+4(a1bg + a)3by + adby — axb3).(agbs — a7bs + agb7 — asbg) (3.66)
Let us define Ay, Ay, A3, A4, By, By, B3, By as follows,

A] as —aeg —ajg —as bl
Az ag as —ag aj by
As| @ a5 as —as || b
Ay ag —aj ag as by
(3.67)
B bs —bs —b; —bg ai
B be bs —bg by a
By | b0 s ks —bs| |
By bg —b7 bg bs aq

Plugging in these variables in (3.66) we get
(A1 + B1)> + (A2 + B2)* + (A3 + B3)* + (A4 + By)?

_ 4(agbs — azbg + agb7 — asbs)
(bg + b3 + b3 + by) (ag + a7 + a3 + ag)

(=bsB1 +b1By — b B3 + bsBs)(asA1 + agAz + a7A3 + agAs)
+ (b7B1 +bgBy — bsB3 — bgB4)(agA1 — asAz — agAz +azAq)
+ (=be¢B1 + b5 By + bgB3 — b7By)(a7A1 +agAx — asAz — agAyg)
+ (bsB1 + beBa + b7B3 + bgB4)(ag A1 — a7A2 + agAz — asAg)
(3.68)

Without loss of generality, we can assume that

a24a2+a2+at=1 and bZ4+bE+b2+b3=1 (3.69)
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This, along with the fact that the original expression in (3.66) is homogeneous leads
to

(A1 + B1)? + (A2 + By)? + (A3 + B3)? + (A4 + By)?
— 4(agbs — a7be + agb7 — asbg)

(—=bgB1 4+ b7By — bgB3 + b5sBs)(as A1 +acAr + a7A3 + agAs)
+ (b7B1 +bgBy — bsB3 — bgB4)(ag A1 — asAz — agAz +azAg)
+ (=beB1 + b5 By + bgB3 — b7By)(a7A1 +agAr — asAz — agAyg)
+ (bsB1 +beBa + b7B3 + bgB4)(agA1 — a7 Az + agAz — asAg)
(3.70)

We note that det([u;|uz|usz|ug]) = det([vy|vz]|v3|va]) = —1. In fact {uy, uy, uz, ug}
and {vy, v, v3, v4} are two orthonormal bases for R*. Therefore, for every vector
x € R* we have

X = (x.up)u; + (x.up)uy + (x.u3)uz + (x.ug)uy
(3.71)
X = (X.v1)V] + (X.v2)vy + (X.V3)V3 4+ (X.V4) V4

Therefore, we can write the original expression in (3.66) in the form of

(A+B)-(A+B) —4(us - v)[(B-u))(A-vi) + (B-uz)(A.vy)
+ B u3)(A-v2)+ (B u3z)(A-v3)+ (B-us)(A-vy)] (3.72)
where A = [A] Ay A3 A4]” and B =[B; B, B3 B4]7. Note that
i | = lwa| =uw3| = Jwa| = [vi| = |v2| = [v3]| = |vs| =1
U -vi=up-v)=uU3-vz=1uU4 V4
U -Vv)=—Up-V]=—U3-V4=1U4" V3 (3.73)
U -V3=—U3-Vi=Up V4= —U4" V)
U V4=—U4-V]=—Up-V3=U3"-V)

Letus assume A = aju; +aoup +a3uz +oaquy and B = gru; + Brup + Sausz + Bauy.
Also, we define the auxilary vector C = a1 V| + a2V 4+ a3V3 4+ a4Va. Therefore, the
expression in (3.72) can be rewritten as

(A+B)?> —4(u; -v;)C-B (3.74)
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We also note that
A-C= (Zaju]) . (Zaivi) = ZZaja,-uj - Vi
J i j i

2
= E o -V + E Ol,'(Xj(llj~Vi+lli~Vj)
i

i<j
=@ vy of (3.75)
i
Using this we can further simplify the expression in (3.74)

(A+Bf—4é;9c1h=mﬁ+wm2+mx(B—zE;EC>

|C|? |C|?
C-B | C-B
— AP+ [B-2——C| +2A-(B-2——C
Al +' cE ot < GE )
=(A+B 2C'Bc2 (3.76)
B |CJ2 '

Plugging in a; and b; in the last term results in

IH|?IG|*> — |HG|?

(asbl —aeby — a7b3 — agbs + a1bs + axbe + azby + asbs

_ 2(a1b4 +azby + asby — azb3) (b1bg + byb7 — bbs + bybs) >2
b} + b3 +bj + b3

+ (aébl + asby — aghs + a7bs + a1bg — azbs + azbg — asby

_ 2(aibg 4 a3bs + asby — azb3)(—b1b7 + babg + b3bs + bybs) )2
b} + b3 + b3 + b3

+ (a7b1 + agby + asbz — agbs 4 a1by; — arbg — azbs + asbe

+ 2(a1by + azby + asby — axb3)(—b1be + brbs — b3bg — bab7) )2
bt + b3 +b3 + b}
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+ (asbl —a7by + ashz + asbs + a1bg + axb7 — azbg — asbs

2(arbs + azby + ashy — azbs)(b1bs + bybe + b3by — babg) \*
+ e (3.77)
by + b2 + b3 + b2

which proves the lemma. g

Proof of Lemma 2 Instantaneous SNR equals |a|2.|8|%. Therefore, using (3.3) we
have

10gPr{|ot|2.|ﬁ|2<e} fooofﬁ(Z)PV{|Ol|2<§}dZ

= lim

Diversity = lim

€e—~0 loge €0 loge
lo © —z 1— —€/z d
=m1ghe[ ¢ Tldy)
e—0 loge
1-6
i log(fy e *[1—e “ldz+ [Tse*[1 — e /?d2)
=20 loge

]
— lim 2B+ A (3.78)
e—~>0 loge

Given § > 0 and small enough €

o) 6]+8 00 €
/ <A< f = E dz (3.79)
18 z 18 z

Also,

2 =2 2 -z o0 ,—Z
.5e_2=/ e—dzf/ e—dzf/ e—dz
2 1z -5 Z
_ 1 N ooe—zd </l 1 +/oo 1d _6—8(1—6)_1+1
a2 ¢= (15 7119 1 Z2 ¢ 8

(3.80)

Therefore,

<A< —€ (3.81)
In addition,

1 2 1-5 15 _ + _ e _
e”@if“age”?ff [M—e € 1<B<[e—01].e" [1—e 0F]=¢'?

(3.82)
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The left-most inequality in the above equation is correct for 0 < § < 1 and small
enough € for which e < % and 1= <[l- e’EH] as used in (3.81). There-
fore,

log(B + A
146 < lim 28B4 _

8 3.83
e—~0 loge ( )

This is true for all 0 < § < 1, therefore taking the limit gives us

Diversity = Slin})(l —§) = gin})(l +48) =1 (3.84)
— —>
O

Extention of Lemma 2 When channel H equals \/ Zlﬂil o 2. l"i 11Bi 12, with «;
and B; being i.i.d. complex Gaussian random variables, the diversity order is M.

This can be proved using the same technique as above.

Proof of Lemma 3 Plugging in C by

I BB .- BB},
BB/ I - BBT_|
C= ) : ) . (3.85)
By_1BT By_iB) .. I
we get
a1B; (a1 +apr+ -+ +ay—1Bu—1)BT
aBs (@pi+ar+-+apy—1Bu-1)BY
C. . = . (3.86)
amBuy-1 . T
(apr+afo+---+ay-1)By,_,

and solving for a; and A we get

fori=1,2,....,M —1 (3.87)

We can always normalize a; coefficients such that Zlﬁi Tl a; Bi = 1. Therefore

M—1 M1 ' (3.88)

which proves the lemma. O
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Proof of Lemma 4 1t is clear why none of the roots can be zero. Because, if it is so
we will have Zl 1 ﬂﬂ 1 = 1 which is impossible since ; — 1 <0 and g; > 0 by
definition. Also, from the definition we know S;s are distinct. Therefore, without
loss of generahty we can assume 1 < --- < By—1. It will then be easy to show that
f) = Zl e 5 — is monotonic over the following M — 1 intervals

A=Bu-1.1=Bu-2),....(01 = B2, 1 = 1), (1 = f1,00) (3.89)

For the first M — 2 intervals, f () takes all the values from —oo to +o00. For the last
interval, it takes oo at the proximity of 1 — 81 and 0 when A goes to co. Therefore,
it takes the value of 1 in all of these M — 1 intervals exactly once, which proves the
lemma. O

Appendix B

In this section we briefly review maximum likelihood decoding of an Alamouti code
after interference cancellation. As explained in the chapter, when having more than
2 receive antennas, noise terms will be correlated. Therefore, one will need noise-
whitening in order to optimally decode the signal. We will show, that this operation
will not affect the simple decodablity of Alamouti as follows.

As shown earlier, after canceling the first user we have

GiH, GH,
r,= 2 4+n,=H,c+n
l<||Gz||2 ||G1||2) oo

(3.90)
r/—<G§H3 GTH]) +n), =H)c+n,
27\IGs12 Gy P
where the correlation matrix of the noise is
2
(2
C, = (& +2 ek G: ||2122 (3.91)
TR (HG3H2 MR
Let us define
r=r )’
(3.92)
=H, Hy)"
The maximum likelihood decoding metric will the be
arg min(r — Hc)TC;] (r — He). (3.93)
C

It can be shown [36] that

—1__ (xI I
C, _(yl tI) (3.94)
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Then, the ML criterion will be

ottt xI I ri —Hie
(r = ¢'Hyr) — 'Hy) <yI tI) <r2 — Hye
= x|ir; — Hie|? 4 t]ry — Hoel? + 2yRe{ (r] — ¢'H])(r2 — Hac)}
= x|ir; — Hye|? 4 t]r2 — Hoe|® + 2yRe{rir; — r{Hoe — ¢'Hjr + ¢'H{Hac}
(3.95)

The only part in the above equation that could generate cross-terms and therefore

cause non-separate decoding is cTHszc. Before we expand this term, we note that

+ .. . . . hy h .
Hng is in the form of an Alamouti and can be written like (_ A; hf ) Having that
1

in mind the last term in (3.95) can be written as
Ref{hylci > + hflea|* + hacier — hicser )
= Re{h}(lc1|* + |c2l?) + 2Re{ j - Im{hyc}er}}
= Re{l}(jc1]* + |c2l?) (3.96)

which clearly does not have any cross-terms and therefore ¢; and ¢ can be decoded
separately.



Chapter 4

Global Optimal Routing, Scheduling and Power
Control for Multi-Hop Wireless Networks

with Interference

It happens often that the physical layer algorithm in use is not capable of removing
the interference. It then will be with the MAC layer on how to optimize the trans-
mission in order to use less resources of the network, e.g. power. In this chapter
we assume full interference from all links in the network with their corresponding
weight. After approximating the capacity formula, we then introduce an efficient
joint routing, scheduling and power control algorithm that minimizes the consumes
power while providing the end-to-end data flow.

1 Modeling and Problem Formulation

Suppose there are N stationary nodes, labeled by the integers 1,2, ..., N. A set ¢ of
L = |e| transmission links, among the possible N(N — 1) links between nodes,
make a network topology. These active links are chosen based on the distance,
Signal to Interference Noise Ratio (SINR) or some other connectivity measure
[47-50]. For simplicity, we assume in this chapter that two nodes constitute a link
if the distance between them is less than a threshold. For a given link [ = (i, j), the
transmitter node i uses a signal power P (/). The “path gain” from node i to node
Jj is given by G(i, j), and models the effects of signal attenuation due to distance,
channel fading and shadowing, as well as antenna gain patterns. We assume that
the path gains G (i, j) are constant. The transmitting and receiving nodes of link /
are denoted by 7' (/) and R(I) respectively. The received signal power at node R([)
from the transmitter 7'(/) thus is given by P(I)G(T (1), R(l)). However, signals em-
anating from other transmitters appear the receiver R(/) as interference, and there is
thermal noise as well. The SINR for link / is defined as

G(T D, RU)PWD)

hH= 4.1
YO= S POGT®), RO+ nra) D

where 7 is the noise power at node j. Let us assume that the efficient bandwidth of
channel [ is W (l). Assuming Gaussian noise plus interference, the maximum mutual
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information of link / will be X (I) = W(/).log,(1 + y(I)). In a low power regime,
the SINR value, y (/), is very small. Therefore, we can use the linear approximation
for log function and obtain

XO=W).yd) 4.2)

Scheduling and Power Control

We start with reviewing the problem formulation given in [37]. For simplicity of
exposition, we divide time into slots, each of equal duration and indexed by pos-
itive integers. Transmissions begin and end on slot boundaries. Generalizing the
notation introduced earlier, let X,(/) and P, (l) be the data rate for link / in slot ¢,
and transmission power for the transmitter 7 (/) for link / in slot ¢, respectively. Let
P, = (P, (1), P,(2),..., Pi(L.)) be the network power vector for slot £. Let P™#* (i)
be the maximum transmission power for node i. Also, let £(i) be the links in ¢
that originate at node i. Each node must conform to the peak transmission power
constraint in every slot:

0= Y P()<P™ () and
lee(i) 4.3)
0<P(l), forallt>1andlece

The above constraints form a polytope in P space. Let us denote this polytope by P.

Using (4.1) and (4.2), the maximum achievable data rate for link [ in slot 7 is
G(T D), R P (D) >

2k G(T(k), R(D) Py (k) + ngrq)

Xt(l)zW(l)( 4.4)

The average rate of link / is then defined as X,yg(/) = liminf; o % ZZ:] X ().
For each link /, let C(I) be a given minimum required average data rate, i.e. we
must have

Xavg() = C(l), foralllee (4.5)

Define the required minimum average rate vector as Z") =(C(1),C2),...,C(Ly)).
The average power consumed by the transmitter of link / is then Puyg(l) =

limsup,_, % Z;c:l Py (l). Define the average power vector as E; = (Pavg(1),
Payg(2), ..., Pavg(L¢)). There may or may not exist a sequence of network power
vectors Py, P», ... that satisfy (4.3) and (4.5). If there does exist a sequence of such
network power vectors, our aim is to minimize a linear function of Pyyg. An example
of such a linear function is simply the total average power

h(Pavg) =) Payg(l) (4.6)

les
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The Scheduling and Power Control Problem is then defined as

min/(Payg) subjectto (4.3) and (4.5) 4.7)

Let us define the value of this cost function as a function of E') denoted by H (Z’)).
We can absorb constraint (4.5) into the cost function and define the potential func-
tion
— —
V(P.B)=h(P)+Y_ BDICO) - X(1)] 4.8)

lee

Using duality methods, we can show that [37]

- . —_— .
H(C)= %%[n%n V (Pyve. B) subject to (4.3)} (4.9)

Computation of (4.9) involves optimizing over all schedules of network power vec-
tors satisfying the peak power constraint in every slot. However, since the potential
function V is linear in 7”),8 , and 7(), it follows that (4.9) can be computed by an
optimization over a single slot [37, 38]. Therefore, we can just focus on solving

. —>
pa{minV (7. )
o (4.10)

7’)G]P’

It can be shown [37] that V is element-wise concave in terms of ?’) Therefore,
the minimization problem takes its optimal value at the extreme points of poly-
tope PP. In other words, the optimal schedule should be in such a way that at most
one of the links emanated from each node is active. That link, if there is any, should
be sending data at full allowable power [38].

For simplicity, we show the mth extreme point of P by P,. Considering M as
the total number of extreme points, we will need to solve the following max-min
problem:

N
H(C) =max[minV(Pm
=0 L m

ext?

ﬁ)ilimSM} @.11)

This optimization problem can be solved by a linear program:

max T

S.t. @12

TS PL() - Y BOCH - X"1)<0 m=1,....M '
tee lee

The problem with this method is, M, the number of extreme points (constraints)
grows exponentially with the number of links in the network, and therefore it is not
possible to find the solution for large values of M. In the next section, we introduce
an efficient mechanism to solve this optimization problem.
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—
The number of the extreme (edge) points that minimize V( P, B) is in general
more than one. Let us denote these extreme points by P’. If the assigned rate vector

Z‘) is feasible, an optimal schedule of network power vectors exists that consists
solely of these extremal network power vectors P’. Moreover, since a hyperplane in
(L¢ + 1) dimensional Euclidean space is determined by (L, + 1) linearly indepen-
dent points contained within it, an optimal policy can be constructed that consists
of at most (L, + 1) extremal network power vectors P'. Let K be the number of
extremal network power vectors P! such that (10) holds. It is easy to see that in
any optimal policy (assuming feasibility), the average rate on each link I, Xayg(0),
is exactly equal to C (/). Otherwise, we could have transmitted less power and still
satisfy the rate constraints. Let X (/) denote the rate of link / corresponding the op-
timal extremal network power vector P'. Assuming feasibility, it can be shown that

. —
there exists a vector A such that [37]:

=1 B (4.13)
Xavg() =Y MX'(1)=C)

i=1

The value of A; indicates the relative frequency that the power vector P’ should
be utilized in an optimal policy. This then determines a family of optimal policies,
which can be constructed by alternating between the optimal extremal power vectors
in accordance with the weight vector A;.

Therefore, the main challenge is to find the optimal solutions of (4.12). In our
algorithm, as will be shown in the next section, we insert the constraints iteratively
to take advantage of the fact that we need at most L, + 1 transmission modes in the
optimal solution.

Scheduling, Power Control, and Routing

In the power control-scheduling problem link rates, C(/), were fixed and the al-
gorithm finds the optimal power allocation vectors and their scheduling frequency.
The routing problem should find the optimal link rates for a given end-to-end traffic
demand matrix as well.

Now, assume we have a set of source-destination (S-D) pairs {(i, j)}. Suppose
that for each S-D pair the desired traffic demand is known. Solution to the joint
routing, scheduling and power control problem specifies links’ average traffic rates,
power vectors and scheduling frequency of power vectors such that the given traffic
demand and maximum power constraints are satisfied. Our objective is to find the
solution with minimum average power consumption. Let us then define v;; (/) as
the portion of flow in link / that belongs to the S-D pair {(i, j)}. The mathematical
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statement of the joint routing scheduling, and power control problem will be as
follows,

min »  Pavg (D)
1
S.t.

a. 0< Z P,(I) < P™X(j) and
les(i)
b. 0<P(), forallt>1andlece
0 pFiorj

C. ZUU(Z)_ ZU,‘j(l)Z —dij n=i

ZEI,, IEO,, dlj n = J
d. Y vy=CW)

ij
€. Xag()>=C(), foralllee

(4.14)

where Z,, and O, are sets of links entering and leaving node n respectively. Equa-
tions (4.14c) and (4.14d) define a polytope that we denote by C. For a rate vector
ﬁ

C to be a route, it must be on this polytope. In [37], a gradient projection algorithm
is proposed to find the routing, i.e. the power-optimal rate vector C . At each iter-

ation for the given rate vector C on C, the scheduling and power control problem
described in Sect. II.A is solved. Then, the gradient projection method is used to

update vector E') while keeping it on C. Note that the gradient directions are given
by the dual variables 8 [38].

This algorithm is not scalable for large networks for two reasons. First, recall
that the proposed solution for scheduling and power control needs to consider all
extreme points of the power polytope PP, which grows exponentially with number of
links. Second, we have to iteratively solve the scheduling and power control problem
after each update of the rate vector using gradient projection method, which itself is
very time-consuming. It is needless to mention that it will use up a lot of memory
to store all the constraints for the linear program of the scheduling algorithm. The
algorithm then, will not be efficient for networks with more than 15 links [38].

2 Power Control, Scheduling and Routing Algorithm

In this section we will introduce a new algorithm that can find the optimal power
control, scheduling, and routing for large networks. We first explain the power
control-scheduling algorithm for the fixed routing and then extend the algorithm
to compute the optimal power control, scheduling, and routing simultaneously.

The Power Control-Scheduling Algorithm

Recall that to compute the optimal scheduling and power control for a given routing
we have to solve the optimization problem given in (4.12). The problem with this
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method is that the number of extreme points (constraints), M, grows exponentially
with the number of links in the network, and therefore it is not possible to find the
solution for large values of M.

A common approach to deal with large number of constraints in linear programs
is cutting plane methods [51].! Instead of dealing with all constraints, cutting plane
algorithm considers a subset of constraints / and form the relaxed problem:

max T
S.t.
(4.15)
T=Y P "()— Y BDOCH—X"(1)<0
tee lee

mel

We use Kelly’s convex cutting plane algorithm [51] which is basically an iterative
algorithm for introducing new constraints into the constraint subset. We initialize the
constraint set I by selecting one of the extreme points of [P arbitrarily and forming
its corresponding constraint.

At each iteration, e.g. k, we solve the relaxed optimization problem (4.15) with
constraint set [ instead of 7. Let (T, Br) be the optimal solution of the relaxed
problem. There are two possibilities: (1) If (Tk, Bx) is a feasible solution for the
original optimization problem, then we are done and we have found an optimal
solution for that problem too. (2) If (T, Bx) is not feasible we have to find a violated
constraint and add it to the constraint set to form ;1 and start the next iteration.
We need a method to check if (T, Bx) is a feasible solution.

Definition Suppose that we have a candidate solution for an LP. A separation Ora-
cle determines if the solution is feasible. If the solution is not feasible, the separation
Oracle finds a hyperplane that separates the solution from the feasible region.

We formulate the following Oracle optimization problem:

min (Z P() + Bc(DH(C) — X(P(l)))>
!

(4.16)
S.t.

—
P eP

As explained before, subject to feasibility, there is always an optimal solution in
the extreme points of the power polytope, P. Therefore, similar to the concave pro-
gramming problems, branch and bound algorithms converge in finite number of it-
erations, and in fact, in most practical cases the algorithm finds the optimal solution

UIn fact, cutting plane methods are usually used in the more general context of convex program-
ming.
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Create the constraint set |
by forming the constraint
associated with one of

the power polytope extreme
points

Find the optimal value of
beta for the current set of power vectors

by solving the LP given in (15) Add the violated
] constraint to set |

Find a violated constraint by the current
solution (if there is any), by solving the oracle
non-linear program in (16)

Is there any
violated
constraint?

yes

Fig. 4.1 Flowchart of the power control-scheduling algorithm

fast. We use GAMS [52] software which is based on the branch and bound algo-
rithm. The library of GAMS that analytically finds the global optimum is BARON
[53]. BARON uses a modified branch and bound method named as branch and re-
duce. The linear program as well as the core code is performed by MATLAB soft-
ware. We link the two softwares via MATGAMS, a free interface for GAMS and
MATLAB. In the simulation results we elaborate more on the computation time of
the algorithm. The essence of the algorithm is as follows.

Figure 4.1 shows the flow chart of the power control-scheduling algorithm. In
summary, at iteration k, we solve the following linear program:

max T
T-Y P")—) BDOC"D—X"1) =<0 @.17)
lee lee
m=1,...,k

Let B be the solution of the above LP in iteration k, which will be used in the
following non-linear Oracle problem to test optimality:

rgin(Z P+ B(C1) - X(z»)
P\ l

S.t.

(4.18)

—
PeP
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—>
We then add the new P vector to form a new constraint for the next iteration. In the
following we prove that the algorithm converges in finite iterations to the optimal
solution.

Lemma 1 The proposed algorithm converges after finite number of iterations.

Proof At the end of each iteration, if the convergence criterion is not satisfied, it
means that the Oracle has found a new power vector that its corresponding constraint
is violated. Since solutions of the Oracle are extreme points of the power polytope,
and there are finite number of them, it proves that the algorithm converges in finite
iterations. d

In fact, in our simulations, algorithm converges after around L. iterations.

Lemma 2 After convergence the value of both linear and nonlinear (global) opti-
—
mizers will be equal to H(C).

Proof Let us denote the total number of extreme points by M. At the kth iteration
we will have k power modes (extreme points). Let us define

k . =
g (B)=_min_V(P,p) (4.19)
Pl.. Pk

As was shown for LP in (4.14), it is easily seen the value of the linear program
at Iteration k, T*, will be equal to maxg>o gk (B). We know the global minimum
of V (P, B) is on one of the extreme points. Therefore, the solution of the Oracle
problem defined in (4.16) at the kth iteration is

. —> M
_min_ V(P,B)=g" (Br) (4.20)
Pl ... pM

where By is the optimal 8 vector found by the linear program (15) in Iteration k.
By definition, g¥(8) > g™ (). Therefore,

¢“(Br) = maxg*(B) >mang(/3)=H(E>) 4.21)
£>0 =0 '

..........

Suppose the algorithm converges after m iterations. The convergence criterion
suggests the value of nonlinear program being more than or equal to the value of
linear program:

in V(P B> in V(B.f)= min V(P 4.22)
_ min s Bm _r;% _imm_) (P,B)= _Tmm_)M (P, B 4.
Pl P PP

From that, we conclude that

8" (Bar) = max g™ (B) = g (Bu) 2 8" (Bn) (4.23)
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This along with (4.21) results in

M(By) = H(C)=g" 4.24

8" (Bm)=H(C)=g"(Bm) (4.24)

which proves the lemma. O
- —

Theorem 1 The set of power modes after convergence, {P', ..., P™}, satisfy the

rate requirement. In other words, there is a non-negative time sharing, Ay, ..., Ay

that

a. Zki =1
-, —
b. Y . X'=C (4.25)
; —
c. Y MY P(=H(C)
I
Proof Let us rewrite the linear program in the iteration that leads to convergence.
We use the standard form of convex optimization, i.e. cost-constraint format. We

denote the cost function of the LP problem by f and the constraint functions by
h; [54].

JT B, ....pWL)) =T
hi(T,B(1),....B(L) =T = > BUN(CD - X' ) - > P'1=<0
I

: (4.26)

hn(T, BQD), ..., B =T = BUNCT) = X"(D)) =Y P" (1) <0
1 1

Since the linear program finds the global minimum of the convex (linear) cost
function, K.K.T. conditions are satisfied.

m
Vr=3 1h 4.27)
i=1

The above vector equation gives us L. + 1 scalar equations. The first one is
> ;Ai =1, and the rest are

Y uX(h=C@) forl=1.....L (4.28)

This proves (25a) and (25b). Then, as Lemma 2 suggests, after convergence T =
H(C). One of the conclusions of the K.K.T. theorem is that at the optimal point,
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either the dual variable, X, or the constraint, &, should be equal to zero [54]. Using
this fact along with (4.28) we get

Y Y Piy=H(C) (4.29)
l

O

It can be shown that the A coefficients are the dual variables of the LP (4.17)
and since they satisfy (4.28), they present the frequency of use of each transmission
mode. Therefore, we do not need to solve the additional LP given in (4.13) to find
the scheduling frequencies.

Power Control, Scheduling and Routing

We extend the power control-scheduling algorithm developed in Sect. III.A to find
the optimal routing too. The routing algorithm described in [37] has scalability prob-
lems, since it has to consider all extreme points of the power polytope explicitly and
relies on iterative gradient based updates of the routing parameters. Both these is-
sues are resolved in our algorithm.

The problem formulation is given in (4.14). In Sect. II.A, we explained that by
using duality and due to linearity in P and X, we need to only solve the optimization
problem given in (4.10). Similarly, we can use the duality theorem for linear pro-
grams and linearity of (4.14) in P, X and C to show that for the joint power control,
scheduling, and routing problem it is sufficient to solve the following optimization
problem.

. - =

max{ min V(P, B, C)}

p0'B ¢

o, (4.30)

— —
PelP and C €C

Here, we introduce C as one of the arguments of function V (), since it is not con-
stant and we seek to find its optimal value. The problem can be rewritten as an LP:

max T

s.t. 4.31)
— — — —

T—-V(P,B,C)<0 forall PePand C €C

— —
Recall that the function V() is element wise concave in P and linear in C . Hence,
the optimal solution can be found in extreme points of polytopes PP and C. Similar
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Fig. 4.2 Flowchart of the routing algorithm

to the power control-scheduling case we use the Kelly’s cutting plane method to
devise an iterative algorithm as follows:
At Iteration k we solve the following master linear program with k constraints:

max T
T-Y P"()—) BDOC" (D) —X"1) <0 4.32)
tee lee
m=1,...,k

Let (T, Br) be the optimal solution of (4.32) at Iteration k; B, will be used in the
following non-linear Oracle problem

min (Z P+ Y p(C) - xa)))
P,C l /

S.t.

(4.33)

Z')G(Cand?e]?

If the Oracle optimal value is less than 7}, then the corresponding solution
(?k“, E')k“) forms a violated constraint that should be added to the master LP
constraint set for the next iteration. Otherwise, the algorithm has converged.

Figure 4.2 shows the algorithm explained above.
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We can further simplify the last step as follows. The potential function in (4.33)
is separable to two functions. The first one, i.e. ) ; B (1)C (), is the sum of weighted
C(l)s and can be minimized via Dijkstra algorithm. The second one is simply the
potential function in the previous subsection minus a constant value. Therefore, it
does not require a new technique to find the minimum for.

Similar to the scheduling-only case, since the optimal solution is in the extreme
points of the power and routing polytopes, the cutting plane algorithm converges in
finite number of steps.

After convergence, the optimal routing vector and the optimal transmission strat-

egy will be superposition of all the C ¥ vectors and C ¥ vectors respectively. The
corresponding coefficients are similar and are found in the same manner as de-
scribed in the proof of Theorem 1.

3 Nonlinear vs. Linear

Throughout the chapter so far, we have assumed that we can approximate the nonlin-
ear logarithm formula of capacity with its linear equivalent, in the low SNR regime.
In this section, we briefly describe the solution for the nonlinear case where we do
not approximate. The minimization problem to consider is,

min Payg (D)
1

S.t.

a. 0< > P()<P™ () and
lee(i)
b. 0<P(), forallt>1and!/ €e€

(4.34)
0 pF#iorj
C. Z U,'j(l) — Z U,'j(l) = —dij n=i
leZ, O, dij n=j
d. Y uih=cw)
ij
e. Xpe()=C(), foralllee
where
G(T ), RD)P )
XNy =w)l <1 )
D=Vl 1+ =~ G @), RO)A®) +1ra)
(4.35)

I
XNy = lim inf_ - Zx,i“(l)
k=1

The structure of the above formulation is similar to that of (4.14) except for nonlin-
earity of the X function. Also, in the proof of Lemmas 2-3 and Theorem 1 we did
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not use the linearity of X function (or concavity of the potential function). There-
fore, we can use the iterative algorithm in the previous section along with the cut-
ting plane method. After convergence of the algorithm, we can make sure we have
reached the globally optimal solution. The only remaining issue is Lemma 1 which
means that for this problem, the algorithm is not guaranteed to converge in finite
time, due to the nonlinearity of the log function (non-concavity of the new potential
function). Since our goal in this section is not optimizing the nonlinear problem and
is just comparison with the linear case, the above described algorithm will serve us
adequately.

In order to compare the results of the nonlinear, i.e. actual, model with that of the
linear, i.e. approximate, model we need to set the traffic demands fairly for the test.
In other words, the value of the traffic demand of the two models should be the same.
The average value of the final rate in linear model was calculated to be superposition

—
of linear combination of X" vectors, with X = W.SINR™ . Therefore, to have a fair

comparison, we need the linear combination of W.log(SINR™)s in the linear model
to be equal to the traffic demand of the nonlinear model.

As mentioned earlier, the algorithm we proposed for nonlinear model is theoret-
ically not guaranteed to converge in finite time. In real simulations however, they
all did converge but took much longer time compared with the linear model.> This
slowness was due to two facts. First, as the theory predicted, the number of iter-
ations it took the program to run before convergence was increased. Second, the
operations in each iteration were computationally more complex because of intro-
ducing the logarithm function.

As will be discussed in the next section, the result of the series of simulations
showed that the accuracy of the linear model depends on the value of P™#*. We
know that the final solution proposed by the linear model is superposition of some
power modes. Each power mode in the linear case is such that only one link per
node is at most active, and is transmitting with full power, i.e. P™®*. Therefore, in
order for the model to be precise, we intuitively need log(1 + ?) to be close to

pmax

= This intuition is verified as shown in simulation results of the next section.

4 Simulation Results and Discussion

We consider a square area of 200 by 200 meters for our simulations. The node loca-
tions are selected by a uniform random generator in this area. We consider networks
with 7 to 50 nodes in our simulations. However, in most of the experiments the
number of nodes ranges from 7 to 30. There is an edge between two nodes of the
network graph if the distance between them is less than a specific value denoted by
dmax. The number of edges ranges from 9 to 102 in our experiments, with 9 corre-
sponding to a network with 7 nodes and 102 to a network with 50 nodes. Each edge

2In some cases up to 5 times slower.
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2x102 two way links/50 nodes rate=10 kbps
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Fig. 4.3 One of the simulated networks with 50 nodes

represents two uni-directional communication links in the network. Therefore, the
number of communication links is twice the number of edges of the network graph.
For example, in the network of Fig. 4.3 we have 102 edges which is equivalent to
204 uni-directional links. The path-loss and shadowing parameter, G (i, j), is con-
sidered proportional to inverse square of the distance between nodes i and j. The
algorithm, however, works for any other choice of G (i, j).

The efficient bandwidth of links is 1 MHz, and the noise power .000010 Watt.
The maximum power of a node is 1 Watt. For each network, we randomly pick
the source-destination pairs. The number of source-destination pairs in a network is
about 20% of the total number of nodes. The end-to-end data-rate from each source
to its corresponding destination is 10 Kbps, so that in all experiments a feasible solu-
tion exists. However, the data rate value does not affect the properties and efficiency
of the algorithm. For each network size, multiple random networks were generated
and the results were consistent among different runs. Here, we report the average
results of at least 3 experiments for each network size. Three separate algorithms
are studied here: (1) optimal scheduling and power control using an LP with all ex-
treme points constraint with minimum hop routing, (2) our proposed algorithm for
scheduling and power control with minimum hop routing and (3) our proposed joint
routing, scheduling and power control algorithm.

In Fig. 4.3 the source and destination pairs and the links that are utilized in the
optimal routing solution for each pair are specified. We represent each source node
by > and the destination node by [I. The same color is used for these symbols and
the links that are in the optimal route between them.
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Fig. 4.4 Comparison of the final constraint counts in the optimization LP

Figure 4.4 shows the number of constraints that are in the final version of the
optimization problem. In our algorithms, we add one more constraint after each
iteration, therefore this is the number of iterations for our algorithm too. The fact
that the number of iterations is very close to the number of links, shows that our
algorithm is very efficient. Recall that in the optimal solution there are at least L. + 1
active constraints, hence there should be at least this number of constraints present in
the final LP. We compare this value with the corresponding value in the all-constraint
method, which is the total number of extreme points. As was explained in the chapter
this number increases exponentially with the number of links in the network.

The number of constraints directly affects the running time of the algorithm. Fig-
ure 4.5 compares the running time of the algorithms.> We were not able to run the
all-constraint method for networks with more than 12 edges. Besides the time, mem-
ory is also an issue for the all-constraint method. For example, a 15-edged network
has at least 219%2 = 1 Gig extreme points that needs to be stored. Both algorithms
introduced in this chapter are much more time efficient than the previously proposed
algorithms.

If we compare running time curves of the two algorithms introduced here, it
becomes clear that finding the optimal routing can be very time consuming. In the
following we compare the total power consumption of the optimal routing with the
minimum hop routing when we use optimal scheduling and power control in both

3 All simulations were performed by a 2.6 GHz Compaq Xeon computer, with 256 kb cache and
1 GB of memory.
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Fig. 4.5 Comparison of the time it takes for each algorithm to converge

cases to quantify the performance gain achieved with optimal routing. In Fig. 4.6
we have plotted the amount of power consumed for two different algorithms. The
optimal routing algorithm, on average, consumes around 15 percent less power. This
shows that the minimum-hop routing is not power efficient and we can reduce the
power consumption by using optimal routes.

In the following, we compare the characteristics of the minimum-hop routing
with the optimal routing. Figure 4.7 shows the number of active links in each rout-
ing. As can be seen the number of links used by the joint routing and scheduling
method is more than that of the minimum-hop method. However, the difference is
not significant and it becomes marginal for larger networks. This result may seem
to be counter-intuitive since it suggests that the optimal routing would not distribute
the traffic among the links in the network.

To further study optimal routing characteristics, Fig. 4.8 shows the topology and
optimal routes for 3 separate networks with 102 links. The optimal paths tend to use
the same links. This observation seems to be in contrary to the previous results in
distributed algorithms [42, 43]. There are two issues that should be considered here:
(i) For those algorithms that are based on the notion of back-pressure scheduling
[43], the proposed distributed algorithms are asymptotically optimal so they may
very slowly converge to the optimal paths suggested by our algorithm. However
their transient behavior can be very poor since they start with distributing the traffic
among many links. (ii) It is very important to understand and distinguish the inter-
ference model that is considered for different algorithms. For instance, in [42] it is
assumed that there is no interference between two links that do not have any com-
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Fig. 4.8 Generated routes for 2 networks with 51 two-way links (102 single-way links)
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Fig. 4.9 Comparison of the linear approximation with the actual nonlinear model

mon node. In other words, it is assumed that each node has an orthogonal channel
for communication, and hence there is no interference between the transmission of
two nodes as long as they have separate receiving nodes. However, in our model we
assume that interference is a function of distance between the nodes. In this case
using separate links in different paths would increase the interference, and hence we
may need to consume more power for communication. These results suggest that
the interaction between routing, scheduling and power control is very complex and
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it is very important to consider appropriate physical and MAC layer models in the
design of algorithms.

In Fig. 4.9 we ran a series of simulations to test the preciseness of the solution
provided by the linear model. We considered a network with one source-destination
pair and traffic demand of 200 Kbps. The solution of the nonlinear method is glob-
ally optimal, in the sense that it gives the absolute minimum required power to
satisfy the traffic demand, i.e. the end-to-end rate from source to destination. The
solution of the linear method however solves a power minimization algorithm based
on a linear approximation of the capacity formula. Intuitively, we expect that these
two solutions be close when the original approximation is tight. The results of our
simulations confirm our hypothesis. As can be seen in the plots of Fig. 4.9, the lower
the maximum transmitting power, P™* becomes, the closer the two curves will get.



Chapter 5
Connectivity in Wireless Networks

In the previous chapters, we tried to find methods to cope with interference in a
wireless network in different layers. However, regardless of what method we use,
the interference has impacts on the connectivity of the network. We sure want to
have a connected network all the time. The question then will be whether this is
possible or not. In this chapter we first define a few connectivity measures and then
investigate the connectivity of a network based on those metrics.

1 The Capacity Metric

The discussion of this section revolves around defining a pair of probabilistic and
deterministic metrics of connectivity based on the capacity of wireless MIMO chan-
nels. While our general probabilistic metric is defined based on an outage capacity
analysis for such channels, our ergodic metric provides a simplified deterministic
treatment of the probabilistic metric.

Probabilistic Capacity Metric

In this subsection, we introduce our first probabilistic metric of connectivity relying
on the concepts of outage capacity and outage probability. Calculating estimates or
upper bounds of capacity in the case of uncorrelated and correlated Single-Input
Single-Output (SISO) and MIMO channels both with Gaussian and non-Gaussian
noise has been the subject of heavy research in the past years. The concept of outage
capacity was first introduced in [61]. Outage capacity provides an elegant descrip-
tion of the achievable rate of a communication channel. Simply put, it represents a
probabilistic measure of the maximum number of bits per cycle that can be transmit-
ted for a given error rate. The authors of [61] also provided approximations of the
capacity of Identically and Independently Distributed (IID) MIMO Rayleigh chan-
nels. In [20], methods of calculating the capacity of correlated MIMO channels with

S.J. Kazemitabar, Coping with Interference in Wireless Networks, 79
Signals and Communication Technology,
DOI 10.1007/978-90-481-9990-7_5, © Springer Science+Business Media B.V. 2011
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Gaussian noise were proposed. The authors of [65] numerically verified that the ap-
proximations of capacity derived in [61] work well under various fading conditions
in the presence of Rayleigh distributed interference, for a wide Signal-to-Noise Ra-
tio (SNR) range, and even when the channel is semi-temporally correlated.

Our discussion below represents a treatment of the subject material relying on
the cited literature articles above. In order to be consistent with the literature work
of capacity for MIMO channels, the analysis is carried out by explicitly working
with the input and output signals of a fading channel.

Consider an ad-hoc topology with g wireless flat fading links {£y, ..., £,} on
which transmission powers are { Py, ..., P;}, respectively. Link i is associated with
the i-th transmitter/receiver pair. Each link may be connecting multiple antenna
mobile nodes. Suppose, per symbol transmission power P; is equally distributed
among M; transmit antennas of link i. The number of receive antennas for link i is
assumed to be N;. Further, let us assume that the matrix H;; represents the fading
channel between the transmitter of link j and the receiver of link i. Denoting S; as
the M; x T symbol matrix of link i transmitted over T discrete time blocks, the
received symbol matrix at link i is the following N; x T matrix

R; = H;;S; +T; (5.1)

where the channel matrices H;; consist of complex Gaussian random variable ele-
ments and T'; = > ki H;;S; + n; represents the combined effects of interference
and noise. We assume that the receiver of link i knows the channel matrix H;; while
the transmitter of link i only knows its distribution. The quantities (I';| H;;) can be
considered to form a Gaussian random process due to the following lines of rea-
soning. As discussed in Chap. 2 of [25], we know that the codewords S; should
be chosen from a Gaussian distribution to be capacity achieving. Further, H;;’s are
known at the receiver. Since the elements H;;S; are linear combinations of inde-
pendent Gaussian random variables, they are themselves Gaussian. In addition, any
S; or n; term at any given time slot is independent of its counter parts at other time
slots. Since the transmitter does not know the channel, it assigns the codewords inde-
pendently at each time slot. Therefore, (I';| H;;) forms a Gaussian random process.
The covariance matrix for the resulting noise term is expressed as

K; = E{I;.T;7}

+
= E{ (ZH[]S]' —I—n,’).(ZHikSk +ni> }
J# ki

- Tt 5

_E{ZHiijSjHij}—l—Pi 1 (5.2)
JF#

where the superscript T indicates the Hermitian operator, E represents the expecta-

tion operator, and ?En) is the average power of noise. Since we are assuming that
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H;; coefficients are known at the receiver,
Ki=Y HyE(S;S)H) +P"1
J#i

=Y HyoH| +P"1 (5.3)
oz

where [ is the identity matrix and ®; indicates the covariance matrix of the input
signal vector of link j. Then, the mutual information Z between S; and R; is derived

asl

I(Si; Ry) = log, det(I + K, ' H;; d; H,') (5.4)

To find the capacity, one needs to maximize Z(S;; R;) subject to a transmission
power constraint 7r(®;) < P; on link i where 7r(®;) and P; denote the trace of ®;
and the transmission power of link i, respectively.

The choice of covariance matrix achieving the capacity in (5.4) depends on the
realization of the channel matrix. When the channel is not known at the transmitter,
the best strategy is to distribute the input power equally among the transmit anten-
nas. The latter results in a covariance matrix ®; that is a multiple of the identity
matrix. Considering the constraint 7r(®;) < P;, we have ®; = %I resulting in the
following capacity determination

C; =log, det(l + %K,.lH,-iH,T,) bps/Hz (5.5)
Note that the capacity can be expressed in terms of a natural logarithm rather than
a base 2 logarithm assuming the unit of measurement is changed from bps/Hz to
nats/s/Hz.

In the most general case, the capacity expression of (5.5) can be only calculated
numerically. When the number of links is relatively large, one can utilize central
limit theorem to conclude that the covariance matrix of (5.3) can be expressed as
a multiple of the identity matrix. The reasoning follows. Relying on the equation
o; = %I , we note that the first term of the covariance matrix K; is in the form

of Z‘#i A};—jo,- ;i H;. Since the non-diagonal entries of the first term are the sum
of zero-mean random variables, central limit theorem implies that they tend to the
mean value of the random variables, zero. Further, the diagonal entries of the first
term consist of the sum of the square of the magnitudes of the channel coefficients
from interfering links. Consequently, they represent the power of interfering signals.
Thus, the covariance matrix of (5.3) is expressed in the following form

Ki~[P" + P (5.6)

IThe symbol Z used to denote mutual information should be distinguished from the symbol I to
denote the identity matrix.



82 5 Connectivity in Wireless Networks

= — . . .
where P l( ) and P ;n) are the average power of interference and noise, respectively.
Therefore, (5.5) can be rewritten as follows

SINR;

C; ~log, det(] + Hil-Hl.T,.) bps/Hz (5.7)

1
with SINR; denoting the average signal-to-interference-noise-ratio. Next, we note
that the capacity in (5.7) is defined for a fixed realization of the fading channel
H;; at link i over a large block length. Every realization of the channel has some
probability attached to it through the statistical model of H;;. We assume that the
matrix H;; consists of zero-mean Gaussian random variables, i.e., each element of
the matrix has a fading envelope described by Rayleigh distribution. It is well known
[66] that the sum of g zero-mean IID complex Gaussian random variables with a

standard deviation —— is a zero-mean Gaussian random variable with a standard

V2
deviation ,/ f—k Since the channel matrices H;; are random in nature, the capacity in

(5.7) can be treated as a random variable.
According to Singular Value Decomposition (SVD) theorem, C; can be calcu-
lated in terms of the positive eigenvalues of H; iH;g as

L SINR;
Ci ;logQ[l + U;] bps/Hz (5.8)
where o;’s with [ € {1, ..., p} denote the positive eigenvalues of H,-,-H;:. and p is
the rank of H;;. Therefore, the capacity C; represents a scalar function of the set
of random variables {o1, ..., 0,}. Our work of [48] describes how the Probability
Density Function (PDF) of capacity can be calculated depending on the values of
M; and N;. Here, we summarize the results. The PDF of H,-,-H;. for the case of
M; x N; =1 x 1 is described in the form of

f(2) = he ™™ (5.9)

The PDF identified above represents the only positive eigenvalue of the scalar func-
tion H,-,-Hit.. For the cases of M; x N; =2 x 1 and M; x N; =1 x 2, the PDF of

H;; H;E. is expressed as
£o(2) = A2z (5.10)

Again, the PDF identified above represents the only positive eigenvalue of Hj; H;.
The results for the case of M; x N; =2 x 2 are numerically calculated similar to
the case of M; x N; =2 x 1 with an H;; matrix consisting of four pairs of complex
Gaussian random variables.

Treating capacity as a random variable with a given PDF provides us with an
opportunity to represent a novel connectivity metric based on the concept of outage
capacity. We introduce our first metric of connectivity as

Pr(Ci < Cou) < Ac (5.11)
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where Pr(.), Cout, and Ac represent probability, the threshold of connectivity also
known as outage capacity, and the outage probability, respectively. While our defi-
nition of outage matches that of [61], it differs slightly from that of [20]. According
to [20], the outage is defined as

inf  Pr(C; < Cout) < Ac (5.12)
Tr(®;)<Pi

The main difference between the two definitions is that the latter may assign zero
power to some of the transmit antennas while the former utilizes all of the antennas.
According to our outage capacity metric matching the former definition, two nodes
are connected if the probability of the outage event for the link between them is less
than a given value.

Deterministic Capacity Metric

In this subsection, we provide a deterministic treatment of the connectivity metric
of the previous subsection assuming the underlying wireless channel is ergodic. The
ergodic capacity C; of link i can be expressed as [20]

— SINR; ¥
Ci =E[C;] = E|log,det| I + i H;;iH; | | bps/Hz (5.13)

i

Utilizing SVD theorem and the results of random matrix theory, the following ex-
pression can be derived for the ergodic capacity of MIMO channels.

_ o0
C,-:u/ log2<
0

In (5.14), fi(.) represents the PDF of a randomly selected eigenvalue of the Wishart
matrix defined as

)fx(x) dx (5.14)

u-1 Kl V—Up—X

1 !
frey == M[Ag—“u)]z, x>0 (5.15)
k=0

with parameters u = min(M;, N;) and v = max(M;, N;). In (5.15), A’ (x) denotes
the Laguerre polynomial of order k defined as

—m

e X e k+m k+m h
7o) = )= Z( 1 <k+h) (5.16)

where (]]:’Z) is the binomial coefficient.
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In [73], a simplified expression for the ergodic capacity of (5.14) is derived under
average transmit power and equal power allocation constraints as

u—1 k 21

M;
— —4 =D"2H!\(v —u +m)!
C.: ~ ¢SINR; |
= Og”kggg[ 22\l (v — 1+ 1)!
2k — 20\ (2 +2v — 2\ " =" ( M; )}
x N7 5.17
<k—l>( 2A—m ) nZ:(:) "\ SINR; o1
where W,,(z) is defined as
o
\Iln(Z)Zf e “x"dx, n=0,1,... (5.18)
1

with Re(z) > 0.
Using the ergodic capacity of (5.13) or equivalently (5.17), we can introduce a
more simplified connectivity metric in the form of

Ci > Cout (5.19)

where Coy is the threshold of connectivity.

2 The SER Metric

The discussion of this section revolves around providing probabilistic and determin-
istic measures of connectivity based on symbol error rate. Symbol error rate can in
turn be related to the characteristics of the underlying communication system such
as SINR, modulation, and antenna configuration.

Probabilistic SER Metric

Once again, consider the ad-hoc topology described previously consisting of g flat
fading wireless links {L1, ..., £;} on which transmission powers are { Py, ..., P;},
respectively. Associated with each element H;;(n, m) of channel matrices, we de-
fine the fading factors Fj;(n,m) = |H;;(n, m)|?. For each link i, the SER can be
derived as an exact function of the average SINR and the corresponding fading fac-
tors Fj;j(n, m).

We start by investigating the expressions of SER for 1 x N; link i. In [72], the
expressions of SER for 1 x N; link i in terms of the number of signal points in the
constellation and the average SNR can be found. The calculations of [72] are carried
out under the assumption of facing a complex Gaussian noise signal. As one of the
operating scenarios, the calculations are carried out for a Rayleigh fading channel
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and utilizing PSK modulation. Because the quantity of interest is SINR rather than
SNR in the context of current discussion, we need to investigate the effects of in-
terference signals in (5.1). First, we claim that the product H;;S; remains Gaussian
in (5.1). Using a limited constellation set like BPSK with a uniform distribution for
each signal instead of capacity achieving codebook, we verify the claimed statement
for the case of 1 x 1 link. Generalization to L-PSK modulation and M; x N; link
is then straightforward. If we use BPSK modulation, H;;S; will be a scalar random
variable with the following description

Hij, with probability 0.5
X;=H;S;= . . (5.20)
—H;;, with probability 0.5

To see why X; is a complex Gaussian random variable, we need to show that both
real and imaginary parts of this random variable are normally and independently
distributed. Since

Re{H;;}, with probability 0.5
Re{Xj}ZRE{Hiij}Z . - (521)
—Re{H;;}, with probability 0.5

‘We have

Pr(Re{X;} <x) = %Pr(Re{Hij} <x)+ %Pr(—Re{Hij} < Xx)
= Pr(Re{H,;} < x) (5.22)

Therefore, the distribution of the real part of X; is normal. Relying on the same
argument, the distribution of the imaginary part of X; is normal. Next, we observe
Pr(Re{X;} <x|Im{X;} <y)
=Pr(Re(X;} <x |Im{X;} <y, S;=DPr(§;=1)
+Pr(S;.Re{X;} <x | Im{X;} <y,S;=—DPr(§; =-1)

1
= EPr(Re{Xj} <x|Im{X;} <y, S;=-1)

1

= %Pr(Re{Xj} <x)+ %P(—Re{Xj} <x)

= Pr(Re{X;} <x) (5.23)

which concludes our reasoning of independence.

Since the product H;;S; remains Gaussian in (5.1) and the sum of Gaussian
random variables is still Gaussian [66], the signal T'; can still be treated as Gaussian.
However, the resulting Gaussian noise is now colored rather than being white. We
note that applying Maximum Likelihood (ML) decoding as utilized by [72] to a
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colored Gaussian noise results in sub-optimality, i.e., identifying upper bounds of
the SER. Based on the argument above, the analysis of [72] can still be applied to
the case of SINR utilizing the model of (5.1) the same way it is applied to SNR.

According to Sect. 9.2 of [72], the expressions of SER are calculated fora 1 x N;
link 7 utilizing MRC and BPSK modulation as

N;
SER; ~ Q( 2> Fiin, 1)SINR,-> (5.24)
n=1
where SINR; is the average received signal-to-interference-noise ratio and the Gaus-
sian Q function is defined as

iy ZNae= L[ )y 5.25
o= [ ooz [ en(mim)e o

Relying on the discussion of Sect. 4.9 of [25], we note that the MRC expressions
of (5.24) can also be applied to Alamouti STBCs of [11] with proper scaling factors.
Particularly, the results of a 1 x 2 link utilizing MRC codes can be applied to the
case of a 2 x 1 link utilizing Alamouti codes. Similarly, the results of a 1 x 4 link
utilizing MRC codes can be applied to the case of a 2 x 2 link utilizing Alamouti
codes.

Utilizing BPSK modulation and under the assumption of facing a Rayleigh fad-
ing channel, the symbol error rate of link i can be derived from the latter analysis

as
SER; ~ O (,/2nr,-SINR,~> (5.26)

where SINR; is the average signal-to-interference-noise-ratio of link i and 7 is a
constant that depends on the antenna configuration. While the value of n is 1 for
I x 1 and 1 x 2 links utilizing MRC, it changes to 0.5 for 2 x 1 and 2 x 2 links
utilizing STBCs of [10]. Further, Y; is defined as

M; N;
Y = Z Z Fii(n,m) (5.27)

m=1n=1

Since the quantity SER; as specified by (5.26) represents a function of random
variables, it suffices to examine the distribution of Fj; (n, m) in order to obtain fading
statistics of SER;. We start from the case of a single transmit and single receive
antenna link, i.e., F;; = F;;(1,1) and M; = N; = 1.Ina 1 x 1 link case and when the
channel matrix is identified by a complex Gaussian noise element, one can conclude
that r; = | H;;| has a marginal Rayleigh density function [66] in the form of

rie—riZ/Z/Liz
pr(ri)=———>—, r=0 (5.28)
M
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where /Ll»z equals to half of the average power of all of the multipath components.
The PDF of F;; can be expressed [66] as

1
Pr(Fii) = 5= pr (VFid) (5.29)
Once the PDFs of Fj; terms are calculated and assuming they are spatially uncorre-
lated, the PDF of Y; is specified [66] as defined in (5.27). Finally, the PDF of SER;
as defined in (5.26) can be numerically calculated in terms of the PDFs of random
variables ;.

Having captured the distribution of the symbol error rate for a MIMO link, we
are now ready to express our second metric of connectivity in terms of the quantities
of interest. We introduce our second metric of connectivity as

Pr(SER; > Sou) = As (5.30)

where Pr(.), Sout, and Ag represent probability, the threshold of connectivity, and
the outage probability, respectively.

Deterministic SER Metric

In this subsection, we assume that the time-varying fading wireless channel is er-
godic. Under the assumption of facing an ergodic Rayleigh channel and utilizing
BPSK modulation, the random variable SER; of (5.26) can be substituted by its
average value SER; defined as

297, SINR:
SER; _/ / < ke )dr (T dY; (5.31)
28in” T

where py(.) is the PDF of the random variable Y;. The result is also valid for L-PSK
modulation as

SER; ~

< 2n7Y; SINR;
28in

- )dr pr(T)dY;: (5.32)

In [75], closed-form expressions of the integral of (5.32) are calculated. The ex-
pressions describe the symbol error rate of a MIMO channel in terms of the number
of signal points in the constellation and the average signal-to-noise ratio. We carry
out our calculations under the assumption of facing a slow fading ergodic Rayleigh
channel and utilizing the PSK modulation scheme. In what follows, we provide the
results of our calculations considering the fact that in the current discussion the
quantity of interest is SINR rather than SNR. First, we introduce the symbol error
rate of a 1 x N; link i using MRC as

L;i—1 0

1
SER; >~ —
Li b g 1+ 19,'
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e N2l g |
T ~1g,
) {(2 i 9’) ; (j>[4(1+z9,~>]f
N Ckj
. —1p J
+ sin(tan™ " 6;) Z Z 7(1 TRy
j=1 k=1
x [cos(tan~! 6;)PU—0+1 } (5.33)

2j
L Qin2 (I - Ui i o (./)
where ©; = SINR; sin (le ), 6 =,/ +0; cot I and & = (2(]!.:’(,())41. 20—’

Noting that the number of bits per symbol is related to the number of signal
points in the constellation L; as log, L;, the result of (5.33) fora 1 x 1 link utilizing
BPSK modulation with L; = 2 is expressed as

— 1 INR;
SER; ~ — (1 - SL_‘) (5.34)
2 1 + SINR;

Similarly, the result of (5.33) for a 1 x 2 link utilizing BPSK modulation is expressed

as
S 1 SINR; 1
SER; ~ —-|1— — | 1+ — (5.35)
2 1 + SINR; 2(1 + SINR;)

We observe that the symbol error rate of a 1 x 2 link is improved compared to that
of a 1 x 1 link due to the receive diversity gain.

Further, we note that the symbol error rate of Alamouti STBCs of [10] and [11]
can be derived from Sect. 2.1 of [75]. Based on that discussion and for a fixed
transmit power, one can derive the symbol error rate of a 2 x 1 link by replacing

SINR; with % in (5.35). Similarly, one can obtain the symbol error rate of a
2 x 2 link by using the results of a 1 x 4 link. With the choice of BPSK modulation,
the result for a 2 x 2 link is expressed as

s 1 1 SINR; 2j 1
2 2V 2+ SINR; \“Z \ J / 122 + SINR)V

Using the ergodic symbol error rates above, we can introduce a simplified con-
nectivity metric in the form of

SER; < Sout (5.37)

where Soy is the threshold of connectivity.
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3 Capturing Temporal Correlation of Ergodic Channels

Up until now, we have assumed that the wireless fading channel is flat implying
no temporal correlation exists among the symbols of a single frame. In this sec-
tion, we capture the effects of temporal correlation on our connectivity metrics. We
propose a scheme in which the temporally correlated fading channel is modeled by
a finite-state Markov chain. Our scheme can be applied to the cases of our ergodic
connectivity metrics. Capturing temporal correlation in the cases of our probabilistic
metrics is more complex and the subject of our future study.

A finite-state Markov chain is a discrete-time representation of the behavior of
a random variable. Each state is associated with an average quantity representing
the value of the random variable at that state. The chain is fully specified by the set
of average per state quantities and a set of per state steady-state probabilities. For
an S-state chain, S per state average quantities and S steady-state probabilities can
be calculated by partitioning the PDF of a random variable with a set of threshold
values {&, ..., &5} associated with the observed behavior of the random variable.

While such Markov chain modeling approach can be applied to any number of
states, we note that utilizing a larger number of states improves the accuracy of
the model at the cost of increasing the complexity of calculations. We propose the
use of a two-state chain with two states G and B to address the tradeoff between
computational complexity and model accuracy. Utilizing a two-state Markov chain
applied to the PDF of C; in (5.8), the ergodic connectivity metric of (5.19) still holds
when the ergodic average C; of link i is expressed as

Ci=nJCic+n'Cip (5.38)
where n(CG and 7; % represent per state steady-state probabilities derived from the
ratios of surface 1ntegrals of the PDF of C; within appropriate threshold bounds.
Further, average per state quantities C; i.c and C; i, p are specified as the ratios of ex-
pectation integrals and surface integrals of the PDF of C; within appropriate thresh-
old bounds [76]. Similarly and utilizing a two-state Markov chain applied to the
PDF of SER; in (5.26), the ergodic connectivity metric of (5.37) still holds when the
ergodic average SER; of link i is expressed as

SER; =\ 'SER; G + 1" SER; p (5.39)

with similar description of quantities in (5.38) derived from the PDF of SER; in
(5.26) instead of those derived from the PDF of C; in (5.8).

4 Experimental Verification of Analysis

This section is dedicated to the evaluation of effectiveness for the information the-
oretic metrics of connectivity introduced in previous sections. It consists of two
subsections. The objective of the first subsection is to show why utilizing a metric
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purely based on SINR cannot capture the reality of connectivity in fading ad-hoc
networks. The objective of the second subsection is to investigate the results of ap-
plying the metrics of previous sections to a random network topology.

Justification of Proposed Connectivity Metrics

We open this section by providing a justification of using our proposed metrics of
connectivity instead of the SINR metric.

For different choices of antenna configurations of a given link, Fig. 5.1 depicts
normalized values of 1 — CDF(SER) versus Syt Where CDF (SER) indicates the Cu-
mulative Distribution Function (CDF) of SER. For a choice of S,y on the horizontal
axis of each figure, the corresponding value on the vertical axis represents the value
Pr(SER > Sout)- Thus, the connectivity metric may be satisfied if the horizontal line
representing Ag is located above the value of Pr(SER > Soy). The figure reveals the
fact that the probabilistic measure of the symbol error rate can be different for the
same threshold Sy, based on the antenna configuration. For example, for the choice
of (Sout, As) = (0.15,0.1), the connectivity metric of (5.30) is satisfied for 2 x 1,
1 x 2, and 2 x 2 antenna configurations but not 1 x 1 antenna configuration. While
not shown here, similar results are observed in the case of outage capacity metric of
connectivity.

For an isolated point-to-point transmission scenario and different antenna con-
figurations, Fig. 5.2 depicts C as defined in (5.17) versus SINR. We note that in an
isolated point-to-point communication scenario, there is no interference term and
as a result the term SINR is the same as SNR. The figure reveals that the capacity
can be different for the same signal strength based on the antenna configuration. For
example for the choice of SINR = 10 dB and Cyy¢ = 5 bps/Hz in Fig. 5.2, the con-
nectivity metric of (5.19) is only satisfied for 2 x 2 wireless links but not the other
antenna configurations.

Hence, depending on the thresholds of connectivity Cout, Souts Ac, and Ag that
are determined by the computing platform of a mobile node, a pure measurement
of the signal strength such as SINR is not sufficient to capture the connectivity phe-
nomenon.

Connectivity Experiments

In this subsection, we apply our proposed connectivity metrics to a moderate size
random ad-hoc topology. In order to provide a meaningful basis of comparison,
we compare our results for the same random topology. In our random topology,
200 nodes are distributed on a 2-D domain with an area of 1000 square meters
according to a Poisson point process [64]. When measuring connectivity, we assume
all of the nodes can transmit at the same time. We note that the use of Gaussian
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Fig. 5.1 Normalized BPSK plots of 1 — CDF(SER) versus Soy; for a wireless link utilizing differ-
ent antenna configurations with SINR =3 dB

approximation according to central limit theorem is justified for different antenna
configurations as the result of allowing simultaneous transmissions and considering
the number of interfering nodes. More specifically, we have conducted a number
of experiments to quantify the number of independent interference terms necessary
for accurate use of Gaussian approximation. Our experiments have revealed that the
use of Gaussian approximation is acceptable with an accuracy of 0.01% when the
number of interference terms, each term contributed by an individual path, exceeds
30. The latter translates to 30 nodes in the case of 1 x 1 antenna configurations and
no more than 8 nodes in the case of 2 x 2 antenna configurations.

The following describes general settings of our experiments. All of the nodes
are assumed to be utilizing BPSK modulation. In our probabilistic experiments, we
assume that the slow fading wireless channel characterized by a Rayleigh distri-
bution is quasi-static and flat implying there is no temporal correlation between a
pair of symbols belonging to the same frame. In our ergodic experiments, we uti-
lize a two-state Markov chain when partitioning the PDFs of the random variables
associated with capacity and symbol error rate. In both cases, we set the partition-
ing thresholds as {&o, &1, &} = {0, 1.2039, 10}. We assume that each node utilizes
a total transmission power of P = 1W on the combined set of its outgoing links.
In the case of multiple antenna nodes, the total transmission power is split equally
among the antenna paths, i.e., M; signals are transmitted simultaneously from the
M; transmit antennas at each time slot using Alamouti STBCs of [10] and [11]. The
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Fig. 5.2 BPSK plots of C versus SINR for an isolated wireless link utilizing different antenna
configurations

expected value of the noise power on each path is assumed to be 10 pW. Depending
on a specific experiment, a pair of nodes are considered to form a direct link if one
of the probabilistic connectivity metrics of (5.11) and (5.30) or one of the ergodic
connectivity metrics of (5.19) and (5.37) holds. A direct link is formed only if both
of its nodes can transmit and receive from each other under a connectivity criterion.

For the random topology described above, we consider three scenarios. In the
first scenario which serves as our base line SISO scenario, the network is only ac-
commodating single antenna mobile nodes. We refer to this scenario as the 1 x 1
case. In the second scenario exactly half of the mobile nodes are randomly selected
to be equipped with double antennas. We refer to this scenario as the HYBRID
case. In the third scenario to which we refer as the 2 x 2 case, the network is only
accommodating double antenna mobile nodes.

We provide the results of our experiments in the case of the probabilistic mea-
sures of (5.11) and (5.30) as well as ergodic measures of (5.19) and (5.37). It is
important to note that all of our measures implicitly capture the effects of shadow-
ing and distance in addition to fading. The latter is due to the fact that the measures
are all expressed as a function of average SINR. We refer the reader to the work
of [76] to see how shadowing, distance, and fading are captured in the calculations
of average SINR. For the random topology network above, Fig. 5.3 includes sample
connectivity graphs chosen from among a large set of experiments run with different
combinations of simulation parameters. While the parameter settings of the graphs
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Fig. 5.3 Connectivity graphs of a random topology network in a square domain of 1000 square
meters. The columns from left to right correspond to single antenna, hybrid, and double antenna
mobile nodes. (a) The illustrations of the first row show the results of utilizing probabilistic connec-
tivity metric of (5.11) with Coyt = 2 bps/Hz and A¢ = 0.01. (b) The illustrations of the second row
show the results of utilizing ergodic connectivity metric of (5.19) with Coy = 4 bps/Hz. (c¢) The
illustrations of the third row show the results of utilizing probabilistic connectivity metric of (5.30)
with Soy¢ = 0.02 and Ag = 0.01. (d) The illustrations of the fourth row show the results of utilizing
ergodic connectivity metric of (5.37) with Sou = 0.0001

merely represent our sampling choices, the results of all of our experiments remain
consistent. We refer the reader to our related work of [47] where we investigate the
effects of parameter variations on connectivity.

Reviewing the connectivity graphs, we observe that they vary depending on not
only the SINR measure but modulation, antenna configurations, and other settings of
the nodes. While a pure measurement of the signal strength such as SINR is not quite
capable of describing the phenomenon of connectivity, utilizing one of our proposed
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Table 5.1 A comparison of

the relative sizes of the largest Cou=2 Cou=15 Cou=1

connected cluster utilizing Ac =0.01 Ac =0.01 Ac =0.02

outage capacity connectivity

metric I1x1 1.5% 2% 7%
HYBRID 12.0% 31.0% 90.5%
2x2 90.5% 94.0% 98.0%

Table 5.2 A comparison of

the relative sizes of the largest Cou =3.8 Cou =4

connected cluster utilizing

ergodic capacity connectivity 1 x 1 32.5% 17.5%

metric HYBRID 85.5% 85.5%
2x2 98.0% 98.0%

Table 5.3 A comparison of

the relative sizes of the largest Sout = 0.01 Sour = 0.02 Sour = 0.05

connected cluster utilizing As=0.01 As=0.01 Ag=0.02

probabilistic SER

connectivity metric 1x1 1.5% 1.5% 7%
HYBRID 29.5% 33.0% 87.5%
2x2 68.5% 83.5% 92.5%

Table 5.4 A comparison of

the relative sizes of the largest Sour = 0.0001 Soue = 0.01

connected cluster utilizing

ergodic SER connectivity Ix1 1% 8.0%

metric HYBRID 4.0% 87.0%
2x2 17.5% 92.5%

metrics provides a better way of properly capturing the effects of the quantities of
interest when investigating connectivity.

From the results of the experiments, we can also calculate the percentages of the
nodes belonging to the largest connected cluster of nodes. The larger the percentage,
the closer the network to being fully connected and a measure of 100% is associated
with a fully connected network. Utilizing the connectivity metrics of (5.11) and
(5.19), Tables 5.1 and 5.2 report the connectivity results for different combination
of choices of Cyy and A¢ with similar other settings. We observe that decreasing
the value of Cqy and increasing the value of A¢ increases the size of the largest
cluster of the connectivity graph.

Similarly, utilizing the SER connectivity metrics of (5.30) and (5.37), Tables 5.3
and 5.4 report the results for different combination of choices of Sy and Ag with
similar other settings. We notice that increasing the values of S,y and Ag increases
the size of the largest cluster observed in the connectivity graph.
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At the end of this section, it is worth mentioning that the calculation costs of
our measures of connectivity, accrued at each node and particularly under mobil-
ity, are relatively higher than those of the distance and SINR measures. Nonethe-
less, we believe that the increased computational cost of our approach is justified
in order to create accurate benchmarks capable of truly capturing the connectivity
phenomenon. While this work has proposed analytical measures for studying con-
nectivity, we are currently working on developing intelligent schemes resulting in
the reduction of the calculation costs of our measures under mobility. Finally, we
would like to point out that the existence of error recovery and scheduling schemes
utilized by Medium Access Control (MAC) technologies at the link layer can and
will affect connectivity. Capturing the combined effects of PHY and MAC layers is
outside the scope of this study and is the subject of future studies.
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